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1.1 FBEKR TIER

WRARRIBGERR TR, R4 R, BT RMNETSNEIFG, — BI85 R o) E— AR .
HSRARAR A T IRISGE R T &Rt , TTAZ:% github 757 S0k

111 1. S8k

AR — AR AHIBGH RN, 5652 %] OpenMMLab JFUA T4, 555 GitHub G £ ) Fork #i4H, H 215
AR 2242t BRAE ARG GitHub S A F TR .

REACHS T 21 A b

git clone git@github.com:{username}/mmediting.git

A I ARG 2 Ay T AR 2R

git remote add upstream git@github.com:open-mmlab/mmediting

F#r remote E RSN, TELIHHIA git remote -v

origin git@github.com: {username}/mmediting.git (fetch)
origin git@github.com: {username}/mmediting.git (push)
upstream git@github.com:open-mmlab/mmediting (fetch)
upstream git@github.com:open-mmlab/mmediting (push)

ik X HLX origin F upstream FEAT— MR EAYNZE, MIATHEH] git clone S FEREACRLIT, SERINEIE—A>
origin [) remote, ‘X4 [ FA FERE R ACH FERAL, 107 upstream WLZFATTH CUSHIAY, FHEFE 10 i 4k A5 e 1y
hko AR UEARAN T XK AN upstream, AT DA EH CE M, HUNY open-mmlab., FRA T8 % [4] origin $£ 52 (CHS (R
fork "FRAYILFEQE), SAJ517) upstream 332> pull request. AIREEAZ M AISFIEH RS KA ZE, B
upstream FLHGE BT, A S fRerhze, P2 H] origin,

1.1.2 2. figE pre-commit

TEAHIT S, AT pre-commit SeAG A ARG KU, DABRIR RS XS I GE— . TEPR 2 UAS, FE L
# pre-commit (F5%FE mmediting H 3% FHUAT) ¢

pip install -U pre-commit

pre—-commit install

A pre-commit S G LB Y, H4H .pre—commit-config.yaml FHJET:

4 Chapter 1. kL3



https://docs.github.com/en/github/collaborating-with-issues-and-pull-requests/about-pull-requests
https://pre-commit.com/#intro
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pre-commit run --all-files

il WERGE T EA P, BT, ATRES B RO, AT DA [ AR
pre-commit install -c .pre-commit-config-zh-cn.yaml

pre-commit run —all-files -¢ .pre-commit-config-zh-cn.yaml

R LRI RERP T, W DAEE AT pre—commit run ... 4REELHK
ARFE AR AT A AU AR LT, pre-commit 2% 4, I H BB 4R

TR ATV A G I S8 pre-commit FAG EHEAC— RS, FIDATE git commit WMl E ——no-verify (¥
PRAUE SR 5 426 22 AR O R A AR RE S 3T pre-commiit K7 ) .

git commit -m "xxx" --no-verify

1.1.3 3. QIBA AN

LA 5E pre-commit 2 Ji5, FRATTREEL T master QA &5 32, BIAI D a4 HNH username /pr_name,

git checkout -b yhc/refactor_contributing_doc

TESGEERTIT A, ARARHL 2R (Y master 73 527 5T upstream [f) master 7337, FATTF Z5EHHL upstream [
RIHEATIR A, FT B ar S

git pull upstream master

1.1.4 4. R REHF RS 2 Tl

+ mmediting 5| AT mypy RMEFSIERAGA, PAIGIMARDREEME. RIRAITERR AR, FEA
Type Hints, B AAFLNTTPAZE Z7

o PR AU R A 2 i BT R

# W EE TR

pytest tests

FENFERIRRGRD RS BEIBRHERG 2 TURK, N runner K #

pytest tests/test_runner/test_runner.py

ARAR R T i DR TCIRIB AT SRR ) B, W AS 55 |- oo
o ARBEUUASIN T SO, ST ISR RS IR

1.1, FEER TIER 5
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1.1.5 5. #EXERBEITE

AT i BT AT pre-commit A 205, R AUTHHEA R IR O, ARRHE YRR, WTAME git push 5
ik —u BRCA R 3L

git push -u origin {branch_name}

RXFE YO AT AR git push A fERRAURD T, IO E 20 SCEAE )

1.1.6 6. IR3THEIER (PR)

(1) £F GitHub {9 Pull request FL 1] 61 B B K
(2) HRIEHET B PR 534, DAETHABT K8 o b s PR AR AR ) 12 ek
TR W A GE KA L

T

(a) PR A2 & Bl . BN ASME SR, IR 5 Tssue (HAAT7 L SCR)
(b) Q2R 22— OpenMMLab fi{GTHK, F52%5% CLA

(o) K AEFE A< PR 2 i CI (SEAi i)

mmediting &7EAFFF4E (Linux, Window, Mac), 3T A[EMAK Python, PyTorch, CUDA X}JHERE /L
AT ICINL, PARIERAS R ERY:, WA — A, OIS E LR Details REF
BARMMEAE R, PAETIRAME M,

(3) 4R PR S T CI, AR AREAT A% Ry HA 311 review, FFH-ME reviewer (YR, BEUUY, HEH 4-5
H0E . HF| reviewer [A] & A A PR,

JIr A reviewer [ A A PR 5, FRATSRPORE PR G35 £4052,

1.1.7 7. @R

WA IR A HERS , FRATAYACRD ZE ORISR, X, WRAREY PR 5 E00 SCAFAEmh o8, ARTT ZMokh e, i
Heih 52 iy 7 A P

git fetch --all --prune

git rebase upstream/master

e

git fetch --all --prune

git merge upstream/master

6 Chapter 1. kL3



https://docs.github.com/en/issues/tracking-your-work-with-issues/linking-a-pull-request-to-an-issue
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WERARARE T AL Bl ¢, AR AT AGE ] rebase 1975 FORMFRGLIPZE, HNIX BER PRUEARAY commit log F AT -
IR KA rebase B, IEARTPABEH merge M7 HORMEIIHZE

1.2 55|

1.2.1 B

TEFE A A R BT R ME R RLIBOR SR ISy, FAT %R 0] RERYLE B L S P A P S i QRS THAR R
JCIMIR AR TR

python -m coverage run -m pytest /path/to/test_file
python -m coverage html

# check file in htmlcov/index.html

1.2.2 HEESR

TEFE A AR R BT R ME R RLIBOR R IR, 0] RE S 7R BB BT LAY docstring. FATHE ZRIATE RS
SO IERAAY o AN AR BE Y4 S5 1 SCRER VA IR

pip install -r requirements/docs.txt

cd docs/zh_cn/

# or docs/en

make html

# check file in ./docs/zh_cn/_build/html/index.html

1.3 K&

1.3.1 Python

PEPS { OpenMMLab S FE M ARBSREE, FoAT6EH AT T RA A AR AL RS
* flake8: Python 7 A UMM A TR, B2 Mad THAYENE
o isort: H ZTEEARLHG AN TR
» yapf: Google 411 p AT AL AG 2 T 5
* codespell: ¥2 BRI 52 15 1
« mdformat: ##F markdown SC{4:g T 2

* docformatter: #={k docstring [ T H

1.2. 15§5| 7
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https://github.com/PyCQA/flake8
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https://github.com/myint/docformatter

MMEditing

yapf Al isort [t 7] DAYE setup.cfg #4351
3 1 B E pre-commit hook , F8 AT T DAZE 42 A ACRD B B B K 2 RIS L 4L flake8. yapf. isort.

trailing whitespaces, markdown files, £ end-of-files. double-quoted-strings,
python-encoding-pragma., mixed-line—ending, J{% requirments.txt HJMF. pre-commit
EHF B BLE A ATE .pre-commit-config $F) .

pre-commit LA (4 22 2RE i ] = AL IR K

AR AL S % OpenMMLab RABHLIE .

1.3.2 C++ and CUDA

C++ F1 CUDA HIfCIEFRIE M Google C++ Style Guide

1.4 HIHEKHE

1. ffiJ] pre-commit hook, JS /0 AR XA AH 5% i) &
2. —ANLBUF RO R — AN A
3. WLEERA, —ASarBUR KRR, RESE A B BUE K
« Bad: 53 Faster R-CNN
« Acceptable: % Faster R-CNN V& /ill—4* box head
* Good: %5 box head i fil—ASHK 3K H 7 I conv JZ24K
4. FRR Commit i 575 ZEHRALIE T HA 75 L commit {5 5
5. R ELAT B B BUR KA
o VRIS TSR, A% 3 [Prefix] Short description of the pull request (Suffix)
* prefix: FrH{ LN GE [Feature], {2 bug [Fix], SUEIAH K [Docs], I 4 H [WIP] (B If A 244 review)
o SRR BE K EBBUONE, R, DA HARER 0, S5 1 BUE KA
o RIFAH A PR (issue) FIHAL 7 B K

6. WIRGIA T HAM= 78, sifE2E T =5 RS, WA T AT IEA mmediting 3625, HAEME XM
% _F#M3E This code is inspired from http://

8 Chapter 1. kL3
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1.5 KBHE

1.5.1 RIBMWSEERA
PEP 8 —Python B {3138

Python By FACH MAR A He A3 T PATR LA T R 2

o fUBAJR, 4T Python AT, WifTRAS S AMIK IS AR REFE . Han— AR LAY IR : 243k AY
RIBEK, TEEAE—ATE T, frab ] A7

« A3, NET Python Hr ik as iR O i — 2L RURS LT

© RHGESAH RN MPREK, Tik—175E TS M~ 2 750K, R s g s, i
TETBINEI . HOAEH % .

# Correct:
FILES = ['setup.cfg', 'tox.ini']
# Correct:
FILES = [

'setup.cfqg’,

'tox.ini',
]
# Wrong:
FILES = ['setup.cfg', 'tox.ini',]
# Wrong:
FILES = [

'setup.cfqg’,

"tox.ini'

o ARV . R KNG . ZEBEARA S RINE , FRATIFAE S5 2253 P AU 41

“A style guide is about consistency. Consistency with this style guide is important. Consistency within a project
is more important. Consistency within one module or function is the most important.” PEP 8 —Style Guide for

Python Code

Fril: PEP 8 RyURS AT A2 X, TTH WA — S 55T PEP 8 BV, OpenMMLab 4535 H #f
& setup.cfg WE T — LU AT RO, TR IUX S . — MBI 1 )2 7E PEP 8 HAg i N — M 5

# Correct:

hypot2 = x*x + y*y

# Wrong:

hypot2 = x * x + y * vy

1.5. KEBIE 9
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%M EN TR A RS, {H OpenMMLab 1 i% & v il % % A B M yapf 1)
ARITHMETIC_PRECEDENCE_INDICATION T, TR HE TEAN S BIHEERERE, DLk
EHOUES

Google FiFE1 B Ri&iER

Google I/l 14 2 AU 19, 44 T Python MIRIE T . MIET PEP 8, ixdi it 1 BN PR RIS 45 -
AR T SRR AR

Hrp, (EFHIEXT Python rfR 2B FRREIAT TRSS B HT, JF4AH TR FEN, W54 . Lambda
R, P FEHE S, metaclass &,

S MFERI N5 PEP 8 BN, Koo 24 A7 PEP 8 f kAl b, A — SN ZYE, k%L
KJZ. TODO 8. U5 socket X LAY

AR ZAR NS H AT K, (ARG, — R %ISR B AP E— 24 Python 2 SRAFK, Blanfis+
BOR T TCH IR 24 B gk K Object, TIAE(L /] Python 3 FUBREEHT, X — 2R A MER), KA
H AR BIEI AT . 5k OpenMMLab FY5 F AR AHEZRGL AT IREIT, Aaboxt— 2@ Gde Iy Tkt JTHZ
MMCV. (B X S I BN AN E S B R B EA AL, FFREAMTF R AR Z 74 .

TN R — R R TR A, TEZSEE Y, BORS AR R e 4 ir, H AR
—ERGER Y 2 B AT, R ROR AN ERY T HARARE A E T BT ARG, AP TN 25

# Correct
from mmedit.cnn.bricks import (Conv2d, build_norm_layer, DropPath, MaxPool2d,
Linear)

from ..utils import ext_loader

# Wrong

from mmedit.cnn.bricks import Conv2d, build_norm_layer, DropPath, MaxPool2d, \
Linear # fAH T #HTEE, M A ER A

from ...utils import is_str # RZ W LEMN—F, T ZWENEZ S &4 HR AL

OpenMMLab i H {fi ] pre-commit T H 2% RS, 34 W T sk e

1.5.2 §HEME
SR ERN
TR e R AR Al e B Al BRI fiv 48 TSR 2 JAS B A A A A 120K, (R T AT (AR A AC

4 TSR R AR AR A | )R AR . I ILF 14 fi 44 W o BEAR A A3 % T AR B S BEA T T A
W, PARRAFIOFRIARE Sy, A BE AR A FRnt e 7 30, BB T Z BB ThaE .

10 Chapter 1. Fik{tid
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Eitha 2HE

WS AL SO TGS, FRIRIEOL T AR TR, AT — NS BRI, Al class_
REAEMNETRRR G4, B TAERRIIEIRZR 1, XFER L, iR e 4,
* REPMBIMZER W A4 N _, ZHEGASR SHHZ .

@ BKI5

R T A% B i 44 T BLARIE =5
L& e, BA B
2. REiEH

3. HijE4E—

# Wrong
class Masks (metaclass=ABCMeta): # @ % Lk M & £, Instance or Semantic?

pass
# Correct

class BaselnstanceMasks (metaclass=ABCMeta) :

pass

# wrong, FEM T EX AN T ERERAL — o 4

def _ _init__(self, inplanes, planes):
pass

def _ init_ (self, in_channels, out_channels):
pass

LY R 4 TR
o MEMAYE: crop_img, init_weights
o ERIE MY imread, bbox_flip
HERERE S S SHNY, PRIEEEERT, FFaihs I
 check_keys_exist(key, container)
* check_keys_contain(container, key)

e EE s — A ENSE, W nb ->num_blocks, in_nc -> in_channels

1.5. KIBHE 11
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1.5.3 docstring #3E
At LETE docstring

docstring X —A2. — A HEETIRE S AP 1 EE4IHGAR, AFNThRE, — 2B HMTF & 5 T AT,
AE, Jf# debug A HMAY; —J&7E Readthedocs SCAYH H 8l 2E BiAH 5 Y API reference SCAY, FEEIA T YRR
TRk DX P 8 I AH E TR

04/ 5 docstring
SRR, — 0 FERY docstring A5 A% A% N EEK,, PAGET Python fRRERS DA K sphinx #EA7SCRYERYT, 1
YHif) docstring 295 Z: I, PEP 257, AL PAGI TR XN 4R SCR AR HERS X, S5 480 Google JXUi% .

1 AR

FA5 RS FLFE B — e (B Python SCf4) 4m%5 —~ docstring, {H H #ij OpenMMLab i H K
A3 LS docstring, PR IONRCRE PR ZEK

"""A one line summary of the module or program, terminated by a period.

Leave one blank line. The rest of this docstring should contain an
overall description of the module or program. Optionally, it may also
contain a brief description of exported classes and functions and/or usage

examples.

Typical usage example:

foo = ClassFoo /()

bar = foo.FunctionBar ()

mn

2. A3y
KRRV F LGRS, A, #HE OpenMMLab (15651, FAIEH 75 Google XA& AR5
e WIFBIETR, SCRYFEA M Attributes RS @ M, 12 Args #iiA init sREITISEL
T Args 1, il parameter (type): Description. MR, HiRE— I SEEEARIThGE. Hr,
ZRRBAH (float or str) WEYLA, WP None IS PAE A (int, optional).

class BaseRunner (metaclass=ABCMeta) :

"""The base class of Runner, a training helper for PyTorch.

All subclasses should implement the following APIs:

— “crun() "

- ““train()

(Rt

12 Chapter 1. Fik{tid
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~ vval()tt

- " “save_checkpoint ()"

Args:
model (:o0bj: torch.nn.Module'): The model to be run.
batch_processor (callable, optional): A callable method that process
a data batch. The interface of this method should be
" “batch_processor (model, data, train_mode) -> dict’ .
Defaults to None.
optimizer (dict or :obj: torch.optim.Optimizer', optional): It can be
either an optimizer (in most cases) or a dict of optimizers
(in models that requires more than one optimizer, e.g., GAN).
Defaults to None.
work_dir (str, optional): The working directory to save checkpoints
and logs. Defaults to None.
logger (:obj: logging.Logger’): Logger used during training.
Defaults to None. (The default value is just for backward
compatibility)
meta (dict, optional): A dict records some import information such as
environment info and seed, which will be logged in logger hook.
Defaults to None.
max_epochs (int, optional): Total training epochs. Defaults to None.

max_iters (int, optional): Total training iterations. Defaults to None.

mmn

def _ init_ (self,
model,
batch_processor=None,
optimizer=None,
work_dir=None,
logger=None,
meta=None,
max_iters=None,

max_epochs=None) :

AN, AE— SRS RS B A RIS SCRYBERE s RS T HA TSRS A S E, D
A modified from, Tij 4156 & BLRE AR il 1 H AR RS K S, A copied from , 3 & JE RS 1) License.
WA E, WA PAE .. math: SR AKE AL

# 5HE LI

# This func is modified from “detectronZ2

# <https://github.com/facebookresearch/detectron2/blob/
u»ffffSacc35ea88adlcbl806ab0f00b4c1c5dbfd9/detectronZ/structures/masks.py#L387>1_.

1.5. KEBIE 13
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(£ 50

# 2 MR
# This code was copied from the “ubelt

# library<https://github.com/Erotemic/ubelt>"_.

# 5l B X &« B R
class LabelSmoothLoss (nn.Module) :

r"""Initializer for the label smoothed cross entropy loss.

Refers to "Rethinking the Inception Architecture for Computer Vision

<https://arxiv.org/abs/1512.00567>" _.

This decreases gap between output scores and encourages generalization.
Labels provided to forward can be one-hot like vectors (NxC) or class
indices (Nx1).

And this accepts linear combination of one-hot like labels from mixup or

cutmix except multi-label task.

Args:
label_smooth_val (float): The degree of label smoothing.
num_classes (int, optional): Number of classes. Defaults to None.
mode (str): Refers to notes, Options are "original", "classy_vision",
"multi_label". Defaults to "classy_vision".

reduction (str): The method used to reduce the loss.

Options are "none", "mean" and "sum". Defaults to 'mean'.
loss_weight (float): Weight of the loss. Defaults to 1.0.
Note:
if the " "mode " is "original", this will use the same label smooth

method as the original paper as:

math::
(1-\epsilon)\delta_{k, y} + \frac{\epsilon}{K}

where :math: \epsilon® is the " "label_smooth_val'', :math: K ' is
the " "num_classes = and :math: \delta_{k,y} 1s Dirac delta,

which equals 1 for k=y and 0 otherwise.

if the " "mode’ " is "classy_vision", this will use the same label
smooth method as the " facebookresearch/ClassyVision
<https://github.com/facebookresearch/ClassyVision/blob/main/classy_vision/

—losses/label_smoothing_loss.py> _ repo as:

(i)

14
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(£ 50

. math::
\frac{\delta_{k, vy} + \epsilon/K}{l+\epsilon}

if the " "mode’ " is "multi_label", this will accept labels from

multi-label task and smoothing them as:

. math::
(1-2\epsilon)\delta_{k, y} + \epsilon

s WX “here, ‘here'.” here” =Fh5|SIEER A .

e reStructured 153591, “here” FrR—BrHi; ‘here’ FRBHA " here” TLAFIAS X, — M RFERFAFH .
Hop here* 1) [ 75 Markdown HOR[A], TREZ IR . 55 /MNAA obj:type X FPHHLIIE I ER R B FHE, (HE
THREE, AAFNEOR, —BOUN T2k A 2RAL

3. Uik (BR%0) S0k

bR BSOS 5 SR I A B AR — B, (BRI AR [MHE SO . X T RN R 2RI RIS, T AR
Examples FEAIAZRGI; QERTEZXSEOMA— LB A #53E, ATRAIIA Note “FBLlE T3] .

XFT BN R Bk 4, R A RBORB R BER SCF S BOOR, In E0 14 7 1) 5E RS 1 11
PREE TREHNE . RESEERR, XN Bl e RENS BLAE Python X H S FRET AT, H4ih
—LEAIRT A GER . WRAFAEZ AR, AT AGE TR B AR BUR B, RREE B B A -

def import_modules_from_strings (imports, allow_failed_imports=False) :

"""Import modules from the given list of strings.

Args:
imports (list | str | None): The given module names to be imported.
allow_failed_imports (bool): If True, the failed imports will return

None. Otherwise, an ImportError is raise. Defaults to False.

Returns:
List [module] | module | None: The imported modules.
All these three lines in docstring will be compiled into the same

line in readthedocs.

Examples:
>>> osp, sys = import_modules_from strings/(
['os.path', 'sys'])
>>> Iimport os.path as osp_
>>> import sys as Sys_

>>> gssert osp == 0Sp_

(R

1.5.
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>>> assert sys == SysS_

mmn

URSR R B AR HOA B AR T 28k, 75 2HE docstring FOIIAKE SRR , AAZEHAR I Note i Warn-
ing JEATHERA, fI4n:

class CheckpointHook (Hook) :

"G ave checkpoints periodically .

Args:
out_dir (str, optional): The root directory to save checkpoints. If
not specified, ~runner.work_dir’  will be used by default. If
specified, the " “out_dir'® will be the concatenation of
““out_dir’ ' and the last level directory of " runner.work_dir'"
Defaults to None. "Changed in version 1.3.15.°
file_client_args (dict, optional): Arguments to instantiate a

FileClient. See :class: mmedit.fileio.FileClient”™ for details.

Defaults to None. 'New in version 1.3.15.°
Warning:
Before v1.3.15, the "‘out_dir ° argument indicates the path where the
checkpoint is stored. However, in v1.3.15 and later, "~ “out_dir °

indicates the root directory and the final path to save checkpoint is
the concatenation of out_dir and the last level directory of

" runner.work_dir’ . Suppose the value of "~“out_dir " is

"/path/of/A" and the value of °~runner.work_dir’ " is "/path/of/B",
then the final path will be "/path/of/A/B".

WRSHGR [m(E A A T 2R HiA 7 By dict, IR R A0 R g

def func(x):

r mrrnmn
Args:
x (None): A dict with 2 keys, ' 'padded_targets' , and ' ‘targets' '
- '‘targets' ' (list[Tensor]): A list of tensors.
Each tensor has the shape of :math:  (T_1i) . Each
element is the index of a character.
- '‘'padded_targets' ' (Tensor): A tensor of shape :math:’ (N)°
Each item is the length of a word.
Returns:

dict: A dict with 2 keys, ° 'padded _targets' , and " targets

Qi3]
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- “‘targets' ' (list[Tensor]): A list of tensors.
Each tensor has the shape of :math:  (T_1i) . Each
element is the index of a character.

- " ‘padded_targets'  (Tensor): A tensor of shape :math:  (N)'
Each item is the length of a word.

mmn

return x

¥ TR readthedocs SCRY, USRS s Zi 44 R ReStructrued SCRYRS K, 75 0 £ 77 A SORYTE YL b i,
TEHREAS PREG, Bl AR OF A — N ORISR . 1S %

* reStructuredText Primer - Sphinx documentation

» Example Google Style Python Docstrings — napoleon 0.7 documentation

1.5.4 FENE
I L EETR

XF—MIHEIH , BINEEASAE R Z B SR AR, RICHE B AR . AN EHRN
R, RAPTREL LT A CRMELABRAR , & BB N T BERME BUSAS .

NESER

s EE R R AR AR LB TG PR Y o WRARAE R WA IS B AL X I R R — T, IR AR IR BAE
MG EEER. WTEAMERE, BRI S a TR X A2 —H TR, NAER
Fr IR . ——Google JFUHITH MA% 6 HS

# We use a weighted dictionary search to find out where i is in
# the array. We extrapolate position based on the largest num

# in the array and the array size and then do binary search to
#

get the exact number.

if i & (i-1) == 0: # True if i is 0 or a power of 2.

N T B AT, RN BRI 2 AR 5O L N EEAR A, R SR R HAR B
Python, il JUR AN BB VR A ZA 4. ——Google JTHI H KUk HS

# Wrong:
# Now go through the b array and make sure whenever 1 occurs

# the next element is 1i+1

1.5. KEBIE 17
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# Wrong:

if i ¢ (i-1) == 0: # True if i bitwise and i-1 is 0.

FEHEREH, Al DASE A Markdown 15%E, R FF & N Gl 3 % Markdown 153%, X FER] DAEF A2 BiLfg, anml
B 55 RIS A AR & (FER RN ELAT docstring H () ReStructured 1H7ETRIE )

# ' _reversed_padding_repeated_twice' is the padding to be passed to

# ‘F.pad' 1if needed (e.g., for non-zero padding types that are

# implemented as two ops: padding + conv). 'F.pad' accepts paddings in
# reverse order than the dimension.

self._reversed_padding_repeated_twice = _reverse_repeat_tuple(self.padding, 2)

ERER G

L HHH mmev/utils/registry.py, XFRNEIHZIBEH, @R, W T IERXR.

# self.build_func will be set with the following priority:
# 1. build_func
# 2. parent.build_ func
# 3. build from cfg
if build_func is None:
if parent is not None:
self.build_func = parent.build_func
else:
self.build_func = build_from_cfg
else:

self.build_func = build_func

2. 1 H mmcv/runner/checkpoint.py, XfF bug (&& H)—LpFk AL FE, W DARRHT A 5% f) issue BERE
35 B HA T i bug T 5.

def _save_ckpt (checkpoint, file):
# The 1.6 release of PyTorch switched torch.save to use a new
# zipfile-based file format. It will cause RuntimeError when a
# checkpoint was saved in high version (PyTorch version>=1.6.0) but
# loaded in low version (PyTorch version<l.6.0). More details at
# https://github.com/open—-mmlab/mmpose/issues/904
if digit_version (TORCH_VERSION) >= digit_version('1.6.0"):
torch.save (checkpoint, file, _use_new_zipfile_serialization=False)

else:

torch.save (checkpoint, file)

18 Chapter 1. TEKXED
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1.5.5 TR

At L EBREER

RIS B MR E SR, AU A2 e VS B ORI . M AR O T S gt
BUA K452 Python A7 0 MR I BRI, 2SR FUR S — M n B/, il W VKR IDE X £e28
BUVERR, SRISTEARTE AR ARG AU R . M KRB A TR, XS T A AU R,

XPACHS b AT BE T PR A TR AL, 9D bug I RREDERER R, EE AR R R A R

B
L. 435y APL 7 STERE
2. AERIS 2 a bk, TSR A R G E I T 2 5 R
3. XFT A5 B R B R AR TR
4. MEATRARAY ARG HEA TR
5. AR RB O 2R0E, FTPATH TR X1 — 0 AR RS, 280500, RIMEEERE T g By sREL,
WAL R KL RGN
N SR ERE
L R/ AR BNEMR, EHEAXT self F cls TR
from typing import Optional, List, Tuple
# AT — A7
def my_method(self, first_var: int) -> int:
pass
# 5 R AT
def my_method (
self, first_var: int,
second_var: float) —-> Tuple[MyLongTypel, MyLongTypel, MyLongTypell]:
pass
# R (BRMEATSGEMREAX, BWNE S yvapr BB EM)
def my_method (
self, first_var: int, second_var: float
) —> Tuple[MyLongTypel, MyLongTypel, MyLongTypell]:
pass
# 5 R WA E X kAR
class MyClass:
def _ init_ (self,
(QNIEi29)
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stack: List["MyClass"]) —> None:

pass

T AR PRI AJZ Python LA, AT PASE B AE K, iB AT DA Python §2 i) wrapper

PSSP MRIEA TN, — L DL T

#BRERA

from numbers import Number

# THER, IS HKFTUA None
from typing import Optional
def foo(var: Optional[int] = None) :

pass

#HREXE, FRAHEXS M XA
from typing import Union
def foo(var: Union[float, str]):

pass

# 7| kA
# %R kA
#EE XA

# TR R & A

from typing import Sequence
from typing import Iterable
from typing import Any
from typing import Callable

# Al RMmT R ARA
# TC 4 W B R

from typing import List, Dict
from typing import Tuple

# B MR Python 3.9 ¥, list, tuple f1 dict REEXHFRZAE, BEAT XHFZWHMRAE

# BRMAEH#RTEA FTER L REFEME List, Tuple, Dict £ A

# B, EXSHREAHFTEMEN, REMF A Sequence & Iterable & Mapping

# List, Tuple, Dict £ E JH T &K E & % & %

# % W, https://docs.python.orqg/3/library/typing.html#typing.List

- BERRRUER, —BUN T XA B R W 2 )

# Recommend: 7 %X & i W W&

a: Foo = SomeUndecoratedFunction ()

a: List[int]: [1, 2, 3] # List R 8 —RBZH,
b: Tuplel[int, int] = (1, 2) # KERBRZEA 2

c: Tuple[int, ...]1 = (1, 2, 3) # T K

d: Dict[str, int] = {'a': 1, 'b': 2}

HH=

Not Recommend: 4T & % &l i £

HH

i {# fl Union

BRXMFTAWE AT Google FRIEHF, EXZ—F AT XF#H Python 2.7 WK
MiTEWwEBRBFRX, £FTRKAN R LHF Python 3, AT R#%—,

THREEAXH T K.

Qi3]
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(22 30
a = SomeUndecoratedFunction() # type: Foo
a= [1, 2, 3] # type: List[int]
b= (1, 2, 3) # type: Tuplel[int, ...]
c = (1, "2", 3.5) # type: Tuple[int, Text, float]
3. Z8

ESChIRATHGE, typing HHHRBLT list FI dict AEZZUEAY, AR AFAT A 2T LAE LRIz 2L ?

from typing import TypeVar, Generic

KT = TypeVar ('KT")
VT = TypeVar ('VI')

class Mapping (Generic[KT, VT]):
def _ init_ (self, data: Dict [KT, VT]):

self._data = data

def _ getitem__ (self, key: KT) -> VT:

return self._datalkey]

B BT, FATE LT IAZ BRI 2, SCkr AT :

mapping = Mapping[str, float] ({'a': 0.5})

value: float = example['a']

734, AT AR TypeVar 75 R #8414 2 HR B 2 42624 -

from typing import TypeVar, List

T = TypeVar('T') # Can be anything
A = TypeVar ('A', str, bytes) # Must be str or bytes

def repeat(x: T, n: int) -> List|[T]:
"""Return a list containing n references to x."""

return [x]*n

def longest (x: A, y: A) —> A:
"""Return the longest of two strings."""

return x if len(x) >= len(y) else y

W2 X T RUEMH FILHSH typing.

1.5. KIBHE 21
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REIMEETR

mypy &> Python 2 AG A T H . MIRIRARANEME, mypy 2 EE S M(EF BRI BTG 2RA0E
fiff, AT 28 G 0] BE H BLAY bug.

B~ ) —> Python JHIA LA test.py:

def foo(var: int) —-> float:

return float (var)

a: str = foo('2.0")
b: int = foo('3.0") # type: ignore

1517 mypy test.py W DARFEIANTRAGALSEAL, 205G I 158 4 777 R 0] AR [l P A 2 52 . T2 S
FTFBAEAE A BRI T T type: ignore T4 206 1, B FBAMERIR NG DL ] BE 75 2L 28 2205

test.py:4: error: Incompatible types in assignment (expression has type "float", .
—variable has type "int")
test.py:4: error: Argument 1 to "foo" has incompatible type "str"; expected "int"

Found 2 errors in 1 file (checked 1 source file)
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CHAPTER 3

Bk (FFEH)

# ik
W35k #] MMEditing! 7EAT o, 405 T iR
o MMEditing st 1+ 4 %
o A 4-2A4% R MMEditing
o FHFAI
o AhHaz

o B #AE

3.1 MMEditing Zf{t4 ?

MMEditing & —/Mit & AN TR BRI S AIALAR - > TARIG 24038 SfBA & it MR -5 DU T 5 T RAR .
MMEditing FEVFIFFEA B TARNE ) S SEaE A IO GRSz, I L] ABRAR N ZRAITT B8 i e AR
MMEditing SZHF25 R Al A AL, (45

o ToFAAE XM 4% (GANS)

o FAFA R4S (GANS)

o Mk

P
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o A VFZ HA A OB RIREE !
MMEditing SRR HARSY 4

o EBE R

o WUBHE >R

o DB (E

- HBiER

 EBIKIE

© KRENEBREE

o AT VEZ HAM R TR 7 B !

3.2 At E{EH MMEditing ?

o I dEbnYPERE
MMEditing $2 i Se ik i) A SRR AL B L S BT £ 181 (R AT o
o SR RA T

MMEditing SZFHRATHIE 2. RE . A5 PFRHARSFN M. BAOkYE, MMEditing 32 GAN f5H{H.
GAN $57 . GAN Fifi A2 HALGRATH) GAN B . RWHRBCE VRIY GAN T

o APbduetiih, RAE4LG:

FATHRF MMEditing 43 iR S [F AR T8 I A [m] RS R i) DASRAA R 2 o B2 . BLAORN, 4
TR E ARG, T A OB Z [ AR, A DASEIUA IR Z ARG A . (35
K54

o RO A RNk
FEMMSeparateDistributedDataParallel ) 35735 K, 0] DARRAASE B S22 89 A = 25

3.3 MFA

LRI I 525
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3.4 EfihiE

KT WIFE, FRATEIUM A #h 2042 22> MMEditing 1 & ¥ .

3.5 #hHE

X #4& MMEditing {4 77, W REARR T % MMEditing f98ERYSE T, DA RS, nfal i F 2405k
FERERRSE SR, S F 202,

3.6 FFARIEM

TEEAE ) MMEditing SEATIREETF AR, ATLAS % I 4 45 @

3.4. Etiis 27
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cHAPTER 4

H

(FFEEHT)

i

7o

Bl POURARR LR SR T HRIA, S B RURAR  WR G BRI B SO, i
issue IR IKA]

4.1 ki

e Linux / Windows / Mac
e Python 3.6+

» PyTorch 1.5 B} 5175

e CUDA 9.0 5{ 5 &

* NCCL2

* GCC54 B #5

¢ mmcv

29
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4.2 2FK

a. A EFH ¥ conda BIIFAEE, W python 3.8:

conda create -n mmedit python=3.8 -y

conda activate mmedit

b. #H& PyTorch ‘B )5 Y 4% PyTorch Al torchvision, §K J542 % 5% W 42 R mmev—-full

il cuda 10.1 & pytorch 1.7:

conda install pytorch==1.7.1 torchvision cudatoolkit=10.1 -c pytorch
pip install mmcv-full -f https://download.openmmlab.com/mmcv/dist/culOl/torchl.7/
—index.html "opencv-python<=4.5.4.60"

1 AR opencv-python FEME M FFAFAE— LT, PRAE 22 R S R A LA

H 2: Witk CUDA 4iif it ASFl CUDA Gz A7 B AHIERS . i P AT PAZ IR PyTorch 1 19 of 3 4 i A By S 14
CUDA JiiAZEA T4 o

fl 1: R /usr/local/cuda ¥ FE 43 T CUDA 10.1 R4S, WIgEEi423E CUDA 10.1 i
PyTorch,

conda install pytorch cudatoolkit=10.1 torchvision -c pytorch

B 2: WRAREE /usr/local/cuda SfEd FE4E% CUDA 9.2 WU, 9 ELABS292% PyTorch 13.1 iU, I
FEEH CUDA 9.2 N i 4% PyTorch,

conda install pytorch=1.3.1 cudatoolkit=9.2 torchvision=0.4.2 -c pytorch

c. L MMEditing 3 /%

git clone https://github.com/open-mmlab/mmediting.git

cd mmediting

d. G KA A1 MMEditing

pip install -r requirements.txt

pip install -v -e . # or "python setup.py develop"

UWRARZAE macOS $5E R 22%E, WIFGHF_Eikay & MR 5 — 178 o -

CC=clang CXX=clang++ CFLAGS='-stdlib=libc++' pip install -e .

e. Bilk2ede

YARGERUE , FTPAYI B AL H 5% (11 /home HR), IF2587E python HH- A mmedit, 5 A IIEN] 2
e
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$ cd ~
$ python

>>> import mmedit

>>> mmedit._ version_
'0.12.0"
H:

1. git commit [ id FF P HENRAT 1, U 0.6.0+2e7045¢ XA MAT S PLRAF BN FRbr AR, Hf
N PERRAES A AR AN github PR TR S, TP b U2 C++/CUDA fUfS# &
0, LA TIX — IR

HE QERARAE—1 ) CUDA/PyTorch U4 N BB 424 T mmedit , 8GR INER T . /build
PELES

pip uninstall mmedit
rm -rf ./build

find . —-name "*.so" | xargs rm

2. MR¥E LA, MMEditing t<xPA dev #X 9 2e4% , ATMIAMPASE I & r 24530, AR EFE
e —i (BRIEH P43 T commits, I HART R AS ).
3. W AR ] opencv-python—-headless [l A& opencv-python, BJ{EZ:EE MMCV FiZ: 3

opencv-python-headless,

4. FUREAR (BN EGAEEAESS ) EDVR) KT mmev—full f1fl)—28 CUDA 51, HARM U ] 1
requirements.txt FFEF| . WFE, H#iT pip install -r requirements.txt Ay L%
mmev-full, ZRENFEPRAEAR AT CUDA FH1, XA BAMREE 10 440, 51— 2R
TR AN muev-full, #Z% MMCV 0 SRECERIG 2R 4. AL, QERAREMEH BIEOR
Wi T CUDA 7, HB2WATPAEA] pip install mmev R4 EUAH) mmev, H i CUDA &
TR T .

4.21 CPU IR THRERLR

MMEditing th 7] DAYE AT CPU BYBFEE F2e3E (B FE3E ] GPU [FREE)
AT, %% CPU AR PyTorch #1 MMCV

conda install pytorch==1.7.1 torchvision cudatoolkit=10.1 -c pytorch
pip install mmcv-full -f https://download.openmmlab.com/mmcv/dist/culOl/torchl.7/
—index.html "opencv-python<=4.5.4.60"

RMAEZIAGT T, AL RERgRels, Bian:

* Deformable Convolution (W25 451 )

42. R 31
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P, ARG — e USSR E RO A TR, T2 R

4.2.2 F|H Docker {&{% %3 MMEditing

MMEditing &t T —A~ Dockerfile 417 docker 4514

# build an image with PyTorch 1.5, CUDA 10.1
docker build -t mmediting docker/

IBITPA R fir

docker run —--gpus all —--shm-size=8g —-it -v {DATA_DIR}:/mmediting/data mmediting

4.2.3 EBIRREE

conda create -n open-mmlab python=3.7 -y

conda activate open-mmlab

# install latest pytorch prebuilt with the default prebuilt CUDA version (usually the.
—~latest)

conda install -c pytorch pytorch torchvision -y

git clone https://github.com/open-mmlab/mmediting.git

cd mmediting

pip install -r requirements.txt

pip install -v -e

32 Chapter 4. =23 ($%#H)
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CHAPTER B

RIEBIZIT (FFEH)

5.1 {ERATIINSHRE #ITHE

FATER U THE S BB A b AT I GRS PP A RIS R AT 55 1 s A LB A

5.1.1 A — Tl SRR R

MMEditing fii Jfl MMDistributedDataParallel L3 43 A .

f£8/24 GPU LTk

BERTLAGE I LA iy AL B/ 2> GPU BT 2R .

# ¥ GPUu Il W

python tools/test.py S{CONFIG_FILE} ${CHECKPOINT FILE} [--out ${RESULT FILE}] [-—-save-
—path S{IMAGE_SAVE_PATH}]

# % GPU | &
./tools/dist_test.sh S{CONFIG_FILE} S{CHECKPOINT FILE} S${GPU_NUM} [--out S{RESULT_
LFILE}] [--save-path S${IMAGE_SAVE_PATH}]

ap
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# B GPU I ik

python tools/test.py configs/example_config.py work_dirs/example_exp/example_model__
—20200202.pth —-out work_dirs/example_exp/results.pkl

# % GPU Il &

./tools/dist_test.sh configs/example_config.py work_dirs/example_exp/example_model_

20200202 .pth -—-save-path work_dirs/example_exp/results/

7£ slurm ki

QAR EAEM T slurm A SERE 1247 MMEditing, WA LA EIAS s1urm_test.sh, (BRUMIAH SRS HHL
st )

[GPUS=5{GPUS}] ./tools/slurm_test.sh PARTITION JOB_NAME CONFIG_FILE
— {CHECKPOINT_FILE

PATR 2 8 4~ GPU FEAE 44 7KK test (1 dev 2 X _EINR /R BB 51 1.

GPUS=8 ./tools/slurm_test.sh dev test configs/example_config.py work_dirs/example_exp/

—example_model_20200202.pth

BAIAES slurm_test.sh DASREUSE BRI SRR AL B

* ——out: DA pickle HHig 2 M R RIS # . WERBLA S, AR SRAFEI S
* —-save-path: FREFMMIBRIGRAIEE. WRBEAGE, HEBHFASPRAT.
o ——seed: WIIMIEAIBEALR 7. BESBON T 2 R 2L 55 AR, s 2.

* ——deterministic: 5§ —-seed #iX, MSE e 27 CUDNN J5 b 5 B A P e mil . an SR 45
TEZZE, &% torch.backends.cudnn.deterministic % E 4 True, ¥ torch.backends.
cudnn.benchmark &} False,

* ——cfg-options: IRIRHT, X B AVBIEXRF AT HCE SR .

e HAEl, EATAEM % MMDetection R ——eval SHORIEE AR R. TR HEARTERC & SOl b4
(& MW.config.md) ,
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5.2 YIgr—1T1RER

MMEditing i ffl MMDistributedDataParallel SEI 43 AR .
i (HE SO FIBA E SR ) RS TAEH b, TAEH SEHBCE S work_dir 842

BOATOLT , BATEZ UGE UG TSRS EROB, G007 DUl I EYIZRIC B I interval ZHORE L
PRATE] R -

evaluation = dict (interval=1e4, by_epoch=False) # BT RERH#AAT—KITRF.

5.2.1 fEH/Z4 GPU il

./tools/dist_train.sh CONFIG_FILE GPU_NUM [optional arguments]

IS

» ——no-validate (AEEBO: BRIANEH T, D ERAEINGIAE S k ROERIIT—RIPAL . A2t
Th, EMH -—no-validate,

* ——work-dir ${WORK_DIR}: #ufi Bl B FH Y TAE H ko
e ——resume-from ${CHECKPOINT_ FILE}: MK MR E AR E .
* ——cfg-options: MIRIRHT, % HLAYBERNRE S A H 20 &S .
resume-from Ml Lload-from Z AKX H: resume-from MEARALEMMLILTIRGE, ERBMIEER

KA AR .l T AN W 2t A . load—from HMARMERATE, LM 0 -G, &
LR

RS RN

WREA 2T, i EARATA] DA TP EARTT, AT DARE PATE a4 B s A %

e

NNODES=2 NODE_RANK=0 PORT=$MASTER_PORT MASTER_ADDR=S$MASTER_ADDR tools/dist_train.sh

—$CONFIG $GPUS

TES AT

NNODES=2 NODE_RANK=1 PORT=SMASTER_PORT MASTER_ADDR=SMASTER_ADDR tools/dist_train.sh

—$CONFIG $GPUS

ot M AnE R, A R M 45504, A Infiniband 45, 82 B A2 Py Torch S0
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5.2.2 7 slurm _Lillgk

R EAERE I slurm A BRAYHERE Lz 4T MMEditing, MW DA A slurm_train.sh, (MHIAHR SRR
HLINZE. )

[GPUS=5{GPUS}] ./tools/slurm_train.sh S${PARTITION JOB_NAME CONFIG_FILE WORK_

~DIR

PATF 2] 8 4~ GPU 1k dev 73X _EIZRS B 7= Bl o

GPUS=8 ./tools/slurm_train.sh dev configs/inpainting/gl_places.py /nfs/xxxx/gl_places_
—256

EEATPAF slurm_train.sh PAFRICSE R S BRI AE =

5.2.3 fE—a¥lBE LEzshS MEW

HURASTE— LA LRSI, BI, 7ERA 84 GPU BUHLES LHEFT 2 4 4-GPU ISl , fi
AR R RO (BAh 29500) DABESRIE (.

CUDA_VISIBLE_DEVICES=0,1,2,3 PORT=29500 ./tools/dist_train.sh S${CONFIG_FILE} 4
CUDA_VISIBLE_DEVICES=4,5,6,7 PORT=29501 ./tools/dist_train.sh ${CONFIG_FILE} 4

WA Slurm JEEZAEN, WIFEZE e S SCrE (w2 i B SO IR 6 17) PR E AN A8 A
T

IE configl.py H,

dist_params = dict (backend="nccl', port=29500)

J£ config2.py H,

dist_params = dict (backend="nccl', port=29501)

SRIGTEN] DA configl.py Ml config2.py JAsIME.

CUDA_VISIBLE_DEVICES=0,1,2,3 GPUS=4 ./tools/slurm_train.sh PARTITION JOB_NAME }..
—configl.py WORK_DIR
CUDA_VISIBLE_DEVICES=4,5,6,7 GPUS=4 ./tools/slurm_train.sh PARTITION JOB_NAME }._

—config2.py WORK_DIR
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CHAPTER O

HE THREEXH (FEH)

mmedit R HT python SCIFRYICE ALY, EATDATE $MMEditing/configs FAH HUERHCE .

6.1 BEEEX @B ME

e B SO B TR AR i 44 o AT TSR DX BTk 0 1 [l R A XA

{model}_[model setting]_{backbone}_[refiner]_[norm setting]_[misc]_[gpu x batch_per_

—gpu]_{schedule}_{dataset}

{xxx} BWIHFE, [yyy] 2AER.
* {model}: BEHIFPA, Bl srenn, dim %45,
* [model settingl: fFERE AL, Flun, WAEE resolution, iJl|% stage name,
e {backbone}: ET MR, FilU0 r50 (ResNet-50), x101 (ResNeXt-101),
* {refiner}: KiMdsfhde, BUAN pln fA] AR MR

* [norm_setting]: fHEH—fLiE, BYNMIT—AL, HABH—RT ABA: onGitIH—4k), gn (4115
—4b), syncbn (FZHIT—1L).

e [misc]: FA &R BEATRLE, il dconv, gcb, attention, mstrain,
* [gpu x batch_per_gpul: GPU ${HAI4:4~ GPU fykEA%L, BAK 8x2 .

e {schedule}: YIZ5ENE, #1120k, 100k &8, &EKE 20k 5§ 100k B HL.
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e {dataset}: #iHi&E, W places (E1E#4). complk (KE). divek (EEWE) Flpaired (E
BARL) -

6.2 ECE I - R

5 MMDetection —#%, FAPRFBRHACMAR BT AN E RS, A7 78R 5E 5

6.3 =il - pix2pix

SR T B PO S R A S AN A PR G AT AR TR, FRATXT pix2pix fYTHE EAMCAN T A ZEE
SRR RIS M I RT3, 155 APL SR,

# BARE
model = dict (
type='Pix2Pix', # & K & 4

o>

generator=dict (
type='UnetGenerator', # 4 mk #& 4 #
in_channels=3, AR BN NEEK
out_channels=3, # A4 & & ¥ B E E %5
num_down=8, # # & & & P T % F WKk
base_channels=64, # 4 R & &5 & W E i E #%
norm_cfg=dict (type='BN"), # H—1WHE W&
use_dropout=True, # = & /£ 4 & & F # fl dropout
init_cfg=dict (type='normal', gain=0.02)), # ## @ &
discriminator=dict (
type='PatchDiscriminator', # ¥ jl| & B & #¢
in_channels=6, # #| 4| 2 &7 % N\ i & 4
base_channels=64, # H 5l &% — & 2 oy 3 & #
num_conv=3, # HHUBEFREWFTHERE (TCERATHREBERE) WEE
norm_cfg=dict (type='BN"), # H —1{ E W@ &
init_cfg=dict (type='normal', gain=0.02)), # # i {L# &
gan_loss=dict (
type='GANLoss', # GAN # % W % #
gan_type='vanilla', # GAN if % #y £ A
real_label_val=1.0, # GAN #H % B # % &L L Fr & 8 &
fake_label _val=0.0, # GAN i % & & ¥ th & & & W &
loss_weight=1.0), # GAN i % i # oy # &
pixel_ loss=dict (type="'LlLoss', loss_weight=100.0, reduction='mean'))
# R KA R E
train_cfg = dict(
direction='b2a') # pixZpix WHEEGINE G K EHEF Fo
S(ERWNEH FE, PARFTH—%). HAKIL: a2b

@3
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test_cfg = dict(
direction='b2a"', # pix2pix W B2 B B W HF Ho
SBEBMAGFTE, MNEFH—%). EAERKIA: a2b
show_input=True) # R pix2pix WM RAE G ZE L~ N E L ERZ
*RERE
train_dataset_type = 'GenerationPairedDataset' # |l % % % & 4 £ A
val_dataset_type = 'GenerationPairedDataset' # Wil /& 48 & £ &
img_norm_cfg = dict (mean=[0.5, 0.5, 0.5], std=[0.5, 0.5, 0.5]1) # W NE & A — @ EF
train_pipeline = [
dict (
type='LoadPairedImageFromFile', # M X % 1% i # B & *f
io_backend='disk', # G EEW 10 ) 3%
key='pair', # EE M N B REEH X8 A
flag="color'), # M#EE LK X
dict (
type='Resize', # H& K/IHEE
keys=['img_a', 'img_ b'l, # EHEE KNI B E G X EH
scale=(286, 286), # W % K & K/ H Bl
interpolation='bicubic'), # FEEEGANHATHEEN T
dict (
type='FixedCrop', # BEERW, ARHEMLER TR EGH T A4 2 KU 4o
—plix2pix
keys=['img_a', 'img_ b'l, # EHRFHEKRMN X % H
crop_size=(256, 256)), # #H & EAZMH K|
dict (
type='Flip', # H# H#%
keys=['img_a', 'img_b'l, # ZE ¥ H % x & 7
direction='horizontal'), # KFHEHETE K Z
dict (
type='RescaleToZeroOne', # ¥ H &M [0, 255] 4k % [0, 1]
keys=['img_a', 'img b'l), # B EH & H N E G X # A
dict (
type='Normalize', # E#&H — 1L
keys=['img_a', 'img_b'l, # BTIH — LW EKRH x# A
to_rgb=True, +# Z & ¥ HREH N BGR # # % RGB
**img_norm_cfqg), # EGH — B E ( img norm cfg' W & XN E )
dict (
type='ToTensor', # Kk EH 1% %A Tensor
keys=['img_a', 'img_ b'l), # BN EH G % ¥ 4 Tensor [ % 1 X # A
dict (
type='Collect', # REHKREFHFLBN R HF &% EKE
keys=['img_a', 'img_ b'l, # E G x##H
(T oaksD)
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meta_keys=['img_a_path', 'img_b_path'l) # [H K 8 T * % i
]
test_pipeline = [
dict (
type='LoadPairedImageFromFile', # M X1 & & in & B % X
io_backend='disk', # Tl EEH 10 JF %
key='pair', # TR N ERZH X H
flag='color'), # fu# H &4 &
dict (
type='Resize', # E & K/ %
keys=['img_a', 'img_b'l, # EREK|IHE G N X %7
scale=(256, 256), # W % K& K/ Hl
interpolation='bicubic'), # HEEEG A WA THEN &2
dict (
type='RescaleToZeroOne', # ¥ E &N [0, 255] % % % [0, 1]
keys=['img_a', 'img_b'l), # B EH 4 A0 E &0 X 7
dict (
type='Normalize', # B #&H — 1L
keys=['img_a', 'img_b'l, # BEH - E KK XA
to_rgb=True, # R G K% ##E M BGR # # % RGB
**img_norm_cfg), # EBHE —{EE ( img_norm cfg' # & XN E X)
dict (
type='ToTensor', # ¥ E B ¥ {4 Tensor
keys=['img_a', 'img_b'l), # ENE & # % H Tensor W E &M X # 7
dict (
type='Collect', # REHKEFHLBN L% &% & K AE
keys=['img_a', 'img_b']l, # K&K X #H
meta_keys=['img_a_path', 'img_b_path'l) # & K 8 T * % i
]
data_root = 'data/pix2pix/facades' # ¥ iE W AR K 2
data = dict (
samples_per_gpu=1, # 2=/ GPUu W4l & K /I
workers_per_gpu=4, # A& GPU T B %K B By Worker ¥t
drop_last=True, # Z&HZFINEF W% EF — WLk
val_samples_per_gpu=1, # it # 2/ cru @4 & K /b
val_workers_per_gpu=0, # ZKIL ¥ 4 &/ GPU i B % ¥ #§ Worker #
train=dict( # WA KEERE
type=train_dataset_type,
dataroot=data_root,
pipeline=train_pipeline,
test_mode=False),
val=dict ( # Rif %&£ & &
type=val_dataset_type,

Qi3]

40 Chapter 6. 32 1: TREEXH (5E#H)



MMEditing

(£ 50

dataroot=data_root,
pipeline=test_pipeline,
test_mode=True),
test=dict( # MRAFKFEERE
type=val_dataset_type,
dataroot=data_root,
pipeline=test_pipeline,

test_mode=True))

# R
optimizers = dict( # }ﬂﬂ:f@%%ﬂﬁ%ﬁﬁ'ﬂﬁﬂﬁ, Y PyTorch #FrA B, A5 % EL
—PyTorch W Xt N . % 4 [

generator=dict (type="'Adam', lr=2e-4, betas=(0.5, 0.999)),

discriminator=dict (type="'Adam', lr=2e-4, betas=(0.5, 0.999)))

# %3 K
lr_config = dict (policy='Fixed', by_epoch=False) # Jfl T /& /it LrUpdater.
SHTHFEIZRERRFRE

P REERE
checkpoint_config = dict (interval=4000, save_optimizer=True, by_epoch=False) #o
SHESRE LT, LIS F https://github.com/open-mmlab/mmcv/blob/master/mmcv/runner/
—hooks/checkpoint.py
evaluation = dict( # WHEKILH T W RE
interval=4000, # ¥ if X |4
save_image=True) # =& &G HFH K
log_config = dict( # MW & Mtk &4 T
interval=100, # #T B H & oy & |4 4 7
hooks=[
dict (type='TextLoggerHook', by_epoch=False), # Ji T it %l % i & B2 & &
# dict (type='TensorboardLoggerHook') # i ¥ #f Tensorboard it ¥k &
1)
visual_config = None # M ZE T (b4 F W&

# EATRE

total_iters = 80000 # | 4 # A & % &% Rk K

cudnn_benchmark = True # 1% % cudnn_benchmark

dist_params = dict (backend='nccl') # ¥ EF oG X IWE W S8, 3 o7 DLk E
log_level = '"INFO' # H &% 5

load_from = None # WL E BAMBEAEARNEHEAE. XFA2KREZINSA

resume_from = None # N4 R ABREHREE, Yo &EEHBREER, IN%EH KNZ epoch k&
workflow = [('train', 1)] # runner W L1EW . [('train', 1)].

SKRTRE-ANITHERRE, 44 'train’ WIERBRAT K. WHALTELEREEARRHELR

Qi3]
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exp_name = 'pix2pix_facades' # LI 4 I
work_dir = f'./work_dirs/{exp_name}' # B H YW ELB W EAKL T EFE ZWHE X

6.4 EEEI ¥ - M &
6.5 ECE BRI

5 MMDetection —#f, FATRALBMMBR AT BAKATHIRCE RLE, AT AT A FLR .

6.6 ECEFEinEA

T B O e BN S R G OB — BN T, FRATTA Global&Local Y JE LA 4 fif 2
EHT . SRR AR ML B AT 5, 2% APL U .

model = dict(
type='GLInpaintor', # %h4& #& W 4 #
encdec=dict (
type='GLEncoderDecoder', # %% & —ff & & Wy & #
encoder=dict (type='GLEncoder', norm_cfg=dict (type='SyncBN')), # % & % i &
decoder=dict (type='GLDecoder', norm_cfg=dict (type='SyncBN')), # fi & & W &
dilation_neck=dict (
type='GLDilationNeck', norm_cfg=dict (type='SyncBN'))), # 4 31t i &
disc=dict (
type='GLDiscs', # ¥ H| B &
global_disc_cfg=dict (
in_channels=3, # # 7| %
max_channels=512, # # 7| % & 8
fc_in_channels=512 * 4 * 4, # Ja—NMNeEEENHNEE
fc_out_channels—1024 t EE—" N2 HEEEHEEEE
num_convs=6, # ¥ | & 4 F A & %» &
norm_cfg=dict (type='SyncBN') # H — 1 B ¥ &

5 &
P

[y

R AN

>§am -

),

local_disc_cfg=dict (
in_channels=3, # ¥ Gl & W % N\ ¥ %
max_channels=512, # H 7| % & 8 & K38 & %
fc_in_channels=512 * 4 * 4, # G — 42 FHE W H N E
fc_out_channels—1024 # EE e % J= )
num_convs=5, # # Al & &+ # J{ & & M
norm_cfg=dict (type='SyncBN'") # }j - ’Hﬁ o E

(FoUARZE)
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)y
),
loss_gan=dict (
type='GANLoss', # GAN 41 % # % #
gan_type='vanilla', # GAN i %k Wy % &
loss_weight=0.001 # GAN i % & H M M Z
)y
loss_11 _hole=dict (
type='LiLoss', # L1 i % By £ A&
loss_weight=1.0 # L1 %1% & 4 WM &
)y
pretrained=None) # i il 4 & & i & 7%

train_cfg = dict(
disc_step=1, # Y %4 & & 2 7 I % H 5l & o % Rk %
iter_tc=90000, # Tl # 4 M & M % R K #
iter_td=100000, # T # # 4l # # % R %k &
start_iter=0, # JF 161y % &
local_size=(128, 128)) # E &% i kA

test_cfg = dict (metrics=["'11"']1) # | & B B &

dataset_type = 'ImglnpaintingDataset' # #( i & £ A
input_shape = (256, 256) # i N\ &% o ® %k

train_pipeline = [
dict (type='LoadImageFromFile', key='gt_img'), # Mm#HE A i &
dict (
type="'LoadMask', # jn# ¥4
mask_mode='bbox', # & ) %k A
mask_config=dict (
max_bbox_shape= (128, 128), # # il {& & # 4k
max_bbox_delta=40, # il £ & % & & 1k
min_margin=20, # ®MEINEHAF LR K NES
img_shape=input_shape)), # % A\ & 1% 8 %%
dict (
type='Crop', # # &
keys=['gt_img'l, # EH T EH & X %A
crop_size=(384, 384), # #H W EH LW AN
random_crop=True, # 7= & F JF W4l # &
),
dict (
type='Resize', # H#& K /NFK
keys=['gt_img']l, # ERE KRNI EEKH X% A

Qi3]
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scale=input_shape, # i % & 1% A /07 b 4]
keep_ratio=False, # ¥4 ¥ K/ 0 & & 1% £ bl
)
dict (
type='Normalize', # E 1% H—1
keys=['gt_img'], # EH — (& B EHK X2
mean=[127.5] * 3, # H —{L ¥ (& JH # HHE
std=[127.5] * 3, # H— Lo & A Wik =
to_rgb-False), # & & H & &\ BGR % # % RCB
dict (type='GetMaskedImage'), # KB #H & =W EHEZ
dict (
type='Collect', # REHRFEFT HFLET ZHEHLE K E
keys=['gt_img', 'masked_img', 'mask', 'mask_bbox'], # BEREWHKEW XEZH
meta_keys=['gt_img_path'l), # F U & W 4 4E & T x #A
dict (type='ToTensor', keys=['gt_img', 'masked_img', 'mask'l), # ¥ E 1% # 1t %
—Tensor

dict (type='ToTensor', keys=['mask_bbox']) # # L A Tensor

test_pipeline = train_pipeline # #4 Z | & /% iF 7 %
data_root = 'data/places365' # ¥FiEMRE F

data = dict (
samples_per_gpu=12, # 2/~ GPU B H# & K /I
workers_per_gpu=8, # H & GPU T E I #) worker #
val_samples_per_gpu=1, # Iif & ¥ 4 cru W4 & Ak /I
val_workers_per_gpu=8, # ZHLIL W k& | GPU T B I W Worker #%
drop_last=True, # Z & E A NG Hh&E —H# FHKE
train=dict( # W4 HEFEERE
type=dataset_type,
ann_file=f'{data_root/)/train_places_img_list_total.txt',
data_prefix=data_root,
pipeline=train_pipeline,
test_mode=False),
val=dict( # RIEHKEE®E
type=dataset_type,
ann_file=f'{data_root/}/val_places_img_list.txt"',
data_prefix=data_root,
pipeline=test_pipeline,

test_mode=True))

optimizers = dict( # AT HERMCBHEE, LF PyTorch P AR E, HEH 5L
—PyTorch W X v {f, . # 44 [

Qi3]
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generator=dict (type="'Adam', 1lr=0.0004), disc=dict (type='Adam', 1r=0.0004))

lr_config = dict (policy='Fixed', by_epoch=False) # Ji T & M LrUpdater.
SHTHEIEFRERFRE

checkpoint_config = dict (by_epoch=False, interval=50000) # B E & & &9 7, LI 5 E_
—https://github.com/open—-mmlab/mmcv/blob/master/mmcv/runner/hooks/checkpoint.py
log_config = dict( # WHE EZMIEEHEH T
interval=100, # T 8 H £ & & |4 |7 [
hooks=1[
dict (type='TextLoggerHook', by_epoch=False),
# dict (type='TensorboardLoggerHook'), # ¥ ¥ Tensorboard it 3k %
# dict (type='PaviLoggerHook', init_kwargs=dict (project="mmedit"))

N # ATRZINGEITEHNREZSE

visual_config = dict( # A AWM H THEE
type='VisualizationHook',
output_dir='visual',
interval=1000,
res_name_list=]
'gt_img', 'masked_img', 'fake_res', 'fake_img', 'fake_gt_local'
1,
) # ATOMAAINETREGREE.

evaluation = dict (interval=50000) # 9 # if 4 7 B 7 &

total_iters = 500002

dist_params = dict (backend='nccl') # R EH o Hm A NLE WS %, o7& E
log_level = '"INFO' # H £ 5

work_dir = None # GrEFEYWMELLMWEARE S fmE EWE X

load_from = None # W4 EEAMBEAEATINLEHE. XL L2KEZINA

resume_from = None # M4 BB AKERE L, YR EAHAFEN, IE¥K NiZ epoch K&
workflow = [('train', 10000)] # runner # LAEwm . [('train', 1)]-
SRTFIRA-—ANIHERR, £4 'train' WIFREHIT—KR. NHE LT ERBEERERLE
exp_name = 'gl_places' # LI 4

find_unused_parameters = False # & oA N4 P EXEKEHNSH
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6.7 BECE I - X E

5 MMDetection —#f, FAPRAERAMFILR B TA TN T ECE R GE, AT (BT & Fhsiss.

6.8 f5l-¥ - Deep Image Matting Model

T BH PO A SR B A AR T, AT AT B J5G DIM L EE A A R
PRE, AR ETR . NI RIAA S MR RO, S APL U,

# RAERE
model = dict (
type='DIM', # BB H LK (RN Kz HAEEZ)
backbone=dict ( # £ T [ % i &
type='SimpleEncoderDecoder’', # * T ™ % }9’3 ;jé piil}
encoder=dict ( # %7 & #) B &
type='VGG16'), # mBHE MW KA
decoder=dict ( # f# & R &
type='PlainDecoder')), # F# # g kA
pretrained='./weights/vgg_state_dict.pth', # % &M M) 4 &
loss_alpha=dict ( # alpha i % W &
type='CharbonnierLoss', # T Ml &y alpha # & B # &k K &
loss_weight=0.5), # alpha i % WM &
loss_comp=dict ( # %4 & i % 8 &
type='CharbonnierCompLoss', # 4 & i % #y % &
loss_weight=0.5)) # #HA A M AWK N E
train_cfg = dict( # W% pIM HEA WK E
train_backbone=True, # # DIM stage 1 #H, &% £ T [ % 3 17 %4
train_refiner=False) # % DIM stage 1 W, N4 445 6 2 #1714
test_cfg = dict( # M DIM #H B KN B E
refine=False, # REMHAKKEEMEFE AR E, £ stage 1 ¥, RNAFEAE

metrics=['SAD', 'MSE', 'GRAD', 'CONN']) # it £ B o 3 47
# BERE
dataset_type = 'AdobeComplkDataset' # #HEHE XA XK H T XHEE
data_root = 'data/adobe_composition-1k' # W H EH K

img_norm_cfg = dict( # H— {8 NE %W E
mean=[0.485, 0.456, 0.406]1, # WH—1L$#F H B HE
std=[0.229, 0.224, 0.2251, # W — L& @& F B %k 2
to_rgb=True) # R ET¥ E % #E N BGR # # % RGB
train_pipeline = [ # | % 4048 4 # i 3
dict (
type='LoadImageFromFile', # M Xt in# alpha # &
key='alpha', # EB XY alpha #HEWE X#H. REKNEKRHE “alpha_path” _
~ % FE R alpha # 2 (FOURS)
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=
b

flag='grayscale'), # MAKEHE®K, PHhA (FE.
dict (

type='LoadImageFromFile', # M Xt ¥ i #H H %

key="fg"), # EWMRAGERNXEA. REHNEE “fgpath” HEB fg
dict (

type='LoadImageFromFile', # M Xt ¥ i #H H %

key="bg'), # EmRBGERGXBA. REKENEE “bgpath” EH bg
dict (

type='LoadImageFromFile', # M X# 9 fn# B %

key='merged'), # BEMAWEGH XBA. REKNER “merged path” _

CE B

dict (

type='CropAroundUnknown', # ZRBERH (FFZHRXH) AERT EH K

keys=['alpha', 'merged', 'ori_merged', 'fg', 'bg'l, # E#H W EH %

crop_sizes=[320, 480, 6401), # # i kK /h
dict (

type='Flip', # B# H %

keys=['alpha', 'merged', 'ori_merged', 'fg', 'bg'l), # ZE# W EH %
dict (

type='Resize', # H#& KNI K

keys=['alpha', 'merged', 'ori_merged', 'fg', 'bg'l, # EGEE KNWHEE

scale=(320, 320), # H# AN
keep_ratio=False), # =& & R#F 5 % bl
dict (
type='GenerateTrimap', # M alpha #E AL K =TH.
kernel_size=(1, 30)), # BEWH/¥F KA ZANWHEE
dict (
type='RescaleToZeroOne', # ¥ E % MK [0, 255] 4% % % [0, 1]
keys=['merged', 'alpha', 'ori_merged', 'fg', 'bg'l), # ZE E I %t B 14
dict (
type='Normalize', # K14 H — 1k
keys=['merged']l, # B H — & E &
**img_norm_cfg), # HBH — B E ( img_norm cfg  # & X N kX))
dict (
type='Collect', # REREFHFLBN L% & %4 KE
keys=['merged', 'alpha', 'trimap', 'ori_merged', 'f
meta_keys=[1), # ERAWTX®A, XELAFELEL.
dict (
type='ToTensor', # B E 1% =3 . 4 Tensor

keys=['merged', 'alpha', 'trimap', 'ori_merged', 'fg', 'bg'l), # EH AL

—Tensor W B 1%

]
test_pipeline = [

g', 'bg'l, # E&H X%

Qi3]
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dict(
type='LoadImageFromFile', # M X i1 % alpha # &
key='alpha', # {8 X## alpha HEH# X8 A. HEKNESE “alpha_path” -
¥ R alpha & &
flag='grayscale',
save_original_img=True),
dict (
type='LoadImageFromFile', # M C#F W fnw# B %
key='trimap', # EMmHAHEGH XEA. REW¥NBE “trimap path” HEH=TH
flag='grayscale', # WMEKEH&K, PRA (BE. % E)
save_original_img=True), # R HE=Z L H T E4iFx. ©HE “ori_trimap” _
C— RARE
dict (
type='LoadImageFromFile', # M Xt & H %
key="merged'), # EWMEWEGH xR . REHKNEHE “merged_path” _
A A
dict (
type='Pad', # EAHEGUEHEAHTXREEFLF
keys=['trimap', 'merged']l, # EHZE W EH %
mode='reflect'), # # 7 # =&
dict (
type='RescaleToZeroOne', # 5 train pipeline # [
keys=['merged', 'ori_alpha'l), # ¥E % B 14
dict (
type='Normalize', # &5 train pipeline #i [
keys=['merged'],
**img_norm_cfg),
dict (
type='Collect', # 5 train_pipeline # A
keys=['merged', 'trimap'],
meta_keys=|[
'merged_path', 'pad', 'merged_ori_shape', 'ori_alpha',
'ori_trimap'
1)y
dict (
type='ToTensor', # & train pipeline # [
keys=['merged', 'trimap']),
1
data = dict (
samples_per_gpu=1, #2/~ GrPU B # & K /N
workers_per_gpu=4, # A& GPU T B HE # wWorker #
drop_last=True, # REEZZFINEFT H&RE —HHHE
train=dict( # W4 KEE®RE

Qi3]
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type=dataset_type, # #{E & i KA

ann_file=f'{data_root/}/training_list.json', # & T % 12

data_prefix=data_root, # [ & & 7% W3 &

pipeline=train_pipeline), # W kX train pipeline
val=dict( # BRIEKEE®E

type=dataset_type,

ann_file=f'{data_root}/test_list.json',

data_prefix=data_root,

pipeline=test_pipeline), # I, b X test_pipeline
test=dict( # MRAKELEERE

type=dataset_type,

ann_file=f'{data_root}/test_list.json',

data_prefix=data_root,

pipeline=test_pipeline)) # W EX test_pipeline

# o
optimizers = dict (type='Adam', 1lr=0.00001) # HTHE 17'5 1 288 E ) 3‘5 %‘ PyTorch.
W ARNE, BESRE PyTorch % 3 B ff ft & A A
# ¥ K
lr_config = dict( # JH T EM LrUpdater # T W ¥ JXHERFEE

policy='Fixed') # ¥ JF #H W Ew , £ ¥ CosineAnnealing. Cyclic % ., X FHFW._
—LrUpdater ¥ 1§ i % # https://github.com/open-mmlab/mmcv/blob/master/mmcv/runner/
—hooks/lr_updater.py#L9.,

# BEAKRR
checkpoint_config = dict( # BMEKR T LY T, LI:N S5 F https://github.com/open-mmlab/
—mmcv/blob/master/mmcv/runner/hooks/checkpoint.py
interval=40000, # &% [fl &4 40000 Kk # &
by_epoch=False) # #% # {t it %
evaluation = dict( # # HEBIEH T W E
interval=40000) # ¥ i X |4
log_config = dict( # B & & Mt k&4 7
interval=10, # 4T H B £ W & 4 |9 [5
hooks=[
dict (type='TextLoggerHook', by_epoch=False), # A T 0 F I % o £ it % &
# dict (type='TensorboardLoggerHook') # X # Tensorboard it ¥ £
1)

# runtime settings
total_iters = 1000000 # I % # & B % &% R %k %

dist_params = dict (backend='nccl') # R EH oM A NLE WS %, o7& E
log_level = '"INFO' # H &% 5
work_dir = './work_dirs/dim_stagel' # HFHE UM ELHWEMNLE T EfH EWE X

Qi3]
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load_from = None # MG R BAMAMAEATINEHEA . XIF2KEINEA

resume_from = None # N4 T BAERERE L, YR ELABGAFH, %% NZ epoch K 4

workflow = [('train', 1)] # runner W L1EWR . [('train', 1)].
SR T RAE—NIHERE, &4 'train' WIERBEHRT—%. NHEYHREHA

RN

6.9 BEEEXH -8R

6.10 ;=~f5l-EDSR

T3 B PR mmediting (YA SCPESEHY, X HLLA EDSR S, 4 R E SRR
AR IR A SO Y SR8 . 15 IR APL SR,

o NPT

exp_name = 'edsr_x2c64bl6_1x16_300k_div2k' # LIk 4 K

scale = 2 # FXFHEHKRARTF

#EBRE
model = dict(
type='BasicRestorer', # B %Ik & # & %k A
generator=dict ( # 4 R #EE
type='EDSR', # 4 K #EXH
in_channels=3, # # A\ i @ %
out_channels=3, # % # 3 ¥ %
mid_channels=64, # ™ |8 4 1 38 & 4
num_blocks=16, # % = ¥ # H
upscale_factor=scale, # | ¥ # A T
res_scale=1, # % = % A T
rgb_mean=(0.4488, 0.4371, 0.4040), # W ANE1% RGB ¥ W F¥H &
rgb_std=(1.0, 1.0, 1.0)), # #W NKE1{& RGB #H & ¥ £
pixel_loss=dict (type="'LlLoss', loss_weight=1.0, reduction='mean')) #

SRERABENRE

# EANENREE

train_cfg = None # il %4 i it &

test_cfg = dict( # M W& E
metrics=['PSNR'], # Jl & B & A 8 F 0 4 7
crop_border=scale) # Il & B % 3 & 4 B R ~F

tREERE
train_dataset_type = 'SRAnnotationDataset' # M T il & & 4 & £ &
val_dataset_type = 'SRFolderDataset' # J T IiE &y %4 & X A&

Qi3]
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train_pipeline = [

dict (type='LoadImageFromFile"',

io_backend='disk',
key="1q",
flag='unchanged'),

dict (type="'LoadImageFromFile',

io_backend='disk',
key='gt',
flag='unchanged'),

dict (type='RescaleToZeroOne',

¥ B &M [0, 255] F 4% H F
dict (type='Normalize',
‘gt'l,
01,
11, #

keys=["'1lqg"'",
mean=[0, O,
std=[1, 1,
to_rgb=True),

# A OE R
#OEBEREERSY 1o XA

# R ELRE R KK B 48N 57

# HECE R AR
# Nt A O %
#OEBEREER ok A

# W EHRAG W KRB AN EE

# BB R R AR AR
keys=["1lqg', 'gt'l),
[0, 1]

# EN 6 E %

# AT IE W b B % H 5

# FHHE

o £

# EH K RGB i ¥

dict (type='PairedRandomCrop', gt_patch_size=96),

dict (type='Flip"',
keys=["1lg', 'gt'l]l,

flip_ratio=0.5,

direction='horizontal'),

# B %

dict (type='Flip',
keys=['lg', 'gt'l,

flip_ratio=0.5,

direction='vertical'),

dict (type='RandomTransposeHW',

keys=['lg', 'gt'],

transpose_ratio=0.5

)y
dict (type='Collect',

keys=['lag"', 'gt'l,

meta_keys=["'lg_path',

dict (type='ToTensor',
keys=['lq', 'gt'])

]

test_pipeline = [

dict (

type='LoadImageFromFile"',

io_backend='disk',

key="1lq",

flag='unchanged'),
dict (

# E R R %

FRATEEERY %

#RATE B LE

# BE T\

#ORATE B R

#RATEEILE

R
#EGBH N EE
FRATHEE G R
FARATHE BN ILE

# Collect % k& 9 &4 & W 5
# N AW
'gt_path'l), # TR E#.
#FREGBERAKE
#FRATEGRERAKE NG

# Rt e B AR
#OEBE B ok H

# R ELRE R 8 R KB 0N 57

# B ECE R AR

type='LoadImageFromFile"',

N R R

#NAHREALERAL Y RA K5 X

#

# LR fn HR J % B AL & o

e

wNGF, THRELER

# R B AT AL R K &P R R B R

Qi3]
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io_backend='disk', # LB EE W F H Hiok A
key='gt', # R EBHRE R ERRE M LG EE
flag='unchanged'), # i B & 1% W 4% 7
dict (type='RescaleToZeroOne', keys=['lg', 'gt'l), #_
W BEBRMN0, 2551 F Bk B [0, 1]
dict (
type='Normalize', # IEJ| K %
keys=['1q', 'gt'l, # #ATIEN L H &%
mean=[0, 0, 0], # FH#H1{&
std=[1, 1, 11, # # k£
to_rgb=True), # ¥ I # RGBH# ¥
dict (type='Collect', # CollectZ it & Wi M 4k & ¥ 15 % 5| £ K & F
keys=['lq', 'gt'l, # EAERKE
meta_keys=['lg path', 'gt_path'l), # L1z &%
dict (type='ToTensor', # K EHEEHE A KE
keys=['1lq', 'gt'l) # RAEHGHEAKEWH#

data = dict(
# I %
samples_per_gpu=16, # H A~ GPU H 4k K /b
workers_per_gpu=6, # ¥/ GPU iy dataloader # ¥ &
drop_last=True, # ZEIN4ZHELF EF&E — MKk
train=dict( # W4 KEEHWEE
type='RepeatDataset', # £ T %R EE K EE
times=1000, # EEHFEEMELZ KK
dataset=dict (
type=train_dataset_type, # #{iF & % A
1g_folder='data/DIV2K/DIV2K_train_LR_bicubic/X2_sub', # lgX {f % # & %
gt_folder='data/DIV2K/DIV2K_train_HR_sub', # gt X {F & & & &
ann_file='data/DIV2K/meta_info_ DIV2K800sub_GT.txt', # #F X W B R
pipeline=train_pipeline, # | % i A %, 4w F &
scale=scale)), # E R ANHT

# I il
val_samples_per_gpu=1, # W iF B %/~ crUu &4 K /I
val_workers_per_gpu=1, # ¥ iF Bf ¥ 4~ GPU B dataloader H # f#
val=dict (
type=val_dataset_type, # #iE & £ Al
lg folder='data/val_set5/Set5_bicLRx2', # l1gq X & ¥ & #%
gt_folder='data/val_set5/Set5_modl12', # gt Xt & B B 2
pipeline=test_pipeline, # | &y A%, W0 kB &
scale=scale, # L XFHHARHT

Qi3]
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filename_tmpl="'{}"), # L1 4% #

# IR

test=dict (
type=val_dataset_type, # # i & £ A
1g _folder='data/val_set5/Set5_bicLRx2"', # 1g X # 2 % 17
gt_folder='data/val_set5/Set5_modl2', # gt X {3k % &
pipeline=test_pipeline, # Jll i &K %, W EF7 R
scale=scale, # FfF AR T
filename_tmpl="'/{}")) # X1 4% #

# o R E
optimizers = dict (generator=dict (type='Adam', lr=le-4, betas=(0.9, 0.999))) #.

A THBERLENRE, XFpyTorch¥ fr H % % 5 PyTorch' £ 4 R & {4 . 2

# ¥ K

total_iters = 300000 # | % # A & & % K %

lr_config = dict( # H T E M LrUpdater®y ¥ W ¥ 5 XWHEH FRE
policy='Step', by_epoch=False, step=[200000], gamma=0.5) #_

SHERBMEY, TXHELAEL. BXF

checkpoint_config = dict( # HAWNEH THE, EL 4T £ % https://github.com/open-
—mmlab/mmcv/blob/master/mmcv/runner/hooks/checkpoint.py
interval=5000, # # AR & X # Kk F [ 1§ % 5000 % K
save_optimizer=True, # % 7 it ¥ &
by_epoch=False) # % #% &tk # it %
evaluation = dict( # #HZERBIE4 T W E
interval=5000, # # AT % if & [ f§ 4 50000k &% K
save_image=True, # I if ¥ |8 & 7 & %
gpu_collect=True) # f& flgpull &
log_config = dict( # FME Z4 7T &E
interval=100, # T H B %X A
hooks={[
dict (type='TextLoggerHook', by_epoch=False), # itk ill4 T 8 #H 0 %
dict (type='TensorboardLoggerHook'), # [f B % # Tensorboard H &%
1)
visual_config = None # 7 ALkt & &

tEARE

dist_params = dict (backend='nccl') # Zu o H A INEWEE, Hbwmo 5470 %E
log_level = '"INFO' # H H &%

work_dir = f'./work_dirs/{exp_name}' # WK YUW LB H X LR N E XM H LML
load _from = None # M @ B AMAMAEARINEHEA . IPMEF A2 A TH RIKEIN S

Qi3]
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resume_from = None # Jn # % & i & &y 42 & A E SCF1E 7 W | 203 B9 5 A,
S 2ok K% B R R AR R 4 B kAT

workflow = [('train', 1)1 # runner WH AT . [('train', 1)].
SRERAA-—AHATHR, HEXANMEL A train HHATH A HAT — K
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HiE2: EENIES

FEASTT A, FATRF LN G U0 V8 B A AR O R A R TR A 55 rh SR 38 24 i i 2
FATIA LSS A EiSE . £ MMEditing o, A PR 5V T DLRFECHE SR T I 2R e -
L B3 N R BE
2. (EME R BB B H A T IAL 3
ARG -
o [HORE 2 WERBURLEIH BORE 2 WERBUELE)
- THAEE
- REHIEE

- MMEditing iy %dmdEARik

7.1 THHEESR

B, BWEMNE TR TR FEEIRAE . K2 HRRAE T USRI, P S0 GRS e S5 M IE
i, TFt—LiEs. BN, GRTPAEEM TR, R A B R Vimeo9OK-triplet £iHi4E.

55
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7.2 EEHIEE

— SRR AR T AR R R 2 B AT AL . FRATIHE tools/dataset_converters H1 37 R4 22 F SR HE £ R 46 1)
A . R DA AR B AE ) BORESEas AT A . Bt , FRATEHCK DIV2K B 5T 7 E% . ATt T
— AR E £ BT 1Y DIV2K Fiflide . nf LB TPA R s

python tools/dataset_converters/super—-resolution/div2k/preprocess_div2k_dataset.py —-—

—data-root ./data/DIV2K

7.3 MMEditing thiy SR S ik

AR BAE, FRIEA AL S5 TR0
WEREMNWBIREME, TR RS
IR MMEditing HRRE R Z AN RO, THER LA,
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CHAPTER 8

HIE 3: FSINEHIE (FFEH)

AT RRFEAL S5 Pt 7 — LA, W] DA B K P R EA T HERE

8.1 EfRir&

ERTPARE AR a5, S A — K I R DA S SR O Py B P ), S B I s PR P b 4

python demo/inpainting_demo.py \
CONFIG_FILE} \
CHECKPOINT_FILE \
MASKED_IMAGE_FILE \
MASK_FILE} \
SAVE_FILE} \
[-—imshow] \

[-—device GPU_ID}]

WA SE T -imshow , FURFEFHRHHE ] opency WIRIEK . 1

python demo/inpainting_demo.py \
configs/global_local/gl_8xbl2_celeba-256x256.py \
https://download.openmmlab.com/mmediting/inpainting/global_local/gl_256x256_8x12_
—celeba_20200619-5af0493f.pth \
tests/data/inpainting/celeba_test.png \
tests/data/inpainting/bbox_mask.png \
tests/data/inpainting/inpainting_celeba.png
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INELERIGARAEAE tests/data/inpainting/inpainting_celeba.png H1,

8.2 XM

BATPME AT %, AR INREGR LA B =T (trimap) , SEBUR IR R A A

python demo/matting_demo.py \
CONFIG_FILE} \
CHECKPOINT_FILE} \
IMAGE_FILE} \
TRIMAP_FILE} \
SAVE_FILE} \
[-—imshow] \

[-—device GPU_ID}]

2 T —imshow , JH/NEEFFRHEH opencv B R EE . T

python demo/matting_demo.py \
configs/dim/dim_stage3-v16-pln_1000k-1xbl_complk.py \
https://download.openmmlab.com/mmediting/mattors/dim/dim_stage3_v16_pln_1x1_1000k_
—complk_SAD-50.6_20200609_111851-647£f24b6.pth \
tests/data/matting_dataset/merged/GT05.jpg \
tests/data/matting_dataset/trimap/GT05.png \
tests/data/matting_dataset/pred/GT05.png

T Y alpha 38 B ERAFAE tests/data/matting_dataset/pred/GT05.png H.

8.3 EGEsH PR

LR AR PATE iy 2 R MR 1 B 15

python demo/restoration_demo.py \
CONFIG_FILE} \
CHECKPOINT_FILE \
IMAGE_FILE} \

SAVE_FILE} \
[-—imshow] \
[-—device GPU_ID}] \
[-—ref-path REF_PATH}]

WRFEE T ——imshow , B/REEFFRHEH opencv BREME. T
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python demo/restoration_demo.py \
configs/esrgan/esrgan_x4c64b239g32_400k-1xbl6_div2k.py \

https://download.openmmlab.com/mmediting/restorers/esrgan/esrgan_x4c64b23g32_1x16_
—400k_div2k_20200508-f8ccaf3b.pth \

tests/data/image/lqg/baboon_x4.png \

demo/demo_out_baboon.png

EATPAE L FR B - - ref-path SHCRINAET S5 1B A PERAE. 6171

python demo/restoration_demo.py \
configs/ttsr/ttsr—-gan_x4c64b16_500k-1xb9_CUFED.py \
https://download.openmmlab.com/mmediting/restorers/ttsr/ttsr-gan_x4_c64bl6_gl_
—500k_CUFED_20210626-2ab28cal.pth \
tests/data/frames/sequence/gt/sequence_1/00000000.png \
demo/demo_out .png \
—--ref-path tests/data/frames/sequence/gt/sequence_1/00000001.png

8.4 AREEGESPIZE

FERTPAGE I PATF iy - SR IR B A 1

python demo/restoration_face_demo.py \

CONFIG_FILE} \
CHECKPOINT_FILE \
IMAGE _FILE} \
SAVE_FILE} \

[-—upscale-factor] \

[-—face-size] \

[-—imshow] \

[-—device GPU_ID}]

R E 1 -imshow , JH/RARFFRFT] opencyv oA . T

python demo/restoration_face_demo.py \
configs/glean/glean_inl128outl1024_300k-4xb2_ffhg-celeba-hqg.py \
https://download.openmmlab.com/mmediting/restorers/glean/glean_inl28out1024_4x2_
—300k_ffhg celebahqg 20210812-acbcb04f.pth \
tests/data/image/face/000001.png \
tests/data/image/face/pred.png \

—-—upscale—-factor 4
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8.5 WUTES M=

BERTPAGE I LATE iy 2 SR MR A REA TR

python demo/restoration_video_demo.py \
CONFIG FILE} \
CHECKPOINT_FILE} \
INPUT _DIR} \
OUTPUT_DIR} \
[-—window-size=S{WINDOW_SIZE}] \

[-—device GPU_ID}]

B RN SRR B o ORER R SR AE SR . i1

EDVR:

python demo/restoration_video_demo.py \
configs/edvr/edvrm_wotsa_reds_600k-8xb8.py \
https://download.openmmlab.com/mmediting/restorers/edvr/edvrm_wotsa_x4_8x4_600k_
—reds_20200522-0570e567.pth \
data/vid4/BIx4/calendar/ \
demo/output \

--window-size=5

BasicVSR:

python demo/restoration_video_demo.py \
configs/basicvsr/basicvsr_2xb4_redsd.py \
https://download.openmmlab.com/mmediting/restorers/basicvsr/basicvsr_redsd_
—20120409-0e599677.pth \
data/vid4/BIx4/calendar/ \
demo/output

IR RFAE  demo/output/ H,

8.6 L5

AT DARE I DA™ i 2 R i AL At

python demo/video_interpolation_demo.py \
CONFIG_FILE} \
CHECKPOINT_FILE \
INPUT_DIR} \
OUTPUT_DIR} \

(Rt
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[-—fps—-multiplier FPS_MULTIPLIER}] \
[-—fps FPS}]

${INPUT_DIR} Fl ${OUTPUT_DIR} W] DA & I 3C 1 B 42 8 A7 i — &R 9 A Iy BRI SC e, 4
${OUTPUT_DIR} ;@S SCF sttt HiitR ] g AMIARIWEEFN fps_multiplier LAY, MAIH fps
HiZgE A EiE ST S ). BT

Hy 5 AR fos_multiplier 2[R g b A s -

python demo/video_interpolation_demo.py \
configs/cain/cain_glb32_1xb5_vimeo90k-triplet.py \
https://download.openmmlab.com/mmediting/video_interpolators/cain/cain_b5_320k_
—vimeo-triple_20220117-647f3de2.pth \
tests/data/frames/test_inference.mpd \
tests/data/frames/test_inference_vfi_out.mp4 \

——fps-multiplier 2.0

1 £os ELHZ 4 fi AU i

python demo/video_interpolation_demo.py \
configs/cain/cain_glb32_1xb5_vimeo90k-triplet.py \
https://download.openmmlab.com/mmediting/video_interpolators/cain/cain_b5_320k_
—vimeo-triple_20220117-647£3de2.pth \
tests/data/frames/test_inference.mp4 \
tests/data/frames/test_inference_vfi_out.mp4 \

——fps 60.0

8.7 EfRAEM

python demo/generation_demo.py \
CONFIG_FILE} \
CHECKPOINT_FILE} \

IMAGE_FILE} \
SAVE_FILE} \
[-—unpaired-path S{UNPAIRED_ IMAGE_FILE ;] \

[-—imshow] \

[-—device GPU_ID}]

WAREE T ——unpaired-path (T CycleGAN) , BEALRE AT ARECH B9 B GBI G . WRAEE T
——imshow , F/RUAFEES] opency iR ER. BT

ARUTNOE TR
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python demo/generation_demo.py \
configs/example_config.py \

work_dirs/example_exp/example_model_20200202.pth \

demo/demo. jpg \
demo/demo_out . jpg

BRI ARBCEdE (H opencv SR 4 ) :

python demo/generation_demo.py

configs/example_config.py \

work_dirs/example_exp/example_model_20200202.pth \

demo/demo. jpg \
demo/demo_out.jpg \
——unpaired-path demo/demo_unpaired.jpg \

——imshow
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cHAPTER 10

#iE 5 ERITMTER

MMEditing 37 17 AN $ks PATPAL A8 i 5.

A XY, BB FMMEditing 7 49 % 54K,
X, APRFB DN AR R TG B
ARG AT

1.

2.

10.

11.

12.

13.

MAE
MSE
PSNR
SNR
SSIM
NIQE

SAD

. MattingMSE

GradientError
ConnectivityError
FID and TransFID
IS and TransIS

Precision and Recall
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14. PPL
15. SWD
16. MS-SSIM

17. Equivarience

10.1 MAE

MAE R BG40 525 . B MAE (R4 040, 26 BB SCrE has in A ic &

val_evaluator = [

dict (type="MAE'),

10.2 MSE

MSE Je FBR I J5 2% . ZAH MSE SEfTPPAG, EAERCE SCUE P A AR Bl

val_evaluator = [

dict (type="'MSE"),

10.3 PSNR

PSNR ZUE(EEME L . FATHISE I J5 23K B https://en.wikipedia.org/wiki/Peak_signal-to-noise_ratio, 32 il PSNR
PEATVPAL, WAL SO AN A Bl

val_evaluator = [

dict (type='PSNR'"),

10.4 SNR

SNR 2{5M Lt FeA1RscIl 5k B https://en.wikipedia.org/wiki/Signal-to-noise_ratio, ZZfdi jj SNR 34734,
TETERCE SO Es A R e
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val_evaluator = [

dict (type='SNR'"),

10.5 SSIM

SSIM JZ K M S5 M AL B, FEENG ot & PP A AR S vl UL PR B 25 R A DU e gt th . AT SR S
https://ece.uwaterloo.ca/~z70wang/research/ssim/'F J5 % fii i) MATLAB OIS AH[R] . 246 ] SSIM #6473 F4%, 57E
L E S H S I AT

val_evaluator = [

dict (type='SSIM'"),

10.6 NIQE

NIQE 2 B R B hfsts, FEHlE T4 Kemaoi PR BOMERTAEEILESE
75 MATLAB i 4H [7] #9 45 5 :http:/live..ece.utexas.edu/research/quality/nige_release.zip. 221 [f] NIQE #Ff 714,
THFEIC B SO AN I AR e

val_evaluator = [

dict (type="NIQE'),

10.7 SAD

SAD 2 FBAK E 4R IRFEA o AEIR T AN QR LR AT QR B . B SAD gEATIEAL, 3
FERCE SCPE A A Bl

val_evaluator = [

dict (type='SAD"),

10.5. SSIM 67
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10.8 MattingMSE

MattingMSE J2 KR K B39 77 5222 . 2] MattingMSE JEFT 3P, 5 EBC B S A s DA TR e A

val_evaluator = [

dict (type='MattingMSE'"),

10.9 GradientError

GradientError & H] T 71l alpha matte 0l (146 B 1% 25 . Bl ] GradientError #F1TIFAl, TH#EBCE SCH R
N

val_evaluator = [

dict (type='GradientError'),

10.10 ConnectivityError

ConnectivityError 42 ffl -7 alpha matte Tl f4 48 PEiR 2 . i Jf] ConnectivityError A 7HPAL , & 7ERCESC
A s m AR Bl

val_evaluator = [

dict (type='ConnectivityError'"),

10.11 FID #0 TransFID

Fréchet #J4A FE 55 52 AN QA 42 2 TRIFH DL BE R BE i . ik B 5 N IR A0 o 1% 0 W A AR 1 A G 12
$5c S P T PR AR ORI AR A o i o FID S 13309 11 307 R 450 [B) 1) Fréchet BRBPRTTIRLRY , GX 2805
W& %0E AT Inception M 28 FUFFHEZ R -

e MMEditing H, FATEEME T WNHUAR FID 158, — A2 % M PyTorch MiiA, 75— T Style-
GAN. [Ali}, FKATHE StyleGAN2-FFHQ1024 A5 7Y vt A8 733k A S B2 [] 1) 22 5 (R4 45 B P DATE X HL 4R
| [https://github.com/open-mmlab/mmediting/blob/main/configs/styleganv2/README.md]), SEiz2, HAL5HE
HUBSAE A P, FeATESON PR AT SE 5 8119 PyTorch A

T PyTorch Jig A il Tero JitA<: # F 1 PyTorch filt4< 3R F & 2l J5 1) InceptionV3 [ 25 12 B ELAIR EIR 4 1E . SR
M, Tero i) FID $53 Tensorflow InceptionV3 [l AAS b, R, WL HIARELSETL PyTorch >=1.6.0 %
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RFRIRETI OB T P, e B ZhE USSR AE DR AT E AL, FAA R AETE T Yl
U B B BAARORTE, FATRARE T S B Re tE S0 B — i (8, I 08 e i (R AR AR P 3
4 FEMR ST, 403 inception_pkl * Y& A K&, Fe A 1675’ MMEDIT_CACHE_DIR ‘(~/.cache/openmmlab/mmedit/)
T HRAZRE . A RR IR BN AW 4G pkl, DIRFPATHR R

Ld ) FID 865, WAERCE SR LA AL

metrics = [
dict (
type='FrechetInceptionDistance',
prefix="'FID-Full-50k',
fake_nums=50000,
inception_style='StyleGAN',

sample_model="ema')

WA — Gl B TR, IRAEATPAE §” MMEDIT_CACHE_DIR’ H#)’ pkl” S04, RFEM1E HEH
MlgnFtiE’ inception_pkl’ “FEZ.

metrics = [
dict (
type='FrechetInceptionDistance',
prefix="FID-Full-50k",
fake_nums=50000,
inception_style='StyleGAN',
inception_pkl=
'work_dirs/inception_pkl/inception_state-capture_mean_cov-full-
—33ad4546£8c9152e4b3bdb1b0c08dbaf.pkl', # copied from old machine

sample_model="ema')

‘TransFID’ 5’ FID’ (¥ ¥EA[A], {H TransFID 2%’ Pix2Pix’ I’ CycleGAN’ ZEFHiFMAA 10y, &)
TRAVW IR . 25 B ERT AS F evaluation.,

10.12 IS 1 TransIS

Inception P42 Pl A= i B T B W A5 45, FELCingillZ: GANs 2 AR H . B4 H— InceptionV3
BRI A= B R 2R A, H ik D WREME R, BRI RR E 2K Hl. 2) iR EG A
HR S ZHE, WERRZEARERERAR . B, MR R K -508 n] ARG 7 2R 1R 4
JREMEZRE. WA PAYE metrics.py’ WE P A SEI, & 357 https:/github.com/sbarratt/inception-score-
pytorch/blob/master/inception_score.py. ARG 1S” FEFRIPAELAL, TE7ERCE ST as A N BC
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# at the end of the configs/biggan/biggan_2xb25-500kiters_cifarl0-32x32.py
metrics = [
XXX,
dict (
type='1IS",
prefix="'IS-50k",
fake_nums=50000,
inception_style='StyleGAN',

sample_model="ema')

T B2, Inception V3 [E4FAN EIG I/ MRS k2 g2 Wi ) 1S PR43. Rt FRATa 2L s
FH A AR #Tero” s script model of Inception V3(II# M I A AL TR B2 torch >= 1.6), F{# ]’ Bicubic’ IH{H
5 Pillow’ JGi.

FR T config, #3A[DAIE " resize_method’ FI’ use_pillow_resize’ JJ T EUG K/ INHTREL , Gt a] PAKE incep-
tion_style” &% E N’ StyleGAN’ HFH#E{EH tero MIRIIARAL, 5%’ PyTorch’ FF torchvision f{SEHl . X%
AHERMAEE, AR AR BAIRAACE , 4% inception_path’ % & A IR .

FATAVEA T B m 2k 45 L AT ZRIY) Inception V3 iRASKT IS Z5SRAF 0. B IS #RAE R —2H K% FidktT
PP, XSG EE 52 M ImageNet $da4E HBEALIE S o

‘TransIS’ 5 IS’ pYHAHE, {H TransIS &% Pix2Pix’ F1’ CycleGAN’ X FERFIIFEALE T, X2
AT PEAL RS . 25 B ] &% evaluation.,

10.13 Precision and Recall

FA1" Precision and Recall” SZHRAE StyleGAN2 f{fi If{HLA . FEIZE R, SR VGG M 455 5 IEA T
FREFEE . AR, FATEBCA &I PyTorch VGG S35 StyleGAN2 Hh il il # Tero JiA ™ A R BIY 45 R «
(KT, WSFERA . ) B, PRI, JATRYCR fTeor” s VGGM s, fREERY R, M
JIX A AR TG ZE PyTorch >= 1.6.07 o ISR AL AERY PyTorch JitAs, FK AT} PyTorch 7 VGG [
ZEUATRMEPREL . ZOEM P&R CHEATIPAYN, SRR E SR s DA

metrics = |

dict (type='PrecisionAndRecall', fake_nums=50000, prefix='PR-50K")

70 Chapter 10. ##2 5: ERIFHER
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10.14 PPL

MAEP A BEAL A Z B PEAFRR (A, BB K M R E S g (H VGGL6 i A ) Z IR 225 . RIZIRYASE
BRE ZMHE— R A T2, BN BT, @ 52mR, 8/ PPL 8RR K E 45
W MR AL, FRATTAE T BN B R BE S, BT A S VGGI6 i A Z 3]
RS, A EAUG, WP RIS -5 SR BAR L W — . SRR WA 23 Al (A B AR 2 4
MR, FRATAT AR A B AR A S B B SO R B IR ZE S SR, I BB AR K B 1 4K
TE SR /2 TCBRAN 4 N A B AR IR, (EAESE B, FRAOTEEH — A/ NRgH 5 $° \epsilon=10~ {-4} s 3k
. H, WIE spaceZ Wi vl At b i i35 BN B AR K R

$$°L_7Z = E[\frac{1l}{\epsilon"2}d(G(slerp(z_1,z_2;t))), G(slerp(z_1,z_2;t+\
epsilon))) ] S$$

PAZEAAIR) 7 ST BT A space W HIIR P ERNER AR I BE -

$$°L_7Z = E[\frac{1}{\epsilon"2}d(G(slerp(z_1,z_2;t))), G(slerp(z_1,z_2;t+\
epsilon))) ] S$$

M Sz 1, z_2 \sim P(z) S, WREAIKE sanpling y full, M $° t \sim U(0,1) s, MR
HE sampling Hend, W $° t \in \{0,1\} $.$" G s 24WgrGe $° g \circ £ $ [T style-
based [f4%), $° d(.,.) s AT IHHEEREGZRGERMEE. FATHETE 100,000 MEAETTHEIE (fF
AR num_images  “iXE A 50,000),

TR PAYE metrics.py’ HH 3R B SEREYSEEL, 255 https://github.com/rosinality/stylegan2-pytorch/blob/master/ppl.py .
QAR EARfT A PPLY FEARVPARBAY, EFERDE SO SN AT e

# at the end of the configs/styleganv2/styleganZ_c2_ffhq 1024_b4x8.py
metrics = [
XXX,

dict (type='PerceptualPathLength', fake_nums=50000, prefix='ppl-w')

10.15 SWD

D) )1 Wasserstein i 5 & A 28 70 11 19 25 S B2 i, BB/ ROR AR Ry EROBEL S, FRATT ARG A
PR B0 B 307 4 7 3K, R AL B 4 o 3K R 3R BUNSAE N B A AT, AR5 T DA o 3R O 52
A4l &R 75 U1 R () Wasserstein [ B 5% 1157 SWD. #50] DAFE metrics.py” "B B e B ML, %
https://github.com/tkarras/progressive_growing_of _gans/blob/master/metrics/sliced_wasserstein.py. {1 F 4348 i J1°

SWD’ $EARIPAAEAL, GEERCE SCIF AP A A il

# at the end of the configs/dcgan/dcgan_1xbl28-5epoches_Ilsun-bedroom-64x64.py
metrics = [

dict (

(Qi¥i#3)
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(£ 50

type="'SWD',
prefix="'swd',
fake_nums=16384,
sample_model='orig',

image_shape=(3, 64, 64))

10.16 MS-SSIM

R 22 ROBE S5 ¥ M 0L 2 oF Al 2t I P4 i ABLRE . FRATTAE X BLAE . MIS-SSIM. k¢ il 15t A= 1 B 4 1) 2
R, MS-SSIM 15343 i % 7w 28 UM 1) 2 B . FSPT DATE metrics.py’ HOF B 2B LI, &%
https://github.com/tkarras/progressive_growing_of _gans/blob/master/metrics/ms_ssim.py. 405 #&AEff# ] * MS-SSIM’
FERR AR, ARG & SO s in DA T

# at the end of the configs/dcgan/dcgan_1xbl28-5epoches_1lsun—-bedroom-64x64.py
metrics = [
dict (
type="MS_SSIM', prefix='ms-ssim', fake_nums=10000,

sample_model='orig'")

10.17 Equivarience

A SR ) S R R AR AL E AR R T LA AR e i Bt . H X AR bR HEEXT StyleGANV3 15, 0] DATE”
metrics.py’ HPEF|SEEE) LI, S5 https://github.com/NVlabs/stylegan3/blob/main/metrics/equivariance.py . U1
R Equivarience” fEARTPARIEAY, EFERCE SCA I PA T Bl

# at the end of the configs/styleganv3/stylegan3-t_gammal.(0_8xb4-fplé-noaug_ffhg-
—256x256.py
metrics = [
dict (
type='Equivariance',
fake_nums=50000,
sample_mode='ema',
prefix="EQ',
eq_cfg=dict (

compute_eqgqt_int=True, compute_eqt_frac=True, compute_eqr=True))
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cHAaPTER 11

Hi26: AL (FFEH)
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cHAPTER 12

HE7: TAIER (FE#H)

FATE tools/ HFE MR TREA MM T A

12.1 3%E FLOP fn& & (Sciats)

FATHRAMHL T — A gw B flops-counter.pytorch [ IS 1B A ALY FLOP FIZS 4k & .

python tools/get_flops.py CONFIG_FILE} [—-—shape INPUT_SHAPE }]

B,

python tools/get_flops.py configs/resotorer/srresnet.py —-shape 40 40

RGN ISR

Input shape: (3, 40, 40)
Flops: 4.07 GMac
Params: 1.52 M

P LTV TSERMBE, Rl RIERCT IR . (AT DLRLES I T A IR, (BAE AT A it S
RIEZH, WIFAREE.

(1) FLOPs S AJEARA %, MSHE SMAICRTCK . BN ATER N (1, 3, 250, 250), (2) —SEz B A7
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A FLOP, 1 GN fllH & LB AF. RATPAEISB N mmcv/cnn/utils/flops_counter.py FESMIXIH
BT S R

12.2 ZHiEE

TERHRAA AL 3] AWS ZHT, BTRERG 2 (1) R F44 CPU tensors, (2) MIERILALARIRAS, A1 (3) 1155
RIRUAS H SCAF PR W A R A ID I 21 S0P

python tools/publish_model.py INPUT_FILENAME OUTPUT_FILENAME

B,

python tools/publish_model.py work_dirs/example_exp/latest.pth example_model 20200202.
<~>pth

B 2t 442 8 example_model_20200202—-{hash id}.pth.

12.3 #4:7 ONNX (sc381%)

FATROE T — DA ARy ONNX AR, et 5 AR AT Al i Netron 88 T HAEATAIHAL. BEAh, &
138 34 H X Pytorch I ONNX ASAY 2 [y Hh 4551 .

python tools/pytorch2onnx.py

CFG_PATH} \

CHECKPOINT_PATH} \

MODEL_TYPE} \

IMAGE_PATH;} \
——trimap-path ${TRIMAP_PATH} \
——output-file ${OUTPUT_ONNX/} \
——show \

——verify \

——dynamic-export

SR
* config: UL E IR
* checkpoint : BRI SCIFHEER
e model_type : FeE ORI $£Ti: inpainting, mattor, restorer, synthesizer,
* image_path: F AEGSCIFRIEAE.
* ——trimap-path: fi A=JCEISCIFREEAE, 1T mattor FZ,

e ——output-file: #jH ONNX BB %12, BRIAH tmp.onnx,
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https://github.com/open-mmlab/mmcv/blob/master/mmcv/cnn/utils/flops_counter.py
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« ——opset-version: ONNX opset fiiZ<. BRiAH 11,

* ——show: fifi € 2717 B SR 2L . BRIAK False.

» ——verify: HiE R HIE T AR EF . BRIACH False.

* ——dynamic-export: i€ &3 H A ZhAH ARG 1R ONNX AL, ERIAH False.
1 T AANAE TSR B, H R SCRAELE B SO FNTIAER S mattor fil restorer,

12.3.1 ZHSHF ONNX piRBF|=R

FERAH T ARIERT S ] ONNX J-A[¥E ONNX Runtime H1iz 77 AgHIAL
W
o VAL BT R AR 34¢ K Pytorch==1.6.0 %= onnxruntime==1.5.1
o QUERGEGEF] ETHA BB ATAT AR, A issue, FRATRIPALEE . XTI R AL E A
Z, Wi BT

o BT SR PRI HT RES PO, IR A AR M S mmev Al mmedit .,

12.4 J% ONNX #ihh TensorRT (Scigit)

FATEFRE TR ONNX BLARUFEAR A TensorRT A8 IA . oAb, FATTSCRp LA ONNX Fil TensorRT 45212
[EILBERTERE

python tools/onnx2tensorrt.py
CFG_PATH} \
MODEL_TYPE} \
IMAGE_PATH} \
INPUT_ONNX;} \
-——trt-file OUT_TENSORRT } \
—-—-max—shape INT INT INT INT \
—-min-shape INT INT INT INT \

—-workspace—-size INT \

-—fpl16 \
——show \
——verify \
——verbose
SHLIA -

e config: *ﬁﬁgﬁ,ﬁiﬁ:%%féo
e model_type : BLE CHMBEAIZKRAL ) $Ti: inpainting, mattor, restorer, synthesizer,

» img_path: i A BB ORISR .
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* onnx_file: #ii A ONNX LI IEAR

o ——trt—file: ¥y TensorRT BB I%1E, BRIAH tmp.trt,

* ——max-shape : R A HKIEIR.

+ ——min-shape : BA AR E/INEAR

* ——workspace-size: PA GiB NI EHRK TAEZRIA/N. BIAK 1 GiB.

o ——fpl6: Wi PA fpl6 izl 51} TensorRT., 2RiAHK False.

e ——show: i€ &7 B/~ ONNX Fll TensorRT B H . BRIAKH False,

« ——verify: HiE @B RIE T MR IERTE . BIAH False.

» ——verbose: ffiFETEQ]H TensorRT 5K MR HEHE . BRiAK False,

W T HVT RO B, FOAIR SR 3L (i SGE A RATBAE N L4 restorer, 7EAAK SR-
CNN ) ONNX 4, + SCRNN FEZ ) ‘bicubic’ >k ‘bilinear’ [ 4b](https://github.com/open-
mmlab/mmediting/blob/764e6065e315b7d0033762038fcbfObb1c570d4d/mmedit.bones/modelsrnn py#L.40) . [K K
TensorRT H Fij /A 3 bicubic #Hfl, FZMERERF T2 4%,

12.4.1 TS HF) TensorRT BYEEFIR

MRS T ARUERT 3 1 3 TensorRT 5% A 7E TensorRT Hz4 iR AL .
bl o
o VA_EFRA AR ¥4% A Pytorch==1.8.1. onnxruntime==1.7.0 %= tensorrt==7.2.3.4 #47 iM%
o QUARGGEE) B S AR AR A, e, AT PR X TR R AR S A
5, W AT
© BT IR LI T BT R P T B, PR R A 2 BB i mmev il mmediit .,

12.5 {5 ONNX #0 TensorRT &% (3igf4)

FATLE tools/deploy_test.py FHAL T Il TensorRT Fl ONNX AU 1 ¥k .

12.5.1 SoREZH

3OPE {5 ONNX  f1  TensorRT A #, |V 2¢ % 3 onnx, onnxruntime #F1  TensorRT. &
&  mmev P ) ONNXRuntime 1 [mmev  H )  TensorRT 4 {4 1(https://github.com/open-
mmlab/mmcv/blob/master/docs/tensorrt_plugin.md%EF%BC%89%E4%BD %BF%E7%94% A8 ONNXRuntime

H & X HAEFN TensorRT #4455 mmev-£full,
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12.5.2 Hix

python tools/deploy_test.py \
CONFIG_FILE} \
MODEL_PATH} \
BACKEND } \
——out OUTPUT_FILE \
—-—-save-path SAVE_PATH} \

—-———cfg-options CFG_OPTIONS} \

12.5.3 S¥i%EH:

* config: BIAELE TR,

* model: TensorRT & ONNX AL 642 .

e backend: T MARAY GG, 145 tensorrt B onnxruntime,

* ——out: pickle % =CH i th 45 R SR BR AR -

« —-save-path: fEEIRIEEEE, MARLASAL, WASRERR.

» ——cfg-options: FHRMMMECE SRR —LBCE, xxx=yyy KR BB R0 1 2 e B S0
Fre

12.5.4 G5RF0ER

W

* i ONNX FI TensorRT HERUAR G Lcda e _EREhSTEARIEATIFA,  PRARNE IS e B SO AT idk
.

o WTAMET IR B, FATH AR restorer,
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cHAPTER 13

#HiE 8: HEAEIER

MMDeploy & OpenMMLab 3583 )%, 1715 4% MMClassification, MMDetection, MMEditing 27 [N i) 455
VEFERIERE TAE. HRATPAMGX B 3B MMDeploy % MMClassification 7328 57 32 14 55 57 S0k

ASCHYZEF AR -

DES

A

° %7

b

o AR I

o AT

o AR IR
- JEinAR R e
- SDK #3713 52

o B F I K

13.1 23

W52 M i 2% mmedit, SR)5, $ IR DI 2% mmdeploy .

il WSR2 mmdeploy T4 13, AR AIFE T ¢ git clone https://github.com/open-mmlab/mmdeploy.git
—depth=1" "~ %k mmdeploy Jifih. PHh el T 08 i F 2] a4
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13.2 REVER

e %L %, mmediting Fl mmdeploy RS EFERIZL H ST, I H 241709 TAE H 5k 4 mmediting AR H
5%, R4 0L ESRGAN BiRUR ], AR A AR % 2 checkpoint, I H DA R AR RF 2 #4484 onnx 45
7

from mmdeploy.apis import torchZonnx

from mmdeploy.backend.sdk.export_info import export2SDK

img = 'tests/data/image/face/000001.png’

work_dir = 'mmdeploy_models/mmedit/onnx’'

save_file = 'endZend.onnx'

deploy_cfg = '../mmdeploy/configs/mmedit/super-resolution/super-resolution_

—onnxruntime_dynamic.py'

model_cfg = 'configs/esrgan/esrgan_psnr-x4c64b239g32_1xb16-1000k_div2k.py'
model_checkpoint = 'esrgan_psnr_x4c64b23g32_1x16_1000k_div2k_20200420-bf5c993c.pth'
device = 'cpu'

# 1. convert model to onnx
torch2onnx (img, work_dir, save_file, deploy_cfg, model_cfg,

model_checkpoint, device)

# 2. extract pipeline info for inference by MMDeploy SDK
export2SDK (deploy_cfg, model_cfg, work_dir, pth=model_checkpoint, device=device)

PR R — R IERAECE SCE . BTH e W E T4 e AR I . U a4 R

{task}/{task}_{backend}-{precision}_{static | dynamic}_{shape}.py

Hrp
o {task}: mmedit TS5
* {backend}: #:¥ 544 HR. LA, onnxruntime. tensorrt, pplnn, ncnn. openvino, coreml 555
o {precision}: #fEFAEE . FLhn, fpl6. int8. ANIEHFIR fp32
« {static | dynamic}: Zh55. S shape
* {shape}: #%%4%5 A Y shape o shape {5

e B S AR AT PAE ESRGAN H Hofth J5 i A, Ll super-resolution_tensorrt—fpl6_dynamic—-32x32-5
py, fEBIAYEER tensorrt-fpl6 7Y,

INEEYG: 24%E tensorrt FLAIE, —device TR X E N “cuda”
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13.3 RBHE

e A e BB A THERE 2 B, A B T AR A RIS . EAFIIE ——work—dir FEEMIBEAZT .

EFIF ) mmdeploy_models/mmedit/onnx, ZEMUNTR:

mmdeploy_models/mmedit/onnx
— deploy.json

— detail.json

— end2end.onnx

L— pipeline.json

HENE:
 end2end.onnx: H#EFE5 |4 {4, W]} ONNX Runtime #EH

* xxx.json: mmdeploy SDK #E¥ fif F5 1 meta {5 5

A A Je Al E Ch mmdeploy SDK model. #752 , mmdeploy SDK model BEAFRHERES 4, 45
meta {5 E..
13.4 ERHE
13.4.1 [SintE By
PA_EIARAUEAR S end2end . onnx HBI, VRATDARE A AN AT EA T4 R -
from mmdeploy.apis.utils import build_task_processor
from mmdeploy.utils import get_input_shape, load_config
import torch
deploy_cfg = '../mmdeploy/configs/mmedit/super—-resolution/super-resolution_
—onnxruntime_dynamic.py'
model_cfg = 'configs/esrgan/esrgan_psnr-x4c64b23g32_1xbl16-1000k_div2k.py"
device = 'cpu'
backend_model = ['mmdeploy_models/mmedit/onnx/end2end.onnx']
image = 'tests/data/image/lg/baboon_x4.png'
# read deploy_cfg and model_cfg
deploy_cfg, model_cfg = load_config(deploy_cfg, model_cfqg)
# build task and backend model
task_processor = build_task_processor (model_cfg, deploy_cfg, device)
model = task_processor.build_backend_model (backend_model)
Q¥
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# process input image
input_shape = get_input_shape (deploy_cfqg)

model_inputs, _ = task_processor.create_input (image, input_shape)

# do model inference
with torch.no_grad() :

result = model.test_step (model_inputs)

# visualize results

task_processor.visualize (
image=image,
model=model,
result=result[0],
window_name='visualize',

output_file='output_restorer.bmp')

13.4.2 SDK &R

BT AZ AR AU, X SDK model HEATHER :

from mmdeploy_python import Restorer

import cv2

img = cv2.imread('tests/data/image/lqg/baboon_x4.png')

# create a predictor

restorer = Restorer (model_path="'mmdeploy_models/mmedit/onnx', device_name='cpu', .
—device_1d=0)

# perform inference

result = restorer (img)

# visualize inference result

cv2.imwrite ('output_restorer.bmp', result)

%7 python API, mmdeploy SDK i 424t 71441 C. C++. CH#. Java ZEZ1EZ R0, VR PAS % FE6II2 > Hifth
BB ORI,
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13.5 REIZFIIR

13.5. WEZHIIR
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91



MMEditing

92

Chapter 16. ¥iET4biB2E (#HF#H)



CHAPTER 17

#HiER (FrEH)

93



MMEditing

94

Chapter 17. #igi% ($EH)



cHAPTER 18

BEXER (FFEH)

95



MMEditing

96

Chapter 18. B%EX#E (FEH)



cHAPTER 19

BEXBES (FFEH)

97



MMEditing

98

Chapter 19. BEXHIEE (HF#H)



cHAPTER 20

BEXHETALIERIE (FFEH)

99



MMEditing

100 Chapter 20. B X EiEFLERE (FF5EH)



CHAPTER 2 1

WMMAigit B 2 WK E 5

losses fF MMEditing /R LOSSES. 7 MMEditing %1t [ CRYH K E%L, A BEHIZE MMEditing 1
B SATA HAWBIR AL . A FZ RN T WTHE MMEditing H 528 H 2 SCRH R R ARSORE LR
TESEIL H 8 SRR R AT, B A% AR AR BORAH A, X RELE R ATT A HE 22 o (4 FH A5 e SCI 48 2k R R,
BN TR EA MY AR

ES LRk TE
o TR B TR R B

- LFWK BHEAB

— AN AR R FE
* MSELoss [1]—~] 1
* DiscShiftLoss []—/™ 3T
* GANWIithCustomizedLoss f{— ™31

— TR K FHA
* AL R S

* IR R
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21.1 ZHEIBKRE RN B

AT AR, G80] DAE A AT AR R R SR BOA M S TR, 40 Isgan, biggan. styleganv2 4§,
PA stylegan2 JNffil, FAIMEAH R BEEERTIAIZE Bias B AR K B IE WML AE R aT BCE 4 0%, ) P o] DAVRI AR 56
ZH, W rl_loss_weight il g_reg_weight,

# stylegan2_base.py

loss_config =dict (
rl_loss_weight=10, / 2. * d_reg_interval,
rl_interval=d_reg_interval,
norm_mode="HWC',
g_reg_interval=g_reg_interval,
g_reg_weight=2, * g_reg_interval,

pl_batch_shrink=2)

model=dict (
type='StyleGAN2',
XXX,

loss_config=loss_configqg)

21.2 ®it—1 "R R E

21.2.1 MSELoss BJ— 5%

— R, BRI, OISR E R, R HREH K E. LA MSELoss S

@masked_loss
def mse_loss (pred, target):

return F.mse_loss (pred, target, reduction:'none')

@LOSSES.register_module ()
Class MSELoss (nn.Module) :

def __init__ (self, loss_weight=1.0, reduction='mean', sample_wise=False):
# R 7 P A mmedit/models/losses/pixelwise_loss.py "~ # # F|

def forward(self, pred, target, weight=None, **kwargs):
# RE F P A mmedit/models/losses/pixelwise_loss.py " H & F|

AR A R ALY 5 S, FRATBUAE T DATR] Bt i e A i S i SO R -
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pixel_loss=dict (type='MSELoss', loss_weight=1.0, reduction='mean')

TR, EIRY pixel loss MMIERIZIHE L. PEFIHSH A < UL, 5 A& B, N T 4
HOLHRHAR RS, BHREARE G mmedit/models/losses/__init_ .py H5 ALK EE.

21.2.2 DiscShiftLoss #—45l¥F

kYL, BB MR, TSR T R, R RSB E . Hg, 7E MMEditing 1,
FAHRAE T 5 — G i$E 0 data_info I P SCHY A S BRI I 18] 1 WLSg .

@weighted_loss
def disc_shift_loss (pred) :

return pred**2

@MODULES.register_module ()
Class DiscShiftLoss (nn.Module) :

def __init__ (self, loss_weight=1.0, data_info=None) :
super (DiscShiftLoss, self).__init__ ()

# R T Pl &£ mmedit/models/losses/disc_auxiliary_loss.py ~ # #& 3|

def forward(self, *args, **kwargs):

# R 7 Pl £ mmedit/models/losses/disc_auxiliary_loss.py "~ # # F|

BRI 1) H b SUVFFE A A (MODELS) W HEh e, i Joms HoAh B 2% AU of e SR
PSR B RWL . AL, 5 OpenMMLab H it HAHEZUAN ], FRATT A 05 S AT b A0 35 —NRpIR Y % B 7
data_info, B2 E U A SRS A U 2 R 7. DA DiscshiftLoss M, M4 S
BCESCPRI, ATRES HIEDXAS loss, 417

dict (type='DiscShiftLoss',
loss_weight=0.001 * 0.5,
data_info=dict (pred='disc_pred_real'))

data_info F{E B4/ ] disc_pred_real BURIEN pred 8 ASkE . —H data_info
ANH None, AR RAHCR: A S @ E R .

@MODULES . register_module ()

class DiscShiftLoss (nn.Module) :

def __init__ (self, loss_weight=1.0, data_info=None) :
super (DiscShiftLoss, self).__init__ ()
self.loss_weight = loss_weight

self.data_info = data_info

(Rt
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def forward(self, *args, **kwargs):
# use data_info to build computational path
if self.data_info is not None:
# parse the args and kwargs
if len(args) == 1:
assert isinstance(args[0], dict), (
'You should offer a dictionary containing network outputs '
'for building up computational graph of this loss module.')
outputs_dict = args[0]
elif 'outputs_dict' in kwargs:
assert len(args) == 0, (
'If the outputs dict is given in keyworded arguments, no'
' further non-keyworded arguments should be offered."')
outputs_dict = kwargs.pop('outputs_dict")
else:
raise NotImplementedError (
'Cannot parsing your arguments passed to this loss module.'
' Please check the usage of this module')
# link the outputs with loss input args according to self.data_info
loss_input_dict = {
k: outputs_dict[v]
for k, v in self.data_info.items ()
}
kwargs.update (loss_input_dict)
kwargs.update (dict (weight=self.loss_weight))
return disc_shift_loss (**kwargs)
else:
# if you have not define how to build computational graph, this
# module will just directly return the loss as usual.

return disc_shift_loss(*args, weight=self.loss_weight, **kwargs)

@staticmethod
def loss_name() :

return 'loss_disc_shift'

i SR, —HH P IRE T “data_info”, fARBEHCRCE]— AL B A 0 SRR AR B Tl %
TR R Y “MODELS” fgfit. Wity E R 7 2R, WIBLF AR — SRR
IR PS8, W a4 8 outputs_dict.
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21.2.3 GANWithCustomizedLoss BJ—/ 5| F

N TR, A A2 fe A S A PR . AP EREAT AT A Y, AR B BRI A R
EABLBER B b, FRATERX BLARIL T — A% X GANWithCustomizedLoss HRERX M HE,

class GANWithCustomizedLoss (BaseModel) :

def _ _init__ (self, gan_loss, disc_auxiliary_loss, gen_auxiliary_loss,
*args, **kwargs):
#
if gan_loss is not None:
self.gan_loss = MODULES.build(gan_loss)
else:

self.gan_loss = None

if disc_auxiliary_loss:
self.disc_auxiliary_losses = MODULES.build(disc_auxiliary_loss)
if not isinstance(self.disc_auxiliary_losses, nn.ModulelList):
self.disc_auxiliary_losses = nn.ModuleList (
[self.disc_auxiliary_losses])
else:

self.disc_auxiliary_loss = None

if gen_auxiliary_loss:
self.gen_auxiliary_losses = MODULES.build(gen_auxiliary_loss)
if not isinstance(self.gen_auxiliary_losses, nn.Modulelist):
self.gen_auxiliary_losses = nn.ModuleList (
[self.gen_auxiliary_losses])
else:

self.gen_auxiliary_losses = None

def train_step(self, data: dict,

optim_wrapper: OptimWrapperDict) —-> Dict[str, Tensor]:

# get data dict to compute losses for disc

data_dict_ = dict(
iteration=curr_iter,
gen=self.generator,
disc=self.discriminator,
disc_pred_fake=disc_pred_fake,
disc_pred_real=disc_pred_real,
fake_imgs=fake_imgs,

real_imgs=real_imgs)
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loss_disc, log_vars_disc = self._get_disc_loss(data_dict_)

def _get_disc_loss(self, outputs_dict):
# Construct losses dict. If you hope some items to be included in the
# computational graph, you have to add 'loss' in its name. Otherwise,
# items without 'loss' in their name will just be used to print
# information.
losses_dict = {}
# gan loss
losses_dict['loss_disc_fake'] = self.gan_loss(
outputs_dict['disc_pred_fake'], target_is_real=False, is_disc=True)
losses_dict['loss_disc_real'] = self.gan_loss(

outputs_dict['disc_pred_real'], target_is_real=True, is_disc=True)

# disc auxiliary loss
if self.with_disc_auxiliary_loss:
for loss_module in self.disc_auxiliary_losses:
loss_ = loss_module (outputs_dict)
if loss_ is None:

continue

# the "loss_name ()  function return name as 'loss_xxx'
if loss_module.loss_name () in losses_dict:

losses_dict[loss_module.loss_name (

)] = losses_dict[loss_module.loss_name ()] + loss_
else:
losses_dict[loss_module.loss_name ()] = loss_
loss, log_var = self.parse_losses(losses_dict)

return loss, log_var

TEXH, _get_disc_loss FfHFIl A S G FHR KR EL

PRt R B AR ) MW R 5 SR, it ] DATE AR SR A )1 5 o AR — it ok, T wp Az A
PEATHAE N, R EAERCE S E X data_info BN,
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21.3 ST RAMKEH

FAFERCE F S T R R B, R Frs.

21.3.1 EHRKEL

# dic gan

loss_gan=dict (
type='GANLoss',
gan_type='vanilla',

loss_weight=0.001,

# deepfillvl

loss_gan=dict (
type='GANLoss',
gan_type="wgan',
loss_weight=0.0001,

# deepfillv2

loss_gan=dict (
type='GANLoss',
gan_type='hinge',
loss_weight=0.1,

# aot-gan

loss_gan=dict (
type='GANLoss',
gan_type='smgan',

loss_weight=0.01,

# deepfillvl
loss_gp=dict (type='GradientPenaltyLoss', loss_weight=10.)

# deepfillvl
loss_disc_shift=dict (type='DiscShiftLoss', loss_weight=0.001)
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# dim

loss_comp=dict (type="'CharbonnierComplLoss', loss_weight=0.5)

# dic gan

feature_loss=dict (
type="'LightCNNFeatureLoss',
pretrained=pretrained_light_cnn,
loss_weight=0.1,

criterion="11")

# dic gan

pixel_loss=dict (type='LlLoss', loss_weight=1.0, reduction='mean')

# dic gan

align_loss=dict (type="'MSELoss', loss_weight=0.1, reduction='mean')

# dim
loss_alpha=dict (type="'CharbonnierLoss', loss_weight=0.5)

# partial conv
loss_tv=dict (
type="'MaskedTVLoss',

loss_weight=0.1

# real_basicvsr

perceptual_loss=dict (
type="'Perceptualloss',
layer_weights={

'2': 0.1,
'7': 0.1,
'16': 1.0,
'25': 1.0,
'34': 1.0,

by

vgg_type='vggl9',
perceptual_weight=1.0,
style_weight=0,

norm_img=False)
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# ttsr

transferal_perceptual_loss=dict (
type='TransferalPerceptualloss',
loss_weight=1le-2,
use_attention=False,

criterion="mse")

21.3.2 fRRE AN

X “GANWithCustomizedLoss”, FRAIHAL T LR E B & UK.
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23.1

* FIZACEAE: 122
o PLE AL 0
* B3 31

- ALGORITHM: 33
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B 324 A

241 B

* BN 2
o BCE IGO0
< I 1
- ALGORITHM: |

24.2 Disco Diffusion (2022)

Disco Diffusion

E55: EISCAE AL, R B R T, 3 RS

24.21 =
Disco Diffusion(DD) J&—~ Google Colab it 4%, & F] i —fhnlfi CLIP-Guided Diffusion (1) A\ T2 G5B E1% 4 1,
A, AR S A RS 5 A B RS EIE .

1 Somnai €)%, H Gandamu 23, F7577F RiversHaveWings. nshepperd Fli4% HAth A TAEZ . EL4
5 I, Credits,
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https://github.com/alembics/disco-diffusion
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2422 ERE54HE

FATCLHAR TILA unet BIRLE, FHHRBUNICMECE SR, 7E Tutorial ] AF B L KT AL unet Y
Ay

24.2.3 %753

o [x] ESCE AL

* [X] KB RR 0 EE

* [x] Imagenet, portrait § EE 7

c NBREIR, K, BILI/NERY B

[0 SCRF R GE R

(0 SCRPIARAE J8

[ SCHF R RAEAR (plms, dpm-solver 45)
FRATAR AL DX 77 3353 26301 H A ] HoAAT R Y AR

24.2.4 Quick Start

IBATPAT A, ARATDASE I SCA A AR

from mmengine import Config, MODELS
from mmedit.utils import register_all_modules

from torchvision.utils import save_image

register_all_modules ()

disco = MODELS.build(
Config.fromfile ('configs/disco_diffusion/disco-baseline.py') .model) .cuda() .eval /()
text_prompts = {
0: [
"A beautiful painting of a singular lighthouse, shining its light across a.
—tumultuous sea of blood by greg rutkowski and thomas kinkade, Trending on.
—artstation.",

"yellow color scheme"

}

image = disco.infer(
height=768,
width=1280,
text_prompts=text_prompts,

(Rt
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(£ 50

show_progress=True,
num_inference_steps=250,
eta=0.8) ['samples']

save_image (image, "image.png")

24.2.5 2

%E5] disco-diffusion W&V AIHIIISHL, el M 205 T —4 jupyter-notebook/colabffj#AE,
JER T RIS HE L, I N AL . 3554 Disco Sheet,

24.2.6 1575

Since our adaptation of disco-diffusion are heavily influenced by disco colab, here we copy the credits below.

Modified by Daniel Russell (https://github.com/russelldc, https://twitter.com/danielrussruss) to include (hopefully) opti-

mal params for quick generations in 15-100 timesteps rather than 1000, as well as more robust augmentations.

Further improvements from Dango233 and nshepperd helped improve the quality of diffusion in general, and especially

so for shorter runs like this notebook aims to achieve.

Vark added code to load in multiple Clip models at once, which all prompts are evaluated against, which may greatly

improve accuracy.

The latest zoom, pan, rotation, and keyframes features were taken from Chigozie Nri’ s VQGAN Zoom Notebook

(https://github.com/chigozienri, https://twitter.com/chigozienri)
Advanced DangoCutn Cutout method is also from Dango223.
Disco:

Somnai (https://twitter.com/Somnai_dreams) added Diffusion Animation techniques, QoL improvements and various

implementations of tech and techniques, mostly listed in the changelog below.

3D animation implementation added by Adam Letts (https://twitter.com/gandamu_ml) in collaboration with Somnai.

Creation of disco.py and ongoing maintenance.
Turbo feature by Chris Allen (https://twitter.com/zippy731)

Improvements to ability to run on local systems, Windows support, and dependency installation by HostsServer

(https://twitter.com/HostsServer)

VR Mode by Tom Mason (https://twitter.com/nin_artificial)
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https://githubtocolab.com/open-mmlab/mmediting/blob/main/configs/disco_diffusion/tutorials.ipynb
https://docs.google.com/document/d/1l8s7uS2dGqjztYSjPpzlmXLjl5PM3IGkRWI3IiCuK7g/edit
https://colab.research.google.com/github/alembics/disco-diffusion/blob/main/Disco_Diffusion.ipynb#scrollTo=License

MMEditing

Horizontal and Vertical symmetry functionality by nshepperd. =~ Symmetry transformation_steps by huemin
(https://twitter.com/huemin_art). Symmetry integration into Disco Diffusion by Dmitrii Tochilkin

(https://twitter.com/cut_pow).
Warp and custom model support by Alex Spirin (https://twitter.com/devdef).

Pixel Art Diffusion, Watercolor Diffusion, and Pulp SciFi Diffusion models from KaliYuga
(https://twitter.com/KaliYuga_ai). Follow KaliYuga’ s Twitter for the latest models and for notebooks with spe-

cialized settings.

Integration of OpenCLIP models and initiation of integration of KaliYuga models by Palmweaver / Chris Scalf
(https://twitter.com/ChrisScalf11)

Integrated portrait_generator_v001 from Felipe3DArtist (https://twitter.com/Felipe3DArtist)

24.2.7 Citation

@misc{github,
author={alembics},
title={disco-diffusion},
year={2022},
url={https://github.com/alembics/disco-diffusion},
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ElgE

25.1 it

* BN 2
o BCE IGO0
< I 1
- ALGORITHM: |

25.2 NAFNET (ECCV’ 2022)

fE%5: KGR

Qarticle{chen2022simple,
title={Simple Baselines for Image Restoration},

author={Chen, Liangyu and Chu, Xiaojie and Zhang, Xiangyu and Sun, Jian},
journal={arXiv preprint arXiv:2204.04676},
year={2022}

Note:
o PEhEER a(b) 1, a A H MMEditing i &, b 3R JEE SCHEfL.
« PSNR 27 RGB il i ¥4l .
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* SSIM J&-F-¥J1) 73 5lAE RGB il iE PEALAY SSIM, 1l J5E SCHH T 3D f) SSIM B RS — 1A «

25.2.1 '[REFIE

VI
BERTRAGE I LA iy 2 A Rz

## crU_L )| %

CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/nafnet/nafnet_
—C64eb2248mb12db2222_8xb8-1rle-3-400k_sidd.py

## B AGPU L I %
python tools/train.py configs/nafnet/nafnet_c64eb2248mbl12db2222_8xb8-1rle-3-400k_sidd.
—PYy

## % Neru L I %
./tools/dist_train.sh configs/nafnet/nafnet_c64eb2248mbl12db2222_ 8xb8-1rle-3-400k_sidd.

WL 0] LS train_test.md [ Train a model #5453 .
Wl
T DA DA i 2o U

## cpU L I i
CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/nafnet/nafnet_
—»Cc64eb2248mb12db2222_8xb8-1rle-3-400k_sidd.py /path/to/checkpoint

## ¥ NGru kil R
python tools/test.py configs/nafnet/nafnet_c64eb2248mb12db2222_8xb8-1rle-3-400k_sidd.
—py /path/to/checkpoint

## % AcPul &,
./tools/dist_test.sh configs/nafnet/nafnet_c64eb2248mbl12db2222_8xb8-1rle-3-400k_sidd.
—py /path/to/checkpoint 8

PGB R e £ FA%, USSR, WEA ] PAZ#% train_test.md H11#] Test a pre-trained model 754 .
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EIRIKE

26.1

* BONGACE AL 9
o PLE AL 0
WS 3

- ALGORITHM: 3

26.2 GCA (AAAI’ 2020)

fE%5: EGHKIE

@inproceedings{1i2020natural,
title={Natural Image Matting via Guided Contextual Attention},
author={Li, Yaoyi and Lu, Hongtao},
booktitle={Association for the Advancement of Artificial Intelligence (AAAI)},
year={2020}

Feflg R
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26.2.1 'REEFIE

Ik
BERTLAGE I AT iy & R Rz .

## cpU L il %
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/gca/gca_r34_4xbl10-200k_complk.py

## B ANGPUL I &
python tools/train.py configs/gca/gca_r34_4xb10-200k_complk.py

## % MGPUL I %
./tools/dist_train.sh configs/gca/gca_r34_4xbl10-200k_complk.py 8

LT R PLE % train_test.md 71 Train a model 7545,
LT
AT DA FH PAT A 2ok e

## CPUL M

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/gca/gca_r34_4xb10-200k_complk.py_
—https://download.openmmlab.com/mmediting/mattors/gca/gca_r34_4x10_200k_complk_SAD-
—33.38_20220615-65595£f39.pth

## B ~GPUL Il WK

python tools/test.py configs/gca/gca_r34_4xbl10-200k_complk.py https://download.
—openmmlab.com/mmediting/mattors/gca/gca_r34_4x10_200k_complk_ SAD-33.38_20220615-
<,65595£39.pth

## % N GPULE N R

./tools/dist_test.sh configs/gca/gca_r34_4xb10-200k_complk.py https://download.
—openmmlab.com/mmediting/mattors/gca/gca_r34_4x10_200k_complk_ SAD-33.38_20220615-
—65595£39.pth 8

2 YA DA train_test.md (1) Test a pre-trained model %54 .

26.3 IndexNet (ICCV’ 2019)

155 EBAKIE

@inproceedings{hao2019indexnet,
title={Indices Matter: Learning to Index for Deep Image Matting},

author={Lu, Hao and Dai, Yutong and Shen, Chunhua and Xu, Songcen},

(T oUdkss)
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booktitle={Proc. IEEE/CVF International Conference on Computer Vision (ICCV) },
year={2019}

The performance of training (best performance) with different random seeds diverges in a large range. You

may need to run several experiments for each setting to obtain the above performance.

Feflgh R

26.3.1 'REEFFIE

VI
TERTLAGE I AT iy & R I Rz

Y
ZK

## cpPU_LE )

CUDA_VISIBLE DEVICES=-1 python tools/train.py configs/indexnet/indexnet_mobv2_1xbl6-

—78k_complk.py

## B AcrU_ Ll %
python tools/train.py configs/indexnet/indexnet_mobv2_1xbl6-78k_complk.py

## % ANePUL I %
./tools/dist_train.sh configs/indexnet/indexnet_mobv2_1xbl6-78k_complk.py 8

WEZ TR PASF train_test.md [ Train a model #5453 .
WX
TR A H DA A 2SR a2

## cpUt W #

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/indexnet/indexnet_mobv2_1xbl6-
—78k_complk.py https://download.openmmlab.com/mmediting/mattors/indexnet/indexnet_
—mobv2_1x16_78k_complk_ SAD-45.6_20200618_173817-26dd258d.pth

## B AcrU L R
python tools/test.py configs/indexnet/indexnet_mobv2_1xbl6-78k_complk.py https://
—download.openmmlab.com/mmediting/mattors/indexnet/indexnet_mobv2_1x16_78k_complk_

—SAD-45.6_20200618_173817-26dd258d.pth

## % N GPUE M R
./tools/dist_test.sh configs/indexnet/indexnet_mobv2_1xbl6-78k_complk.py https://
—download.openmmlab.com/mmediting/mattors/indexnet/indexnet_mobv2_1x16_78k_complk_

—SAD-45.6_20200618_173817-26dd258d.pth 8
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WEZ TR PAZ% train_test.md 7 [1) Test a pre-trained model #1555 .

26.4 DIM (CVPR’ 2017)

fE55: EGHKIE

@inproceedings{xu2017deep,
title={Deep image matting},
author={Xu, Ning and Price, Brian and Cohen, Scott and Huang, Thomas},
booktitle={Proceedings of the IEEE Conference on Computer Vision and Pattern.
—~Recognition},
pages={2970--2979},
year={2017}

ik
o BB IR RS 1 e A - RS AR TR 2o
« STBrBe BE g A A Y VISR RS ER . \
s HZBrBe BORBA MR

BARAEIN Rt e I PEREA RS E . L, /R TEREIF ok A fefa— MR SO, T2 2k
WRTERIESE IS R aE .

AU B GRIERE (FBfEMERE) BB, AT RETR 2N M EIZ T 25K A
A Bk ERE.

26.4.1 '[REEFFIE

VI
TERT LA LATE sy & A Rz
DIM JIIgA =B B

BirBE 10 YIZRAS ARG Mt (4 2 B - A 2 T80 o

## crUt Y| %
CUDA_VISIBLE DEVICES=-1 python tools/train.py configs/dim/dim_stagel-v16_1xbl1-1000k_
—complk.py

## B AN crU L | &
python tools/train.py configs/dim/dim_stagel-v16_1xb1-1000k_complk.py

(Rt
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(8 E70)
## % MGrUu bl %
./tools/dist_train.sh configs/dim/dim_stagel-v16_1xbl1-1000k_complk.py 8
Wi Bt 2: [ gttt de o, IZRs s il o)«
## cpu bl %
CUDA_VISIBLE DEVICES=-1 python tools/train.py configs/dim/dim_stage2-v16-pln_1lxbl-
—1000k_complk.py
## B NGPU L | %
python tools/train.py configs/dim/dim_stage2-v16-pln_1xb1-1000k_complk.py
## % A~crul )l %
./tools/dist_train.sh configs/dim/dim_stage2-v16-pln_1xbl1-1000k_complk.py 8
FirBE 3: TR A ) 28R
## crpU bl %
CUDA_VISIBLE DEVICES=-1 python tools/train.py configs/dim/dim_stage3-v16-pln_1lxbl-
—1000k_complk.py
## B AGPU LI %
python tools/train.py configs/dim/dim_stage3-v16-pln_1xb1-1000k_complk.py
## % ANGPUutk il %
./tools/dist_train.sh configs/dim/dim_stage3-v16-pln_1xbl1-1000k_complk.py 8
B2 W] PAS % train_test.md H1[1) Train a model 3343 .
L
FET DA DATE fiir 2R AR AL
## cpU Ll &
CUDA_VISIBLE DEVICES=-1 python tools/test.py onfigs/dim/dim_stage3-v16-pln_1xb1-1000k_

—complk.py https://download.openmmlab.com/mmediting/mattors/dim/dim_stage3_v16_pln_
—1x1_1000k_complk_SAD-50.6_20200609_111851-647f24b6.pth

## B PUL I R

python tools/test.py onfigs/dim/dim_stage3-v16-pln_1xb1-1000k_complk.py https://
—download.openmmlab.com/mmediting/mattors/dim/dim_stage3_vl16_pln_1x1_1000k_complk_
—SAD-50.6_20200609_111851-647£24b6.pth

## % GPU_LE M iR,
./tools/dist_test.sh onfigs/dim/dim_stage3-v16-pln_1xb1-1000k_complk.py https://

—download.openmmlab.com/mmediting/mattors/dim/dim_stage3_v16_pln_1x1_T000K_Comp { kit Jk%E)
—SAD-50.6_20200609_111851-647f24b6.pth 8
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WL PAZ% train_test.md 7 [1}] Test a pre-trained model #1555 .
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BRLE

27.1 B

o BN 1
o BCE IGO0
< I 1
— ALGORITHM: 1

27.2 Instance-aware Image Colorization (CVPR’ 2020)

Instance-Aware Image Colorization

1155 KB L

27.21 IHE

Image colorization is inherently an ill-posed problem with multi-modal uncertainty. Previous methods leverage the deep
neural network to map input grayscale images to plausible color outputs directly. Although these learning-based methods
have shown impressive performance, they usually fail on the input images that contain multiple objects. The leading
cause is that existing models perform learning and colorization on the entire image. In the absence of a clear figure-
ground separation, these models cannot effectively locate and learn meaningful object-level semantics. In this paper, we

propose a method for achieving instance-aware colorization. Our network architecture leverages an off-the-shelf object

127


https://openaccess.thecvf.com/content_CVPR_2020/html/Su_Instance-Aware_Image_Colorization_CVPR_2020_paper.html

MMEditing

detector to obtain cropped object images and uses an instance colorization network to extract object-level features. We
use a similar network to extract the full-image features and apply a fusion module to full object-level and image-level
features to predict the final colors. Both colorization networks and fusion modules are learned from a large-scale dataset.
Experimental results show that our work outperforms existing methods on different quality metrics and achieves state-of -

the-art performance on image colorization.

27.2.2 R fER

27.2.3 'REFFIE

TERTPAGE I LATF iy sfext— sk I g kA7 B

python demo/colorization_demo.py configs/inst_colorization/inst-colorizatioon_full_
—official_cocostuff-256x256.py https://download.openmmlab.com/mmediting/inst_
—colorization/inst-colorizatioon_full_official_cocostuff-256x256-5b9d4eee.pth input.

—Jjpg output.jpg

2475 R] PAZ2#% Tutorial 3: inference with pre-trained models

@inproceedings{Su-CVPR-2020,
author = {Su, Jheng-Wei and Chu, Hung-Kuo and Huang, Jia-Bin},
title = {Instance-aware Image Colorization},
booktitle = {IEEE Conference on Computer Vision and Pattern Recognition (CVPR) },
year = {2020}
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CHAPTER 28

BRES R

28.1 I

o FIZACEAEL: 52
o BCESCEEC O
s R 11

— ALGORITHM: 11

28.2 SwinIR (ICCVW’ 2021)

1E55: R HER, R K, TPEG 141 D S o1

@inproceedings{liang202lswinir,
title={Swinir: Image restoration using swin transformer},
author={Liang, Jingyun and Cao, Jiezhang and Sun, Guolei and Zhang, Kai and Van.
—~Gool, Luc and Timofte, Radu},
booktitle={Proceedings of the IEEE/CVF International Conference on Computer Vision},
pages={1833--1844},
year={2021}
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28.2.1 Classical Image Super-Resolution

TEY i FIEATIEAL, VG 2 BB RE A ) scale B FRATTMEA PSNR Fll sSIMAE M FEHR.

28.2.2 Lightweight Image Super-Resolution

FE Y I FHETVEE, A B A scale B K. RAVEA PSNR FI sSTM 5.
28.2.3 Real-World Image Super-Resolution

12 Y @I FIETIEA . FAEE A NIQE 143545 -

28.2.4 Grayscale Image Deoising

FER VLW EIEFT A . FATHEH] PSNR fEo 4515

28.2.5 Color Image Deoising

1E RGB i FoEATIEAl . FAT I PSNR R 4547 .

28.2.6 JPEG Compression Artifact Reduction (grayscale)

TEKPE P EREFTITAL . FAI6EH PSNR AT SSIM A1y 4545 .

28.2.7 JPEG Compression Artifact Reduction (color)

1t RGB ifiH_EEfTPFAh . FAT1{3 1 PSNR F1 SSIM fE 44545

28.2.8 'RiEEFFIE

VI
LRI PARE DA fim RN SRS

## crU_t )| %

## 001 Classical Image Super—-Resolution (middle size)

## (settingl: when model is trained on DIVZ2K and with training patch_size=48)
CUDA_VISIBLE DEVICES=-1 python tools/train.py configs/swinir/swinir_x2s48w8d6el80_
—8xb4-1r2e-4-500k_div2k.py

CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/swinir/swinir_x3s48w8d6el80_
—8xb4-1r2e-4-500k_div2k.py

(Rt
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CUDA_VISIBLE DEVICES=-1 python tools/train.py
8xb4-1r2e-4-500k_div2k.py

## (setting2:
CUDA_VISIBLE_DEVICES=-1
—8xb4-1r2e—-4-500k_df2k
CUDA_VISIBLE_DEVICES=-
—8xb4d-1r2e-4-500k_df2k
CUDA_VISIBLE_DEVICES=-1
—8xb4-1r2e-4-500k_df2k

python tools/train.py
Py
python tools/train.py
-PYy
python tools/train.py
- Py

configs/swinir/swinir_x4s48w8d6el80_

when model 1is trained on DIVZ2K+Flickr2K and with training patch_size=64)

configs/swinir/swinir_x2s64w8d6el180_

configs/swinir/swinir_x3s64w8d6el180_

configs/swinir/swinir_x4s64w8d6el80_

## 002 Lightweight Image Super-Resolution (small size)

CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—1lr2e-4-500k_div2k.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—~1lr2e-4-500k_div2k.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—1lr2e-4-500k_div2k.py

## 003 Real-World Image Super—-Resolution
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—8xbd-1rle-4-600k_df2k-ost.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—x2564w8d6e180_8xb4d-1rle-4-600k_df2k-ost.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—8xb4-1rle-4-600k_df2k-ost.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—x4s564w8d6el180_8xb4d-1rle-4-600k_df2k-ost.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—8xbd-1rle-4-600k_df2k-ost.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—x4564w8d9e240_8xb4d-1rle-4-600k_df2k-ost.py

## 004 Grayscale Image Deoising (middle size)
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—~1r2e-4-1600k_dfwb-grayDN15.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—~1r2e-4-1600k_dfwb-grayDN25.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—1r2e-4-1600k_dfwb-grayDN50.py

## 005 Color Image Deoising (middle size)
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—~1r2e-4-1600k_dfwb-colorDN15.py

configs/swinir/swinir_x2s64w8d4e60_8xb4d-

configs/swinir/swinir_x3s64w8d4e60_8xb4d-

configs/swinir/swinir_x4s64w8d4e60_8xb4d-

configs/swinir/swinir_gan-x2s64w8d6el180_

configs/swinir/swinir_psnr-—

configs/swinir/swinir_gan-x4s64w8d6el80_

configs/swinir/swinir_psnr-

configs/swinir/swinir_gan-x4s64w8d9e240_

configs/swinir/swinir_psnr-

configs/swinir/swinir_s128w8d6e180_8xbl-

configs/swinir/swinir_s128w8d6el180_8xbl-

configs/swinir/swinir_s128w8d6el80_8xbl-

configs/swinir/swinir_s128w8d6el180_8xbl-

Q¥iEi3)
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CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—1r2e-4-1600k_dfwb-colorDN25.py

CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—~1r2e-4-1600k_dfwb-colorDN50.py

## 006 JPEG Compression Artifact Reduction

—JPEG encoding uses 8x8 blocks)

## grayscale
CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—1r2e-4-1600k_dfwb-grayCAR10.py

CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—1r2e-4-1600k_dfwb-grayCAR20.py

CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—~1r2e-4-1600k_dfwb-grayCAR30.py

CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—~1lr2e-4-1600k_dfwb-grayCAR40.py

## color

CUDA_VISIBLE_DEVICES=-1 python
—1r2e-4-1600k_dfwb-colorCAR10
CUDA_VISIBLE_DEVICES=-1 python
—1lr2e-4-1600k_dfwb-colorCAR20
CUDA_VISIBLE_DEVICES=-1 python
—1r2e-4-1600k_dfwb-colorCAR30
CUDA_VISIBLE_DEVICES=-1 python
—1r2e-4-1600k_dfwb-colorCAR40

## B Ncpu Ll %

tools/train.

Y%

tools/train.

-PY

tools/train.

-PYy

tools/train.

Y%

19

Py

configs/swinir/swinir_s128w8d6el180_8xbl-

configs/swinir/swinir_s128w8d6el80_8xbl-

(middle size, using window_size=7 because.

19

1%

Py

Py

1%

Py

Py

1%

configs/swinir/swinir_s126w7d6e180_8xbl-

configs/swinir/swinir_sl126w7d6el80_8xbl-

configs/swinir/swinir_s126w7d6e180_8xbl-

configs/swinir/swinir_s126w7d6e180_8xbl-

configs/swinir/swinir_s126w7d6el180_8xbl-

configs/swinir/swinir_s126w7d6e180_8xbl-

configs/swinir/swinir_s126w7d6e180_8xbl-

configs/swinir/swinir_s126w7d6el80_8xbl-

## 001 Classical Image Super-Resolution (middle size)

## (settingl: when model is trained on DIV2K and with training patch_size=48)

python tools/train.py configs/swinir/swinir_x2s48w8d6el180_8xb4-1r2e-4-500k_div2k.py

python tools/train.py configs/swinir/swinir_x3s48w8d6el180_8xb4-1r2e-4-500k_div2k.py

python tools/train.py configs/swinir/swinir_x4s48w8d6e180_8xb4-1r2e-4-500k_div2k.py

## (setting2: when model is trained on DIV2K+Flickr2K and with training_patch_size=64)

python tools/train.py configs/swinir/swinir_x2s64w8d6el180_8xb4-1r2e-4-500k_df2k.py

python tools/train.py configs/swinir/swinir_x3s64w8d6e180_8xb4-1r2e-4-500k_df2k.py

python tools/train.py configs/swinir/swinir_x4s64w8d6e180_8xb4-1r2e-4-500k_df2k.py

## 002 Lightweight Image Super—-Resolution (small size)

python tools/train.py configs/swinir/swinir_x2s64w8d4e60_8xb4d-1r2e—-4-500k_div2k.py

Q¥iEi3)
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python tools/train.py configs/swinir/swinir_x3s64w8d4e60_8xb4d-1r2e—-4-500k_div2k.py

python tools/train.py configs/swinir/swinir_x4s64w8d4e60_8xb4-1r2e—-4-500k_div2k.py

## 003 Real-World Image Super-Resolution

python tools/train.py configs/swinir/swinir_gan-x2s64w8d6el80_8xb4d-1rle—-4-600k_df2k-

—ost.py
python tools/train
—ost.py
python tools/train
—ost.py
python tools/train
—ost.py
python tools/train
—~ost.py
python tools/train
—~ost.py

-PY

Y%

-PYy

-PYy

2%

configs/swinir/swinir_psnr-x2s64w8d6el180_8xbd-1rle-4-600k_df2k-

configs/swinir/swinir_gan-x4s64w8d6el80_8xb4d-1rle-4-600k_df2k-

configs/swinir/swinir_psnr-x4s64w8d6el180_8xbd-1rle-4-600k_df2k-

configs/swinir/swinir_gan-x4s64w8d9e240_8xb4d-1rle-4-600k_df2k-

configs/swinir/swinir_psnr-x4s64w8d9e240_8xbd-1rle-4-600k_df2k-

## 004 Grayscale Image Deoising (middle size)

python tools/train.py configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-

—grayDN15.py
python tools/train
—grayDN25.py
python tools/train
—grayDN50.py

## 005 Color Image
python tools/train
—colorDN15.py
python tools/train
—co0lorDN25.py
python tools/train
—c0lorDN50.py

-PY

Y%

configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb—

configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb—

Deoising (middle size)

-PYy

-PYy

Y%

configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb-

configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb—

configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb—

## 006 JPEG Compression Artifact Reduction (middle size, using window_size=7 because.

—JPEG encoding uses 8x8 blocks)

## grayscale
python tools/train
—grayCAR10.py
python tools/train
—grayCAR20.py
python tools/train
—grayCAR30.py
python tools/train
—grayCAR40.py

-PY

Y%

-PYy

-PY

configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb—

configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb—

configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-

configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb—

(Rt
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## color

python tools/train
—c0lorCAR10.py
python tools/train
—colorCAR20.py
python tools/train
—c0lorCAR30.py
python tools/train
—co0lorCAR40.py

## % ANGPUL ) %

Y%

-PYy

-PY

Y%

configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb—

configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-

configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb—

configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb—

## 001 Classical Image Super—-Resolution (middle size)

## (settingl:

./tools/dist_train.
./tools/dist_train.
./tools/dist_train.

## (setting2: when

./tools/dist_train.
./tools/dist_train.
./tools/dist_train.

## 002 Lightweight

./tools/dist_train.
./tools/dist_train.
./tools/dist_train.

sh
sh
sh

when model is trained on DIV2K and with training patch_size=48)

configs/swinir/swinir_x2s48w8d6el80_8xb4d-1r2e-4-500k_div2k.py
configs/swinir/swinir_x3s48w8d6el180_8xb4-1r2e-4-500k_div2k.py
configs/swinir/swinir_x4s48w8d6el80_8xb4-1r2e-4-500k_div2k.py

model is trained on DIVZ2K+Flickr2K and with training_patch_size=64)

sh configs/swinir/swinir_x2s64w8d6el180_8xb4d-1r2e-4-500k_df2k.py
sh configs/swinir/swinir_x3s64w8d6e180_8xb4d-1r2e-4-500k_df2k.py
sh configs/swinir/swinir_x4s64w8d6e180_8xb4d-1r2e-4-500k_df2k.py
Image Super-Resolution (small size)

sh configs/swinir/swinir_x2s64w8d4e60_8xb4-1r2e-4-500k_div2k.py
sh configs/swinir/swinir_x3s64w8d4e60_8xb4d-1r2e-4-500k_div2k.py
sh configs/swinir/swinir_x4s64w8d4e60_8xb4-1r2e-4-500k_div2k.py

## 003 Real-World Image Super—-Resolution
./tools/dist_train.sh configs/swinir/swinir_gan-x2s64w8d6el180_8xb4-1rle-4-600k_df2k-—

8
8
8

—ost.py 8
./tools/dist_train.sh configs/swinir/swinir_psnr-x2s64w8d6el80_8xb4d-1rle-4-600k_df2k—
—ost.py 8
./tools/dist_train.sh configs/swinir/swinir_gan-x4s64w8d6el80_8xb4-1rle-4-600k_df2k—
—ost.py 8
./tools/dist_train.sh configs/swinir/swinir_psnr-x4s64w8d6el180_8xb4-1rle-4-600k_df2k—
—ost.py 8
./tools/dist_train.sh configs/swinir/swinir_gan-x4s64w8d9e240_8xb4-1rle-4-600k_df2k—
—ost.py 8
./tools/dist_train.sh configs/swinir/swinir_psnr-x4s64w8d9e240_8xb4d-1rle-4-600k_df2k—
—ost.py 8

Q)
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## 004 Grayscale Image Deoising (middle size)

./tools/dist_train.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayDN15.py 8

./tools/dist_train.sh configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayDN25.py 8

./tools/dist_train.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e—-4-1600k_dfwb-
—~grayDN50.py 8

## 005 Color Image Deoising (middle size)

./tools/dist_train.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—colorDN15.py 8

./tools/dist_train.sh configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb-
—colorDN25.py 8

./tools/dist_train.sh configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb-
—colorDN50.py 8

## 006 JPEG Compression Artifact Reduction (middle size, using window_size=7 because.
—JPEG encoding uses 8x8 blocks)

## grayscale

./tools/dist_train.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR10.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR20.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—~grayCAR30.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR40.py 8

## color

./tools/dist_train.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—colorCAR10.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—colorCAR20.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb—-
—~colorCAR30.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—~colorCAR40.py 8

250 PAE2% train_test.md H1[%) Train a model 354,
WA
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## 001 Classical Image Super—-Resolution (middle size)

## (settingl: when model is trained on DIV2K and with training_patch_size=48)
CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x2s48w8d6el80_8xbd—
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x2s548w8d6e180_8xb4-1r2e-4-500k_div2k-ed2d419e.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x3s48w8d6el180_8xb4d—
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—»x3s548w8d6e180_8xb4-1r2e-4-500k_div2k-926950£f1.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x4s48w8d6el80_8xbd—
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x4s548w8d6e180_8xb4-1r2e-4-500k_div2k-88e4903d.pth

## (setting2: when model is trained on DIV2K+Flickr2K and with training_ patch_size=64)
CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_ x2s64w8d6el80_8xbd—
—1r2e-4-500k_df2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—~x2564w8d6el180_8xb4-1r2e—-4-500k_df2k-69el5fb6.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x3s64w8d6e180_8xb4d—
—1r2e-4-500k_df2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x3564w8d6e180_8xb4d-1r2e-4-500k_df2k-d6982f7b.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_ x4s64w8d6el80_8xbd-
—1r2e-4-500k_df2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x4564w8d6e180_8xb4-1r2e-4-500k_df2k-0502d775.pth

## 002 Lightweight Image Super—-Resolution (small size)

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x2s64w8d4e60_8xb4-
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x2s564w8d4e60_8xb4-1r2e-4-500k_div2k-131d3£f64.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x3s64w8d4e60_8xbd-
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x3564w8d4e60_8xb4-1r2e-4-500k_div2k-309cb239.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_x4s64w8d4e60_8xb4-
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_

—x4s64w8d4e60_8xb4-1r2e-4-500k_div2k-d6622d03.pth

## 003 Real-World Image Super-Resolution

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_gan-x2s64w8d6el180_

—gan-x2s64w8d6el180_8xb4-1rle-4-600k_df2k-0s-c6425057.pth
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CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_psnr-x2s64w8d6el80_
—8xbd-1rle-4-600k_df2k-ost.py https://download.openmmlab.com/mmediting/swinir/swinir_
—psnr-x2s64w8d6el80_8xb4-1rle-4-600k_df2k-o0s-6£0c425f.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_gan-x4s64w8d6el180_
—8xb4d-1rle-4-600k_df2k-ost.py https://download.openmmlab.com/mmediting/swinir/swinir_
—gan-x4s64w8d6el180_8xb4-1rle-4-600k_df2k-0s-36960d18.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_psnr-x4s64w8d6el80_
—8xbd-1rle-4-600k_df2k-ost.py https://download.openmmlab.com/mmediting/swinir/swinir_
—psnr-x4s64w8d6el80_8xb4-1rle-4-600k_df2k-os-all6a72f.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_gan-x4s64w8d9e240_
—8xb4d-1rle-4-600k_df2k-ost.py https://download.openmmlab.com/mmediting/swinir/swinir_
—gan-x4s64w8d9%e240_8xb4-1rle-4-600k_df2k-0s-9f1599b5.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_psnr-x4s64w8d9e240_
—8xbd-1rle-4-600k_df2k-ost.py https://download.openmmlab.com/mmediting/swinir/swinir_
—psnr-x4s64w8d9%e240_8xb4-1rle-4-600k_df2k-os-25f1722a.pth

## 004 Grayscale Image Deoising (middle size)

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-
—1r2e-4-1600k_dfwb—grayDN15.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-grayDN15-6782691b.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6e180_8xbl-
—1r2e-4-1600k_dfwb-grayDN25.py https://download.openmmlab.com/mmediting/swinir/
—swinir_ s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-grayDN25-d0d8d4da.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-
—1r2e-4-1600k_dfwb—-grayDN50.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-grayDN50-54c9968a.pth

## 005 Color Image Deoising (middle size)

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6el80_8xbl-
—1r2e-4-1600k_dfwb-colorDN15.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-colorDN15-c74a2cee.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-
—1r2e-4-1600k_dfwb-colorDN25.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-colorDN25-df2blcOc.pth
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CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-
—1r2e-4-1600k_dfwb-colorDN50.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-colorDN50-e369874c.pth

## 006 JPEG Compression Artifact Reduction (middle size, using window_size=7 because.
—JPEG encoding usesx8 blocks)

## grayscale

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_sl126w7d6el180_8xbl-
—1r2e-4-1600k_dfwb-grayCAR10.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-grayCAR10-da93c8e9.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-grayCAR20.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-grayCAR20-d47367bl.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-grayCAR30.py https://download.openmmlab.com/mmediting/swinir/
—swinir_ s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-grayCAR30-52c083cf.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-grayCAR40.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-grayCAR40-803e8d9%b.pth

## color

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-colorCAR10.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-colorCAR10-0%aafadc.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6el180_8xbl-
—1r2e-4-1600k_dfwb-colorCAR20.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-colorCAR20-b8a42bb5e.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-colorCAR30.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-colorCAR30-e9%9fe6859.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-colorCAR40.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-colorCAR40-5b77a6e6.pth
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## 001 Classical Image Super—-Resolution (middle size)

## (settingl: when model is trained on DIV2K and with training patch_size=48)
python tools/test.py configs/swinir/swinir_x2s48w8d6el180_8xb4d-1r2e-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s48w8d6el80_8xb4d-1r2e—-4-
—500k_div2k-ed2d419e.pth

python tools/test.py configs/swinir/swinir_x3s48w8d6el180_8xb4d-1r2e-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s48w8d6el180_8xbd-1lr2e—-4-
—500k_div2k-926950f1.pth

python tools/test.py configs/swinir/swinir_x4s48w8d6el180_8xbd-1r2e-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s48w8d6el180_8xbd-1lr2e—4-
—500k_div2k-88e4903d.pth

## (setting2: when model is trained on DIV2K+Flickr2K and with training _patch_size=64)
python tools/test.py configs/swinir/swinir_x2s64w8d6el80_8xbd-1r2e-4-500k_df2k.py_
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s64w8d6el180_8xbd-1lr2e—4-
—500k_df2k-69el15fb6.pth

python tools/test.py configs/swinir/swinir_x3s64w8d6el180_8xb4d-1r2e-4-500k_df2k.py_
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s64w8d6el80_8xbd-1lr2e—-4-
—500k_df2k-d6982f7b.pth

python tools/test.py configs/swinir/swinir_ x4s64w8d6el80_8xb4-1r2e-4-500k_df2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s64w8d6el180_8xbd-1lr2e—4-
—500k_df2k-0502d775.pth

## 002 Lightweight Image Super—-Resolution (small size)

python tools/test.py configs/swinir/swinir_x2s64w8d4e60_8xb4d-1r2e-4-500k_div2k.py_
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s64w8d4e60_8xb4d-1lr2e—4-
—~500k_div2k-131d3£f64.pth

python tools/test.py configs/swinir/swinir_x3s64w8d4e60_8xb4-1r2e-4-500k_div2k.py_
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s64w8d4e60_8xb4d-1r2e—-4-
—500k_div2k-309cb239.pth

python tools/test.py configs/swinir/swinir_x4s64w8d4e60_8xb4d-1r2e-4-500k_div2k.py_
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s64w8d4e60_8xb4d-1lr2e—4-
—500k_div2k-d6622d03.pth
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## 003 Real-World Image Super—-Resolution
python tools/test.py configs/swinir/swinir_gan-x2s64w8d6el180_8xb4d-1rle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x2s64w8d6el80_
—8xb4-1rle-4-600k_df2k-0s-c6425057.pth

python tools/test.py configs/swinir/swinir_psnr-x2s64w8d6el80_8xb4-1rle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x2s64w8d6el80_

—8xb4-1rle-4-600k_df2k-os-6£f0c425f.pth

python tools/test.py configs/swinir/swinir_gan-x4s64w8d6el180_8xb4d-1rle—-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x4s64w8d6el80_

—8xbd-1rle-4-600k_df2k-0s-36960d18.pth

python tools/test.py configs/swinir/swinir_ psnr-x4s64w8d6el80_8xb4-1rle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x4s64w8d6el80_

—8xpb4-1rle-4-600k_df2k-os-all6a72f.pth

python tools/test.py configs/swinir/swinir_gan-x4s64w8d9e240_8xbd-1rle—-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x4s64w8d9%e240_

—8xb4-1rle-4-600k_df2k-0s-9£1599b5.pth

python tools/test.py configs/swinir/swinir_ psnr-x4s64w8d9e240_8xb4-1rle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x4s64w8d9e240_

—8xb4d-1rle-4-600k_df2k-0s-25f1722a.pth

## 004 Grayscale Image Deoising (middle size)

python tools/test.py configs/swinir/swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-
—grayDN15.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el80_
—8xpbl-1r2e-4-1600k_dfwb-grayDN15-6782691b.pth

python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayDN25.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el180_
—8xbl-1r2e-4-1600k_dfwb—-grayDN25-d0d8d4da.pth

python tools/test.py configs/swinir/swinir s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-
—grayDN50.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el80_
—8xbl-1r2e-4-1600k_dfwb-grayDN50-54c9968a.pth

## 005 Color Image Deoising (middle size)

python tools/test.py configs/swinir/swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-
—»colorDN15.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el180_
—8xbl-1r2e-4-1600k_dfwb-colorDN15-c74a2cee.pth

(Rt

140 Chapter 28. E{&#BSIIE




MMEditing

(£ 50

python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—colorDN25.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el180_
—8xbl-1r2e-4-1600k_dfwb-colorDN25-df2blcOc.pth

python tools/test.py configs/swinir/swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-
—»co0lorDN50.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el180_
—8xbl-1r2e-4-1600k_dfwb-colorDN50-e369874c.pth

## 006 JPEG Compression Artifact Reduction (middle size, using window_size=7 because.
—JPEG encoding usesx8 blocks)

## grayscale

python tools/test.py configs/swinir/swinir_sl126w7d6el80_8xbl-1r2e-4-1600k_dfwb-
—grayCAR10.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el80_
—8xpbl-1r2e-4-1600k_dfwb-grayCAR10-da93c8e9.pth

python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR20.py https://download.openmmlab.com/mmediting/swinir/swinir s126w7d6el80_
—8xbl-1r2e-4-1600k_dfwb-grayCAR20-d47367bl.pth

python tools/test.py configs/swinir/swinir_sl126w7d6el80_8xbl-1r2e-4-1600k_dfwb-
—grayCAR30.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el80_
—8xbl-1r2e-4-1600k_dfwb-grayCAR30-52c083cf.pth

python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR40.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el180_
—8xbl-1r2e-4-1600k_dfwb-grayCAR40-803e8d9%b.pth

## color

python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—~co0lorCAR10.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6e180_
—8xbl-1r2e-4-1600k_dfwb-colorCAR10-09%aafadc.pth

python tools/test.py configs/swinir/swinir_sl126w7d6el80_8xbl-1r2e-4-1600k_dfwb-
—c0lorCAR20.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el180_
—8xbl-1r2e-4-1600k_dfwb-colorCAR20-b8a42b5e.pth

python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—co0lorCAR30.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el180_
—8xbl-1r2e-4-1600k_dfwb-colorCAR30-e9fe6859.pth
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python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—+co0lorCAR40.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el180_
—8xbl-1r2e-4-1600k_dfwb—-colorCAR40-5b77a6e6.pth

## % GPUM &

## 001 Classical Image Super—-Resolution (middle size)

## (settingl: when model is trained on DIV2K and with training patch_size=48)
./tools/dist_test.sh configs/swinir/swinir_x2s48w8d6e180_8xb4d-1r2e—-4-500k_div2k.py._
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s48w8d6el80_8xbd-1lr2e—4-
—500k_div2k-ed2d419e.pth

./tools/dist_test.sh configs/swinir/swinir_x3s48w8d6el180_8xbd-1r2e-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s48w8d6el180_8xbd-1lr2e—4-
—500k_div2k-926950f1.pth

./tools/dist_test.sh configs/swinir/swinir_x4s48w8d6e180_8xbd-1r2e—-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s48w8d6el80_8xb4-1r2e-4-
—500k_div2k-88e4903d.pth

## (setting2: when model is trained on DIVZ2K+Flickr2K and with training_patch_size=64)
./tools/dist_test.sh configs/swinir/swinir_x2s64w8d6e180_8xb4-1r2e-4-500k_df2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s64w8d6el180_8xbd-1lr2e—4-
—500k_df2k-69el15fb6.pth

./tools/dist_test.sh configs/swinir/swinir_x3s64w8d6e180_8xb4-1r2e-4-500k_df2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s64w8d6el180_8xbd-1lr2e—-4-
—500k_df2k-d6982f7b.pth

./tools/dist_test.sh configs/swinir/swinir_x4s64w8d6e180_8xbd-1r2e-4-500k_df2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s64w8d6el180_8xbd-1lr2e—4-
—500k_df2k-0502d775.pth

## 002 Lightweight Image Super-Resolution (small size)

./tools/dist_test.sh configs/swinir/swinir_x2s64w8d4e60_8xb4d-1r2e-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s64w8d4e60_8xb4d-1r2e—-4-
—500k_div2k-131d3f64.pth

./tools/dist_test.sh configs/swinir/swinir_x3s64w8d4e60_8xb4d-1r2e—-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s64w8d4e60_8xbd-1r2e-4-
—500k_div2k-309cb239.pth

(Rt

142 Chapter 28. BB H NI




MMEditing

(£ 50

./tools/dist_test.sh configs/swinir/swinir_x4s64w8d4e60_8xbd-1r2e—-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s64w8d4e60_8xb4d-1lr2e—-4-
—500k_div2k-d6622d03.pth

## 003 Real-World Image Super-Resolution
./tools/dist_test.sh configs/swinir/swinir_gan-x2s64w8d6e180_8xbd-1lrle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x2s64w8d6el80_
—8xb4d-1rle-4-600k_df2k-0s-c6425057.pth

./tools/dist_test.sh configs/swinir/swinir_psnr-x2s64w8d6e180_8xb4-1rle-4-600k_df2k-—
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x2s64w8d6el180_

—8xbd-1rle-4-600k_df2k-os-6£f0c425f.pth

./tools/dist_test.sh configs/swinir/swinir_gan-x4s64w8d6e180_8xbd-1lrle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x4s64w8d6el80_
—8xbd-1rle-4-600k_df2k-0s-36960d18.pth

./tools/dist_test.sh configs/swinir/swinir_psnr-x4s64w8d6el180_8xb4-1rle-4-600k_df2k—
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x4s64w8d6el80_

—8xb4d-1rle—-4-600k_df2k-os—-all6a72f.pth

./tools/dist_test.sh configs/swinir/swinir_gan-x4s64w8d9e240_8xb4-1lrle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x4s64w8d9%9e240_
—8xb4d-1rle-4-600k_df2k-0s-9£f1599b5.pth

./tools/dist_test.sh configs/swinir/swinir_psnr-x4s64w8d9e240_8xb4-1rle-4-600k_df2k—
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x4s64w8d9e240_
—8xbd-1rle-4-600k_df2k-os-25f1722a.pth

## 004 Grayscale Image Deoising (middle size)

./tools/dist_test.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayDN15.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el80_
,8xbl-1r2e-4-1600k_dfwb-grayDN15-6782691b.pth

./tools/dist_test.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayDN25.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el180_
—8xbl-1r2e-4-1600k_dfwb-grayDN25-d0d8d4da.pth

./tools/dist_test.sh configs/swinir/swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-
—grayDN50.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el80_

—8xbl-1r2e-4-1600k_dfwb-grayDN50-54c9968a.pth

## 005 Color Image Deoising (middle size)

(Rt
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./tools/dist_test.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—scolorDN15.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6e180_
—8xbl-1r2e-4-1600k_dfwb-colorDN15-c74a2cee.pth

./tools/dist_test.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb—
—colorDN25.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6e180_
—8xbl-1r2e-4-1600k_dfwb-colorDN25-df2blcOc.pth

./tools/dist_test.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
<»colorDN50.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6e180_
—8xbl-1r2e-4-1600k_dfwb-colorDN50-e369874c.pth

## 006 JPEG Compression Artifact Reduction (middle size, using window_size=7 because.
—JPEG encoding uses 8x8 blocks)

## grayscale

./tools/dist_test.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR10.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6e180_
—8xbl-1r2e-4-1600k_dfwb-grayCAR10-da93c8e9.pth

./tools/dist_test.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR20.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el80_
—.8xbl-1r2e-4-1600k_dfwb-grayCAR20-d47367bl.pth

./tools/dist_test.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR30.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6e180_
—8xbl-1r2e-4-1600k_dfwb-grayCAR30-52c083cf.pth

./tools/dist_test.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR40.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el80_
—8xpbl-1r2e-4-1600k_dfwb-grayCAR40-803e8d9%b.pth

## color

./tools/dist_test.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—co0lorCAR10.py https://download.openmmlab.com/mmediting/swinir/swinir_sl126w7d6el80_
—8xbl-1r2e-4-1600k_dfwb-colorCAR10-0%aafadc.pth

./tools/dist_test.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—»c0lorCAR20.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6e180_
—8xbl-1r2e-4-1600k_dfwb-colorCAR20-b8a42b5e.pth

./tools/dist_test.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb—
—c0lorCAR30.py https://download.openmmlab.com/mmediting/swinir/swinir_sl126w7d6el80_
—8xbl-1r2e-4-1600k_dfwb-colorCAR30-e9fe6859.pth
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./tools/dist_test.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—co0lorCAR40.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el80_
—8xbl-1r2e-4-1600k_dfwb-colorCAR30-e9fe6859.pth

2 YW PAS: % train_test. nd H1 1 Test a pre-trained model 343 .

28.3 Real-ESRGAN (ICCVW’ 2021)

fE55: gD HER

@inproceedings{wang202lreal,

title={Real-ESRGAN: Training Real-World Blind Super—-Resolution with Pure Synthetic.
—data},

author={Wang, Xintao and Xie, Liangbin and Dong, Chao and Shan, Ying},

booktitle={Proceedings of the IEEE/CVF International Conference on Computer Vision.
—Workshop (ICCVW) },

pages={1905--1914},

year={2021}

1€ RGB i@ #7174l , #5458 PSNR/SSIM,

28.3.1 'RiEFFIE

e
LA PARE DA fir & RN ZRAE

## cpu bl %
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/real_esrgan/realesrgan_

<,c64b23g32_4xb12-1rie-4-400k_df2k-ost.py

## B ANGPUL I %
python tools/train.py configs/real_esrgan/realesrgan_c64b23g32_4xbl2-1rle-4-400k_df2k-
—ost.py

## % NGruL | %
./tools/dist_train.sh configs/real_esrgan/realesrgan_c64b23g32_4xbl2-1rle-4-400k_df2k-
—ost.py 8

WL MR PASF train_test.md [ Train a model #5453 .
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## cpu kMl &

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/real_esrgan/realesrgan_c64b23g32_
—4xbl12-1rle-4-400k_df2k-ost.py https://download.openmmlab.com/mmediting/restorers/
—real_esrgan/realesrgan_c64b23g32_12x4_lrle-4_400k_df2k_ost_20211010-34798885.pth

## B /GPUL I W
python tools/test.py configs/real_esrgan/realesrgan_c64b23g32_4xbl12-1rle-4-400k_df2k—
—ost.py https://download.openmmlab.com/mmediting/restorers/real_esrgan/realesrgan_

—~Cc64b23g32_12x4_lrle-4_400k_df2k_ost_20211010-34798885.pth

## % /NGPU L Il R
./tools/dist_test.sh configs/real_esrgan/realesrgan_c64b23g32_4xbl12-1rle-4-400k_df2k—
—ost.py https://download.openmmlab.com/mmediting/restorers/real_esrgan/realesrgan_

—C64b239g32_12x4_1rle—-4_400k_df2k_ost_20211010-34798885.pth 8

LYW PAS: % train_test.md H1 1 Test a pre-trained model 3345 .

28.4 LIIF (CVPR’ 2021)

155 KRR HER

@inproceedings{chen202llearning,
title={Learning continuous image representation with local implicit image function},
author={Chen, Yinbo and Liu, Sifei and Wang, Xiaolong},
booktitle={Proceedings of the IEEE/CVF Conference on Computer Vision and Pattern.
—~Recognition},
pages={8628--8638},
year={2021}

A FRIA L

X AL EALTE testing pipeline A7 /N[ o i LARLATT B AR TR ARG 25
KA YR EDSR #E471E NIk .

1E RGB i FHEATIEAG, TEPPAGZ MBI R h) scale B3R,
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## cpU L il &
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/liif/liif-edsr—-norm_c64bl6_
—1xpb16-1000k_div2k.py

## B A GrU L | %
python tools/train.py configs/liif/liif-edsr—-norm_c64bl6_1xbl16-1000k_div2k.py

## % MGPU LI %
./tools/dist_train.sh configs/liif/liif-edsr—norm_c64bl6_1xb16-1000k_div2k.py 8

WEZ TR PASF# train_test.md 1] Train a model #5453 .
WX
TEAT A F DA A 2SR a2

## CcPU_E M ik

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/liif/liif-edsr-norm_c64bl6_1xbl6—
—1000k_div2k.py https://download.openmmlab.com/mmediting/restorers/1iif/1iif_edsr_
—norm_c64bl6_gl_1000k_div2k_20210715-ab7ce3fc.pth

## B AGPULE M W
python tools/test.py configs/liif/liif-edsr-norm_c64bl6_1xb16-1000k_div2k.py https://
—download.openmmlab.com/mmediting/restorers/1iif/1iif_edsr_norm_c64bl6_gl_1000k_

—div2k_20210715-ab7ce3fc.pth

## % /NGPU L IR
./tools/dist_test.sh configs/liif/liif-edsr-norm_c64bl6_1xbl6-1000k_div2k.py https://
—download.openmmlab.com/mmediting/restorers/1iif/1iif_edsr_norm_c64bl6_gl_1000k_

—div2k_20210715-ab7ce3fc.pth 8

5] PAZ % train_test.md F[1) Test a pre-trained model 35543,
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155 R HER

@InProceedings{chan202lglean,

author = {Chan, Kelvin CK and Wang, Xintao and Xu, Xiangyu and Gu, Jinwei and Loy, .
—Chen Change},

title = {GLEAN: Generative Latent Bank for Large-Factor Image Super—-Resolution},

booktitle = {Proceedings of the IEEE conference on computer vision and pattern.
—recognition},

year = {2021}

A XN RICE R, WS, 458 4E RGB MiE_ BT IS,

28.5.1 'REEFFIE

e
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## cpU_L il %
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/glean/glean_x8_2xb8_cat.py

## B AGPUL I &
python tools/train.py configs/glean/glean_x8_2xb8_cat.py

## % NGPUuL il %
./tools/dist_train.sh configs/glean/glean_x8_2xb8_cat.py 8

L7 LS train_test.md A1 Train a model 7543,
LT
AT DA FH PATT A 2ok e

## CPUL M

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/glean/glean_x8_2xb8_cat.py.
—https://download.openmmlab.com/mmediting/restorers/glean/glean_cat_8x_20210614-
—~d3ac8683.pth

## B AGruL Il K
python tools/test.py configs/glean/glean_x8_2xb8_cat.py https://download.openmmlab.
—com/mmediting/restorers/glean/glean_cat_8x_20210614-d3ac8683.pth

(Rt
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## % ANGPUL M R

(£ LT
./tools/dist_test.sh configs/glean/glean_x8_2xb8_cat.py https://download.openmmlab.

—com/mmediting/restorers/glean/glean_cat_8x_20210614-d3ac8683.pth 8

WL PAZ#% train_test.md H1[1}] Test a pre-trained model #1355 .

28.6 TTSR (CVPR' 2020)

1255 RN HER

@inproceedings{yang2020learning,

Fuzhi and Yang,

title={Learning texture transformer network for image super-resolution},
author={Yang,
—Baining},

Huan and Fu, Jianlong and Lu, Hongtao and Guo, .

booktitle={Proceedings of the IEEE/CVF Conference on Computer Vision and Pattern.
—Recognition},

pages={5791--5800},

year={2020}

1 RGB iiH_EHEAT PN, TR Z IO A i scale 3. FATEIN PSNR I sSTM MM fEtR.
28.6.1 'REEFFIE

e

BEATLAGE I AT iy & R Rz

## cpPU L I %

CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/ttsr/ttsr-gan_x4c64bl6_1xb9—
—~500k_CUFED.py

## B AN crU L | &

python tools/train.py configs/ttsr/ttsr-gan_x4c64bl16_1xb9-500k_CUFED.py
## % NGPU L | %

./tools/dist_train.sh configs/ttsr/ttsr-gan_x4c64b16_1xb9-500k_CUFED.py 8

L2403 PAS:3 train_test.md 111 Train a model 3343,
WX

PR
I
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## cpulk M ik

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/ttsr/ttsr-gan_x4c64bl6_1xb9-500k_
—CUFED.py https://download.openmmlab.com/mmediting/restorers/ttsr/ttsr-gan_x4_c64bl6_
—~gl_500k_CUFED_20210626-2ab28cal.pth

## B A crul R

python tools/test.py configs/ttsr/ttsr—-gan_x4c64bl6_1xb9-500k_CUFED.py https://
—download.openmmlab.com/mmediting/restorers/ttsr/ttsr—gan_x4_c64bl6_gl_500k_CUFED_
—20210626-2ab28cal.pth

## % ) GPUL M R

./tools/dist_test.sh configs/ttsr/ttsr-gan_x4c64bl6_1xb9-500k_CUFED.py https://
—download.openmmlab.com/mmediting/restorers/ttsr/ttsr-gan_x4_c64bl6_gl_500k_CUFED_
—20210626-2ab28cal.pth 8

WEZ TR PAZ% train_test.md 1 [1}] Test a pre-trained model #1555 .

28.7 DIC (CVPR’ 2020)

255 RN HER

@inproceedings{ma2020deep,

title={Deep face super-resolution with iterative collaboration between attentive.
—recovery and landmark estimation},

author={Ma, Cheng and Jiang, Zhenyu and Rao, Yongming and Lu, Jiwen and Zhou, Jie},

booktitle={Proceedings of the IEEE/CVF conference on computer vision and pattern.
—recognition},

pages={5569--5578},

year={2020}

£ RGB i EIH T PR, FEPPASZ MRS AFHY scale B3, FATHIH PSNR Al sSIM AEAFEAR.

IF dic_gan_x8c48b6_g4_150k_CelebAHQ i) HEH, DICGAN FE CelebA-HQ MR £EHIH 9 5Kk & - F ik
Tk, B FRPH PSNR/SSIM 5 H B AR .

GPU f5 &: e R GPU {5 8.
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## cpU L il &
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/dic/dic_gan-x8c48b6_4xb2-500k_
—celeba-hg.py

## B A GrU L | %
python tools/train.py configs/dic/dic_gan—-x8c48b6_4xb2-500k_celeba-hg.py

## % ANePUL I %
./tools/dist_train.sh configs/dic/dic_gan-x8c48b6_4xb2-500k_celeba-hg.py 8

WEZ TR PASF# train_test.md 1] Train a model #5453 .
WX
TEAT A F DA A 2SR a2

## CcPU_E M ik

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/dic/dic_gan-x8c48b6_4xb2-500k_
—celeba-hg.py https://download.openmmlab.com/mmediting/restorers/dic/dic_gan_x8c48b6__
—g4_500k_CelebAHQ 20210625-3b89a358.pth

## EA-cPut W R

python tools/test.py configs/dic/dic_gan-x8c48b6_4xb2-500k_celeba-hg.py https://
—download.openmmlab.com/mmediting/restorers/dic/dic_gan_x8c48b6_g4_500k_CelebAHQ_
—20210625-3b89%a358.pth

## % A~GPUL M R

./tools/dist_test.sh configs/dic/dic_gan-x8c48b6_4xb2-500k_celeba-hqg.py https://
—download.openmmlab.com/mmediting/restorers/dic/dic_gan_x8c48b6_g4_500k_CelebAHQ
—20210625-3b89%a358.pth 8

5] PAZ % train_test.md F[1) Test a pre-trained model 35543,
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28.8 RDN (CVPR’ 2018)

155 R HER

@inproceedings{zhang2018residual,
title={Residual dense network for image super-resolution},
author={Zhang, Yulun and Tian, Yapeng and Kong, Yu and Zhong, Bineng and Fu, Yun},
booktitle={Proceedings of the IEEE conference on computer vision and pattern.
—recognition},
pages={2472--2481},
year={2018}

£ RGB i EIAT PR, FEPPASZ BTEOT A A scale B3, FATHH PSNR FI sSIM AEAFEHR.

28.8.1 hiEFFIE

g
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## cpULt I %
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/rdn/rdn_x4c64bl6_1xbl16-1000k_
—div2k.py

## B NGPU L &%
python tools/train.py configs/rdn/rdn_x4c64bl6_1xb16-1000k_div2k.py

## % NcrUut il 4
./tools/dist_train.sh configs/rdn/rdn_x4c64bl6_1xb16-1000k_div2k.py 8

L2 LS train_test.md H[1Y) Train a model 3343,
A
TR A PATF i 2o U

## cpUt W #

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/rdn/rdn_x4c64b16_1xb16-1000k_
—div2k.py https://download.openmmlab.com/mmediting/restorers/rdn/rdn_x4c64bl6_gl_
—1000k_div2k_20210419-3577d44f.pth

## B AGPULE M W
python tools/test.py configs/rdn/rdn_x4c64bl16_1xb16-1000k_div2k.py https://download.
—openmmlab.com/mmediting/restorers/rdn/rdn_x4c64bl6_gl_1000k_div2k_20210419-3577d44f.

pth -
(Rt
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## % A GPUL W R
./tools/dist_test.sh configs/rdn/rdn_x4c64bl6_1xb16-1000k_div2k.py https://download.
—openmmlab.com/mmediting/restorers/rdn/rdn_x4c64bl16_gl_1000k_div2k_20210419-3577d44f.

250 PAS# train_test.md H11 Test a pre-trained model 3543,

28.9 ESRGAN (ECCVW’ 2018)

155 KR HER

@inproceedings{wang201l8esrgan,
title={Esrgan: Enhanced super-resolution generative adversarial networks},
author={Wang, Xintao and Yu, Ke and Wu, Shixiang and Gu, Jinjin and Liu, Yihao and.
—~Dong, Chao and Qiao, Yu and Change Loy, Chen},
booktitle={Proceedings of the European Conference on Computer Vision.
—Workshops (ECCVW) },
pages={0--0},
year={2018}

£ RGB i _EIAT PR, FEPPAEZ BEOTE N ) scale RE . FATHH PSNR FI sSIM AEAFERR.

28.9.1 'REFIE

WIg
BT LA AT sy & A Rz

## crU_L )| %
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/esrgan/esrgan_x4c64b23g32_1xbl6—

—400k_div2k.py

## B AGPULE I %
python tools/train.py configs/esrgan/esrgan_x4c64b23g32_1xb16-400k_div2k.py

## % NGruL | %
./tools/dist_train.sh configs/esrgan/esrgan_x4c64b23932_1xbl16-400k_div2k.py 8

2403 ] PAS:F train_test.md 9111 Train a model 43,

I
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LR AR PATF iy 2 R 082

## cpu kMl &

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/esrgan/esrgan_x4c64b23g32_1xbl6-
—400k_div2k.py https://download.openmmlab.com/mmediting/restorers/esrgan/esrgan_
—x4c64pb23g32_1x16_400k_div2k_20200508-f8ccaf3b.pth

## B A-crU L il ®
python tools/test.py configs/esrgan/esrgan_x4c64b23g32_1xb16-400k_div2k.py https://
—download.openmmlab.com/mmediting/restorers/esrgan/esrgan_x4c64b23g32_1x16_400k_

—div2k_20200508-f8ccaf3b.pth

## %/ GPUL M R

./tools/dist_test.sh configs/esrgan/esrgan_x4c64b23g32_1xb16-400k_div2k.py https://
—download.openmmlab.com/mmediting/restorers/esrgan/esrgan_x4c64b23g32_1x16_400k_
—div2k_20200508-£f8ccaf3b.pth 8

WL TR PAZ% train_test.md H1[1] Test a pre-trained model 3553 .

28.10 EDSR (CVPR’ 2017)

155 R HER

@inproceedings{lim20l17enhanced,

title={Enhanced deep residual networks for single image super-resolution},

author={Lim, Bee and Son, Sanghyun and Kim, Heewon and Nah, Seungjun and Mu Lee,.
—Kyoung},

booktitle={Proceedings of the IEEE conference on computer vision and pattern.
—recognition workshops},

pages={136--144},

year={2017}

1t RGB i _EIAT PR, FEPPAEZ MBI N R scale RE . FATHM PSNR FI sSIM AR TR,

28.10.1 RFEFIE

VI
BERTLAGE I AT sy & AR Rz

## CPU L I %4
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/edsr/edsr_x4c64bl16_1xbl16-300k_
—~div2k.py

(Rt
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## B GrUul | %
python tools/train.py configs/edsr/edsr_x4c64bl6_1xbl16-300k_div2k.py

## % NcPul il %
./tools/dist_train.sh configs/edsr/edsr_x4c64bl6_1xbl16-300k_div2k.py 8

W2 PAS % train_test. nd H1 1Y) Train a model 754} .
T
FEAT AR PATE iy 2o D it A2

## cpulk M ik

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/edsr/edsr_x4c64bl6_1xbl16-300k_
—div2k.py https://download.openmmlab.com/mmediting/restorers/edsr/edsr_x4c64bl6_1x16_
—300k_div2k_20200608-3c2af8a3.pth

## ¥ GPUut R

python tools/test.py configs/edsr/edsr_x4c64bl6_1xb16-300k_div2k.py https://download.
—openmmlab.com/mmediting/restorers/edsr/edsr_x4c64bl6_1x16_300k_div2k_20200608-
—~3c2af8a3.pth

## % AGPu Ll R

./tools/dist_test.sh configs/edsr/edsr_x4c64bl6_1xb16-300k_div2k.py https://download.
—openmmlab.com/mmediting/restorers/edsr/edsr_x4c64bl6_1x16_300k_div2k_20200608-
—~3c2af8a3.pth 8

LYW PAS: % train_test.nd H1 1 Test a pre-trained model 3345 .

28.11 SRGAN (CVPR’ 2016)

1255 RN HER

@inproceedings{ledig2016photo,

title={Photo-realistic single image super-resolution using a generative adversarial.
—network},

author={Ledig, Christian and Theis, Lucas and Husz{\'a}r, Ferenc and Caballero,.
—Jose and Cunningham, Andrew and Acosta, Alejandro and Aitken, Andrew and Tejani, .
—Alykhan and Totz, Johannes and Wang, Zehan},

booktitle={Proceedings of the IEEE conference on computer vision and pattern.
—recognition workshops},

year={2016}
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1t RGB il _EIAT PR, FEPPASZ BEOTE MU R scale RE . HATHM PSNR FI sSIM AEAFERR.

28.11.1 REFIE

VI
BERTRAGE I LA iy 2 A Rz

## crU_L )| %
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/srgan_resnet/srgan_x4c64bl6_
< 1xb16-1000k_div2k.py

## B AGPU L I %
python tools/train.py configs/srgan_resnet/srgan_x4c64bl6_1xb16-1000k_div2k.py

## % ANGPUL I %
./tools/dist_train.sh configs/srgan_resnet/srgan_x4c64bl6_1xb16-1000k_div2k.py 8

WA PASF# train_test.md 1 [] Train a model #54) .
LT
FRT A DA T i 2R DA 2

## cpU_E W B

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/srgan_resnet/srgan_x4c64bl6_
—1xb16-1000k_div2k.py https://download.openmmlab.com/mmediting/restorers/srresnet_
—srgan/srgan_x4c64b16_1x16_1000k_div2k_20200606-alf0810e.pth

## B AGPUL M W
python tools/test.py configs/srgan_resnet/srgan_x4c64bl16_1xb16-1000k_div2k.py https://
—download.openmmlab.com/mmediting/restorers/srresnet_srgan/srgan_x4c64bl16_1x16_1000k_

—div2k_20200606-al1f0810e.pth

## % AcPul &,
./tools/dist_test.sh configs/srgan_resnet/srgan_x4c64bl6_1xb16-1000k_div2k.py https://
—download.openmmlab.com/mmediting/restorers/srresnet_srgan/srgan_x4c64bl16_1x16_1000k_

—div2k_20200606-alf0810e.pth 8

W25 0] PAS# train_test.md H11 Test a pre-trained model 543,
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28.12 SRCNN (TPAMI’ 2015)

155 R HER

@article{dong20l15image,
title={Image super-resolution using deep convolutional networks},
author={Dong, Chao and Loy, Chen Change and He, Kaiming and Tang, Xiaoou},
journal={IEEE transactions on pattern analysis and machine intelligence},
volume={38},
number={2},
pages={295--307},
year={2015},
publisher={IEEE}

£ RGB i EIAT PR, FEPFASZ BTSN scale RE . FATH PSNR FI sSIM AEAFERR.

28.12.1 REFIE

g
LR AR PATF fir 2 RN ZRAEL

## crU_t )| %
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/srcnn/srcnn_x4k915_1xb16-1000k_

—div2k.py

## B ANGPUL I %
python tools/train.py configs/srcnn/srcnn_x4k915_1xb16-1000k_div2k.py

## % NcPul il %
./tools/dist_train.sh configs/srcnn/srcnn_x4k915_1xb16-1000k_div2k.py 8

W2 PAS % train_test. nd H1 1) Train a model 3754} .
T
FEAT AR PATE iy 2o U it A 2

## CPUL I

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/srcnn/srcnn_x4k915_1xb16-1000k_
—div2k.py https://download.openmmlab.com/mmediting/restorers/srcnn/srcnn_x4k915_1x16_
—1000k_div2k_20200608-4186£f232.pth

## B A~GPUL I

(Rt

28.12. SRCNN (TPAMI' 2015) 157




MMEditing

(£ 50

python tools/test.py configs/srcnn/srcnn_x4k915_1xb16-1000k_div2k.py https://download.
openmmlab.com/mmediting/restorers/srcnn/srcnn_x4k915_1x16_1000k_div2k_20200608—

—4186£232.pth

## % ) GPUL M &
./tools/dist_test.sh configs/srcnn/srcnn_x4k915_1xb16-1000k_div2k.py https://download.
;openmmlab.com/mmediting/restorers/srcnn/srcnn_x4k915_1x16_1000k_div2k_20200608-

~,4186£232.pth 8

W25 0] PAS% train_test.md H11 Test a pre-trained model 543,
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29.2 Disco Diffusion (2022)

Disco Diffusion

E55: EISCAE AL, R B R T, 3 RS

29.2.1 =&
Disco Diffusion(DD) J&—~ Google Colab it 4%, & F] i —fhnlfi CLIP-Guided Diffusion (1) A\ T2 G5B E1% 4 1,
A, AR S A RS 5 A B RS EIE .
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https://github.com/alembics/disco-diffusion
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29.2.2 ERE4H

FATCLHAR TILA unet BIRLE, FHHRBUNICMECE SR, 7E Tutorial ] AF B L KT AL unet Y
Ay

29.2.3 FhHIFK

o [x] ESCE AL

* [X] KB RR 0 EE

* [x] Imagenet, portrait § EE 7

c NBREIR, K, BILI/NERY B

[0 SCRF R GE R

(0 SCRPIARAE J8

[ SCHF R RAEAR (plms, dpm-solver 45)
FRATAR AL DX 77 3353 26301 H A ] HoAAT R Y AR

29.2.4 Quick Start

IBATPAT A, ARATDASE I SCA A AR

from mmengine import Config, MODELS
from mmedit.utils import register_all_modules

from torchvision.utils import save_image

register_all_modules ()

disco = MODELS.build(
Config.fromfile ('configs/disco_diffusion/disco-baseline.py') .model) .cuda() .eval /()
text_prompts = {
0: [
"A beautiful painting of a singular lighthouse, shining its light across a.
—tumultuous sea of blood by greg rutkowski and thomas kinkade, Trending on.
—artstation.",

"yellow color scheme"

}

image = disco.infer(
height=768,
width=1280,
text_prompts=text_prompts,

(Rt
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(£ 50

show_progress=True,
num_inference_steps=250,
eta=0.8) ['samples']

save_image (image, "image.png")

20.2.5 i

%E5] disco-diffusion W&V AIHIIISHL, el M 205 T —4 jupyter-notebook/colabffj#AE,
JER T RIS HE L, I N AL . 3554 Disco Sheet,

29.2.6 155

Since our adaptation of disco-diffusion are heavily influenced by disco colab, here we copy the credits below.

Modified by Daniel Russell (https://github.com/russelldc, https://twitter.com/danielrussruss) to include (hopefully) opti-

mal params for quick generations in 15-100 timesteps rather than 1000, as well as more robust augmentations.

Further improvements from Dango233 and nshepperd helped improve the quality of diffusion in general, and especially

so for shorter runs like this notebook aims to achieve.

Vark added code to load in multiple Clip models at once, which all prompts are evaluated against, which may greatly

improve accuracy.

The latest zoom, pan, rotation, and keyframes features were taken from Chigozie Nri’ s VQGAN Zoom Notebook

(https://github.com/chigozienri, https://twitter.com/chigozienri)
Advanced DangoCutn Cutout method is also from Dango223.
Disco:

Somnai (https://twitter.com/Somnai_dreams) added Diffusion Animation techniques, QoL improvements and various

implementations of tech and techniques, mostly listed in the changelog below.

3D animation implementation added by Adam Letts (https://twitter.com/gandamu_ml) in collaboration with Somnai.

Creation of disco.py and ongoing maintenance.
Turbo feature by Chris Allen (https://twitter.com/zippy731)

Improvements to ability to run on local systems, Windows support, and dependency installation by HostsServer

(https://twitter.com/HostsServer)

VR Mode by Tom Mason (https://twitter.com/nin_artificial)

29.2. Disco Diffusion (2022) 161



https://githubtocolab.com/open-mmlab/mmediting/blob/main/configs/disco_diffusion/tutorials.ipynb
https://docs.google.com/document/d/1l8s7uS2dGqjztYSjPpzlmXLjl5PM3IGkRWI3IiCuK7g/edit
https://colab.research.google.com/github/alembics/disco-diffusion/blob/main/Disco_Diffusion.ipynb#scrollTo=License

MMEditing

Horizontal and Vertical symmetry functionality by nshepperd. =~ Symmetry transformation_steps by huemin
(https://twitter.com/huemin_art). Symmetry integration into Disco Diffusion by Dmitrii Tochilkin

(https://twitter.com/cut_pow).
Warp and custom model support by Alex Spirin (https://twitter.com/devdef).

Pixel Art Diffusion, Watercolor Diffusion, and Pulp SciFi Diffusion models from KaliYuga
(https://twitter.com/KaliYuga_ai). Follow KaliYuga’ s Twitter for the latest models and for notebooks with spe-

cialized settings.

Integration of OpenCLIP models and initiation of integration of KaliYuga models by Palmweaver / Chris Scalf
(https://twitter.com/ChrisScalf11)

Integrated portrait_generator_v001 from Felipe3DArtist (https://twitter.com/Felipe3DArtist)

29.2.7 Citation

@misc{github,
author={alembics},
title={disco-diffusion},
year={2022},
url={https://github.com/alembics/disco-diffusion},
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30.2 Disco Diffusion (2022)

Disco Diffusion

E55: EISCAE AL, R B R T, 3 RS

30.2.1 =
Disco Diffusion(DD) J&—~ Google Colab it 4%, & F] i —fhnlfi CLIP-Guided Diffusion (1) A\ T2 G5B E1% 4 1,
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30.2.2 ERE4LERE

FATCLHAR TILA unet BIRLE, FHHRBUNICMECE SR, 7E Tutorial ] AF B L KT AL unet Y
Ay

30.2.3 FhFIFEK

o [x] ESCE AL

* [X] KB RR 0 EE

* [x] Imagenet, portrait § EE 7

c NBREIR, K, BILI/NERY B

[0 SCRF R GE R

(0 SCRPIARAE J8

[ SCHF R RAEAR (plms, dpm-solver 45)
FRATAR AL DX 77 3353 26301 H A ] HoAAT R Y AR

30.2.4 Quick Start

IBATPAT A, ARATDASE I SCA A AR

from mmengine import Config, MODELS
from mmedit.utils import register_all_modules

from torchvision.utils import save_image

register_all_modules ()

disco = MODELS.build(
Config.fromfile ('configs/disco_diffusion/disco-baseline.py') .model) .cuda() .eval /()
text_prompts = {
0: [
"A beautiful painting of a singular lighthouse, shining its light across a.
—tumultuous sea of blood by greg rutkowski and thomas kinkade, Trending on.
—artstation.",

"yellow color scheme"

}

image = disco.infer(
height=768,
width=1280,
text_prompts=text_prompts,

(Rt
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show_progress=True,
num_inference_steps=250,
eta=0.8) ['samples']

save_image (image, "image.png")

30.2.5 #iE

%E5] disco-diffusion W&V AIHIIISHL, el M 205 T —4 jupyter-notebook/colabffj#AE,
JER T RIS HE L, I N AL . 3554 Disco Sheet,

30.2.6 055

Since our adaptation of disco-diffusion are heavily influenced by disco colab, here we copy the credits below.

Modified by Daniel Russell (https://github.com/russelldc, https://twitter.com/danielrussruss) to include (hopefully) opti-

mal params for quick generations in 15-100 timesteps rather than 1000, as well as more robust augmentations.

Further improvements from Dango233 and nshepperd helped improve the quality of diffusion in general, and especially

so for shorter runs like this notebook aims to achieve.

Vark added code to load in multiple Clip models at once, which all prompts are evaluated against, which may greatly

improve accuracy.

The latest zoom, pan, rotation, and keyframes features were taken from Chigozie Nri’ s VQGAN Zoom Notebook

(https://github.com/chigozienri, https://twitter.com/chigozienri)
Advanced DangoCutn Cutout method is also from Dango223.
Disco:

Somnai (https://twitter.com/Somnai_dreams) added Diffusion Animation techniques, QoL improvements and various

implementations of tech and techniques, mostly listed in the changelog below.

3D animation implementation added by Adam Letts (https://twitter.com/gandamu_ml) in collaboration with Somnai.

Creation of disco.py and ongoing maintenance.
Turbo feature by Chris Allen (https://twitter.com/zippy731)

Improvements to ability to run on local systems, Windows support, and dependency installation by HostsServer

(https://twitter.com/HostsServer)

VR Mode by Tom Mason (https://twitter.com/nin_artificial)
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https://githubtocolab.com/open-mmlab/mmediting/blob/main/configs/disco_diffusion/tutorials.ipynb
https://docs.google.com/document/d/1l8s7uS2dGqjztYSjPpzlmXLjl5PM3IGkRWI3IiCuK7g/edit
https://colab.research.google.com/github/alembics/disco-diffusion/blob/main/Disco_Diffusion.ipynb#scrollTo=License

MMEditing

Horizontal and Vertical symmetry functionality by nshepperd. =~ Symmetry transformation_steps by huemin
(https://twitter.com/huemin_art). Symmetry integration into Disco Diffusion by Dmitrii Tochilkin

(https://twitter.com/cut_pow).
Warp and custom model support by Alex Spirin (https://twitter.com/devdef).

Pixel Art Diffusion, Watercolor Diffusion, and Pulp SciFi Diffusion models from KaliYuga
(https://twitter.com/KaliYuga_ai). Follow KaliYuga’ s Twitter for the latest models and for notebooks with spe-

cialized settings.

Integration of OpenCLIP models and initiation of integration of KaliYuga models by Palmweaver / Chris Scalf
(https://twitter.com/ChrisScalf11)

Integrated portrait_generator_v001 from Felipe3DArtist (https://twitter.com/Felipe3DArtist)

30.2.7 Citation

@misc{github,
author={alembics},
title={disco-diffusion},
year={2022},
url={https://github.com/alembics/disco-diffusion},
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31.2 FLAVR (arXiv’' 2020)

FLAVR: Flow-Agnostic Video Representations for Fast Frame Interpolation
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https://arxiv.org/abs/2012.08512.pdf
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31.2.2 '[REFIE

Ik
BERTLAGE I AT iy & R Rz .

S
ZK

## CPU_L
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/flavr/flavr_indoutl_8xb4d_

—vimeo90k-septuplet.py

## B A GrU L | %
python tools/train.py configs/flavr/flavr_indoutl_8xb4d_vimeo90k-septuplet.py

## % ANePUL I %
./tools/dist_train.sh configs/flavr/flavr_indoutl_8xb4_vimeo90k-septuplet.py 8

WEZ TR PASF# train_test.md 1] Train a model #5453 .
WX
TEAT A F DA A 2SR a2

## CcPU_E M ik

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/flavr/flavr_indoutl_8xb4_
—vimeo90k-septuplet.py https://download.openmmlab.com/mmediting/video_interpolators/
—flavr/flavr_indoutl_g8b4_vimeo90k_septuplet_20220509-c2468995.pth

## B AGPULE M W
python tools/test.py configs/flavr/flavr_indoutl_8xb4_vimeo90k-septuplet.py https://
—download.openmmlab.com/mmediting/video_interpolators/flavr/flavr_indoutl_g8b4_

—vimeo90k_septuplet_20220509-c2468995.pth

## % ) GPUL M R
./tools/dist_test.sh configs/flavr/flavr_indoutl_8xb4_vimeo90k-septuplet.py https://
—download.openmmlab.com/mmediting/video_interpolators/flavr/flavr_indoutl_g8b4_

—vimeo90k_septuplet_20220509-c2468995.pth 8

5] PAZ % train_test.md F[1) Test a pre-trained model 35543,
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31.2.3 Citation

@article{kalluri2020flavr,
title={Flavr: Flow-agnostic video representations for fast frame interpolation},
author={Kalluri, Tarun and Pathak, Deepak and Chandraker, Manmohan and Tran, Du},
journal={arXiv preprint arXiv:2012.08512},
year={2020}

31.3 CAIN (AAAI' 2020)

155 ALIHE it

@inproceedings{choi2020channel,
title={Channel attention is all you need for video frame interpolation},
author={Choi, Myungsub and Kim, Heewon and Han, Bohyung and Xu, Ning and Lee,._
—Kyoung Mu},
booktitle={Proceedings of the AAAI Conference on Artificial Intelligence},
volume={34},
number={07},
pages={10663--10671},
year={2020}

7 RGB i _E - TiEAG . AT PSNR Fl SSIM AR HEHR. 27> SR HL NS 12 26 ] b P BL S s

31.3.1 'REFIE

VI
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## CPUE il %
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/cain/cain_glb32_1xb5_vimeo90k-

—triplet.py

## B ANGPU LI %
python tools/train.py configs/cain/cain_glb32_1xb5_vimeo90k-triplet.py

## % ANerult il %
./tools/dist_train.sh configs/cain/cain_glb32_1xb5_vimeo90k-triplet.py 8

WA PAS# train_test.md 1 [] Train a model %543 .
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## CcPU L M
CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/cain/cain_glb32_1xb5_vimeo90k—
—triplet.py https://download.openmmlab.com/mmediting/video_interpolators/cain/cain_

—b5_glb32_vimeo90k_triplet_20220530-3520b00c.pth

## ¥ NGpu b IR
python tools/test.py configs/cain/cain_glb32_1xb5_vimeo90k-triplet.py https://
—download.openmmlab.com/mmediting/video_interpolators/cain/cain_b5_glb32_vimeo90k_

—triplet_20220530-3520b00c.pth

## % A GPuL &,
./tools/dist_test.sh configs/cain/cain_glb32_1xb5_vimeo90k-triplet.py https://
—download.openmmlab.com/mmediting/video_interpolators/cain/cain_b5_glb32_vimeo90k_

—triplet_20220530-3520b00c.pth 8

W25 0] PAS# train_test.md H11 Test a pre-trained model 543+,

31.4 TOFlow (IJCV’ 2019)

Video Enhancement with Task-Oriented Flow

fE55: DRI, PR 2 R

31.4.1 FaISREEIMIA SR

7E RGB ifiE L iPAh. WAF5F5 PSNR / SSIM,

W: BT batch_size=1 Fiil|Z: SPyNet A4 BN 2, X5 https://github.com/Coldog2333/
pytoflow —Z.

31.4.2 REFIE

e

BERTRAGE I AT iy SR I GRAsizid
TOF YNGR AL S DA WL 55

## cpU L Il 4
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/tof/tof_spynet-chair-wobn_1xbl_

—vimeo90k-triplet.py

(Rt
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## ¥ NGPUL il %
python tools/train.py configs/tof/tof_spynet-chair-wobn_1xbl_vimeo90k-triplet.py

## % NGPUL I %
./tools/dist_train.sh configs/tof/tof_spynet-chair-wobn_1xbl_vimeo90k-triplet.py 8

B2 AT PAS% train_test.md 71 Train a model 354} .
ik

SR AT DATF i 2R R 2

TOF (¥ S R WA TR DLATUE 43 B B AT 55«
555 1 USRI

## cpU L Il &

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/tof/tof_spynet-chair-wobn_lxbl__
—vimeo90k-triplet.py https://download.openmmlab.com/mmediting/video_interpolators/
—toflow/pretrained_spynet_chair_20220321-4d82e91b.pth

## B A-cPU L Il H
python tools/test.py configs/tof/tof_spynet-chair-wobn_1xbl_vimeo90k-triplet.py.
—https://download.openmmlab.com/mmediting/video_interpolators/toflow/pretrained_

—spynet_chair_ 20220321-4d82e91b.pth

## % ANGPUL &
./tools/dist_test.sh configs/tof/tof_spynet-chair-wobn_1lxbl_vimeo90k-triplet.py.
—https://download.openmmlab.com/mmediting/video_interpolators/toflow/pretrained_

—spynet_chair_20220321-4d82e91b.pth 8

155 2: LI 7> HE

## cpu bl &
CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/tof/tof_x4_official_ vimeo90k.py._
—https://download.openmmlab.com/mmediting/restorers/tof/tof_x4_vimeo90k_official-

—ab69ff50.pth

## B A~cru bl R
python tools/test.py configs/tof/tof_x4_official_vimeo90k.py https://download.
—openmmlab.com/mmediting/restorers/tof/tof_x4_vimeo90k_official-a569ff50.pth

## % AGPU LI W
./tools/dist_test.sh configs/tof/tof_x4_official_vimeo90k.py https://download.
—openmmlab.com/mmediting/restorers/tof/tof_x4_vimeo90k_official-a569ff50.pth 8
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L2 A PAS: % train_test.:nd H1 1 Test a pre-trained model 3345 .

31.4.3 Citation

@article{xue2019video,
title={Video enhancement with task-oriented flow},
author={Xue, Tianfan and Chen, Baian and Wu, Jiajun and Wei,
—William T},
journal={International Journal of Computer Vision},
volume={127},
number={8},
pages={1106--1125},
year={2019},
publisher={Springer}

Donglai and Freeman, .
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32.1 it

* TIZACEASL: 29
 FCESCEAEC 0
s B 1

— ALGORITHM: 1

32.2 SwinlIR (ICCVW’ 2021)

1E55: R HER, R K, TPEG 141 D S o1

@inproceedings{liang202lswinir,
title={Swinir: Image restoration using swin transformer},
author={Liang, Jingyun and Cao, Jiezhang and Sun, Guolei and Zhang, Kai and Van.
—~Gool, Luc and Timofte, Radu},
booktitle={Proceedings of the IEEE/CVF International Conference on Computer Vision},
pages={1833--1844},
year={2021}
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32.2.1 Classical Image Super-Resolution

TEY i FIEATIEAL, VG 2 BB RE A ) scale B FRATTMEA PSNR Fll sSIMAE M FEHR.

32.2.2 Lightweight Image Super-Resolution

FE Y I FHETVEE, A B A scale B K. RAVEA PSNR FI sSTM 5.
32.2.3 Real-World Image Super-Resolution

1Y JBIE FHATIRAL . FATEH NIQE 1E K645 .

32.2.4 Grayscale Image Deoising

FER VLW EIEFT A . FATHEH] PSNR fEo 4515

32.2.5 Color Image Deoising

1E RGB i FoEATIEAl . FAT I PSNR R 4547 .

32.2.6 JPEG Compression Artifact Reduction (grayscale)

TEKPE P EREFTITAL . FAI6EH PSNR AT SSIM A1y 4545 .

32.2.7 JPEG Compression Artifact Reduction (color)

1t RGB ifiH_EEfTPFAh . FAT1{3 1 PSNR F1 SSIM fE 44545

32.2.8 'RiEFFIE

VI
LRI PARE DA fim RN SRS

## crU_t )| %

## 001 Classical Image Super—-Resolution (middle size)

## (settingl: when model is trained on DIVZ2K and with training patch_size=48)
CUDA_VISIBLE DEVICES=-1 python tools/train.py configs/swinir/swinir_x2s48w8d6el80_
—8xb4-1r2e-4-500k_div2k.py

CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/swinir/swinir_x3s48w8d6el80_
—8xb4-1r2e-4-500k_div2k.py

(Rt
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CUDA_VISIBLE DEVICES=-1 python tools/train.py
8xb4-1r2e-4-500k_div2k.py

## (setting2:
CUDA_VISIBLE_DEVICES=-1
—8xb4-1r2e—-4-500k_df2k
CUDA_VISIBLE_DEVICES=-
—8xb4d-1r2e-4-500k_df2k
CUDA_VISIBLE_DEVICES=-1
—8xb4-1r2e-4-500k_df2k

python tools/train.py
Py
python tools/train.py
-PYy
python tools/train.py
- Py

configs/swinir/swinir_x4s48w8d6el80_

when model 1is trained on DIVZ2K+Flickr2K and with training patch_size=64)

configs/swinir/swinir_x2s64w8d6el180_

configs/swinir/swinir_x3s64w8d6el180_

configs/swinir/swinir_x4s64w8d6el80_

## 002 Lightweight Image Super-Resolution (small size)

CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—1lr2e-4-500k_div2k.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—~1lr2e-4-500k_div2k.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—1lr2e-4-500k_div2k.py

## 003 Real-World Image Super—-Resolution
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—8xbd-1rle-4-600k_df2k-ost.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—x2564w8d6e180_8xb4d-1rle-4-600k_df2k-ost.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—8xb4-1rle-4-600k_df2k-ost.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—x4s564w8d6el180_8xb4d-1rle-4-600k_df2k-ost.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—8xbd-1rle-4-600k_df2k-ost.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—x4564w8d9e240_8xb4d-1rle-4-600k_df2k-ost.py

## 004 Grayscale Image Deoising (middle size)
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—~1r2e-4-1600k_dfwb-grayDN15.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—~1r2e-4-1600k_dfwb-grayDN25.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—1r2e-4-1600k_dfwb-grayDN50.py

## 005 Color Image Deoising (middle size)
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—~1r2e-4-1600k_dfwb-colorDN15.py

configs/swinir/swinir_x2s64w8d4e60_8xb4d-

configs/swinir/swinir_x3s64w8d4e60_8xb4d-

configs/swinir/swinir_x4s64w8d4e60_8xb4d-

configs/swinir/swinir_gan-x2s64w8d6el180_

configs/swinir/swinir_psnr-—

configs/swinir/swinir_gan-x4s64w8d6el80_

configs/swinir/swinir_psnr-

configs/swinir/swinir_gan-x4s64w8d9e240_

configs/swinir/swinir_psnr-

configs/swinir/swinir_s128w8d6e180_8xbl-

configs/swinir/swinir_s128w8d6el180_8xbl-

configs/swinir/swinir_s128w8d6el80_8xbl-

configs/swinir/swinir_s128w8d6el180_8xbl-

Q¥iEi3)
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CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—1r2e-4-1600k_dfwb-colorDN25.py

CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—~1r2e-4-1600k_dfwb-colorDN50.py

## 006 JPEG Compression Artifact Reduction

—JPEG encoding uses 8x8 blocks)

## grayscale
CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—1r2e-4-1600k_dfwb-grayCAR10.py

CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—1r2e-4-1600k_dfwb-grayCAR20.py

CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—~1r2e-4-1600k_dfwb-grayCAR30.py

CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—~1lr2e-4-1600k_dfwb-grayCAR40.py

## color

CUDA_VISIBLE_DEVICES=-1 python
—1r2e-4-1600k_dfwb-colorCAR10
CUDA_VISIBLE_DEVICES=-1 python
—1lr2e-4-1600k_dfwb-colorCAR20
CUDA_VISIBLE_DEVICES=-1 python
—1r2e-4-1600k_dfwb-colorCAR30
CUDA_VISIBLE_DEVICES=-1 python
—1r2e-4-1600k_dfwb-colorCAR40

## B ANGPUL I %

tools/train.

Y%

tools/train.

-PY

tools/train.

-PYy

tools/train.

Y%

19

Py

configs/swinir/swinir_s128w8d6el180_8xbl-

configs/swinir/swinir_s128w8d6el80_8xbl-

(middle size, using window_size=7 because.

19

1%

Py

Py

1%

Py

Py

1%

configs/swinir/swinir_s126w7d6e180_8xbl-

configs/swinir/swinir_sl126w7d6el80_8xbl-

configs/swinir/swinir_s126w7d6e180_8xbl-

configs/swinir/swinir_s126w7d6e180_8xbl-

configs/swinir/swinir_s126w7d6el180_8xbl-

configs/swinir/swinir_s126w7d6e180_8xbl-

configs/swinir/swinir_s126w7d6e180_8xbl-

configs/swinir/swinir_s126w7d6el80_8xbl-

## 001 Classical Image Super-Resolution (middle size)

## (settingl: when model is trained on DIV2K and with training patch_size=48)

python tools/train.py configs/swinir/swinir_x2s48w8d6el180_8xb4-1r2e-4-500k_div2k.py

python tools/train.py configs/swinir/swinir_x3s48w8d6el180_8xb4-1r2e-4-500k_div2k.py

python tools/train.py configs/swinir/swinir_x4s48w8d6e180_8xb4-1r2e-4-500k_div2k.py

## (setting2: when model is trained on DIV2K+Flickr2K and with training_patch_size=64)

python tools/train.py configs/swinir/swinir_x2s64w8d6el180_8xb4-1r2e-4-500k_df2k.py

python tools/train.py configs/swinir/swinir_x3s64w8d6e180_8xb4-1r2e-4-500k_df2k.py

python tools/train.py configs/swinir/swinir_x4s64w8d6e180_8xb4-1r2e-4-500k_df2k.py

## 002 Lightweight Image Super—-Resolution (small size)

python tools/train.py configs/swinir/swinir_x2s64w8d4e60_8xb4d-1r2e—-4-500k_div2k.py

Q¥iEi3)
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python tools/train.py configs/swinir/swinir_x3s64w8d4e60_8xb4d-1r2e—-4-500k_div2k.py

python tools/train.py configs/swinir/swinir_x4s64w8d4e60_8xb4-1r2e—-4-500k_div2k.py

## 003 Real-World Image Super-Resolution

python tools/train.py configs/swinir/swinir_gan-x2s64w8d6el80_8xb4d-1rle—-4-600k_df2k-

—ost.py
python tools/train
—ost.py
python tools/train
—ost.py
python tools/train
—ost.py
python tools/train
—~ost.py
python tools/train
—~ost.py

-PY

Y%

-PYy

-PYy

2%

configs/swinir/swinir_psnr-x2s64w8d6el180_8xbd-1rle-4-600k_df2k-

configs/swinir/swinir_gan-x4s64w8d6el80_8xb4d-1rle-4-600k_df2k-

configs/swinir/swinir_psnr-x4s64w8d6el180_8xbd-1rle-4-600k_df2k-

configs/swinir/swinir_gan-x4s64w8d9e240_8xb4d-1rle-4-600k_df2k-

configs/swinir/swinir_psnr-x4s64w8d9e240_8xbd-1rle-4-600k_df2k-

## 004 Grayscale Image Deoising (middle size)

python tools/train.py configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-

—grayDN15.py
python tools/train
—grayDN25.py
python tools/train
—grayDN50.py

## 005 Color Image
python tools/train
—colorDN15.py
python tools/train
—co0lorDN25.py
python tools/train
—c0lorDN50.py

-PY

Y%

configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb—

configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb—

Deoising (middle size)

-PYy

-PYy

Y%

configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb-

configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb—

configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb—

## 006 JPEG Compression Artifact Reduction (middle size, using window_size=7 because.

—JPEG encoding uses 8x8 blocks)

## grayscale
python tools/train
—grayCAR10.py
python tools/train
—grayCAR20.py
python tools/train
—grayCAR30.py
python tools/train
—grayCAR40.py

-PY

Y%

-PYy

-PY

configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb—

configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb—

configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-

configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb—

(Rt
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## color

python tools/train
—c0lorCAR10.py
python tools/train
—colorCAR20.py
python tools/train
—c0lorCAR30.py
python tools/train
—co0lorCAR40.py

## % ANGPUL ) %

.py configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb—

.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-

.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb—

.py configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb—

## 001 Classical Image Super—-Resolution (middle size)

## (settingl: when

./tools/dist_train.
./tools/dist_train.
./tools/dist_train.

## (setting2: when

./tools/dist_train.
./tools/dist_train.
./tools/dist_train.

## 002 Lightweight

./tools/dist_train.
./tools/dist_train.
./tools/dist_train.

model is trained on DIV2K and with training patch_size=48)

sh configs/swinir/swinir_x2s48w8d6el180_8xbd-1r2e-4-500k_div2k.py 8
sh configs/swinir/swinir_x3s48w8d6el180_8xb4d-1r2e-4-500k_div2k.py 8
sh configs/swinir/swinir_x4s48w8d6el180_8xb4-1r2e-4-500k_div2k.py 8

model is trained on DIVZ2K+Flickr2K and with training_patch_size=64)
sh configs/swinir/swinir_x2s64w8d6el180_8xb4d-1r2e-4-500k_df2k.py 8
sh configs/swinir/swinir_ x3s64w8d6el80_8xb4-1r2e-4-500k_df2k.py 8
sh configs/swinir/swinir_x4s64w8d6e180_8xb4d-1r2e-4-500k_df2k.py 8

Image Super-Resolution (small size)

sh configs/swinir/swinir_x2s64w8d4e60_8xb4-1r2e-4-500k_div2k.py 8
sh configs/swinir/swinir_x3s64w8d4e60_8xb4-1r2e-4-500k_div2k.py 8
sh configs/swinir/swinir_x4s64w8d4e60_8xb4-1r2e-4-500k_div2k.py 8

## 003 Real-World Image Super—-Resolution

./tools/dist_train.

—ost.py 8

./tools/dist_train.

—ost.py 8

./tools/dist_train.

—ost.py 8

./tools/dist_train.

—ost.py 8

./tools/dist_train.

—ost.py 8

./tools/dist_train.

sh configs/swinir/swinir_gan-x2s64w8d6e180_8xbd-1rle-4-600k_df2k-

sh configs/swinir/swinir_psnr-x2s64w8d6el180_8xbd4-1rle-4-600k_df2k-

sh configs/swinir/swinir_gan-x4s64w8d6el180_8xbd-1rle-4-600k_df2k-

sh configs/swinir/swinir_psnr-x4s64w8d6e180_8xb4-1rle-4-600k_df2k-

sh configs/swinir/swinir_gan-x4s64w8d9%e240_8xbd-1rle-4-600k_df2k-

sh configs/swinir/swinir_psnr-x4s64w8d9e240_8xb4-1rle-4-600k_df2k-

—ost.py 8
Qi¥i%3)
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## 004 Grayscale Image Deoising (middle size)

./tools/dist_train.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayDN15.py 8

./tools/dist_train.sh configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayDN25.py 8

./tools/dist_train.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e—-4-1600k_dfwb-
—~grayDN50.py 8

## 005 Color Image Deoising (middle size)

./tools/dist_train.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—colorDN15.py 8

./tools/dist_train.sh configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb-
—colorDN25.py 8

./tools/dist_train.sh configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb-
—colorDN50.py 8

## 006 JPEG Compression Artifact Reduction (middle size, using window_size=7 because.
—JPEG encoding uses 8x8 blocks)

## grayscale

./tools/dist_train.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR10.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR20.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—~grayCAR30.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR40.py 8

## color

./tools/dist_train.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—colorCAR10.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—colorCAR20.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb—-
—~colorCAR30.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—~colorCAR40.py 8

250 PAE2% train_test.md H1[%) Train a model 354,
WA
FERTRAGEH AT i 2 R DA 2L
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## cpulk M ik

## 001 Classical Image Super—-Resolution (middle size)

## (settingl: when model is trained on DIV2K and with training_patch_size=48)
CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x2s48w8d6el80_8xbd—
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x2s548w8d6e180_8xb4-1r2e-4-500k_div2k-ed2d419e.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x3s48w8d6el180_8xb4d—
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—»x3s548w8d6e180_8xb4-1r2e-4-500k_div2k-926950£f1.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x4s48w8d6el80_8xbd—
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x4s548w8d6e180_8xb4-1r2e-4-500k_div2k-88e4903d.pth

## (setting2: when model is trained on DIV2K+Flickr2K and with training_ patch_size=64)
CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_ x2s64w8d6el80_8xbd—
—1r2e-4-500k_df2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—~x2564w8d6el180_8xb4-1r2e—-4-500k_df2k-69el5fb6.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x3s64w8d6e180_8xb4d—
—1r2e-4-500k_df2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x3564w8d6e180_8xb4d-1r2e-4-500k_df2k-d6982f7b.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_ x4s64w8d6el80_8xbd-
—1r2e-4-500k_df2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x4564w8d6e180_8xb4-1r2e-4-500k_df2k-0502d775.pth

## 002 Lightweight Image Super—-Resolution (small size)

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x2s64w8d4e60_8xb4-
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x2s564w8d4e60_8xb4-1r2e-4-500k_div2k-131d3£f64.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x3s64w8d4e60_8xbd-
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x3564w8d4e60_8xb4-1r2e-4-500k_div2k-309cb239.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_x4s64w8d4e60_8xb4-
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_

—x4s64w8d4e60_8xb4-1r2e-4-500k_div2k-d6622d03.pth

## 003 Real-World Image Super-Resolution

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_gan-x2s64w8d6el180_

—gan-x2s64w8d6el180_8xb4-1rle-4-600k_df2k-0s-c6425057.pth
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CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_psnr-x2s64w8d6el80_
—8xbd-1rle-4-600k_df2k-ost.py https://download.openmmlab.com/mmediting/swinir/swinir_
—psnr-x2s64w8d6el80_8xb4-1rle-4-600k_df2k-o0s-6£0c425f.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_gan-x4s64w8d6el180_
—8xb4d-1rle-4-600k_df2k-ost.py https://download.openmmlab.com/mmediting/swinir/swinir_
—gan-x4s64w8d6el180_8xb4-1rle-4-600k_df2k-0s-36960d18.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_psnr-x4s64w8d6el80_
—8xbd-1rle-4-600k_df2k-ost.py https://download.openmmlab.com/mmediting/swinir/swinir_
—psnr-x4s64w8d6el80_8xb4-1rle-4-600k_df2k-os-all6a72f.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_gan-x4s64w8d9e240_
—8xb4d-1rle-4-600k_df2k-ost.py https://download.openmmlab.com/mmediting/swinir/swinir_
—gan-x4s64w8d9%e240_8xb4-1rle-4-600k_df2k-0s-9f1599b5.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_psnr-x4s64w8d9e240_
—8xbd-1rle-4-600k_df2k-ost.py https://download.openmmlab.com/mmediting/swinir/swinir_
—psnr-x4s64w8d9%e240_8xb4-1rle-4-600k_df2k-os-25f1722a.pth

## 004 Grayscale Image Deoising (middle size)

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-
—1r2e-4-1600k_dfwb—grayDN15.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-grayDN15-6782691b.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6e180_8xbl-
—1r2e-4-1600k_dfwb-grayDN25.py https://download.openmmlab.com/mmediting/swinir/
—swinir_ s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-grayDN25-d0d8d4da.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-
—1r2e-4-1600k_dfwb—-grayDN50.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-grayDN50-54c9968a.pth

## 005 Color Image Deoising (middle size)

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6el80_8xbl-
—1r2e-4-1600k_dfwb-colorDN15.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-colorDN15-c74a2cee.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-
—1r2e-4-1600k_dfwb-colorDN25.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-colorDN25-df2blcOc.pth
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CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-
—1r2e-4-1600k_dfwb-colorDN50.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-colorDN50-e369874c.pth

## 006 JPEG Compression Artifact Reduction (middle size, using window_size=7 because.
—JPEG encoding usesx8 blocks)

## grayscale

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_sl126w7d6el180_8xbl-
—1r2e-4-1600k_dfwb-grayCAR10.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-grayCAR10-da93c8e9.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-grayCAR20.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-grayCAR20-d47367bl.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-grayCAR30.py https://download.openmmlab.com/mmediting/swinir/
—swinir_ s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-grayCAR30-52c083cf.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-grayCAR40.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-grayCAR40-803e8d9%b.pth

## color

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-colorCAR10.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-colorCAR10-0%aafadc.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6el180_8xbl-
—1r2e-4-1600k_dfwb-colorCAR20.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-colorCAR20-b8a42bb5e.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-colorCAR30.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-colorCAR30-e9%9fe6859.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-colorCAR40.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-colorCAR40-5b77a6e6.pth
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## 001 Classical Image Super—-Resolution (middle size)

## (settingl: when model is trained on DIV2K and with training patch_size=48)
python tools/test.py configs/swinir/swinir_x2s48w8d6el180_8xb4d-1r2e-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s48w8d6el80_8xb4d-1r2e—-4-
—500k_div2k-ed2d419e.pth

python tools/test.py configs/swinir/swinir_x3s48w8d6el180_8xb4d-1r2e-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s48w8d6el180_8xbd-1lr2e—-4-
—500k_div2k-926950f1.pth

python tools/test.py configs/swinir/swinir_x4s48w8d6el180_8xbd-1r2e-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s48w8d6el180_8xbd-1lr2e—4-
—500k_div2k-88e4903d.pth

## (setting2: when model is trained on DIV2K+Flickr2K and with training _patch_size=64)
python tools/test.py configs/swinir/swinir_x2s64w8d6el80_8xbd-1r2e-4-500k_df2k.py_
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s64w8d6el180_8xbd-1lr2e—4-
—500k_df2k-69el15fb6.pth

python tools/test.py configs/swinir/swinir_x3s64w8d6el180_8xb4d-1r2e-4-500k_df2k.py_
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s64w8d6el80_8xbd-1lr2e—-4-
—500k_df2k-d6982f7b.pth

python tools/test.py configs/swinir/swinir_ x4s64w8d6el80_8xb4-1r2e-4-500k_df2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s64w8d6el180_8xbd-1lr2e—4-
—500k_df2k-0502d775.pth

## 002 Lightweight Image Super—-Resolution (small size)

python tools/test.py configs/swinir/swinir_x2s64w8d4e60_8xb4d-1r2e-4-500k_div2k.py_
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s64w8d4e60_8xb4d-1lr2e—4-
—~500k_div2k-131d3£f64.pth

python tools/test.py configs/swinir/swinir_x3s64w8d4e60_8xb4-1r2e-4-500k_div2k.py_
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s64w8d4e60_8xb4d-1r2e—-4-
—500k_div2k-309cb239.pth

python tools/test.py configs/swinir/swinir_x4s64w8d4e60_8xb4d-1r2e-4-500k_div2k.py_
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s64w8d4e60_8xb4d-1lr2e—4-
—500k_div2k-d6622d03.pth
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## 003 Real-World Image Super—-Resolution
python tools/test.py configs/swinir/swinir_gan-x2s64w8d6el180_8xb4d-1rle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x2s64w8d6el80_
—8xb4-1rle-4-600k_df2k-0s-c6425057.pth

python tools/test.py configs/swinir/swinir_psnr-x2s64w8d6el80_8xb4-1rle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x2s64w8d6el80_

—8xb4-1rle-4-600k_df2k-os-6£f0c425f.pth

python tools/test.py configs/swinir/swinir_gan-x4s64w8d6el180_8xb4d-1rle—-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x4s64w8d6el80_

—8xbd-1rle-4-600k_df2k-0s-36960d18.pth

python tools/test.py configs/swinir/swinir_ psnr-x4s64w8d6el80_8xb4-1rle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x4s64w8d6el80_

—8xpb4-1rle-4-600k_df2k-os-all6a72f.pth

python tools/test.py configs/swinir/swinir_gan-x4s64w8d9e240_8xbd-1rle—-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x4s64w8d9%e240_

—8xb4-1rle-4-600k_df2k-0s-9£1599b5.pth

python tools/test.py configs/swinir/swinir_ psnr-x4s64w8d9e240_8xb4-1rle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x4s64w8d9e240_

—8xb4d-1rle-4-600k_df2k-0s-25f1722a.pth

## 004 Grayscale Image Deoising (middle size)

python tools/test.py configs/swinir/swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-
—grayDN15.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el80_
—8xpbl-1r2e-4-1600k_dfwb-grayDN15-6782691b.pth

python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayDN25.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el180_
—8xbl-1r2e-4-1600k_dfwb—-grayDN25-d0d8d4da.pth

python tools/test.py configs/swinir/swinir s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-
—grayDN50.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el80_
—8xbl-1r2e-4-1600k_dfwb-grayDN50-54c9968a.pth

## 005 Color Image Deoising (middle size)

python tools/test.py configs/swinir/swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-
—»colorDN15.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el180_
—8xbl-1r2e-4-1600k_dfwb-colorDN15-c74a2cee.pth
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python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—colorDN25.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el180_
—8xbl-1r2e-4-1600k_dfwb-colorDN25-df2blcOc.pth

python tools/test.py configs/swinir/swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-
—»co0lorDN50.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el180_
—8xbl-1r2e-4-1600k_dfwb-colorDN50-e369874c.pth

## 006 JPEG Compression Artifact Reduction (middle size, using window_size=7 because.
—JPEG encoding usesx8 blocks)

## grayscale

python tools/test.py configs/swinir/swinir_sl126w7d6el80_8xbl-1r2e-4-1600k_dfwb-
—grayCAR10.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el80_
—8xpbl-1r2e-4-1600k_dfwb-grayCAR10-da93c8e9.pth

python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR20.py https://download.openmmlab.com/mmediting/swinir/swinir s126w7d6el80_
—8xbl-1r2e-4-1600k_dfwb-grayCAR20-d47367bl.pth

python tools/test.py configs/swinir/swinir_sl126w7d6el80_8xbl-1r2e-4-1600k_dfwb-
—grayCAR30.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el80_
—8xbl-1r2e-4-1600k_dfwb-grayCAR30-52c083cf.pth

python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR40.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el180_
—8xbl-1r2e-4-1600k_dfwb-grayCAR40-803e8d9%b.pth

## color

python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—~co0lorCAR10.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6e180_
—8xbl-1r2e-4-1600k_dfwb-colorCAR10-09%aafadc.pth

python tools/test.py configs/swinir/swinir_sl126w7d6el80_8xbl-1r2e-4-1600k_dfwb-
—c0lorCAR20.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el180_
—8xbl-1r2e-4-1600k_dfwb-colorCAR20-b8a42b5e.pth

python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—co0lorCAR30.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el180_
—8xbl-1r2e-4-1600k_dfwb-colorCAR30-e9fe6859.pth
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python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—+co0lorCAR40.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el180_
—8xbl-1r2e-4-1600k_dfwb—-colorCAR40-5b77a6e6.pth

## % GPUM &

## 001 Classical Image Super—-Resolution (middle size)

## (settingl: when model is trained on DIV2K and with training patch_size=48)
./tools/dist_test.sh configs/swinir/swinir_x2s48w8d6e180_8xb4d-1r2e—-4-500k_div2k.py._
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s48w8d6el80_8xbd-1lr2e—4-
—500k_div2k-ed2d419e.pth

./tools/dist_test.sh configs/swinir/swinir_x3s48w8d6el180_8xbd-1r2e-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s48w8d6el180_8xbd-1lr2e—4-
—500k_div2k-926950f1.pth

./tools/dist_test.sh configs/swinir/swinir_x4s48w8d6e180_8xbd-1r2e—-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s48w8d6el80_8xb4-1r2e-4-
—500k_div2k-88e4903d.pth

## (setting2: when model is trained on DIVZ2K+Flickr2K and with training_patch_size=64)
./tools/dist_test.sh configs/swinir/swinir_x2s64w8d6e180_8xb4-1r2e-4-500k_df2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s64w8d6el180_8xbd-1lr2e—4-
—500k_df2k-69el15fb6.pth

./tools/dist_test.sh configs/swinir/swinir_x3s64w8d6e180_8xb4-1r2e-4-500k_df2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s64w8d6el180_8xbd-1lr2e—-4-
—500k_df2k-d6982f7b.pth

./tools/dist_test.sh configs/swinir/swinir_x4s64w8d6e180_8xbd-1r2e-4-500k_df2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s64w8d6el180_8xbd-1lr2e—4-
—500k_df2k-0502d775.pth

## 002 Lightweight Image Super-Resolution (small size)

./tools/dist_test.sh configs/swinir/swinir_x2s64w8d4e60_8xb4d-1r2e-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s64w8d4e60_8xb4d-1r2e—-4-
—500k_div2k-131d3f64.pth

./tools/dist_test.sh configs/swinir/swinir_x3s64w8d4e60_8xb4d-1r2e—-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s64w8d4e60_8xbd-1r2e-4-
—500k_div2k-309cb239.pth
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./tools/dist_test.sh configs/swinir/swinir_x4s64w8d4e60_8xbd-1r2e—-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s64w8d4e60_8xb4d-1lr2e—-4-
—500k_div2k-d6622d03.pth

## 003 Real-World Image Super-Resolution
./tools/dist_test.sh configs/swinir/swinir_gan-x2s64w8d6e180_8xbd-1lrle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x2s64w8d6el80_
—8xb4d-1rle-4-600k_df2k-0s-c6425057.pth

./tools/dist_test.sh configs/swinir/swinir_psnr-x2s64w8d6e180_8xb4-1rle-4-600k_df2k-—
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x2s64w8d6el180_

—8xbd-1rle-4-600k_df2k-os-6£f0c425f.pth

./tools/dist_test.sh configs/swinir/swinir_gan-x4s64w8d6e180_8xbd-1lrle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x4s64w8d6el80_
—8xbd-1rle-4-600k_df2k-0s-36960d18.pth

./tools/dist_test.sh configs/swinir/swinir_psnr-x4s64w8d6el180_8xb4-1rle-4-600k_df2k—
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x4s64w8d6el80_

—8xb4d-1rle—-4-600k_df2k-os—-all6a72f.pth

./tools/dist_test.sh configs/swinir/swinir_gan-x4s64w8d9e240_8xb4-1lrle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x4s64w8d9%9e240_
—8xb4d-1rle-4-600k_df2k-0s-9£f1599b5.pth

./tools/dist_test.sh configs/swinir/swinir_psnr-x4s64w8d9e240_8xb4-1rle-4-600k_df2k—
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x4s64w8d9e240_
—8xbd-1rle-4-600k_df2k-os-25f1722a.pth

## 004 Grayscale Image Deoising (middle size)

./tools/dist_test.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayDN15.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el80_
,8xbl-1r2e-4-1600k_dfwb-grayDN15-6782691b.pth

./tools/dist_test.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayDN25.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el180_
—8xbl-1r2e-4-1600k_dfwb-grayDN25-d0d8d4da.pth

./tools/dist_test.sh configs/swinir/swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-
—grayDN50.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el80_

—8xbl-1r2e-4-1600k_dfwb-grayDN50-54c9968a.pth

## 005 Color Image Deoising (middle size)
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./tools/dist_test.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—scolorDN15.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6e180_
—8xbl-1r2e-4-1600k_dfwb-colorDN15-c74a2cee.pth

./tools/dist_test.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb—
—colorDN25.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6e180_
—8xbl-1r2e-4-1600k_dfwb-colorDN25-df2blcOc.pth

./tools/dist_test.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
<»colorDN50.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6e180_
—8xbl-1r2e-4-1600k_dfwb-colorDN50-e369874c.pth

## 006 JPEG Compression Artifact Reduction (middle size, using window_size=7 because.
—JPEG encoding uses 8x8 blocks)

## grayscale

./tools/dist_test.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR10.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6e180_
—8xbl-1r2e-4-1600k_dfwb-grayCAR10-da93c8e9.pth

./tools/dist_test.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR20.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el80_
—.8xbl-1r2e-4-1600k_dfwb-grayCAR20-d47367bl.pth

./tools/dist_test.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR30.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6e180_
—8xbl-1r2e-4-1600k_dfwb-grayCAR30-52c083cf.pth

./tools/dist_test.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR40.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el80_
—8xpbl-1r2e-4-1600k_dfwb-grayCAR40-803e8d9%b.pth

## color

./tools/dist_test.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—co0lorCAR10.py https://download.openmmlab.com/mmediting/swinir/swinir_sl126w7d6el80_
—8xbl-1r2e-4-1600k_dfwb-colorCAR10-0%aafadc.pth

./tools/dist_test.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—»c0lorCAR20.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6e180_
—8xbl-1r2e-4-1600k_dfwb-colorCAR20-b8a42b5e.pth

./tools/dist_test.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb—
—c0lorCAR30.py https://download.openmmlab.com/mmediting/swinir/swinir_sl126w7d6el80_
—8xbl-1r2e-4-1600k_dfwb-colorCAR30-e9fe6859.pth
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./tools/dist_test.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—co0lorCAR40.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el80_
—8xbl-1r2e-4-1600k_dfwb-colorCAR30-e9fe6859.pth

2 YW PAS: % train_test. nd H1 1 Test a pre-trained model 343 .
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— ALGORITHM: 7

33.2 RealBasicVSR (CVPR' 2022)

155 DB HER

@InProceedings{chan2022investigating,

and Zhou, Shangchen and Xu, Xiangyu and Loy, Chen.

author = {Chan, Kelvin C.K.
—Change},

title = {RealBasicVSR: Investigating Tradeoffs in Real-World Video Super-Resolution}

7
booktitle = {Proceedings of the IEEE conference on computer vision and pattern.
—recognition},

year = {2022}
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Y Wi _EPEAL. 7F5H NRQM. NIQE Fl PT S Rl PAFE L4k 3. F’ATHE A MATLAB B 4 Ui+ &
BRISQUE.,

33.2.1 j)li%k

R miA~pr e :
1. i realbasicvsr_wogan-c64b20-2x30x8_8xb2-Irle-4-300k_reds.py Y| Zk— 15 B J F X H0 140 2R 1
A,
2. A RGN 2R IR MR 25 realbasicvsr_c64b20-1x30x8_8xb1-Ir5e-5-150k_reds.py fafififizid

1
1. ] g AR G ST A TG DA 10, S R BAL T 38 2161 .

33.2.2 [RiEFFIE

e
BERTLAGE I LATF iy 2 SR I GRAsizid

## cPUE I %
CUDA_VISIBLE _DEVICES=-1 python tools/train.py configs/real_basicvsr/realbasicvsr_

—C64pb20-1x30x8_8xbl1-1r5e-5-150k_reds.py

## ¥ crut il 4
python tools/train.py configs/real_basicvsr/realbasicvsr_c64b20-1x30x8_8xbl-1r5e-5-
—150k_reds.py

## % NGPUL I %
./tools/dist_train.sh configs/real_basicvsr/realbasicvsr_c64b20-1x30x8_8xbl-1r5e-5-

—150k_reds.py 8

WZ 0] LS train_test.md F14% Train a model #5453,
LT
TR A DA A 2 U

## cput Ml &

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/real_basicvsr/realbasicvsr_
—C64b20-1x30x8_8xbl-1r5e-5-150k_reds.py https://download.openmmlab.com/mmediting/
—srestorers/real_basicvsr/realbasicvsr_c64b20_1x30x8_ lr5e-5_150k_reds_20211104-
—52f77c2c.pth

## B GPU L R

(Rt
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(8 E70)
python tools/test.py configs/real_basicvsr/realbasicvsr_c64b20-1x30x8_8xbl-1r5e-5-
—150k_reds.py https://download.openmmlab.com/mmediting/restorers/real_basicvsr/
—realbasicvsr_c64b20_1x30x8_lr5e-5_150k_reds_20211104-52f77c2c.pth
## % AGPUL Wl
./tools/dist_test.sh configs/real_basicvsr/realbasicvsr_c64b20-1x30x8_8xbl-1r5e-5-
—150k_reds.py https://download.openmmlab.com/mmediting/restorers/real_basicvsr/
—realbasicvsr_c64b20_1x30x8_lr5e-5_150k_reds_20211104-52f77c2c.pth 8
W25 0] PAS% train_test.md H11 Test a pre-trained model 543,

H ’
33.3 BasicVSR++ (CVPR’ 2022)
1155 I I HER
@InProceedings{chan2022basicvsrplusplus,
author = {Chan, Kelvin C.K. and Zhou, Shangchen and Xu, Xiangyu and Loy, Chen.
—Change},
title = {BasicVSR++: Improving Video Super—-Resolution with Enhanced Propagation and.

—Alignment},
booktitle = {Proceedings of the IEEE conference on computer vision and pattern.
—recognition},

year = {2022}

SPyNet I ZRAL AL X L o

THER, DAL BN ORI TR Y o X SEREZ 11255 S5 7E MMEditing 1A% Sk star i %1% .
FM e B PRI ZR i

33.3.1 'REFIE

VI
TR PARE DA fim RN SRS

## crUt )| %
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/basicvsr_pp/basicvsr—-pp_c64n7_
—8xb1-600k_reds4.py

## ¥ NGPUL I %
python tools/train.py configs/basicvsr_pp/basicvsr-pp_c64n7_8xbl1-600k_redsd.py

(Rt
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## % Nepul il %
./tools/dist_train.sh configs/basicvsr_pp/basicvsr—-pp_c64n7_8xbl1-600k_reds4.py 8

WL 0] PASF train_test.md [ Train a model #5453 .
X
ST DA I AT fiip 2 R A 2

## cpulk M ik

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/basicvsr_pp/basicvsr-pp_c64n7_
—8xb1-600k_reds4.py https://download.openmmlab.com/mmediting/restorers/basicvsr_
—plusplus/basicvsr_plusplus_c64n7_8x1_600k_redsd4_20210217-db622b2f.pth

## 2 AcpuLk iR
python tools/test.py configs/basicvsr_pp/basicvsr-pp_c64n7_8xb1-600k_redsd4.py https://
—download.openmmlab.com/mmediting/restorers/basicvsr_plusplus/basicvsr_plusplus_

—c64n7_8x1_600k_reds4_20210217-db622b2f.pth

## % A~ePUL il W
./tools/dist_test.sh configs/basicvsr_pp/basicvsr—-pp_c64n7_8xb1-600k_redsd.py https://
—download.openmmlab.com/mmediting/restorers/basicvsr_plusplus/basicvsr_plusplus_

—c64n7_8x1_600k_reds4_20210217-db622b2f.pth 8

WL PAZ% train_test.md 1] Test a pre-trained model #1555 .

33.4 IconVSR (CVPR’ 2021)

255 DI HER

@InProceedings{chan202lbasicvsr,

author = {Chan, Kelvin CK and Wang, Xintao and Yu, Ke and Dong, Chao and Loy, Chen.
—Change},

title = {BasicVSR: The Search for Essential Components in Video Super—-Resolution.
—and Beyond},

booktitle = {Proceedings of the IEEE conference on computer vision and pattern.
—recognition},

year = {2021}

X1+ REDS4, FATX RGB BT AL X FHAESESE, AT Y @B T4, A6 H pSNR A1
SSIM EA$EHR. IconVSR AR I ZRAl Enl PAFEIX L4k %] : SPyNet, H REDS () EDVR-M, PAK T
Vimeo-90K {) EDVR-M,
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33.4.1 'REEFIE

Ik
BERTLAGE I AT iy & R Rz .

Vo
Zk

## cpPU_LE )

CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/iconvsr/iconvsr_2xb4d_redsd.py

## B ANGPUL I &

python tools/train.py configs/iconvsr/iconvsr_2xb4_redsd.py

## % NGrUuk | %

./tools/dist_train.sh configs/iconvsr/iconvsr_2xb4d_redsd.py 8

LT R PLE % train_test.md 71 Train a model 7545,
LT
AT DA FH PAT A 2ok e

## CPUL M

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/iconvsr/iconvsr_2xb4_redsd.py_
—https://download.openmmlab.com/mmediting/restorers/iconvsr/iconvsr_reds4_20210413-
—9e09d621.pth

## B ~GPUL Il WK
python tools/test.py configs/iconvsr/iconvsr_2xb4_reds4d.py https://download.openmmlab.

—com/mmediting/restorers/iconvsr/iconvsr_reds4_20210413-9e09d621.pth

## % ANGPU LM K
./tools/dist_test.sh configs/iconvsr/iconvsr_2xb4_redsd.py https://download.openmmlab.
—com/mmediting/restorers/iconvsr/iconvsr_reds4_20210413-9e09d621.pth 8

W2 A 0] PAZ:F train_test.md (1) Test a pre-trained model 3574} .

33.5 BasicVSR (CVPR’ 2021)

{45 BUTRA B

@InProceedings{chan202lbasicvsr,

author = {Chan, Kelvin CK and Wang, Xintao and Yu, Ke and Dong, Chao and Loy, Chen.
—Change},

title = {BasicVSR: The Search for Essential Components in Video Super-Resolution.

—and Beyond},

(T oUdkss)
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booktitle = {Proceedings of the IEEE conference on computer vision and pattern.
—recognition},

year = {2021}

X REDS4, FATx RGB Ml #EAT Al . X T HARBELL, FAT Y @B B4 TI7h . AT PSNR Al
SSIM{ENFEAR. SPyNet Il At AEix HL o
33.5.1 '[REFIE

e
TERTLAGE I PATE sy & A Rz

## cPUL Y %
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/basicvsr/basicvsr_2xb4d_redsd.py

## B AcrUu Lt | &
python tools/train.py configs/basicvsr/basicvsr_2xb4_reds4d.py

## % NGPUL ) 4%

./tools/dist_train.sh configs/basicvsr/basicvsr_2xb4_reds4d.py 8

L] LS train_test.md H[1Y) Train a model 334,
A
TR A PATF i 2o U

## cpu Lkl &
CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/basicvsr/basicvsr_2xb4_redsd.py._
—https://download.openmmlab.com/mmediting/restorers/basicvsr/basicvsr_reds4_20120409-

—0e599677.pth

## B A~cru bl R
python tools/test.py configs/basicvsr/basicvsr_2xb4_reds4.py https://download.
—openmmlab.com/mmediting/restorers/basicvsr/basicvsr_reds4_20120409-0e599677.pth

## % NGPUL IR
./tools/dist_test.sh configs/basicvsr/basicvsr_2xb4_redsd.py https://download.
—openmmlab.com/mmediting/restorers/basicvsr/basicvsr_reds4_20120409-0e599677.pth 8

T YA DA train_test.md (1) Test a pre-trained model %54 .
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33.6 TDAN (CVPR’ 2020)

255 DI HER

@InProceedings{tian2020tdan,
title={TDAN: Temporally-Deformable Alignment Network for Video Super-Resolution},
author={Tian, Yapeng and Zhang, Yulun and Fu, Yun and Xu, Chenliang},
booktitle = {Proceedings of the IEEE conference on Computer Vision and Pattern.
—~Recognition},

year = {2020}

£ RGB i EIHAT PR, FEPPAGZ ARS8 R . FATMHT PSNR Il ssIM MM TETR.

33.6.1 REFIE

VI
AT PARE I PATE fir & RN ZRAEAL
TDAN JIIZA P B B

BrBE 1: ABCR 2 2] RRAIZK (1e-4)

## cpU L il %
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/tdan/tdan_x4_1xbl6-1rle-4-400k_
—vimeo90k-bi.py

## B AGrU L | %
python tools/train.py configs/tdan/tdan_x4_1xbl6-1rle-4-400k_vimeo90k-bi.py

## % NGrUuLl il %
./tools/dist_train.sh configs/tdan/tdan_x4_1xbl6-1rle-4-400k_vimeo90k-bi.py 8

WrBE 2: DAB/ N7 ) AT (Se-5)

## cpu bl %
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/tdan/tdan_x4ft_1xbl6-1r5e-5-
—400k_vimeo90k-bi.py

## ¥ Acpu k| %
python tools/train.py configs/tdan/tdan_x4ft_1xbl6-1r5e-5-400k_vimeo90k-bi.py

## % Nerulk il %
./tools/dist_train.sh configs/tdan/tdan_x4ft_1xbl6-1r5e-5-400k_vimeo90k-bi.py 8
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2403 PAS: % train_test.md [ Train a model 343,
LT
FAT DA FH DATT A &k i

## cPUL W R

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/tdan/tdan_x4ft_1xbl6-1r5e-5-400k_
—vimeo90k-bi.py https://download.openmmlab.com/mmediting/restorers/tdan/tdan_
—vimeo90k_bix4_20210528-739979d9.pth

## 2 ANGPULE M R

python tools/test.py configs/tdan/tdan_x4ft_1xbl6-1r5e-5-400k_vimeo90k-bi.py https://
—download.openmmlab.com/mmediting/restorers/tdan/tdan_vimeo90k_bix4_20210528-
—739979d9.pth

## % N GPULE N R

./tools/dist_test.sh configs/tdan/tdan_x4ft_1xbl6-1r5e-5-400k_vimeo90k-bi.py https://
—download.openmmlab.com/mmediting/restorers/tdan/tdan_vimeo90k_bix4_20210528-
739979d9.pth 8

W25 0] PAS:#% train_test.md H11 Test a pre-trained model %543,

33.7 TOFlow (IJCV’ 2019)

Video Enhancement with Task-Oriented Flow

{55 DU, PR 2 R

33.7.1 FHISREEIMIA SR

7E RGB i L iPAh. WAHF5FR PSNR / SSIM,

W: BT batch_size=1 Fiil|Z:y SPyNet A4 BN 2, X5 https://github.com/Coldog2333/
pytoflow —Z.

33.7.2 'REFFIE

e

BERTLAGE I AT iy 2 SR RAsizid
TOF YNGR AL ST WL 55
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## CPU_L
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/tof/tof_spynet-chair-wobn_1xbl_

%

—vimeo90k-triplet.py

## B A GrU L I %
python tools/train.py configs/tof/tof_spynet-chair-wobn_1xbl_vimeo90k-triplet.py

## % ANcePUut il %
./tools/dist_train.sh configs/tof/tof_spynet-chair-wobn_1lxbl_vimeo90k-triplet.py 8

WL AT PAS % train_test.md 1) Train a model 75}
i

FEAT PAGE I ATE fiir & R I A 2

TOF IR ST ORI RATURE 73 B R AT 55
155 1. BUAIn

## cpu Ll &
CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/tof/tof_spynet-chair-wobn_1xbl_
—vimeo90k-triplet.py https://download.openmmlab.com/mmediting/video_interpolators/

—~toflow/pretrained_spynet_chair_20220321-4d82e91b.pth

## B ANcpu kol R
python tools/test.py configs/tof/tof_spynet-chair-wobn_1lxbl_vimeo90k-triplet.py.
—https://download.openmmlab.com/mmediting/video_interpolators/toflow/pretrained_

—spynet_chair_20220321-4d82e91b.pth

## % ANGPU L R
./tools/dist_test.sh configs/tof/tof_spynet-chair-wobn_1xbl_vimeo90k-triplet.py.
—https://download.openmmlab.com/mmediting/video_interpolators/toflow/pretrained_

—spynet_chair_ 20220321-4d82e91b.pth 8

1E55 2: VU S ok

## cpU_E W
CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/tof/tof_x4_official_vimeo90k.py._
—https://download.openmmlab.com/mmediting/restorers/tof/tof_x4_vimeo90k_official-

—ab69f£f50.pth

## B ~GPUL I K
python tools/test.py configs/tof/tof_x4_official_vimeo90k.py https://download.
—openmmlab.com/mmediting/restorers/tof/tof_x4_vimeo90k_official-a569ff50.pth

(Rt
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## % AcPUut Wl &
./tools/dist_test.sh configs/tof/tof_x4_official_vimeo90k.py https://download.

—openmmlab.com/mmediting/restorers/tof/tof_x4_vimeo90k_official-a569ff50.pth 8

WL PAZ#% train_test.md H1[1}] Test a pre-trained model #1355 .

33.7.3 Citation

@article{xue2019video,

title={Video enhancement with task-oriented flow},

author={Xue, Tianfan and Chen, Baian and Wu, Jiajun and Wei, Donglai and Freeman,.
—William T},

journal={International Journal of Computer Vision},

volume={127},

number={8},

pages={1106--1125},

year={2019},

publisher={Springer}

33.8 EDVR (CVPRW’ 2019)

E55: DU 7 HER

@InProceedings{wang2019edvr,

author = {Wang, Xintao and Chan, Kelvin C.K. and Yu, Ke and Dong, Chao and Loy,.
—Chen Change},

title = {EDVR: Video restoration with enhanced deformable convolutionald.
—networks},

booktitle = {The IEEE Conference on Computer Vision and Pattern Recognition.
—Workshops (CVPRW) },

month = {June},

year = {2019},

7f RGB i FaEf7iPAh. AT PSNR Fl sSIM AE KR
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33.8.1 'REEFIE

Ik
BERTLAGE I AT iy & R Rz .

## CPULE | %
CUDA_VISIBLE DEVICES=-1 python tools/train.py configs/edvr/edvrm_8xb4-600k_reds.py

## B ANGPUL I &
python tools/train.py configs/edvr/edvrm_8xb4-600k_reds.py

## % Ncpulk il %
./tools/dist_train.sh configs/edvr/edvrm_8xb4-600k_reds.py 8

LT R PLE % train_test.md 71 Train a model 7545,
LT
AT DA FH PAT A 2ok e

## CPU_E I iR

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/edvr/edvrm_ 8xb4-600k_reds.py_
—https://download.openmmlab.com/mmediting/restorers/edvr/edvrm_x4_8x4_600k_reds_
—20210625-e29p71b5.pth

## B ~GPUL Il WK
python tools/test.py configs/edvr/edvrm_8xb4-600k_reds.py https://download.openmmlab.
—com/mmediting/restorers/edvr/edvrm_x4_8x4_600k_reds_20210625-e29b71b5.pth

## % ANGPU LM K
./tools/dist_test.sh configs/edvr/edvrm_8xb4-600k_reds.py https://download.openmmlab.
—com/mmediting/restorers/edvr/edvrm_x4_8x4_600k_reds_20210625-e29b71b5.pth 8

W2 A 0] PAZ:F train_test.md (1) Test a pre-trained model 3574} .
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CHAPTER 34

ElRizE

34.1 §i¥

o TIZRCEANEE 9
 FCESCEAEC 0
s B S

— ALGORITHM: 5

34.2 AOT-GAN (TVCG’ 2021)

AOT-GAN: Aggregated Contextual Transformations for High-Resolution Image Inpainting
15 KRR

3421 HE
34.2.2 B SiER

Places365-Challenge

203
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34.2.3 '[REEFFIE

Ik
BERTLAGE I AT iy & R Rz .

S
ZK

## cpPU_LE )

CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/aot_gan/aot-gan_smpgan_4xb4_

—places—-512x512.py

## B A GrU L | %
python tools/train.py configs/aot_gan/aot—gan_smpgan_4xb4d_places-512x512.py

## % NGPUL I %
./tools/dist_train.sh configs/aot_gan/aot—gan_smpgan_4xb4_places-512x512.py 8

WEZ TR PASF# train_test.md 1] Train a model #5453 .
WX
TEAT A F DA A 2SR a2

## CcPU_E M ik

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/aot_gan/aot-gan_smpgan_4xb4d_
—places-512x512.py https://download.openmmlab.com/mmediting/inpainting/aot_gan/AO0T—
—GAN_512x512_4x12_places_20220509-6641441b.pth

## EA-cPut W R

python tools/test.py configs/aot_gan/aot—gan_smpgan_4xb4_places—-512x512.py https://
—download.openmmlab.com/mmediting/inpainting/aot_gan/AOT-GAN_512x512_4x12_places_
—20220509-6641441b.pth

## % A~GPUL M R

./tools/dist_test.sh configs/aot_gan/aot-gan_smpgan_4xb4_places-512x512.py https://
—download.openmmlab.com/mmediting/inpainting/aot_gan/AOT-GAN_512x512_4x12_places_
—20220509-6641441b.pth 8

5] PAZ % train_test.md F[1) Test a pre-trained model 35543,
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34.2.4 5|H

@inproceedings{yan202lagg,

author = {Zeng, Yanhong and Fu, Jianlong and Chao, Hongyang and Guo, Baining},
title = {Aggregated Contextual Transformations for High-Resolution Image Inpainting}
7

booktitle = {Arxiv},
pages={-1},
year = {2020}

34.3 DeepFillv2 (CVPR’ 2019)

155 KB ER

@inproceedings{yu2019free,
title={Free-form image inpainting with gated convolution},
author={Yu, Jiahui and Lin, Zhe and Yang, Jimei and Shen, Xiaohui and Lu, Xin and.
—Huang, Thomas S},
booktitle={Proceedings of the IEEE International Conference on Computer Vision},
pages={4471--4480},
year={2019}

Places365-Challenge

CelebA-HQ

34.3.1 RiEFFIE

IE
LRI PARE I PAF fir 2 RN ZRAEE2

## CcPUL Il %
CUDA_VISIBLE DEVICES=-1 python tools/train.py configs/deepfillv2/deepfillv2_8xb2_
—places-256x256.py

## ¥ ANGPUL Y 4%
python tools/train.py configs/deepfillv2/deepfillv2_8xb2_places-256x256.py

## % NGPUL I %
./tools/dist_train.sh configs/deepfillv2/deepfillv2_8xb2_places-256x256.py 8

34.3. DeepFillv2 (CVPR’ 2019) 205
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2403 PAS: % train_test.md [ Train a model 343,

A
LR PARE I PATE fir & R A2

## CPU_E I K
1 python tools/test.py configs/deepfillv2/deepfillv2_8xb2_

CUDA_VISIBLE_DEVICES=-
—places-256x256.py https://download.openmmlab.com/mmediting/inpainting/deepfillv2/

—deepfillv2_256x256_8x2_places_20200619-10d15793.pth
## B GPU L R
python tools/test.py configs/deepfillv2/deepfillv2_8xb2_places-256x256.py https://

—download.openmmlab.com/mmediting/inpainting/deepfillv2/deepfillv2_256x256_8x2_

—places_20200619-10d15793.pth

## % A~ cPut Wl
./tools/dist_test.sh configs/deepfillv2/deepfillv2_8xb2_places-256x256.py https://

—download.openmmlab.com/mmediting/inpainting/deepfillv2/deepfillv2_256x256_8x2_

—places_20200619-10d15793.pth 8

W25 0] PAS:#% train_test.md H11 Test a pre-trained model %543,

34.4 PConv (ECCV’ 2018)

%5 KRR

@inproceedings{liu2018image,
title={Image inpainting for irregular holes using partial convolutions},
Fitsum A and Shih, Kevin J and Wang, Ting-Chun and.

author={Liu, Guilin and Reda,

—Tao, Andrew and Catanzaro, Bryan},
booktitle={Proceedings of the European Conference on Computer Vision (ECCV) },

pages={85--100},
year={2018}

Places365-Challenge

CelebA-HQ

Chapter 34. E{R8E
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34.41 REFIE

Ik
BERTLAGE I AT iy & R Rz .

S
ZK

## cpPU_LE )

CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/partial_conv/pconv_stage2_4xb2_

—places-256x256.py

## B A GrU L | %
python tools/train.py configs/partial_conv/pconv_stage2_4xb2_places-256x256.py

## % NGPUL I %
./tools/dist_train.sh configs/partial_conv/pconv_stage2_4xb2_places-256x256.py 8

WEZ TR PASF# train_test.md 1] Train a model #5453 .
WX
TEAT A F DA A 2SR a2

## CcPU_E M ik

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/partial_conv/pconv_stage2_4xb2_
—places-256x256.py https://download.openmmlab.com/mmediting/inpainting/pconv/pconv_
—256x256_stage2_4x2_places_20200619-1ffed0e8.pth

## EA-cPut W R

python tools/test.py configs/partial_conv/pconv_stage2_4xb2_places—-256x256.py https://
—download.openmmlab.com/mmediting/inpainting/pconv/pconv_256x256_stage2_4x2_places_
—20200619-1ffed0e8.pth

## % A~GPUL M R

./tools/dist_test.sh configs/partial_conv/pconv_stage2_4xb2_places-256x256.py https://
—download.openmmlab.com/mmediting/inpainting/pconv/pconv_256x256_stage2_4x2_places_
—20200619-1ffed0e8.pth 8

5] PAZ % train_test.md F[1) Test a pre-trained model 35543,
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34.5 DeepFillvl (CVPR’ 2018)

%5 KGR

@inproceedings{yu2018generative,

title={Generative image inpainting with contextual attention},

author={Yu, Jiahui and Lin, Zhe and Yang, Jimei and Shen, Xiaohui and Lu, Xin and.
—Huang, Thomas S},

booktitle={Proceedings of the IEEE conference on computer vision and pattern.
—recognition},

pages={5505--5514},

year={2018}

Places365-Challenge

CelebA-HQ

34.5.1 HUEFFIE

WIg
AT AR PATF fir & RN AL

## cPU_L I %
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/deepfillvl/deepfillvl_8xb2_
—places-256x256.py

## ¥ Acpu b %
python tools/train.py configs/deepfillvl/deepfillvl_8xb2_places-256x256.py

## % ANePulk Yl &
./tools/dist_train.sh configs/deepfillvl/deepfillvl_8xb2_places-256x256.py 8

L0 LS train_test.md H[1Y) Train a model 334,
Wl
TAT DA FH DAT A 2R e

## cpU_E M &

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/deepfillvl/deepfillvl_8xb2_
—places-256x256.py https://download.openmmlab.com/mmediting/inpainting/deepfillvl/
—deepfillvl_256x256_8x2_places_20200619-c00a0e21.pth

## B AGPULE R

(Rt

208 Chapter 34. E{R8E




MMEditing

(£ 50

python tools/test.py configs/deepfillvl/deepfillvl_8xb2_places-256x256.py https://
—download.openmmlab.com/mmediting/inpainting/deepfillvl/deepfillvl_256x256_8x2_
—places_20200619-c00ale2l.pth

## % N GPULE N R

./tools/dist_test.sh configs/deepfillvl/deepfillvl_8xb2_places-256x256.py https://
—download.openmmlab.com/mmediting/inpainting/deepfillvl/deepfillvl_256x256_8x2_
—places_20200619-c00ale21.pth 8

W25 0] PAS% train_test.md H11 Test a pre-trained model 543,

34.6 Global&Local (ToG’' 2017)

f£%5: KRR

@Qarticle{iizuka20l17globally,
title={Globally and locally consistent image completion},
author={Iizuka, Satoshi and Simo-Serra, Edgar and Ishikawa, Hiroshi},
journal={ACM Transactions on Graphics (ToG) },
volume={36},
number={4},
pages={1--14},
year={2017},
publisher={ACM New York, NY, USA}

WEE, AT 5 SRR RIS A ik AT ATk, &A1EH & Global&Local A% R J6 /L F2AE
Places365-Challenge

CelebA-HQ

34.6.1 '[REEFFIE

I
LRI PARE I PATE fir & RN

## crU_t )| %
CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/global_local/gl_8xbl2_places-
—256x256.py

## B GrUu L | %

CFItakgs)
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python tools/train.py configs/global_local/gl_8xbl2_places-256x256.py

## % ANcrUut ) %

./tools/dist_train.sh configs/global_local/gl_8xbl2_places-256x256.py 8

WEZ TR PASF# train_test.md [ Train a model %543 .
WX
TEAT A H DA A 2SR a2

## cpU L Il &

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/global_local/gl_8xbl2_places-
—256x256.py https://download.openmmlab.com/mmediting/inpainting/global_local/gl_
—256x256_8x12_places_20200619-52a040a8.pth

## B AcrU L M R
python tools/test.py configs/global_local/gl_8xbl2_places-256x256.py https://download.

—openmmlab.com/mmediting/inpainting/global_local/gl_256x256_8x12_places_20200619-
—52a040a8.pth

## % /NGPUL IR
./tools/dist_test.sh configs/global_local/gl_8xbl2_places-256x256.py https://download.

—openmmlab.com/mmediting/inpainting/global_local/gl_256x256_8x12_places_20200619-
—52a040a8.pth 8

2] PAZ % train_test.md H[1) Test a pre-trained model 35543,
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SRR A AR T HT 2%

35.1 it

* BN AL 7
o BCE IGO0
< I 1
— ALGORITHM: 1

35.2 BigGAN (ICLR’ 2019)

Large Scale GAN Training for High Fidelity Natural Image Synthesis
FE55: SR FLE O 2%

35.2.1 Abstract

Despite recent progress in generative image modeling, successfully generating high-resolution, diverse samples from com-
plex datasets such as ImageNet remains an elusive goal. To this end, we train Generative Adversarial Networks at the
largest scale yet attempted, and study the instabilities specific to such scale. We find that applying orthogonal regulariza-
tion to the generator renders it amenable to a simple “truncation trick,” allowing fine control over the trade-off between
sample fidelity and variety by reducing the variance of the Generator’ s input. Our modifications lead to models which

set the new state of the art in class-conditional image synthesis. When trained on ImageNet at 128x128 resolution, our

211


https://openreview.net/forum?id=B1xsqj09Fm
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models (BigGANSs) achieve an Inception Score (IS) of 166.5 and Frechet Inception Distance (FID) of 7.4, improving
over the previous best IS of 52.52 and FID of 18.6.

35.2.2 Introduction
BigGAN/BigGAN-Deep j& M4 MAEAL, il Y KAR KN BS S E K, Al DAZE RS 4 A
T T B G

FATELAE Ccifar10 (32x32) W52 T BigGAN ill%k, FHFE ImageNetlk (128x128) %5 T il%%:
PERE. FHEE SRS R, Rs%.

XFATVIZER) BigGAN ZEATITA.

KT EHEa %A

BigGAN 128x128 /2] V100 GPU il CUDA 10.1 YIIf9, f A100 Al CUDA 11.3 fRifi FEBRGE L. MR
PR S BAATATARERE , W RER S AT -

35.2.3 Hir/SHINE

o T F AR A S8 O B AL R I 2, AT EHLEE T C R PRAE I RAE . X, AT
£ BigGAN-PyTorchf{lpytorch-pretrained-BigGAN,

TR T PPAL S RN T

SRAELERAT

python demo/conditional_demo.py CONFIG_PATH CKPT_PATH --sample-cfg truncation=0.4 ##_

—set truncation value as you want

T HARJGHIRE, FATE configs/_base_/models THEMUKMELE , FI2IT .

## biggan_cvt-BigGAN-PyTorch-rgb_imagenetlk-128x128.py

## biggan-deep_cvt-hugging-face-rgb_imagenetlk-128x128.py
## biggan—-deep_cvt-hugging—-face_rgb_imagenetlk-256x256.py
## biggan—-deep_ cvt-hugging-face_rgb_imagenetlk-512x512.py
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35.2.4 Interpolation

ZAE BigGAN (B HARMHMRAL)  FATEIBIEE, 51T

python apps/conditional_interpolate.py CONFIG_PATH CKPT_PATH --samples-path SAMPLES_
—PATH

BIFF BigGAN b iFf T HA [l e M i R G S, 11T

python apps/conditional_interpolate.py CONFIG_PATH CKPT_PATH --samples-path SAMPLES_
—PATH —-fix-z

python apps/conditional_interpolate.py CONFIG_PATH CKPT_PATH --samples-path SAMPLES_
—PATH —--fix-y

35.2.5 Citation

@inproceedings{
brock2018large,
title={Large Scale {GAN} Training for High Fidelity Natural Image Synthesis},
author={Andrew Brock and Jeff Donahue and Karen Simonyan},
booktitle={International Conference on Learning Representations},
year={2019},
url={https://openreview.net/forum?id=Blxsqj09Fm},
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CHAPTER 30

BlgER, BEREEN, BGRER

36.1 HI¥E

o BUIBE AL 13
o BCE IGO0
< I 0

- ALGORITHM: |

36.2 Restormer (CVPR’ 2022)

Restormer: Efficient Transformer for High-Resolution Image Restoration

155 KBEME, KBREER, KEREW

36.2.1 FMEFSTHREMWHAER
B &K=

P B HISAE Y liE EVEA T, 4545 PSNR Al SSIM.

215
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B R =121

Gopro 1 HIDE #fidi [/ RGB i H Ml i, ReakBlur-J Al ReakBlur-R Za S i/ Y il i Mikhnh
PSNR #il SSIM.,

B & R REH

Fr A FeAr7E RGB i@ Eab i, {48454 PSNR. SSIM. MAE #1 LPIPS.

E& SRS AR
TR JEE Pl P9 55 308
{1} PSNR FiI SSIM it Kot de L i K BE I HEA Tl

AT R B SIS A R R AT A S A B AR DR AL AR b
M 357K o

RAPHR I w 0igH
A Fen a1 RGB @ i _EFEAT I, {545 PSNR #1 SSIM,

EEATREREA R SN G D R, R AT ] N B ORI AR B A
MK

RAxpmBERER

A fatss e RGB il EEATIlit, Mif45457 PSNR il SSIM.

36.2.2 AKX

ks

A PAZ:% train_test.md H1¥) Train a model 74} .
ik

BERTLAGE I PATE iy 2 S A2

## cpu test

## Deraining

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/restormer/restormer_official_
—rainl3k.py https://download.openmmlab.com/mmediting/restormer/restormer_official_

—rainl3k-2be7b550.pth

## Motion Deblurring

(Foak%e)
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CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/restormer/restormer_official_
—sgopro.py https://download.openmmlab.com/mmediting/restormer/restormer_official_

—gopro—-db7363a0.pth

## Defocus Deblurring

## Single

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/restormer/restormer_official_
—dpdd-dual.py https://download.openmmlab.com/mmediting/restormer/restormer_official_
—dpdd-single-6bc31582.pth

## Dual

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/restormer/restormer_official_
—dpdd-single.py https://download.openmmlab.com/mmediting/restormer/restormer_

—official_ dpdd-dual-52c94c00.pth

## Gaussian Denoising

## Test Grayscale Gaussian Noise

## sigmalb

CUDA_VISIBLE _DEVICES=-1 python tools/test.py configs/restormer/restormer_official_
—dfwb-gray-sigmal5.py https://download.openmmlab.com/mmediting/restormer/restormer_

—official_dfwb-gray-sigmal5-da74417f.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/restormer/restormer_official_
—dfwb-gray-sigmal5.py https://download.openmmlab.com/mmediting/restormer/restormer_

—official_dfwb-gray-blind-5f094bcc.pth

## sigmalb
CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/restormer/restormer_official_
—dfwb-gray-sigma25.py https://download.openmmlab.com/mmediting/restormer/restormer_

—official_ dfwb-gray-sigma25-08010841.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/restormer/restormer_official_
—dfwb-gray-sigma25.py https://download.openmmlab.com/mmediting/restormer/restormer_

—official_ dfwb-gray-blind-5f094bcc.pth

## sigmab50
CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/restormer/restormer_official_
—dfwb-gray-sigma50.py https://download.openmmlab.com/mmediting/restormer/restormer_

—official_dfwb-gray-sigma50-ee852dfe.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/restormer/restormer_official_
—dfwb-gray-sigma50.py https://download.openmmlab.com/mmediting/restormer/restormer_

—official_ dfwb-gray-blind-5f094bcc.pth

(Rt
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## Test Color Gaussian Noise

## sigmalb

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/restormer/restormer_official_
—dfwb-color-sigmal5.py https://download.openmmlab.com/mmediting/restormer/restormer_

—official_dfwb-color-sigmal5-012ceb71.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/restormer/restormer_official_
—dfwb-color-sigmal5.py https://download.openmmlab.com/mmediting/restormer/restormer_

—official_dfwb-color-blind-dfd03c9f.pth

## sigmalb
CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/restormer/restormer_official_
—dfwb-color-sigma25.py https://download.openmmlab.com/mmediting/restormer/restormer_

—official_ dfwb-color-sigma25-e307£222.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/restormer/restormer_official_
—dfwb-color-sigma25.py https://download.openmmlab.com/mmediting/restormer/restormer_

—official_dfwb-color-blind-dfd03c9f.pth

## sigmas50
CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/restormer/restormer_official_
—dfwb-color-sigma50.py https://download.openmmlab.com/mmediting/restormer/restormer_

—official_ dfwb-color-sigma50-a991983d.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/restormer/restormer_official_
—dfwb-color-sigma50.py https://download.openmmlab.com/mmediting/restormer/restormer_

—official_dfwb-color-blind-dfd03c9f.pth

## single—-gpu test
## Deraining
python tools/test.py configs/restormer/restormer_official_rainl3k.py https://download.

—openmmlab.com/mmediting/restormer/restormer_official_rainl3k-2be7b550.pth

## Motion Deblurring
python tools/test.py configs/restormer/restormer_official_gopro.py https://download.

—openmmlab.com/mmediting/restormer/restormer_official_gopro-db7363a0.pth

## Defocus Deblurring

## Single

python tools/test.py configs/restormer/restormer_official_dpdd-dual.py https://
—download.openmmlab.com/mmediting/restormer/restormer_official_dpdd-single-6bc31582.
—pth

## Dual

(Rt
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python tools/test.py configs/restormer/restormer_official_dpdd-single.py https://

—download.openmmlab.com/mmediting/restormer/restormer_official_dpdd-dual-52c94c00.pth

## Gaussian Denoising

## Test Grayscale Gaussian Noise

## sigmalb

python tools/test.py configs/restormer/restormer_official_dfwb-gray-sigmal5.py https:/
—/download.openmmlab.com/mmediting/restormer/restormer_official_dfwb-gray-sigmal5-

—da74417f.pth

python tools/test.py configs/restormer/restormer_official_dfwb-gray-sigmal5.py https:/
—/download.openmmlab.com/mmediting/restormer/restormer_official_ dfwb-gray-blind-

—~5f094bcc.pth

## sigmalb
python tools/test.py configs/restormer/restormer_official_dfwb-gray-sigma25.py https:/
—/download.openmmlab.com/mmediting/restormer/restormer_official_dfwb-gray-sigma25-

08010841 .pth

python tools/test.py configs/restormer/restormer_official_dfwb-gray-sigma25.py https:/
—/download.openmmlab.com/mmediting/restormer/restormer_official_dfwb-gray-blind-

—~5f094bcc.pth

## sigmas50
python tools/test.py configs/restormer/restormer_official_dfwb-gray-sigma50.py https:/
—/download.openmmlab.com/mmediting/restormer/restormer_official_dfwb-gray-sigma50-

—ee852dfe.pth

python tools/test.py configs/restormer/restormer_official_dfwb-gray-sigma50.py https:/
—/download.openmmlab.com/mmediting/restormer/restormer_official_dfwb-gray-blind-

—~5f094bcc.pth

## Test Color Gaussian Noise

## sigmalb

python tools/test.py configs/restormer/restormer_official_dfwb-color-sigmal5.py.
—https://download.openmmlab.com/mmediting/restormer/restormer_official_dfwb-color-

—~sigmal5-012ceb71.pth
python tools/test.py configs/restormer/restormer_official_dfwb-color-sigmal5.py.
—https://download.openmmlab.com/mmediting/restormer/restormer_official_ dfwb-color-

—blind-dfd03c9f.pth

## sigmalb

(Rt

36.2. Restormer (CVPR' 2022) 219




MMEditing

(£ 50

python tools/test.py configs/restormer/restormer_official_dfwb-color-sigma25.py._
—https://download.openmmlab.com/mmediting/restormer/restormer_official_dfwb-color-

—sigma25-e307£222.pth

python tools/test.py configs/restormer/restormer_official_dfwb-color-sigmal25.py..
—https://download.openmmlab.com/mmediting/restormer/restormer_official_dfwb-color-

—blind-dfd03c9f.pth

## sigmas50
python tools/test.py configs/restormer/restormer_official_dfwb-color-sigma50.py.
—https://download.openmmlab.com/mmediting/restormer/restormer_official_dfwb-color-

—sigma50-a991983d.pth

python tools/test.py configs/restormer/restormer_official_dfwb-color-sigma50.py.
—https://download.openmmlab.com/mmediting/restormer/restormer_official_ dfwb-color-
<blind-dfd03c9f.pth

## multi-gpu test
## Deraining
./tools/dist_test.sh configs/restormer/restormer_official_rainl3k.py https://download.

—openmmlab.com/mmediting/restormer/restormer_official_rainl3k-2be7b550.pth

## Motion Deblurring
./tools/dist_test.sh configs/restormer/restormer_official_gopro.py https://download.

—openmmlab.com/mmediting/restormer/restormer_official_gopro-db7363a0.pth

## Defocus Deblurring

## Single

./tools/dist_test.sh configs/restormer/restormer_official_dpdd-dual.py https://
—download.openmmlab.com/mmediting/restormer/restormer_official_dpdd-single-6bc31582.
—pth

## Dual

./tools/dist_test.sh configs/restormer/restormer_official_dpdd-single.py https://

—download.openmmlab.com/mmediting/restormer/restormer_official_dpdd-dual-52c94c00.pth

## Gaussian Denoising

## Test Grayscale Gaussian Noise

## sigmalb

./tools/dist_test.sh configs/restormer/restormer_official_dfwb-gray-sigmal5.py https:/
—/download.openmmlab.com/mmediting/restormer/restormer_official_dfwb-gray-sigmal5-
—da74417f.pth
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./tools/dist_test.sh configs/restormer/restormer_official_dfwb-gray-sigmal5.py https:/

—/download.openmmlab.com/mmediting/restormer/restormer_official_dfwb-gray-blind-

—5f094bcc.pth

## sigmalb
./tools/dist_test.sh configs/restormer/restormer_official_dfwb-gray-sigma25.py https:/

—/download.openmmlab.com/mmediting/restormer/restormer_official_ dfwb-gray-sigma25-

-,08010841.pth

./tools/dist_test.sh configs/restormer/restormer_official_dfwb-gray-sigma25.py https:/
—/download.openmmlab.com/mmediting/restormer/restormer_official_dfwb-gray-blind-

—5f094bcc.pth

## sigmab0
./tools/dist_test.sh configs/restormer/restormer_official_dfwb-gray-sigma50.py https:/

—/download.openmmlab.com/mmediting/restormer/restormer_official_dfwb-gray-sigma50-

—ee852dfe.pth

./tools/dist_test.sh configs/restormer/restormer_official dfwb-gray-sigma50.py https:/
—/download.openmmlab.com/mmediting/restormer/restormer_official_ dfwb-gray-blind-

—~5f094bcc.pth

## Test Color Gaussian Noise

## sigmalb

./tools/dist_test.sh configs/restormer/restormer_official_dfwb-color-sigmal5.py.
—https://download.openmmlab.com/mmediting/restormer/restormer_official_ dfwb-color-

—~sigmal5-012ceb71.pth

./tools/dist_test.sh configs/restormer/restormer_official_dfwb-color-sigmal5.py.

—https://download.openmmlab.com/mmediting/restormer/restormer_official_dfwb-color-

—blind-dfd03c9f.pth

## sigmaZlb
./tools/dist_test.sh configs/restormer/restormer_official_dfwb-color-sigma25.py.

—https://download.openmmlab.com/mmediting/restormer/restormer_official_ dfwb-color-

—~sigma25-e307£222.pth

./tools/dist_test.sh configs/restormer/restormer_official_dfwb-color-sigma25.py.
—https://download.openmmlab.com/mmediting/restormer/restormer_official_dfwb-color-

—blind-dfd03c9f.pth

## sigmas50
./tools/dist_test.sh configs/restormer/restormer_official_dfwb-color-sigma50.py.

—https://download.openmmlab.com/mmediting/restormer/restormer_official_ dfwb-color-
Qi)

—sigma50-a991983d.pth
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./tools/dist_test.sh configs/restormer/restormer_official_dfwb-color-sigma50.py.
—https://download.openmmlab.com/mmediting/restormer/restormer_official_dfwb-color-

—blind-dfd03c9f.pth

2 YW PAS: % train_test. nd H1 1 Test a pre-trained model 343 .
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37.2.1 Classical Image Super-Resolution

TEY i FIEATIEAL, VG 2 BB RE A ) scale B FRATTMEA PSNR Fll sSIMAE M FEHR.

37.2.2 Lightweight Image Super-Resolution

FE Y I FHETVEE, A B A scale B K. RAVEA PSNR FI sSTM 5.
37.2.3 Real-World Image Super-Resolution

1Y JBIE FHATIRAL . FATEH NIQE 1E K645 .

37.2.4 Grayscale Image Deoising

FER VLW EIEFT A . FATHEH] PSNR fEo 4515

37.2.5 Color Image Deoising

1E RGB i FoEATIEAl . FAT I PSNR R 4547 .

37.2.6 JPEG Compression Artifact Reduction (grayscale)

TEKPE P EREFTITAL . FAI6EH PSNR AT SSIM A1y 4545 .

37.2.7 JPEG Compression Artifact Reduction (color)

1t RGB ifiH_EEfTPFAh . FAT1{3 1 PSNR F1 SSIM fE 44545

37.2.8 'REFFIE

VI
LRI PARE DA fim RN SRS

## crU_t )| %

## 001 Classical Image Super—-Resolution (middle size)

## (settingl: when model is trained on DIVZ2K and with training patch_size=48)
CUDA_VISIBLE DEVICES=-1 python tools/train.py configs/swinir/swinir_x2s48w8d6el80_
—8xb4-1r2e-4-500k_div2k.py

CUDA_VISIBLE_DEVICES=-1 python tools/train.py configs/swinir/swinir_x3s48w8d6el80_
—8xb4-1r2e-4-500k_div2k.py

(Rt
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CUDA_VISIBLE DEVICES=-1 python tools/train.py
8xb4-1r2e-4-500k_div2k.py

## (setting2:
CUDA_VISIBLE_DEVICES=-1
—8xb4-1r2e—-4-500k_df2k
CUDA_VISIBLE_DEVICES=-
—8xb4d-1r2e-4-500k_df2k
CUDA_VISIBLE_DEVICES=-1
—8xb4-1r2e-4-500k_df2k

python tools/train.py
Py
python tools/train.py
-PYy
python tools/train.py
- Py

configs/swinir/swinir_x4s48w8d6el80_

when model 1is trained on DIVZ2K+Flickr2K and with training patch_size=64)

configs/swinir/swinir_x2s64w8d6el180_

configs/swinir/swinir_x3s64w8d6el180_

configs/swinir/swinir_x4s64w8d6el80_

## 002 Lightweight Image Super-Resolution (small size)

CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—1lr2e-4-500k_div2k.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—~1lr2e-4-500k_div2k.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—1lr2e-4-500k_div2k.py

## 003 Real-World Image Super—-Resolution
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—8xbd-1rle-4-600k_df2k-ost.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—x2564w8d6e180_8xb4d-1rle-4-600k_df2k-ost.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—8xb4-1rle-4-600k_df2k-ost.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—x4s564w8d6el180_8xb4d-1rle-4-600k_df2k-ost.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—8xbd-1rle-4-600k_df2k-ost.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—x4564w8d9e240_8xb4d-1rle-4-600k_df2k-ost.py

## 004 Grayscale Image Deoising (middle size)
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—~1r2e-4-1600k_dfwb-grayDN15.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—~1r2e-4-1600k_dfwb-grayDN25.py
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—1r2e-4-1600k_dfwb-grayDN50.py

## 005 Color Image Deoising (middle size)
CUDA_VISIBLE_DEVICES=-1 python tools/train.py
—~1r2e-4-1600k_dfwb-colorDN15.py

configs/swinir/swinir_x2s64w8d4e60_8xb4d-

configs/swinir/swinir_x3s64w8d4e60_8xb4d-

configs/swinir/swinir_x4s64w8d4e60_8xb4d-

configs/swinir/swinir_gan-x2s64w8d6el180_

configs/swinir/swinir_psnr-—

configs/swinir/swinir_gan-x4s64w8d6el80_

configs/swinir/swinir_psnr-

configs/swinir/swinir_gan-x4s64w8d9e240_

configs/swinir/swinir_psnr-

configs/swinir/swinir_s128w8d6e180_8xbl-

configs/swinir/swinir_s128w8d6el180_8xbl-

configs/swinir/swinir_s128w8d6el80_8xbl-

configs/swinir/swinir_s128w8d6el180_8xbl-

Q¥iEi3)

37.2. SwinIR (ICCVW' 2021)

225



MMEditing

(£ 50

CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—1r2e-4-1600k_dfwb-colorDN25.py

CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—~1r2e-4-1600k_dfwb-colorDN50.py

## 006 JPEG Compression Artifact Reduction

—JPEG encoding uses 8x8 blocks)

## grayscale
CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—1r2e-4-1600k_dfwb-grayCAR10.py

CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—1r2e-4-1600k_dfwb-grayCAR20.py

CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—~1r2e-4-1600k_dfwb-grayCAR30.py

CUDA_VISIBLE_DEVICES=-1 python

tools/train.

—~1lr2e-4-1600k_dfwb-grayCAR40.py

## color

CUDA_VISIBLE_DEVICES=-1 python
—1r2e-4-1600k_dfwb-colorCAR10
CUDA_VISIBLE_DEVICES=-1 python
—1lr2e-4-1600k_dfwb-colorCAR20
CUDA_VISIBLE_DEVICES=-1 python
—1r2e-4-1600k_dfwb-colorCAR30
CUDA_VISIBLE_DEVICES=-1 python
—1r2e-4-1600k_dfwb-colorCAR40

## B Ncpu Ll %

tools/train.

Y%

tools/train.

-PY

tools/train.

-PYy

tools/train.

Y%

19

Py

configs/swinir/swinir_s128w8d6el180_8xbl-

configs/swinir/swinir_s128w8d6el80_8xbl-

(middle size, using window_size=7 because.

19

1%

Py

Py

1%

Py

Py

1%

configs/swinir/swinir_s126w7d6e180_8xbl-

configs/swinir/swinir_sl126w7d6el80_8xbl-

configs/swinir/swinir_s126w7d6e180_8xbl-

configs/swinir/swinir_s126w7d6e180_8xbl-

configs/swinir/swinir_s126w7d6el180_8xbl-

configs/swinir/swinir_s126w7d6e180_8xbl-

configs/swinir/swinir_s126w7d6e180_8xbl-

configs/swinir/swinir_s126w7d6el80_8xbl-

## 001 Classical Image Super-Resolution (middle size)

## (settingl: when model is trained on DIV2K and with training patch_size=48)

python tools/train.py configs/swinir/swinir_x2s48w8d6el180_8xb4-1r2e-4-500k_div2k.py

python tools/train.py configs/swinir/swinir_x3s48w8d6el180_8xb4-1r2e-4-500k_div2k.py

python tools/train.py configs/swinir/swinir_x4s48w8d6e180_8xb4-1r2e-4-500k_div2k.py

## (setting2: when model is trained on DIV2K+Flickr2K and with training_patch_size=64)

python tools/train.py configs/swinir/swinir_x2s64w8d6el180_8xb4-1r2e-4-500k_df2k.py

python tools/train.py configs/swinir/swinir_x3s64w8d6e180_8xb4-1r2e-4-500k_df2k.py

python tools/train.py configs/swinir/swinir_x4s64w8d6e180_8xb4-1r2e-4-500k_df2k.py

## 002 Lightweight Image Super—-Resolution (small size)

python tools/train.py configs/swinir/swinir_x2s64w8d4e60_8xb4d-1r2e—-4-500k_div2k.py

Q¥iEi3)
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python tools/train.py configs/swinir/swinir_x3s64w8d4e60_8xb4d-1r2e—-4-500k_div2k.py

python tools/train.py configs/swinir/swinir_x4s64w8d4e60_8xb4-1r2e—-4-500k_div2k.py

## 003 Real-World Image Super-Resolution

python tools/train.py configs/swinir/swinir_gan-x2s64w8d6el80_8xb4d-1rle—-4-600k_df2k-

—ost.py
python tools/train
—ost.py
python tools/train
—ost.py
python tools/train
—ost.py
python tools/train
—~ost.py
python tools/train
—~ost.py

-PY

Y%

-PYy

-PYy

2%

configs/swinir/swinir_psnr-x2s64w8d6el180_8xbd-1rle-4-600k_df2k-

configs/swinir/swinir_gan-x4s64w8d6el80_8xb4d-1rle-4-600k_df2k-

configs/swinir/swinir_psnr-x4s64w8d6el180_8xbd-1rle-4-600k_df2k-

configs/swinir/swinir_gan-x4s64w8d9e240_8xb4d-1rle-4-600k_df2k-

configs/swinir/swinir_psnr-x4s64w8d9e240_8xbd-1rle-4-600k_df2k-

## 004 Grayscale Image Deoising (middle size)

python tools/train.py configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-

—grayDN15.py
python tools/train
—grayDN25.py
python tools/train
—grayDN50.py

## 005 Color Image
python tools/train
—colorDN15.py
python tools/train
—co0lorDN25.py
python tools/train
—c0lorDN50.py

-PY

Y%

configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb—

configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb—

Deoising (middle size)

-PYy

-PYy

Y%

configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb-

configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb—

configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb—

## 006 JPEG Compression Artifact Reduction (middle size, using window_size=7 because.

—JPEG encoding uses 8x8 blocks)

## grayscale
python tools/train
—grayCAR10.py
python tools/train
—grayCAR20.py
python tools/train
—grayCAR30.py
python tools/train
—grayCAR40.py

-PY

Y%

-PYy

-PY

configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb—

configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb—

configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-

configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb—

(Rt
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## color

python tools/train
—c0lorCAR10.py
python tools/train
—colorCAR20.py
python tools/train
—c0lorCAR30.py
python tools/train
—co0lorCAR40.py

## % ANGPUL ) %

Y%

-PYy

-PY

Y%

configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb—

configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-

configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb—

configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb—

## 001 Classical Image Super—-Resolution (middle size)

## (settingl:

./tools/dist_train.
./tools/dist_train.
./tools/dist_train.

## (setting2: when

./tools/dist_train.
./tools/dist_train.
./tools/dist_train.

## 002 Lightweight

./tools/dist_train.
./tools/dist_train.
./tools/dist_train.

sh
sh
sh

when model is trained on DIV2K and with training patch_size=48)

configs/swinir/swinir_x2s48w8d6el80_8xb4d-1r2e-4-500k_div2k.py
configs/swinir/swinir_x3s48w8d6el180_8xb4-1r2e-4-500k_div2k.py
configs/swinir/swinir_x4s48w8d6el80_8xb4-1r2e-4-500k_div2k.py

model is trained on DIVZ2K+Flickr2K and with training_patch_size=64)

sh configs/swinir/swinir_x2s64w8d6el180_8xb4d-1r2e-4-500k_df2k.py
sh configs/swinir/swinir_x3s64w8d6e180_8xb4d-1r2e-4-500k_df2k.py
sh configs/swinir/swinir_x4s64w8d6e180_8xb4d-1r2e-4-500k_df2k.py
Image Super-Resolution (small size)

sh configs/swinir/swinir_x2s64w8d4e60_8xb4-1r2e-4-500k_div2k.py
sh configs/swinir/swinir_x3s64w8d4e60_8xb4d-1r2e-4-500k_div2k.py
sh configs/swinir/swinir_x4s64w8d4e60_8xb4-1r2e-4-500k_div2k.py

## 003 Real-World Image Super—-Resolution
./tools/dist_train.sh configs/swinir/swinir_gan-x2s64w8d6el180_8xb4-1rle-4-600k_df2k-—

8
8
8

—ost.py 8
./tools/dist_train.sh configs/swinir/swinir_psnr-x2s64w8d6el80_8xb4d-1rle-4-600k_df2k—
—ost.py 8
./tools/dist_train.sh configs/swinir/swinir_gan-x4s64w8d6el80_8xb4-1rle-4-600k_df2k—
—ost.py 8
./tools/dist_train.sh configs/swinir/swinir_psnr-x4s64w8d6el180_8xb4-1rle-4-600k_df2k—
—ost.py 8
./tools/dist_train.sh configs/swinir/swinir_gan-x4s64w8d9e240_8xb4-1rle-4-600k_df2k—
—ost.py 8
./tools/dist_train.sh configs/swinir/swinir_psnr-x4s64w8d9e240_8xb4d-1rle-4-600k_df2k—
—ost.py 8

Q)
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## 004 Grayscale Image Deoising (middle size)

./tools/dist_train.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayDN15.py 8

./tools/dist_train.sh configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayDN25.py 8

./tools/dist_train.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e—-4-1600k_dfwb-
—~grayDN50.py 8

## 005 Color Image Deoising (middle size)

./tools/dist_train.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—colorDN15.py 8

./tools/dist_train.sh configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb-
—colorDN25.py 8

./tools/dist_train.sh configs/swinir/swinir_s128w8d6e180_8xbl-1r2e-4-1600k_dfwb-
—colorDN50.py 8

## 006 JPEG Compression Artifact Reduction (middle size, using window_size=7 because.
—JPEG encoding uses 8x8 blocks)

## grayscale

./tools/dist_train.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR10.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR20.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—~grayCAR30.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR40.py 8

## color

./tools/dist_train.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—colorCAR10.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—colorCAR20.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb—-
—~colorCAR30.py 8

./tools/dist_train.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—~colorCAR40.py 8
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## 001 Classical Image Super—-Resolution (middle size)

## (settingl: when model is trained on DIV2K and with training_patch_size=48)
CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x2s48w8d6el80_8xbd—
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x2s548w8d6e180_8xb4-1r2e-4-500k_div2k-ed2d419e.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x3s48w8d6el180_8xb4d—
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—»x3s548w8d6e180_8xb4-1r2e-4-500k_div2k-926950£f1.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x4s48w8d6el80_8xbd—
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x4s548w8d6e180_8xb4-1r2e-4-500k_div2k-88e4903d.pth

## (setting2: when model is trained on DIV2K+Flickr2K and with training_ patch_size=64)
CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_ x2s64w8d6el80_8xbd—
—1r2e-4-500k_df2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—~x2564w8d6el180_8xb4-1r2e—-4-500k_df2k-69el5fb6.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x3s64w8d6e180_8xb4d—
—1r2e-4-500k_df2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x3564w8d6e180_8xb4d-1r2e-4-500k_df2k-d6982f7b.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_ x4s64w8d6el80_8xbd-
—1r2e-4-500k_df2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x4564w8d6e180_8xb4-1r2e-4-500k_df2k-0502d775.pth

## 002 Lightweight Image Super—-Resolution (small size)

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x2s64w8d4e60_8xb4-
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x2s564w8d4e60_8xb4-1r2e-4-500k_div2k-131d3£f64.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_x3s64w8d4e60_8xbd-
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_
—x3564w8d4e60_8xb4-1r2e-4-500k_div2k-309cb239.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_x4s64w8d4e60_8xb4-
—1r2e-4-500k_div2k.py https://download.openmmlab.com/mmediting/swinir/swinir_

—x4s64w8d4e60_8xb4-1r2e-4-500k_div2k-d6622d03.pth

## 003 Real-World Image Super-Resolution

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_gan-x2s64w8d6el180_

—gan-x2s64w8d6el180_8xb4-1rle-4-600k_df2k-0s-c6425057.pth
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CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_psnr-x2s64w8d6el80_
—8xbd-1rle-4-600k_df2k-ost.py https://download.openmmlab.com/mmediting/swinir/swinir_
—psnr-x2s64w8d6el80_8xb4-1rle-4-600k_df2k-o0s-6£0c425f.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_gan-x4s64w8d6el180_
—8xb4d-1rle-4-600k_df2k-ost.py https://download.openmmlab.com/mmediting/swinir/swinir_
—gan-x4s64w8d6el180_8xb4-1rle-4-600k_df2k-0s-36960d18.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_psnr-x4s64w8d6el80_
—8xbd-1rle-4-600k_df2k-ost.py https://download.openmmlab.com/mmediting/swinir/swinir_
—psnr-x4s64w8d6el80_8xb4-1rle-4-600k_df2k-os-all6a72f.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_gan-x4s64w8d9e240_
—8xb4d-1rle-4-600k_df2k-ost.py https://download.openmmlab.com/mmediting/swinir/swinir_
—gan-x4s64w8d9%e240_8xb4-1rle-4-600k_df2k-0s-9f1599b5.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_psnr-x4s64w8d9e240_
—8xbd-1rle-4-600k_df2k-ost.py https://download.openmmlab.com/mmediting/swinir/swinir_
—psnr-x4s64w8d9%e240_8xb4-1rle-4-600k_df2k-os-25f1722a.pth

## 004 Grayscale Image Deoising (middle size)

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-
—1r2e-4-1600k_dfwb—grayDN15.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-grayDN15-6782691b.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6e180_8xbl-
—1r2e-4-1600k_dfwb-grayDN25.py https://download.openmmlab.com/mmediting/swinir/
—swinir_ s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-grayDN25-d0d8d4da.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-
—1r2e-4-1600k_dfwb—-grayDN50.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-grayDN50-54c9968a.pth

## 005 Color Image Deoising (middle size)

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6el80_8xbl-
—1r2e-4-1600k_dfwb-colorDN15.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-colorDN15-c74a2cee.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-
—1r2e-4-1600k_dfwb-colorDN25.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-colorDN25-df2blcOc.pth
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CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-
—1r2e-4-1600k_dfwb-colorDN50.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-colorDN50-e369874c.pth

## 006 JPEG Compression Artifact Reduction (middle size, using window_size=7 because.
—JPEG encoding usesx8 blocks)

## grayscale

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_sl126w7d6el180_8xbl-
—1r2e-4-1600k_dfwb-grayCAR10.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-grayCAR10-da93c8e9.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-grayCAR20.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-grayCAR20-d47367bl.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-grayCAR30.py https://download.openmmlab.com/mmediting/swinir/
—swinir_ s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-grayCAR30-52c083cf.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-grayCAR40.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-grayCAR40-803e8d9%b.pth

## color

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-colorCAR10.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-colorCAR10-0%aafadc.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6el180_8xbl-
—1r2e-4-1600k_dfwb-colorCAR20.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-colorCAR20-b8a42bb5e.pth

CUDA_VISIBLE DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-colorCAR30.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el80_8xbl-1r2e-4-1600k_dfwb-colorCAR30-e9%9fe6859.pth

CUDA_VISIBLE_DEVICES=-1 python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-
—1r2e-4-1600k_dfwb-colorCAR40.py https://download.openmmlab.com/mmediting/swinir/
—swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-colorCAR40-5b77a6e6.pth
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## 001 Classical Image Super—-Resolution (middle size)

## (settingl: when model is trained on DIV2K and with training patch_size=48)
python tools/test.py configs/swinir/swinir_x2s48w8d6el180_8xb4d-1r2e-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s48w8d6el80_8xb4d-1r2e—-4-
—500k_div2k-ed2d419e.pth

python tools/test.py configs/swinir/swinir_x3s48w8d6el180_8xb4d-1r2e-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s48w8d6el180_8xbd-1lr2e—-4-
—500k_div2k-926950f1.pth

python tools/test.py configs/swinir/swinir_x4s48w8d6el180_8xbd-1r2e-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s48w8d6el180_8xbd-1lr2e—4-
—500k_div2k-88e4903d.pth

## (setting2: when model is trained on DIV2K+Flickr2K and with training _patch_size=64)
python tools/test.py configs/swinir/swinir_x2s64w8d6el80_8xbd-1r2e-4-500k_df2k.py_
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s64w8d6el180_8xbd-1lr2e—4-
—500k_df2k-69el15fb6.pth

python tools/test.py configs/swinir/swinir_x3s64w8d6el180_8xb4d-1r2e-4-500k_df2k.py_
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s64w8d6el80_8xbd-1lr2e—-4-
—500k_df2k-d6982f7b.pth

python tools/test.py configs/swinir/swinir_ x4s64w8d6el80_8xb4-1r2e-4-500k_df2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s64w8d6el180_8xbd-1lr2e—4-
—500k_df2k-0502d775.pth

## 002 Lightweight Image Super—-Resolution (small size)

python tools/test.py configs/swinir/swinir_x2s64w8d4e60_8xb4d-1r2e-4-500k_div2k.py_
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s64w8d4e60_8xb4d-1lr2e—4-
—~500k_div2k-131d3£f64.pth

python tools/test.py configs/swinir/swinir_x3s64w8d4e60_8xb4-1r2e-4-500k_div2k.py_
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s64w8d4e60_8xb4d-1r2e—-4-
—500k_div2k-309cb239.pth

python tools/test.py configs/swinir/swinir_x4s64w8d4e60_8xb4d-1r2e-4-500k_div2k.py_
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s64w8d4e60_8xb4d-1lr2e—4-
—500k_div2k-d6622d03.pth
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## 003 Real-World Image Super—-Resolution
python tools/test.py configs/swinir/swinir_gan-x2s64w8d6el180_8xb4d-1rle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x2s64w8d6el80_
—8xb4-1rle-4-600k_df2k-0s-c6425057.pth

python tools/test.py configs/swinir/swinir_psnr-x2s64w8d6el80_8xb4-1rle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x2s64w8d6el80_

—8xb4-1rle-4-600k_df2k-os-6£f0c425f.pth

python tools/test.py configs/swinir/swinir_gan-x4s64w8d6el180_8xb4d-1rle—-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x4s64w8d6el80_

—8xbd-1rle-4-600k_df2k-0s-36960d18.pth

python tools/test.py configs/swinir/swinir_ psnr-x4s64w8d6el80_8xb4-1rle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x4s64w8d6el80_

—8xpb4-1rle-4-600k_df2k-os-all6a72f.pth

python tools/test.py configs/swinir/swinir_gan-x4s64w8d9e240_8xbd-1rle—-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x4s64w8d9%e240_

—8xb4-1rle-4-600k_df2k-0s-9£1599b5.pth

python tools/test.py configs/swinir/swinir_ psnr-x4s64w8d9e240_8xb4-1rle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x4s64w8d9e240_

—8xb4d-1rle-4-600k_df2k-0s-25f1722a.pth

## 004 Grayscale Image Deoising (middle size)

python tools/test.py configs/swinir/swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-
—grayDN15.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el80_
—8xpbl-1r2e-4-1600k_dfwb-grayDN15-6782691b.pth

python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayDN25.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el180_
—8xbl-1r2e-4-1600k_dfwb—-grayDN25-d0d8d4da.pth

python tools/test.py configs/swinir/swinir s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-
—grayDN50.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el80_
—8xbl-1r2e-4-1600k_dfwb-grayDN50-54c9968a.pth

## 005 Color Image Deoising (middle size)

python tools/test.py configs/swinir/swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-
—»colorDN15.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el180_
—8xbl-1r2e-4-1600k_dfwb-colorDN15-c74a2cee.pth
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python tools/test.py configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—colorDN25.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el180_
—8xbl-1r2e-4-1600k_dfwb-colorDN25-df2blcOc.pth

python tools/test.py configs/swinir/swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-
—»co0lorDN50.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el180_
—8xbl-1r2e-4-1600k_dfwb-colorDN50-e369874c.pth

## 006 JPEG Compression Artifact Reduction (middle size, using window_size=7 because.
—JPEG encoding usesx8 blocks)

## grayscale

python tools/test.py configs/swinir/swinir_sl126w7d6el80_8xbl-1r2e-4-1600k_dfwb-
—grayCAR10.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el80_
—8xpbl-1r2e-4-1600k_dfwb-grayCAR10-da93c8e9.pth

python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR20.py https://download.openmmlab.com/mmediting/swinir/swinir s126w7d6el80_
—8xbl-1r2e-4-1600k_dfwb-grayCAR20-d47367bl.pth

python tools/test.py configs/swinir/swinir_sl126w7d6el80_8xbl-1r2e-4-1600k_dfwb-
—grayCAR30.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el80_
—8xbl-1r2e-4-1600k_dfwb-grayCAR30-52c083cf.pth

python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR40.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el180_
—8xbl-1r2e-4-1600k_dfwb-grayCAR40-803e8d9%b.pth

## color

python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—~co0lorCAR10.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6e180_
—8xbl-1r2e-4-1600k_dfwb-colorCAR10-09%aafadc.pth

python tools/test.py configs/swinir/swinir_sl126w7d6el80_8xbl-1r2e-4-1600k_dfwb-
—c0lorCAR20.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el180_
—8xbl-1r2e-4-1600k_dfwb-colorCAR20-b8a42b5e.pth

python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—co0lorCAR30.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el180_
—8xbl-1r2e-4-1600k_dfwb-colorCAR30-e9fe6859.pth
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python tools/test.py configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—+co0lorCAR40.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el180_
—8xbl-1r2e-4-1600k_dfwb—-colorCAR40-5b77a6e6.pth

## % GPUM &

## 001 Classical Image Super—-Resolution (middle size)

## (settingl: when model is trained on DIV2K and with training patch_size=48)
./tools/dist_test.sh configs/swinir/swinir_x2s48w8d6e180_8xb4d-1r2e—-4-500k_div2k.py._
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s48w8d6el80_8xbd-1lr2e—4-
—500k_div2k-ed2d419e.pth

./tools/dist_test.sh configs/swinir/swinir_x3s48w8d6el180_8xbd-1r2e-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s48w8d6el180_8xbd-1lr2e—4-
—500k_div2k-926950f1.pth

./tools/dist_test.sh configs/swinir/swinir_x4s48w8d6e180_8xbd-1r2e—-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s48w8d6el80_8xb4-1r2e-4-
—500k_div2k-88e4903d.pth

## (setting2: when model is trained on DIVZ2K+Flickr2K and with training_patch_size=64)
./tools/dist_test.sh configs/swinir/swinir_x2s64w8d6e180_8xb4-1r2e-4-500k_df2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s64w8d6el180_8xbd-1lr2e—4-
—500k_df2k-69el15fb6.pth

./tools/dist_test.sh configs/swinir/swinir_x3s64w8d6e180_8xb4-1r2e-4-500k_df2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s64w8d6el180_8xbd-1lr2e—-4-
—500k_df2k-d6982f7b.pth

./tools/dist_test.sh configs/swinir/swinir_x4s64w8d6e180_8xbd-1r2e-4-500k_df2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s64w8d6el180_8xbd-1lr2e—4-
—500k_df2k-0502d775.pth

## 002 Lightweight Image Super-Resolution (small size)

./tools/dist_test.sh configs/swinir/swinir_x2s64w8d4e60_8xb4d-1r2e-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x2s64w8d4e60_8xb4d-1r2e—-4-
—500k_div2k-131d3f64.pth

./tools/dist_test.sh configs/swinir/swinir_x3s64w8d4e60_8xb4d-1r2e—-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x3s64w8d4e60_8xbd-1r2e-4-
—500k_div2k-309cb239.pth
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./tools/dist_test.sh configs/swinir/swinir_x4s64w8d4e60_8xbd-1r2e—-4-500k_div2k.py.
—https://download.openmmlab.com/mmediting/swinir/swinir_x4s64w8d4e60_8xb4d-1lr2e—-4-
—500k_div2k-d6622d03.pth

## 003 Real-World Image Super-Resolution
./tools/dist_test.sh configs/swinir/swinir_gan-x2s64w8d6e180_8xbd-1lrle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x2s64w8d6el80_
—8xb4d-1rle-4-600k_df2k-0s-c6425057.pth

./tools/dist_test.sh configs/swinir/swinir_psnr-x2s64w8d6e180_8xb4-1rle-4-600k_df2k-—
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x2s64w8d6el180_

—8xbd-1rle-4-600k_df2k-os-6£f0c425f.pth

./tools/dist_test.sh configs/swinir/swinir_gan-x4s64w8d6e180_8xbd-1lrle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x4s64w8d6el80_
—8xbd-1rle-4-600k_df2k-0s-36960d18.pth

./tools/dist_test.sh configs/swinir/swinir_psnr-x4s64w8d6el180_8xb4-1rle-4-600k_df2k—
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x4s64w8d6el80_

—8xb4d-1rle—-4-600k_df2k-os—-all6a72f.pth

./tools/dist_test.sh configs/swinir/swinir_gan-x4s64w8d9e240_8xb4-1lrle-4-600k_df2k-
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_gan-x4s64w8d9%9e240_
—8xb4d-1rle-4-600k_df2k-0s-9£f1599b5.pth

./tools/dist_test.sh configs/swinir/swinir_psnr-x4s64w8d9e240_8xb4-1rle-4-600k_df2k—
—ost.py https://download.openmmlab.com/mmediting/swinir/swinir_psnr-x4s64w8d9e240_
—8xbd-1rle-4-600k_df2k-os-25f1722a.pth

## 004 Grayscale Image Deoising (middle size)

./tools/dist_test.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayDN15.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el80_
,8xbl-1r2e-4-1600k_dfwb-grayDN15-6782691b.pth

./tools/dist_test.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayDN25.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el180_
—8xbl-1r2e-4-1600k_dfwb-grayDN25-d0d8d4da.pth

./tools/dist_test.sh configs/swinir/swinir_s128w8d6el80_8xbl-1r2e-4-1600k_dfwb-
—grayDN50.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6el80_

—8xbl-1r2e-4-1600k_dfwb-grayDN50-54c9968a.pth

## 005 Color Image Deoising (middle size)
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./tools/dist_test.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
—scolorDN15.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6e180_
—8xbl-1r2e-4-1600k_dfwb-colorDN15-c74a2cee.pth

./tools/dist_test.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb—
—colorDN25.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6e180_
—8xbl-1r2e-4-1600k_dfwb-colorDN25-df2blcOc.pth

./tools/dist_test.sh configs/swinir/swinir_s128w8d6el180_8xbl-1r2e-4-1600k_dfwb-
<»colorDN50.py https://download.openmmlab.com/mmediting/swinir/swinir_s128w8d6e180_
—8xbl-1r2e-4-1600k_dfwb-colorDN50-e369874c.pth

## 006 JPEG Compression Artifact Reduction (middle size, using window_size=7 because.
—JPEG encoding uses 8x8 blocks)

## grayscale

./tools/dist_test.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR10.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6e180_
—8xbl-1r2e-4-1600k_dfwb-grayCAR10-da93c8e9.pth

./tools/dist_test.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR20.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el80_
—.8xbl-1r2e-4-1600k_dfwb-grayCAR20-d47367bl.pth

./tools/dist_test.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR30.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6e180_
—8xbl-1r2e-4-1600k_dfwb-grayCAR30-52c083cf.pth

./tools/dist_test.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—grayCAR40.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el80_
—8xpbl-1r2e-4-1600k_dfwb-grayCAR40-803e8d9%b.pth

## color

./tools/dist_test.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—co0lorCAR10.py https://download.openmmlab.com/mmediting/swinir/swinir_sl126w7d6el80_
—8xbl-1r2e-4-1600k_dfwb-colorCAR10-0%aafadc.pth

./tools/dist_test.sh configs/swinir/swinir_s126w7d6el180_8xbl-1r2e-4-1600k_dfwb-
—»c0lorCAR20.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6e180_
—8xbl-1r2e-4-1600k_dfwb-colorCAR20-b8a42b5e.pth

./tools/dist_test.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb—
—c0lorCAR30.py https://download.openmmlab.com/mmediting/swinir/swinir_sl126w7d6el80_
—8xbl-1r2e-4-1600k_dfwb-colorCAR30-e9fe6859.pth
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./tools/dist_test.sh configs/swinir/swinir_s126w7d6e180_8xbl-1r2e-4-1600k_dfwb-
—co0lorCAR40.py https://download.openmmlab.com/mmediting/swinir/swinir_s126w7d6el80_
—8xbl-1r2e-4-1600k_dfwb-colorCAR30-e9fe6859.pth

2 YW PAS: % train_test. nd H1 1 Test a pre-trained model 343 .
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df2k_ost

realsrset

videolg

glean

celeba-hg

gopro

vimeo90k
paired-pix2pix
sidd

dpdd

udmlio
unpaired-cyclegan
hide
paris-street-view
vid4

ntire2 1 _decompression

deraining
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CHAPTER 39

H#& DF2K_OST #iis&

@inproceedings{wang202lreal,

title={Real-ESRGAN: Training Real-World Blind Super—-Resolution with Pure Synthetic.

—Data},

author={Wang, Xintao and Xie, Liangbin and Dong, Chao and Shan, Ying},

booktitle={Proceedings of the IEEE/CVF International Conference on Computer Vision},
pages={1905--1914},
year={2021}

* DIV2K Bl 48 n] ATE IX L R 3k GRATA B IIZL).

* Flickr2K $ffade rT ATE 1 HL R 3 GRATA M IIZREL) .

o OST a4 wT DATE ik HL R 3k (FRATTR M IIZRR) -
WA E RO GT SIS (s TR ) -

mmediting
F— mmedit
— tools
— configs
— data

| F— df2k_ost

I

| | | F— o000l.png
| | | }— 0002.png

(Rt
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https://data.vision.ee.ethz.ch/cvl/DIV2K/
https://cv.snu.ac.kr/research/EDSR/Flickr2K.tar
https://openmmlab.oss-cn-hangzhou.aliyuncs.com/datasets/OST_dataset.zip
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39.1 {|EFERK

N TR IO, FATHUCR EEEEY N T BB . FATFft T — A

python tools/dataset_converters/df2k_ost/preprocess_df2k_ost_dataset.py —--data-root ./
—data/df2k_ost

A BT TAAE df2k_ost T, WREEHINT, H _sub FR THEIR.

mmediting

F— mmedit

F— tools

— configs

— data

| F— df2k_ost
I

| | F— GT_sub
|

| F— meta_info_df2k_ost.txt

39.2 HEEZREIFTIH

QSRR R AT A SOR BRI AE , F 2T — A txt MRS
PRESCF AR TR & T R T A AR R RoT (I 288 %2 ground-truth 815, SXPIAN B Z5A% B R IT -
PSR Bil:

0001_s001.png (480,480,3)
0001_s002.png (480,480, 3)

¥R, preprocess_df2k_ost_dataset.py HARBIAL M—10 bR S04

244 Chapter 39. ##& DF2K_OST #iE&%




MMEditing

39.3 Prepare LMDB dataset for DF2K_OST

ARARAE S LMDB i SRR Hept) 10 32, AR AT A L AR 77 3CiHi 4 LMDB SCf:

python tools/dataset_converters/df2k_ost/preprocess_df2k_ost_dataset.py --data-root ./
—data/df2k_ost —--make-1lmdb
39.3. Prepare LMDB dataset for DF2K_OST 245




MMEditing

246 Chapter 39. #%& DF2K_OST #iE%E



cHAPTER 40

%% RealSRSet #iiE&

@inproceedings{zhang202ldesigning,
title={Designing a Practical Degradation Model for Deep Blind Image Super-—
—~Resolution},
author={Zhang, Kai and Liang, Jingyun and Van Gool, Luc and Timofte, Radu},
booktitle={IEEE International Conference on Computer Vision},
pages={4791--4800},
year={2021}

Hdi4E RealSRSet W DAM ILAL TF 2.
K4 RealSRSet+5images T PAM 1Ak T3,
SO E SRR AN R -

mmediting

F— mmedit

— tools

— configs

— data

[ — realsrset

[ — RealSRSet+5images
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https://github.com/cszn/BSRGAN/tree/main/testsets/RealSRSet
https://github.com/JingyunLiang/SwinIR/releases/download/v0.0/RealSRSet+5images.zip
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cHAPTER 41

% VideolLQ #iE&E

@inproceedings{chan2022investigating,
author = {Chan, Kelvin C.K. and Zhou, Shangchen and Xu, Xiangyu and Loy, Chen.
—Change},
title = {Investigating Tradeoffs in Real-World Video Super-Resolution},
booktitle = {IEEE Conference on Computer Vision and Pattern Recognition},
year = {2022}

$reiE£ET] PAM Dropbox / Google Drive / OneDrive F# .
S H RGBT B -

mmediting

F— mmedit

— tools

|— configs

— data

I— VideoLQ
| F— o000

| | F— 00000000.png
| \ F— 00000001 .png
I =

| F— o001

| F— 002

|

|
|
|
|
|
|
|
| — ...
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https://www.dropbox.com/sh/hc06f1livdhutbo/AAAMPy92EOqVjRN8waT0ie8ja?dl=0
https://drive.google.com/drive/folders/1-1iJRNdqdFZWOnoUU4xG1Z1QhwsGwMDy?usp=sharing
https://entuedu-my.sharepoint.com/:f:/g/personal/chan0899_e_ntu_edu_sg/ErSugvUBxoBMlvSAHhqT5BEB9-4ZaqxzJIcc9uvVa8JGHg?e=WpHJTc
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CHAPTER 42

% GLEAN iS5

@InProceedings{chan202lglean,

author = {Chan, Kelvin CK and Wang, Xintao and Xu, Xiangyu and Gu, Jinwei and Loy, .

—Chen Change},

title = {GLEAN: Generative Latent Bank for Large-Factor Image Super-Resolution},

booktitle = {Proceedings of the IEEE conference on computer vision and pattern.
—recognitiont,

year = {2021}

42.1 #&& cat_train ${iE%E

1. MLSUN = i1 T #hcat £#55E.
2. MGLEAN =1 F#cat_train/meta_info_ LSUNcat_GT.txt,

3. S BB TRE
M Imdb SCPEH I B, TORFERIFTR T S, FRATEft m— A

python tools/dataset_converters/glean/preprocess_cat_train_dataset.py —--lmdb-path

—data/cat —--meta-file-path ./data/cat_train/meta_info_LSUNcat_GT.txt —--out-dir ./

—data/cat_train

IR #AE cat_train HRR, HSREGHATTR PR :
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https://www.yf.io/p/lsun
http://dl.yf.io/lsun/objects/cat.zip
https://github.com/ckkelvinchan/GLEAN
https://github.com/ckkelvinchan/GLEAN/blob/main/data/cat_train/meta_info_LSUNcat_GT.txt
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mmediting

F— mmedit

— tools

— configs

— data

I— cat_train

|  F—ocr

| F— BIx8_down

| F— BIx16_down

| F— meta_info_LSUNcat_GT.txt

42.2 #+£ cat_test HIEE

L B 12 0T R 3 CAT Hidlide
2. MGLEAN F: 7 T #cat_test/meta_info_Cat100_GT.txt,
3. OREE

FREB T REEZIT R ik, BAMRM T — A

python tools/dataset_converters/glean/preprocess_cat_test_dataset.py --data-path ./

—data/CAT_03 —--meta-file-path ./data/cat_test/meta_info_Catl100_GT.txt —--out-dir ./
—sdata/cat_test

I BHEAFIEAE cat_test HEF, HEEEHMNUNT s

mmediting

F— mmedit

— tools

— configs

— data

If cat_test

| b= ocr

| — BIx8_down

| F— BIx16_down

| — meta_info_Cat100_GT.txt
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https://archive.org/details/CAT_DATASET
https://archive.org/download/CAT_DATASET/CAT_DATASET_02.zip
https://github.com/ckkelvinchan/GLEAN
https://github.com/ckkelvinchan/GLEAN/blob/main/data/cat_test/meta_info_Cat100_GT.txt
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42.3 A& FFHQ #iE&E

1. MEHEEE 7 N3 FFHQ 24546 (images1024x1024),
FESCHE H S A AT frs

ffhq

— images

F— 00000.png
F— 00001.png
— ...

F— 69999.png

2. MGLEAN == 11 T #ffhg/meta_info_ FFHQ_GT.txt,
3. MR
FHEG T REERI T FR R ST i, AT T — A

python tools/dataset_converters/glean/preprocess_ffhqg celebahg _dataset.py —--data-root.
—./data/ffhqg/images

AR AE ££hg HIRR, H RGN AT BrR :

mmediting

F— mmedit

— tools

— configs

F—— data

— ffhg

| F— images

| — BIx8_down
| F— BIx16_down
|

|
|
|
| }—— meta_info_ FFHQ_GT.txt

42.4 #%& CelebA-HQ #iEsE

1 ARPEECHR AR 1 SR HE R A AR -
RESCHE H SR AR R

CelebA-HQ

— ¢t
| F— 00000.png

(Rt
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https://github.com/NVlabs/ffhq-dataset
https://drive.google.com/drive/folders/1tZUcXDBeOibC6jcMCtgRRz67pzrAHeHL
https://github.com/ckkelvinchan/GLEAN
https://github.com/ckkelvinchan/GLEAN/blob/main/data/FFHQ/meta_info_FFHQ_GT.txt
https://github.com/tkarras/progressive_growing_of_gans
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| F— 00001.png
[ — ...

[ F— 30000.png

2. MGLEAN 711 F#CelebA-HQ/meta_info_CelebAHQ_val100_GT.txt,
3 TRE
FHEMG T REERI TR R Ak, FRATERAE T — AR

python tools/dataset_converters/glean/preprocess_ffhqg celebahg dataset.py --data-root.
—./data/CelebA-HQ/GT

ARG BRAT T CelebA-HO HIRF, HSRE5HI AN R FiR -

mmediting

F— mmedit

I— tools

— configsdata

— data

F— celebA-HQ

| F— Gt

| — BIx8_down
| F— BIx16_down
|

|
|
|
| }7 meta_info_CelebAHQ _vallO0_GT.txt

42.5 #% FFHQ_CelebAHQ #iEEE

¥ FFHQ(ffhq/images) il CelebA-HQ(CelebA-HQ/GT) £, A h{ FFHQ_CelebAHQ %iffi4E .
SCAF H SRE A N QR R -

mmediting

F— mmedit

— tools

— configs

I— data

| — FFHQ_CelebAHQ

| | F— GT
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https://github.com/ckkelvinchan/GLEAN
https://github.com/ckkelvinchan/GLEAN/blob/main/data/CelebA-HQ/meta_info_CelebAHQ_val100_GT.txt

cHAPTER 43

/% CelebA-HQ #iE &

@article{karras20l17progressive,

title={Progressive growing of gans for improved quality, stability, and variation},
author={Karras, Tero and Aila, Timo and Laine, Samuli and Lehtinen, Jaakko},
journal={arXiv preprint arXiv:1710.10196},

year={2017}

TR IR AL A AR

mmediting

F— mmedit

— tools

— configs

— data

| — CelebA-HQ

| | F— train_256

| | F— test_256

| | }— train_celeba_img_list.txt
[ | F— val_celeba_img_list.txt
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https://github.com/tkarras/progressive_growing_of_gans#preparing-datasets-for-training
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cHAPTER 44

& GoPro #iE &

@inproceedings{Zamir2021Restormer,
title={Restormer: Efficient Transformer for High-Resolution Image Restoration},
author={Syed Wagas Zamir and Aditya Arora and Salman Khan and Munawar Hayat and.
—Fahad Shahbaz Khan and Ming-Hsuan Yang},
booktitle={CVPR},
year={2022}

NSRBI PT A Ah TR, MHAEAEAR PT A Ak TFE.
SO H SREEFRLATR R -

mmediting

F— mmedit

— tools

F—— configs

— data

| — GoPro

| | F— train

| | \ F— input

| | \ — target
| | F— test

| | \ F— input

| | \ — target
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https://drive.google.com/file/d/1zgALzrLCC_tcXKu_iHQTHukKUVT1aodI/
https://drive.google.com/file/d/1k6DTSHu4saUgrGTYkkZXTptILyG9RRll/
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cHAPTER 45

/L Vimeo90K #iiE&E

@article{xue2019video,

title={Video Enhancement with Task-Oriented Flow},

author={Xue, Tianfan and Chen, Baian and Wu, Jiajun and Wei, Donglai and Freeman,.
—William T},

journal={International Journal of Computer Vision (IJCV) },

volume={127},

number={8},

pages={1106--1125},

year={2019},

publisher={Springer}

NGREEAIM G T AM IEAL TF 3

REEERE T vimeo_septuplet/sequences BN vimeo90k/GT. Vimeo9OK FHEEM S TR Ar
R clip/sequence/img H 458 :

vimeo90k

— Gt

| F— oo0o001

| | F— o001

| | | b iml.png
| | | b= im2.png
N

| | F— 0002

(Rt
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http://toflow.csail.mit.edu/
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(£ 50

l— sep_trainlist.txt
— sep_testlist.txt

N TSR RAEIE BIx4 F1 BDx4, DA B F AR, fE TR fir S

python tools/dataset_converters/vimeo90k/preprocess_vimeo90k_dataset.py —--data-root ./

—~data/vimeo90k

S H SR EE R AR B -

F— meta_info_Vimeo90K_test_GT.txt

mmediting

F— mmedit

— tools

— configs

— data

| F— vimeo_triplet

Il k=T

| | \ — 00001

I I [ k= oo01

I I [ | k= iml.png
I I | | k= im2.png
N T
I I | = o002

I I [ k= o003
N R

| | \ — 00002

I N

| | F— BIx4

| | — BDx4

I

[

— meta_info_Vimeo90K_train_GT.txt
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45.1 4% LMDB &3 89 Vimeo90K #iiEEE

AR EAE G LMDB DASRAFEEPRAY 10 B, WT DA Ik AR A Sk #  LMDB ({7

python tools/dataset_converters/vimeo90k/preprocess_vimeo90k_dataset.py --data-root ./
—~data/vimeo90k —--train_list ./data/vimeo90k/sep_trainlist.txt --gt-path ./data/
—vimeo90k/GT —--lg-path ./data/Vimeo90k/BIx4 --make-lmdb

45.1. & LMDB {9 Vimeo90K #igtE 261
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CHAPTER 40

A Pix2pix M & X EHEE

@inproceedings{isola2017image,
title={Image-to-image translation with conditional adversarial networks},
author={Isola, Phillip and Zhu, Jun-Yan and Zhou, Tinghui and Efros, Alexei A},
booktitle={Proceedings of the IEEE conference on computer vision and pattern.
—recognition},
pages={1125--1134},
year={2017}

BETLAM LA P 3B Bl . N5, TR T R S Bt 4 A A BIR i SCPEJe 2l . %50
RO L h R RS T .

mmediting
F— mmedit
|— tools
— configs
— data

| F— paired

| | — facades
|| F— maps

| | — edges2shoes
| | \ F— train
| | \ F— test
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http://efrosgans.eecs.berkeley.edu/pix2pix/datasets/
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cHAPTER 4/

#E#% SIDD #iiE&E

@inproceedings{Zamir2021Restormer,

title={Restormer: Efficient Transformer for High-Resolution Image Restoration},

author={Syed Wagas Zamir and Aditya Arora and Salman Khan and Munawar Hayat and.
—Fahad Shahbaz Khan and Ming-Hsuan Yang},

booktitle={CVPR},

year={2022}

LR T A AL T8 BUEEIRE T A JeAL T8 MREHRE T A JAL T E
AR AR RE 2 mat SOPFR, Ok, FATRME 7 — A

python tools/dataset_converters/sidd/preprocess_sidd_test_dataset.py —--data-root ./
—data/SIDD/test —--out-dir ./data/SIDD/test

SCPEH SREEH R B -

mmediting

F— mmedit

— tools

— configs

F—— data

[ — sipbD

| | F— train
N

(Rt
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https://drive.google.com/file/d/1UHjWZzLPGweA9ZczmV8lFSRcIxqiOVJw/
https://drive.google.com/file/d/1Fw6Ey1R-nCHN9WEpxv0MnMqxij-ECQYJ/
https://drive.google.com/file/d/11vfqV-lqousZTuAit1Qkqghiv_taY0KZ/
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(£ 50

[ | — noisy

Il 1 b val

| | \ — input_crops
| | | — target_crops
[ | F— test

| | \ F— gt

|l I | | noisy

266

Chapter 47. #:#% SIDD #iE%




cHAPTER 48

/H% DPDD #iE&

@inproceedings{Zamir2021Restormer,
title={Restormer: Efficient Transformer for High-Resolution Image Restoration},
author={Syed Wagas Zamir and Aditya Arora and Salman Khan and Munawar Hayat and.
—Fahad Shahbaz Khan and Ming-Hsuan Yang},
booktitle={CVPR},
year={2022}

MHREHRHE FTAM BEAL F 3
SO H SREEFRLATR R -

mmediting

F— mmedit

— tools

F—— configs

— data

| — ppDD

| | F— inputL
| | F— inputR
| | F— inputcC
| | F— target
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https://drive.google.com/file/d/1dDWUQ_D93XGtcywoUcZE1HOXCV4EuLyw/
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cHAPTER 49

A& UDM10 #iiE&E

@inproceedings{PFNL,

title={Progressive Fusion Video Super-Resolution Network via Exploiting Non-Local.
—Spatio-Temporal Correlations},

author={Yi, Peng and Wang, Zhongyuan and Jiang, Kui and Jiang, Junjun and Ma,.
—Jiayi},

booktitle={IEEE International Conference on Computer Vision (ICCV) },

pages={3106-3115},

year={2019},

R AN A TR .
SCPEH SRES BT FrR -

mmediting

F—— mmedit

— tools

— configs

F—— data

| — ubM10

| | F— ot

| | — BIx4
| | — BDx4
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https://drive.google.com/file/d/1G4V4KZZhhfzUlqHiSBBuWyqLyIOvOs0W/
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cHAPTER B0

7 CycleGAN & KBt 3R E

@inproceedings{zhu2017unpaired,
title={Unpaired image-to-image translation using cycle-consistent adversarial.
—networks},
author={Zhu, Jun-Yan and Park, Taesung and Isola, Phillip and Efros, Alexei A},
booktitle={Proceedings of the IEEE international conference on computer vision},
pages={2223--2232},
year={2017}

TERTLAM AL S 3R BEXT RS AR, 057 S T 4 A% S A L ) Al B DA RO L /s ) S e 4
B O 2 I EE R T

mmediting
F— mmedit
|— tools
— configs

F— unpaired

| — facades

| — horse2zebra

| — summer2winter_yosemite
| \ F— trainA

}— trainB

\
\ F— testa

(Foakss)
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https://people.eecs.berkeley.edu/~taesung_park/CycleGAN/datasets/

MMEditing

(£ 50

}—— testB

272

Chapter 50. % CycleGAN #& ki3 EiEE




CHAPTER B 1

/HE% HIDE #ii5 &

@inproceedings{Zamir2021Restormer,
title={Restormer: Efficient Transformer for High-Resolution Image Restoration},
author={Syed Wagas Zamir and Aditya Arora and Salman Khan and Munawar Hayat and.
—Fahad Shahbaz Khan and Ming-Hsuan Yang},
booktitle={CVPR},
year={2022}

DARBAEAE AT AM AL T
SO H SREEFRLATR R -

mmediting

F— mmedit

— tools

F—— configs

— data

| — HIDE

| | F— input
| | F— target
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https://drive.google.com/file/d/1XRomKYJF1H92g1EuD06pCQe4o6HlwB7A/
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CHAPTER B2

/% Paris Street View #3E£&

@inproceedings{pathak20l6context,

title={Context encoders: Feature learning by inpainting},

author={Pathak, Deepak and Krahenbuhl, Philipp and Donahue, Jeff and Darrell,.
—Trevor and Efros, Alexei A},

booktitle={Proceedings of the IEEE conference on computer vision and pattern.
—recognitiont,

pages={2536--2544},

year={2016}

5 A IEAL RIS -

mmediting

F— mmedit

— tools

— configs

— data

| I— paris_street_view
| | }— train

| | F— val
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https://github.com/pathak22/context-encoder/issues/24
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CHAPTER B3

HEE Vidd HREE

@article{xue2019video,
title={On Bayesian adaptive video super resolution},
author={Liu, Ce and Sun, Deqging},
journal={IEEE Transactions on Pattern Analysis and Machine Intelligence},
volume={36},
number={2},
pages={346--360},
year={2013},
publisher={IEEE}

FIPAM LA TRER Vidd B, R s Tl s R R AR R P )

L. BIx4 A8 T s SR PSR E T RAEFFEI Y B A

2. BDx4 55 T o=1. 6 WRIZER, R)5E 4 MERIAT ORI I A
TR, B Vidd B s — R B AR A S (Bl meta_info_Vid4_GT.txt) .

calendar 41 (576,720,3)
city 34 (576,704, 3)
foliage 49 (480,720,3)
walk 47 (480,720, 3)

Xt ToFlow, W& B FORFEMERE, L, FRATRML T4
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https://drive.google.com/file/d/1ZuvNNLgR85TV_whJoHM7uVb-XW1y70DW/view?usp=sharing

MMEditing

python tools/dataset_converters/vid4/preprocess_vid4_dataset.py —--data-root ./data/
—Vid4/BIx4

S H SR EEF BTN B -

mmediting

F— mmedit

— tools

— configs

— data

| F— vid4

| k=T

| | \ — calendar
L = city

| | | — foliage
1 = walk

| | — BDx4

| | F— BIx4

| | F— BIx4up_direct
| | }— meta_info_Vid4_GT.txt
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CHAPTER B4

#E% NTIRE21 decompression #1E&

@inproceedings{yang202ldataset,

title={{NTIRE 2021} Challenge on Quality Enhancement of Compressed Video: Dataset.
—and Study},

author={Ren Yang and Radu Timofte},

booktitle={IEEE/CVF Conference on Computer Vision and Pattern Recognition Workshops}
—r

year={2021}

TR T AL E TR 2
TR I T OB A AR

SC H SRS AN s -
mmediting

F— mmedit

— tools

— configs

— data

[ — NTIRE21_decompression_trackl
[ N L

I 1 | F—oo1

| | | | F— 001.png
I N N N

(Rt
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https://github.com/RenYang-home/NTIRE21_VEnh
https://github.com/RenYang-home/NTIRE21_VEnh
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(£ 50

— o010

— o001

[ — 001.png

[ — ..

— o010
NTIRE21_decompression_track?2
F— GT

— Lo
NTIRE21_decompression_track3
F— GT
— Lo

- - 1--

R e
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CHAPTER B5

/& Deraining #iR &

@inproceedings{Zamir2021Restormer,
title={Restormer: Efficient Transformer for High-Resolution Image Restoration},
author={Syed Wagas Zamir and Aditya Arora and Salman Khan and Munawar Hayat and.
—Fahad Shahbaz Khan and Ming-Hsuan Yang},
booktitle={CVPR},
year={2022}

MR HcHE4E (Rain100H, Rain100L, Test100, Test1200, Test2800) AT A 4t F#.
S H SRR AR B -

mmediting
F—— mmedit
F—— tools

— configs

— data

F— Rainl00H

| F— input

| F— target
F— Rainl00L

| F— input

| F— target
| F— Test100

| | F— input

(Rt
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https://drive.google.com/file/d/1P_-RAvltEoEhfT-9GrWRdpEi6NSswTs8/
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(£ 50

| F— target
F— Test1200

| F— input
| F— target
F— Test2800

| F— input
[ F— target
F— Test100

| F— input
| F— target
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CHAPTER DO

& REDS &

@InProceedings{Nah_2019_CVPR_Workshops_REDS,

author = {Nah, Seungjun and Baik, Sungyong and Hong, Seokil and Moon, Gyeongsik and.
—Son, Sanghyun and Timofte, Radu and Lee, Kyoung Mu},

title = {NTIRE 2019 Challenge on Video Deblurring and Super—-Resolution: Dataset and.
—Study},

booktitle = {The IEEE Conference on Computer Vision and Pattern Recognition (CVPR).
—Workshops},

month = {June},

year = {2019}

* JlIZR4E: REDS #iiatE

o IHIESE: REDS $fhi4E F1 Vid4.
R, &A1AIF T REDS Wl EMEGUELE, PAELE REDS4 %143 (1€ EDVR & E]) FIE HIRIELER]
432 a1 48 o
JRIRIIEEE I A AR BBk T (clip 000 E] 029), PAEE SillZk4E & Bz (B3 240 4~ clip) . HIATE, 30
UEEE Y clips #F i 44ok 240, 241, 269,

AT LA a9 A HE # REDS Hffide:

python tools/dataset_converters/reds/preprocess_reds_dataset.py ./data/REDS
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https://seungjunnah.github.io/Datasets/reds.html
https://seungjunnah.github.io/Datasets/reds.html
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mmediting

F— mmedit

— tools

— configs

— data

— REDS
F—— train_sharp
| — o000

— o001

>

F— 000
F— oo01
l_

\
\
F— train_sharp_bicubic
\
\
\

— x4
|
|
|

|

|

|

|

|

|

|

|

|

| FA* meta_info_reds4_train.txt
| F— meta_info_reds4_val.txt

| — meta_info_official_train.txt
| FA* meta_info_official val.txt
| — meta_info_REDS_GT.txt

— REDS4

|  F— Gt

|

F—— sharp_bicubic

56.1 £ LMDB #&3\#Y REDS #iE%

UR ARG DB DASRAFHEBRAY 10 JR)E, WT AL AR Bl A Ay LMDB 3CfF::

python tools/dataset_converters/reds/preprocess_reds_dataset.py —--root-path ./data/

—REDS —--make-1mdb

56.2 F{BIAHFE

MMEditing 37 7f REDS RN T G LAIE 10, FATHRAL Tk — A :

python tools/dataset_converters/reds/crop_sub_images.py —--data-root ./data/REDS -

—scales 4

A BURAF#AE REDS T, BAREINT, K _sub FR THEIZ.
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mmediting

F— mmedit

— tools

— configs

— data

| — REDS

| | F— train_sharp

I [ F—oo00

[ | F—=oo01

(I

| | F— train_sharp_sub
| | | F— 000_s001

| | \ F— 000_s002

(I

| | | F— 001_s001

(I

| | F— train_sharp_bicubic
L x4

I 1 [ k= oo00
I [ F=o01
e

| | \ F— X4_sub

| | | — 000_s001

| | \ F— 000_s002

I

| | | F— 001_s001

I

TR, BUATEOLT, preprocess_reds_dataset.py ARG H A EELE HI/E Imdb IR SO, 45

REFT 2N ISRV E R UG U AR .

|

56.2. #HEAHFE 285
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CHAPTER D7

£ % Denoising #jiE &

@inproceedings{Zamir2021Restormer,
title={Restormer: Efficient Transformer for High-Resolution Image Restoration},
author={Syed Wagas Zamir and Aditya Arora and Salman Khan and Munawar Hayat and.
—Fahad Shahbaz Khan and Ming-Hsuan Yang},
booktitle={CVPR},
year={2022}

MRS (Set12, BSD68, CBSD68, Kodak, McMaster, Urban100) R DAM I A F 2.
S H SRS AT s -

mmediting

F— mmedit

F— tools

— configs

— data

| F—— denoising_gaussian_test
| | F— set12

| | — BSD68

| | — cBsD68

| | F— Kodak

| | FA* McMaster
| | %—— Urbanl100
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https://drive.google.com/file/d/1P_-RAvltEoEhfT-9GrWRdpEi6NSswTs8/
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CHAPTER B8

H & Composition-1k FEE

58.1 443

@inproceedings{xu2017deep,
title={Deep image matting},
author={Xu, Ning and Price, Brian and Cohen, Scott and Huang, Thomas},
booktitle={Proceedings of the IEEE conference on computer vision and pattern.
—recognition},
pages={2970--2979},
year={2017}

Adobe Composition-1k %4 i fiy 5t B 5 S AN Y alpha PHRAIAG. BEPAGSCREROMRSR, SR 2RISR
I COCO a4 Al Pascal VOC $ii 4R 38 1 1 5L T A

58.2 ZRHRFOIEEN

TR B S Y AZRA Composition-1k (complk) #i#fade -

289



https://sites.google.com/view/deepimagematting
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58.3 SR SEEHIESR

Adobe composition-1k ZH£E Nt 7 alpha il fg (DAKIASE Y trimap) o FEMGBOIEMEZ T, 7520
fg 5 COCO %#lt (YIZk) 5 VOC ¥icdis (M) & IF. FH AT BIASRAT IR A BT A8 U T 2R s
HRESC:

# # MMEditing B R X ¥ % T E 7B A
python tools/dataset_converters/matting/complk/preprocess_complk_dataset.py data/

—adobe_composition-1k data/coco data/VOCdevkit —--composite

A R BIAERETE “adobe_composition-1k/Training_set” 1 “adobe_composition-1k/Test_set” T . QAR H
A BN EGE (A& BNZEGRRAER ), AR DAE S MR ——composite MM HkT & I Zh4E

# kA RIS E
python tools/dataset_converters/matting/complk/preprocess_complk_dataset.py data/
—adobe_composition—-1k data/coco data/VOCdevkit

ARG AT B s, BRI FBA, @RI DAEE AN ——skip-train PIiRBkE IIZRME:

# B MAENSE &
python tools/dataset_converters/matting/complk/preprocess_complk_dataset.py data/

—adobe_composition-1k data/coco data/VOCdevkit --skip-train

FIHT, GCA M FBA SCRFAEL A M GREUE . (ER AR AT DAME SOH AL 2 A TR AT E R
S, AR MmE AR E G (BRATEEIREE PR R “BIF7).

58.4 1&7& DIM gy H R

LA SO IS K 7 B B -

mmediting
F— mmedit
— tools
— configs
— data

| F—— adobe_composition—-1k
| | F—— Test_set

| | | — Adobe-licensed images
Il I | |— alpha
N

| | ‘ | — trimaps
[

—preprocess_complk_dataset.py)

merged (generated by tools/dataset_converters/matting/complk/

(Rt
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(£ 50

—preprocess_complk_dataset.py)

\ F—— bg (generated by tools/dataset_converters/matting/complk/
| F— Training_set

| | — Adobe-licensed images

| | | b alpha

T = fg

| \ F—— Other

I | F— alpha

A

| \ F—— merged (generated by tools/dataset_converters/matting/complk/
—preprocess_complk_dataset.py)

| | \ F—— bg (generated by tools/dataset_converters/matting/complk/
—preprocess_complk_dataset.py)

| | F— test_list.json (generated by tools/dataset_converters/matting/complk/
—preprocess_complk_dataset.py)

| | — training_list.json (generated by tools/dataset_converters/matting/complk/
—preprocess_complk_dataset.py)

| F— coco

| F— train2014 (or train2017)
| — vocdevkit

| | F— voc2012

58.5 74 FBA £&#EE

FBA 3K | Learning-base Sampling for Natural Image Matting 42 sSSP SR, HAb, BT Be5E
B, el S0y BRI S AR AR TRl .

HEA A -

# kWM A EILEE, AU I A E & A
python tools/dataset_converters/matting/complk/preprocess_complk_dataset.py data/

—adobe_composition-1k data/coco data/VOCdevkit --skip-train

PREIZREE i 5 :

python tools/dataset_converters/matting/complk/extend_fg.py data/adobe_composition-1k

58.5. 7 FBA £&ZHEE 291



https://openaccess.thecvf.com/content_CVPR_2019/papers/Tang_Learning-Based_Sampling_for_Natural_Image_Matting_CVPR_2019_paper.pdf
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58.6 #£& DIM gy B R4

BRI S EIEE R AT s

mmediting
F— mmedit
F—— tools

— configs

F—— adobe_composition—-1k

| FA* Test_set

Adobe-licensed images
I g
F— alpha

fg

—
F— trimaps

| | — merged (generated by tools/data/matting/complk/preprocess_complk_

—dataset.py)
| | \ F—— bg (generated by tools/data/matting/complk/preprocess_complk_
—dataset.py)
| F— Training_set
| — Adobe-licensed images
alpha
fg

TTT

fg_extended (generated by tools/data/matting/complk/extend_fg.py)

O
&
o
(0]
ar

— alpha
— fg

|
|
|
li
|
|
|

|
|

|

.

|

|

I

| \ — fg_extended (generated by tools/data/matting/complk/extend_fg.py)

| F—— test_list.json (generated by tools/data/matting/complk/preprocess_
—complk_dataset.py)

| | F— training_list_fba.json (generated by tools/data/matting/complk/extend_fg.
—PYy)

| F— coco

| | F— train2014 (or train2017)
| — vocdevkit

| | F— vocz2012
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CHAPTER 59

/% RealBlur #3E&E

@inproceedings{Zamir2021Restormer,
title={Restormer: Efficient Transformer for High-Resolution Image Restoration},
author={Syed Wagas Zamir and Aditya Arora and Salman Khan and Munawar Hayat and.
—Fahad Shahbaz Khan and Ming-Hsuan Yang},
booktitle={CVPR},
year={2022}

MA%HE 4 RealBlurR AT DA 1AL Rk, MR %HE4E RealBlurd 7T AM 1AL R#.
SO H SR H AN TR -

mmediting

F— mmedit

F— tools

F—— configs

— data

| — RealBlur_R
| | F— input

| | F— target
| — RealBlur_J
| | F— input

| | F— target
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https://drive.google.com/file/d/1glgeWXCy7Y0qWDc0MXBTUlZYJf8984hS/
https://drive.google.com/file/d/1Rb1DhhXmX7IXfilQ-zL9aGjQfAAvQTrW/
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cHAPTER 60

A% SPMCS #iE 5

@InProceedings{tao2017spmc,
author={Xin Tao and Hongyun Gao and Renjie Liao and Jue Wang and Jiaya Jia},
title = {Detail-Revealing Deep Video Super-Resolution},
booktitle = {The IEEE International Conference on Computer Vision (ICCV)},
month = {Oct},
year = {2017}

BRI DA Ak TR .
SO H SREEFRLATR R -

mmediting

F— mmedit

— tools

F—— configs

— data

| — spMCs

| | F— Gt

| | — BIx4
| | — BDx4

| | F— meta_info_SPMCS_GT.txt
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https://opendatalab.org.cn/SPMCS
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CHAPTER O 1

HE& Places365 #iiEL

@article{zhou20l1l7places,
title={Places: A 10 million Image Database for Scene Recognition},
author={Zhou, Bolei and Lapedriza, Agata and Khosla, Aditya and Oliva, Aude and.
—Torralba, Antonio},
journal={IEEE Transactions on Pattern Analysis and Machine Intelligence},
year={2017},
publisher={IEEE}

1 M Places365 R IH S ETE

mmediting

— mmedit

— tools

— configs

|— data

| F— Places

| | — data_large

| | }— val_large

| | F— meta

| | | }— places365_train_challenge.txt
| | \ F— places365_val.txt
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http://places2.csail.mit.edu/download.html
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CHAPTER 62

% LIVE #iE&E

@article{zhang2017beyond,

title={Beyond a {Gaussian} denoiser: Residual learning of deep {CNN} for image.
—denoising},

author={Zhang, Kai and Zuo, Wangmeng and Chen, Yunjin and Meng, Deyu and Zhang, Lei}
—y

journal={IEEE Transactions on Image Processing},

year={2017},

volume={26},

number={7},

pages={3142-3155},

IABAEGE AT AM SIEAL TR 3K
SCPEH SREEH R ANR B -

mmediting

F— mmedit
|— tools

— configs
— data

| F— LIvEl
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https://github.com/cszn/DnCNN/tree/master/testsets
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CHAPTER 63

A& Vimeo90K-triplet #3E &

@article{xue2019video,

title={Video Enhancement with Task-Oriented Flow},

author={Xue, Tianfan and Chen, Baian and Wu, Jiajun and Wei, Donglai and Freeman,.
—William T},

journal={International Journal of Computer Vision (IJCV) },

volume={127},

number={8},

pages={1106--1125},

year={2019},

publisher={Springer}

YIZREEFNMIASE T DA oAb "R Ek .
Vimeo90K-triplet 2B TN /RN clip/sequence/img H 451 :

mmediting

F—— mmedit

— tools

— configs

F—— data

| F‘* vimeo_triplet

| | — tri_testlist.txt
| | — tri_trainlist.txt
| | — sequences

(Rt
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http://toflow.csail.mit.edu/
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(£ 50

— 00001
F— ooo01
| F— iml.png
| }— im2.png
| L— im3.png
F— o002
F— o003

|

|

|

|

|

|

| ..
F— 00002
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CHAPTER 64

/% Classich B4

@article{zhang2017beyond,

title={Beyond a {Gaussian} denoiser: Residual learning of deep {CNN} for image.
—denoising},

author={Zhang, Kai and Zuo, Wangmeng and Chen, Yunjin and Meng, Deyu and Zhang, Lei}
—y

journal={IEEE Transactions on Image Processing},

year={2017},

volume={26},

number={7},

pages={3142-3155},

IABAEGE AT AM SIEAL TR 3K
SCPEH SREEH R ANR B -

mmediting
F— mmedit
|— tools
— configs

— data

| |— Classich
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https://github.com/cszn/DnCNN/tree/master/testsets
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CHAPTER 65

HF DIV2K #iiE&E

@InProceedings{Agustsson_2017_CVPR_Workshops,
author = {Agustsson, Eirikur and Timofte, Radu},

title = {NTIRE 2017 Challenge on Single Image Super—-Resolution: Dataset and Study}

booktitle = {The IEEE Conference on Computer Vision and Pattern Recognition.
— (CVPR) Workshops},

month = {July},

year = {2017}

o jJl|4h4E: DIV2K dataset.
o IGIEAE: Set5 Al Setl4.

YRR, ATKF BRI (SC1F4 0801 5] 0900) & HE T FAAMIIIZREE (314 0001 5] 0800). i
EESHBIVA NIV

mmediting

F— mmedit

— tools

|— configs

— data

| F— DpIv2k

| | — DIV2K_train_HR
| | | F— 000l.png

(Fgksh)

305



https://data.vision.ee.ethz.ch/cvl/DIV2K/
https://drive.google.com/drive/folders/1B3DJGQKB6eNdwuQIhdskA64qUuVKLZ9u
https://drive.google.com/drive/folders/1B3DJGQKB6eNdwuQIhdskA64qUuVKLZ9u

MMEditing

(£ 50

F— 0002.png
— 0800.png
— 0801.png
F— 0900.png
DIV2K_train_LR_bicubic

DIV2K_valid_LR_bicubic

o
=
<
N
=
<

o

—
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0.
st
o

LRbicx3

LRbicx2

=
X X
o O
[
Q Q
XX
S W

65.1 #H51FE

N TR IO, FBCRF DIV2K 80— R80T, it A0t T — A

python tools/dataset_converters/div2k/preprocess_div2k_dataset.py —--data-root ./data/
—~DIV2K

A B R AT AE DIV2K HORY, HICPFEMaNT prs, Hd _sub 2R 1K

mmediting

F— mmedit
— tools

— configs
— data

| — DIV2K

| | F— DIV2K_train_HR

(Rt
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(£ 50

— DIV2K_train_HR_sub
F— DIV2K_train_LR_bicubic
— x2
— x3
— x4
F— X2_sub
— Xx3_sub

\

\

|

\

|

| — X4_sub

F— DIV2K_valid_HR
— .

F— meta_info_DIV2K800sub_GT.txt
F— meta_info_DIV2K100sub_GT.txt

65.2 BEZIRT IR

AR AR AT A AR B SR, TR 2 txt AR SO
PR AR —ATEE TR T A AR R RoF (I 288 % 2 ground-truth 815, 53X PIAN BN Z5A% (] IT -
PRSP

0001_s001.png (480,480,3)
0001_s002.png (480,480,3)

R, preprocess_div2k_dataset JHIARBRIAL —G bR S04

65.3 4 LMDB &= iY DIV2K #iiE &%

W EAR G LvDB DASRRFEEPRAY 10 S, WT DA Ik AR Bl A Sk #y # LMDB U

python tools/dataset_converters/div2k/preprocess_div2k_dataset.py —--data-root ./data/
—DIV2K —-make-1mdb
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CHAPTER OO

TEHE
66.1 v1.0.0rc7 (07/04/2023)
BRI
FAR 2% & i MMEditing 1.0.0rc7 fiiA, MR A SCHF T MMEditing i1 MMGeneration [ 51+ #5181, 226+
configs i 212+ checkpoints. PAN 2 IR B & 7710 B S BT B ik

« ¥ T DiffuserWrapper.
e 7Fr T ControlNet f#ERL-5 1|2k,
« %57 PyTorch 2.0.
By RE RISk
e T 4% 7 DiffuserWrapper. #1692
 HET ControlNet [HfEFR 5 %5, #1744
o %HFT PyTorch 2.0 (ffiff] ‘inductor’ J5u (TN 4i% 33+ FiZll) #1742.
o STEE T RGBS FILTAE 4 11 inferencer. #1662, #1720
« Tkl get_flops A #1675
o BN dataset_converters JHIASFI 8 I SCRY. #1690
o i#% stylegan .75 MMCV H. #1383

Bug f&53
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https://github.com/open-mmlab/mmediting/pull/1692
https://github.com/open-mmlab/mmediting/pull/1744
https://github.com/open-mmlab/mmediting/pull/1742
https://github.com/open-mmlab/mmediting/pull/1662
https://github.com/open-mmlab/mmediting/pull/1720
https://github.com/open-mmlab/mmediting/pull/1675
https://github.com/open-mmlab/mmediting/pull/1690
https://github.com/open-mmlab/mmediting/pull/1383

MMEditing

disco inferencer. #1673

* NZ

NS

N

2

4 nafnet optimizer it &. #1716

- BE

e

@LeoXing1996, @Z-Fran, @plyfager, @zengyh1900, @liuwenran, @ryanxingql, @ HAOCHENYE, @VongolaWu

tof typo. #1711

66.2 v1.0.0rc6 (02/03/2023)

B3R

FEATR =% % 11 MMEditing 1.0.0rc6 it A, MRA S+ 7 MMEditing I MMGeneration (4] 50+ f1, 222+
configs Fl1 209+ checkpoints. DA A2 IR HUAS %71 i = 8T D fig

* XFFT Inpainting {145 #EHE) Gradio gui.

o R TR Eta . EGEIER GAN ALY inferencer.
Wiy et

o FAYT FilelO. #1572

o TEH T registry. #1621

» Hf47 Random degradations. #1583

« H 4T DataSample, DataPreprocessor, Metric £ Loop. #1656

« {ifi fl mmengine.basemodule 4 nn.module. #1491

o HATRERRAE T #1609

* 3¢ T Inpainting AT 55 HEFRAY Gradio gui. #1601

o T T KM% ) inferencer. #1588

o R T EMBENEFATE GAN KAL) inferencer. #1650

o T GAN BiZ (Y inferencer. #1653, #1659

* k4 Print config T E. #1590

o Yridk type hints. #1604

o T 1 metrics F datasets [ 51 S 3CRY. #1568, #1638

» T3 BigGAN H1 Disco-Diffusion [1 H 3L SCRY. #1620

37 Guided-Diffusion 1] Evaluation [l README. #1547
Bug &%

o & EMA momentum. #1581
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https://github.com/open-mmlab/mmediting/pull/1673
https://github.com/open-mmlab/mmediting/pull/1716
https://github.com/open-mmlab/mmediting/pull/1711
https://github.com/open-mmlab/mmediting/pull/1572
https://github.com/open-mmlab/mmediting/pull/1621
https://github.com/open-mmlab/mmediting/pull/1583
https://github.com/open-mmlab/mmediting/pull/1656
https://github.com/open-mmlab/mmediting/pull/1491
https://github.com/open-mmlab/mmediting/pull/1609
https://github.com/open-mmlab/mmediting/pull/1601
https://github.com/open-mmlab/mmediting/pull/1588
https://github.com/open-mmlab/mmediting/pull/1650
https://github.com/open-mmlab/mmediting/pull/1653
https://github.com/open-mmlab/mmediting/pull/1659
https://github.com/open-mmlab/mmediting/pull/1590
https://github.com/open-mmlab/mmediting/pull/1604
https://github.com/open-mmlab/mmediting/pull/1568
https://github.com/open-mmlab/mmediting/pull/1638
https://github.com/open-mmlab/mmediting/pull/1620
https://github.com/open-mmlab/mmediting/pull/1547
https://github.com/open-mmlab/mmediting/pull/1581

MMEditing

RandomNoise [/ %y 4 274, #1585
pytorch2onnx T H.. #1629

=
=
o 1B5 AP SRS, #1641, #1642
4% RealESRGAN Jili# EMA 4§ #1647
=2

dataset_converters 4[] arg passing bug. #1648

@plyfager, @LeoXingl1996, @Z-Fran, @zengyh1900, @VongolaWu, @liuwenran, @austinmw, @dienachtderwelt,
@liangzelong, @i-aki-y, @xiaomile, @Li-Qingyun, @vansin, @Luo-Yihang, @ydengbi, @ruoningYu, @triple-Mu

66.3 v1.0.0rc5 (04/01/2023)

R3]

FATR 5 2% %A MMEditing 1.0.0re5 JiRAS . BEHRAS SCFF 7 MMEditing HI MMGeneration [ 49+ {2, 180+
configs FiI 177+ checkpoints. PATF g MR RAS 477 1) R BT 2 e

* XFFT Restormer k.
* 3CFF T GLIDE 535,
* XFFT SwinIR Fik.
* T Stable Diffusion 2.
B reAcit
* 4% Disco notebook. (#1507)
o AL requirements FI CL (#1514)
o HZh4E RS0k summary 1 API docstring. (#1517)
* JFJ& projects. (#1526)
* ¥ mscoco dataset. (#1520)
o Wb ICCR. (#1532)
* VRN Type hints. (#1481)
o BURTRAURCE T B, (#1554)
o HOHTERE TR, (#1551)
Bug {&%52
o BREOCRTEER AL (#1522)
« 8% ssim bug. (#1515)

66.3. v1.0.0rc5 (04/01/2023) 311


https://github.com/open-mmlab/mmediting/pull/1585
https://github.com/open-mmlab/mmediting/pull/1629
https://github.com/open-mmlab/mmediting/pull/1641
https://github.com/open-mmlab/mmediting/pull/1642
https://github.com/open-mmlab/mmediting/pull/1647
https://github.com/open-mmlab/mmediting/pull/1648
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W

» &% realesrgan [it) extract_gt_data. (#1542)

o BEAYEG]. (#1559)
» F &% disco-diffusion [ config 42, (#1553)

W

* Fix text2image inferencer. (#1523)

ieq

@plyfager, @LeoXing1996, @Z-Fran, @zengyh1900, @VongolaWu, @liuwenran, @AlexZoul4, @lvhan028, @xi-
aomile, @1dr426, @austin273, @whu-lee, @willaty, @curiosity654, @Zdafeng, @Taited

66.4 v1.0.0rc4 (05/12/2022)

B3]

AR 55 2% & i MMEditing 1.0.0rc4 A, MARAS S HF T MMEditing 1 MMGeneration [ 45+ #1784, 176+
configs 1 175+ checkpoints. PAR & MK HRAS K& 15 1) 5 5 51 D g

« T High-level APIs.
o AT diffusion Bk
o W4T Text2Image {F-45.
» Y H# T 3D-Aware Generation.
Wrdhreangos
o YHFFIEM T High-level APIs. (#1410)
o AT disco-diffusion U4 IV, (#1234, #1504)
o T EG3D BEyE. (#1482, #1493, #1494, #1499)
o I3 T NAFNet &35, (#1369)
Bug {&%52
o B5 srgan (I ZRICEL. (#1441)
* 1452 cain () config. (#1404)
o &% rdn A srenn [YIZRECE. (#1392)
DU

@plyfager, @LeoXingl1996, @Z-Fran, @zengyh1900, @VongolaWu, @gaoyang07, @ChangjianZhao, @zxczrx123,
@ jackghosts, @liuwenran, @ CCODINGO04, @RoseZha0929, @shaocongliu, @liangzelong.
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66.5 v1.0.0rc3 (10/11/2022)

B3]

FATVR 2% & i MMEditing 1.0.0rc3 JiiAS, MARAS S HF T MMEditing 1 MMGeneration [ 43+ #1284, 170+
configs 1 169+ checkpoints. PA"N & MU HRAS % A1 B E U DI g

o ¥ mmdet Ml clip SRR TR,
Wiy HEFS
o FIF mmdet B try_import. (#1408)
o ¥ flip f try_import. (#1420)
o W .gitignore. ($1416)
e ¥ B inception_utils [y real_feat i cpuZFH. (#1415)
o T StyleGAN2 # PEGAN %) README #/l configs. (#1418)
o Wit APT SCRYYTE L. (#1373)
Bug {£51
* {458 ESRGAN f¥] config TR A N4, (#1407)
» 8% LSGAN [1 config. (#1409)
o 8% CAIN [ config. (#1404)
vk &

@Z-Fran, @zengyh1900, @plyfager, @LeoXing1996, @ruoningYu.

66.6 v1.0.0rc2 (02/11/2022)

FEEH
FATAR 755 2% & i MMEditing 1.0.0rc2 JiiAS, MARAS 3 T MMEditing #1 MMGeneration [ 43+ #1241, 170+
configs Fl1 169+ checkpoints. PA™N & U HRAS %A1 B H U 2 g

* BT patch Fl slider F) I AL T WAL 5T LA T A
« SCRFT R EEAE
By Re Ak
o CRFT R TH. (#1303)
« T instance aware colorization [ {85, (#1370)

o YRR IS [FERAERLE Y multi-metrics. (#1171)

66.5. v1.0.0rc3 (10/11/2022) 313
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i Sl TR
— EH4 evaluation metrics. (#1164)
— 7E PGGAN [J forward HEAE gt BIfE. (#1332)
- Y preprocess_div2k_dataset .py HIATIEIASEL. (#1380)
— X HFAE visualizer tPERET5 E(H. (#1365)
— % T SinGAN HEAEF1 SinGAN demo. (#1363)
— % #% GenDataPreprocessor H1 [i] int £ float Z{Pn2E7. (#1385)
o BRI
- R B, (#1162)
- &% TTSR README. (#1325)
Bug &%
« {45 PPL bug. (#1172)
e 5% RDN number of channels S (#1328)
» 5% demo [{] exceptions 257, (#1372)
» 154 realesrgan ema. (#1341)
o P idk assertion 57 GenerateFacialHeatmap MEHEZEE N np. f1loat 32. (#1310)
« 1855 unpaired_dataset.py [REEH . #1308)
o BEIIHE LY pytorch2onnx A, (#1300)
R

o BE AR config Fit B, (#1167,#1200,#1236,#1293,#1302,#1304,#1319,#1331,#1336,#1349,#1352,#1353 ,#1358,#1364,#1367

ieq
@LeoXing1996, @Z-Fran, @zengyh1900, @plyfager, @ryanxinggl, @ruoningYu, @gaoyang07.

\\

66.7 v1.0.0rc1(23/9/2022)

MMEditing 1.0.0rc1 E.4 & T MMGeneration 1.x.
o SRR 42+ K, 169+ FLE SCHF and 168+ TN S H .
o ¥ 26+ loss functions, 20+ metrics.
o ¥ tensorboard, wandb.

* 37#¥F unconditional GANS, conditional GANSs, image2image translation DA % internal learning.
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66.8 v1.0.0rc0(31/8/2022)

MMEditing 1.0.0rc0 & MMEditing 1.x fJ55— A, J2& OpenMMLab 2.0 I H f)—%R47
FEF I 255 25, MMEditing 1.x 48— 78 . B3, PRIAI nT AL g2 11
GIATEAE A — L8 BC-breaking FB . BAE TG T B B L7,

66.8. v1.0.0rc0(31/8/2022) 315


https://github.com/open-mmlab/mmengine
https://mmediting.readthedocs.io/zh_CN/latest/migration/overview.html
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CHAPTERO7

mmedit.apis.inferencers

67.1 Package Contents

67.1.1 Classes

ColorizationInferencer

inferencer that predicts with colorization models.

ConditionallInferencer

inferencer that predicts with conditional models.

ControlnetAnimationInferencer

Base inferencer.

EG3DInferencer

Base inferencer.

ImageSuperResolutionInferencer

inferencer that predicts with restoration models.

InpaintingInferencer

inferencer that predicts with inpainting models.

MattingInferencer

inferencer that predicts with matting models.

Text2ImageInferencer

inferencer that predicts with text2image models.

TranslationInferencer

inferencer that predicts with translation models.

UnconditionalInferencer

inferencer that predicts with unconditional models.

VideoInterpolationInferencer

inferencer that predicts with video interpolation models.

VideoRestorationInferencer

inferencer that predicts with video restoration models.
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67.1.2 Functions

calculate_grid_size(— int)

Calculate the number of images per row (nrow) to make

the grid closer to

colorization_inference(model, img)

Inference image with the model.

delete_cfg(cfgl, key])

Delete key from config object.

init_model(config[, checkpoint, device])

Initialize a model from config file.

inpainting_inference(model, masked_img,

mask)

Inference image with the model.

matting_inference(model, img, trimap)

Inference image(s) with the model.

restoration_rface_inference(model,

)

img|,

Inference image with the model.

restoration_inference(model, img[, ref])

Inference image with the model.

restoration_video_inference(model,

img_dir, ...[, ...])

Inference image with the model.

sample_conditional_model(modell,

num_samples, ...])

Sampling from conditional models.

sample_img2img_model(model, image_path[, tar-

get_domain])

Sampling from translation models.

sample_unconditional_model(modell,

num_samples, ...])

Sampling from unconditional models.

set_random_seed(seed[, deterministic,

use_rank_shift])

Set random seed.

video_interpolation_inference(model, in-

put_dir, output_dir)

Inference image with the model.

class mmedit.apis.inferencers.ColorizationInferencer (config:

Union[mmedit.utils. ConfigType, str],
ckpt: Optional[str], device:
Optional(str] = None,
extra_parameters: Optional[ Dict] =
None, seed: int = 2022, **kwargs)

Bases: mmedit.apis.inferencers.base_mmedit_inferencer.BaseMMEditInferencer

inferencer that predicts with colorization models.

func_kwargs

preprocess (img: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) — Dict

Process the inputs into a model-feedable format.

¥ img (InputsType)—Image to be translated by models.
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R Results of preprocess.
RAIRIE results(Dict)

forward (inputs: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) —

mmedit.apis.inferencers.base_mmedit_inferencer.PredType

Forward the inputs to the model.

visualize (preds: mmedit.apis.inferencers.base_mmedit_inferencer.PredType, result_out_dir: str = None) —

List[numpy.ndarray]
Visualize predictions.
S8
* preds (List [Union[str, np.ndarray]])-Forward results by the inferencer.
e data (List [Dict])—Not needed by this kind of inferencer.
e result_out_dir (str)-Output directory of image. Defaults to °
R\l Result of visualize

B EZRAE List[np.ndarray]

class mmedit.apis.inferencers.ConditionalInferencer (config: Union[mmedit.utils.ConfigType,
str], ckpt: Optional[str], device:
Optional(str] = None, extra_parameters:
Optional[ Dict] = None, seed: int =
2022, **kwargs)

Bases: mmedit.apis.inferencers.base_mmedit_inferencer.BaseMMEditInferencer
inferencer that predicts with conditional models.
func_kwargs
extra_parameters
preprocess (label: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) — Dict
Process the inputs into a model-feedable format.

¥ label (InputsType) —Input label for condition models.

R[] Results of preprocess.

BRI results(Dict)

forward (inputs: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) —

mmedit.apis.inferencers.base_mmedit_inferencer.PredType

Forward the inputs to the model.
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visualize (preds: mmedit.apis.inferencers.base_mmedit_inferencer.PredType, result_out_dir: str = None) —

List[numpy.ndarray]

Visualize predictions.

e
e preds (List [Union[str, np.ndarray]])-Forward results by the inferencer.
* data (List [Dict])—Not needed by this kind of inferencer.
¢ result_out_dir (str)-Output directory of image. Defaultsto “ .

J&[H] Result of visualize

R AZRA List[np.ndarray]

_pred2dict (data_sample: mmedit.structures.EditDataSample) — Dict

Extract elements necessary to represent a prediction into a dictionary. It’ s better to contain only basic data

elements such as strings and numbers in order to guarantee it’ s json-serializable.
%% data_sample (EditDataSample)—The data sample to be converted.
&\ The output dictionary.
BMPRAY dict

class mmedit.apis.inferencers.ControlnetAnimationInferencer (config:
Union[mmedit.utils.ConfigType,
str], device: Optional[str] =
None, extra _parameters:
Optional[ Dict] = None,
dtype=torch.float32,

**kwargs)
Bases: mmedit.apis.inferencers.base_mmedit_inferencer.BaseMMEditInferencer
Base inferencer.
SH
* config (str or ConfigType)-Model config or the path to it.
* ckpt (str, optional)—Path to the checkpoint.

* device (str, optional) —Device to run inference. If None, the best device will be

automatically used.
e result_out_dir (str)—-Output directory of images. Defaults to .

func_kwargs

func_order
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extra_parameters

__call__ (prompt=None, video=None, negative_prompt=None, controlnet_conditioning_scale=0.7,
image_width=>512, image_height=512, save_path=None, strength=0.75, num_inference_steps=20,
seed=1, **kwargs) — Union[Dict, List[Dict]]

Call the inferencer.
¥ kwargs —Keyword arguments for the inferencer.
&M Results of inference pipeline.
B [A2E7 Union[Dict, List[Dict]]

class mmedit.apis.inferencers.EG3DInferencer (config: Union[mmedit.utils.ConfigType, str], ckpt:
Optional[str], device: Optional[str] = None,
extra_parameters: Optional[ Dict] = None, seed. int
= 2022, **kwargs)

Bases: mmedit.apis.inferencers.base_mmedit_inferencer.BaseMMEditInferencer
Base inferencer.
SH
* config (str or ConfigType)-Model config or the path to it.
* ckpt (str, optional)—Path to the checkpoint.

* device (str, optional) —Device to run inference. If None, the best device will be
automatically used.

15

e result_out_dir (str)—Output directory of images. Defaults to

func_kwargs
extra_parameters

preprocess (inputs: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType = None) —

mmedit.utils.ForwardInputs

Process the inputs into a model-feedable format.

¥ inputs (List[Union[str, np.ndarray]])—The conditional inputs for the infer-

encer. Defaults to None.
RNl The preprocessed inputs and data samples.
R H ForwardInputs

forward (inputs: mmedit.utils. ForwardInputs, interpolation: Optional[str] = ‘both’, num_images: int = 100) —
Union[dict, List[dict]]

Forward the inputs to the model.

S8
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e inputs (ForwardInputs)-Model inputs. If data sample (the second element of inputs)

is not passed, will generate a sequence of images corresponding to passed interpolation mode.

* interpolation (str) —The interplolation mode. Supported choices are ‘both’ ,

‘conditioning’ ,and ‘camera’ . Defaultsto ‘both’ .
* num_images (int) -The number of frames of interpolation. Defaults to 500.
B
Output dict corresponds to the input condition or the list of output dict of each frame dur-
ing the interpolation process.
R AIZKI Union[dict, List[dict]]

visualize (preds: Union[mmedit.apis.inferencers.base_mmedit_inferencer.PredType,
List{mmedit.apis.inferencers.base_mmedit_inferencer.PredType] ], vis_mode: str = 'both’, save_img:
bool = True, save_video: bool = True, img_suffix: str = .png’, video_suffix: str = ".mp4’,

result_out_dir: str = ‘eg3d_output’) — None
Visualize predictions.
e
e preds (Union[PredType, List[PredType] ])—Prediction os model.

* vis_mode (str, optional)—Whichoutputto visualize. Supported choices are ‘both’

, ‘depth’ ,and ‘img’ . Defaultsto ‘all’ .
e save_img (bool, optional)—Whether save images. Defaults to True.

e save_video (bool, optional)—Whether save videos. Defaults to True.

4 )

e img_suffix (str, optional)-The suffix of saved images. Defaults to ‘.png
e video_suffix (str, optional)-The suffix of saved videos. Defaults to ‘.mp4’ .

e result_out_dir (str, optional) —The save director of image and videos. De-

faults to  ‘eg3d_output’ .

preprocess_img (preds: List[dict]) — torch.Tensor

Preprocess images in the predictions.
%% preds (List [dict])-Listof prediction dict of each frame.
Rl
Preprocessed image tensor shape like [num_frame * bz, 3, H, W].

JRMEIZRE torch.Tensor

preprocess_depth (preds: List[dict]) — torch.Tensor

Preprocess depth in the predictions.

¥ preds (List [dict])—List of prediction dict of each frame.
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R
Preprocessed depth tensor shape like [num_frame * bz, 3, H, W].
BINI2EM torch. Tensor

postprocess (preds: mmedit.apis.inferencers.base_mmedit_inferencer.PredType, imgs:
Optional[ Listfnumpy.ndarray]] = None, is_batch: bool = False, get_datasample: bool = False)

— Dict[str, torch.tensor]
Postprocess predictions.
e
e preds (List [Dict ])—Predictions of the model.
e imgs (Optional [np.ndarray])—Visualized predictions.
* is_batch (bool) ~Whether the inputs are in a batch. Defaults to False.

¢ get_datasample (bool) ~Whether to use Datasample to store inference results. If

False, dict will be used.
&[] Inference results as a dict.

IR\ Dict[str, torch.Tensor]

class mmedit.apis.inferencers.ImageSuperResolutionInferencer (config:
Union[mmedit.utils.ConfigType,
str], ckpt: Optional[str],
device: Optional[str] =
None, extra_parameters:
Optional[ Dict] = None,
seed: int = 2022,

*kkwargs)

Bases: mmedit.apis.inferencers.base_mmedit_inferencer.BaseMMEditInferencer
inferencer that predicts with restoration models.

func_kwargs

preprocess (img: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType, ref:

mmedit.apis.inferencers.base_mmedit_inferencer.InputsType = None) — Dict

Process the inputs into a model-feedable format.
S8
* img (InputsType) —Image to be restored by models.
e ref (InputsType) —Reference image for resoration models. Defaults to None.

J&[A] Results of preprocess.
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‘MK data(Dict)

forward (inputs: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) —

mmedit.apis.inferencers.base_mmedit_inferencer.PredType

Forward the inputs to the model.

visualize (preds: mmedit.apis.inferencers.base_mmedit_inferencer.PredType, result_out_dir: str = None) —

List[numpy.ndarray]
Visualize predictions.
S8
* preds (List [Union[str, np.ndarray]])-Forward results by the inferencer.
e data (List [Dict])-Not needed by this kind of inferencer.
e result_out_dir (str) -Output directory of image. Defaults to °
R [Al Result of visualize
RMERH List[np.ndarray]
mmedit.apis.inferencers.calculate_grid_size (num_batches: int = 1, aspect_ratio: int = 1) — int

Calculate the number of images per row (nrow) to make the grid closer to square when formatting a batch of images

to grid.
BH
* num_batches (int, optional)-Number of images per batch. Defaults to 1.

* aspect_ratio(int, optional)-The aspectratio(width/height) of each image sam-

ple. Defaults to 1.
& Ia] Calculated number of images per row.
BIIRAY int
mmedit.apis.inferencers.colorization_inference (model, img)

Inference image with the model.
S8
* model (nn.Module)—The loaded model.
* img (str)-Image file path.
j&[a] The predicted colorization result.
JRMJI Tensor
mmedit.apis.inferencers.delete_c£fqg (cfg, key="init_cfg’)

Delete key from config object.

B
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* cfg (str or mmengine.Config)—Config object.
* key (str)—-Which key to delete.

mmedit.apis.inferencers.init_model (config, checkpoint=None, device="cuda:0’)

Initialize a model from config file.
SH
* config (str or mmengine.Config)—Config file path or the config object.

* checkpoint (str, optional)—-Checkpoint path. If left as None, the model will not

load any weights.
* device (str) -Which device the model will deploy. Default: ‘cuda:0’ .
&Nl The constructed model.

&2 nn.Module

mmedit.apis.inferencers.inpainting_inference (model, masked_img, mask)

Inference image with the model.
BH
* model (nn.Module)—The loaded model.
* masked_img (str) —File path of image with mask.
* mask (str)-Mask file path.
&1l The predicted inpainting result.
&2 Tensor

mmedit.apis.inferencers.matting_inference (model, img, trimap)

Inference image(s) with the model.
BH
* model (nn.Module)—The loaded model.
* img (str) -Image file path.
* trimap (str) -Trimap file path.
&1l The predicted alpha matte.
R EZRH np.ndarray

mmedit.apis.inferencers.restoration_face_inference (model, img, upscale_factor=1,
face_size=1024)

Inference image with the model.

ZH
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e model (nn.Module)—The loaded model.
* img (str) —File path of input image.

* upscale_factor (int, optional)-The number of times the input image is upsam-
pled. Default: 1.

» face_size (int, optional) —The size of the cropped and aligned faces. Default:
1024.

& [0] The predicted restoration result.
] Tensor

mmedit.apis.inferencers.restoration_inference (model, img, ref=None)

Inference image with the model.
SH
e model (nn.Module)—The loaded model.
* img (str) —File path of input image.
» ref (str | None) -File path of reference image. Default: None.
1R [0] The predicted restoration result.
]2 Tensor

mmedit.apis.inferencers.restoration_video_inference (model, img_dir, window_size, start_idx,

filename_tmpl, max_seq_len=None)

Inference image with the model.
SH
e model (nn.Module)—The loaded model.
* img_dir (str) Directory of the input video.

* window_size (int) —The window size used in sliding-window framework. This value
should be set according to the settings of the network. A value smaller than 0 means using

recurrent framework.
* start_idx (int) -The index corresponds to the first frame in the sequence.
* filename_tmpl (str)-Template for file name.

* max_seq len (int | None)-The maximum sequence length that the model processes.
If the sequence length is larger than this number, the sequence is split into multiple segments.

If it is None, the entire sequence is processed at once.
iR [n] The predicted restoration result.

R Tensor
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mmedit.apis.inferencers.sample_conditional_model (model, num_samples=16, num_batches=4,
sample_model="ema’, label=None,

**kwargs)

Sampling from conditional models.
SH
e model (nn.Module)—Conditional models in MMGeneration.
* num_samples (int, optional)-The total number of samples. Defaults to 16.

* num_batches (int, optional)-The number of batch size for inference. Defaults to
4.

* sample_model (str, optional)—Which model you want to use. [ ‘ema’ , ‘orig’

b

]. Defaults to ‘ema

* label (int | torch.Tensor | list[int], optional) -Labels used to gen-
erate images. Default to None.,

&[] Generated image tensor.
RMIFA Tensor

mmedit.apis.inferencers.sample_img2img_model (model, image_path, target_domain=None,

**kwargs)

Sampling from translation models.
S8
* model (nn.Module)—The loaded model.
* image_path (str) —File path of input image.
* style (str)—Target style of output image.
j& 1] Translated image tensor.
& Tensor

mmedit.apis.inferencers.sample_unconditional_model (model, num_samples=16,
num_batches=4, sample_model="ema’,

**kwargs)

Sampling from unconditional models.
S
e model (nn.Module)—-Unconditional models in MMGeneration.
* num_samples (int, optional)—The total number of samples. Defaults to 16.

e num_batches (int, optional)—-The number of batch size for inference. Defaults to
4.
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* sample_model (str, optional)—-Which model you wanttouse. [ ‘ema’ , ‘orig’

]. Defaults to  ‘ema’

kAl Generated image tensor.
RMHEY Tensor

mmedit.apis.inferencers.set_random_seed (seed, deterministic=False, use_rank_shift=True)

Set random seed.
In this function, we just modify the default behavior of the similar function defined in MMCV.
SH
e seed (int)—Seed to be used.

* deterministic (bool) —Whether to set the deterministic option for CUDNN backend,
1.e., set torch.backends.cudnn.deterministic to True and torch.backends.cudnn.benchmark to
False. Default: False.

e rank_shift (bool)-Whether to add rank number to the random seed to have different

random seed in different threads. Default: True.

mmedit.apis.inferencers.video_interpolation_inference (model, input_dir, output_dir,
start_idx=0, end_idx=None,
batch_size=4, fps_multiplier=0,
fps=0, filename_tmpl="{:08d}.png’)

Inference image with the model.
B8
e model (nn.Module)—The loaded model.
* input_dir (str) —Directory of the input video.
* output_dir (str)Directory of the output video.
* start_idx (int) -The index corresponding to the first frame in the sequence. Default: 0

* end_idx (int | None)—The index corresponding to the last interpolated frame in the

sequence. If it is None, interpolate to the last frame of video or sequence. Default: None
* batch_size (int)—Batch size. Default: 4
* fps_multiplier (float)—multiply the fps based on the input video. Default: 0.
* fps (float) —frame rate of the output video. Default: 0.

e filename_tmpl (str)-template of the file names. Default: *{:08d}.png’

328 Chapter 67. mmedit.apis.inferencers



MMEditing

class mmedit.apis.inferencers.InpaintingInferencer (config: Union[mmedit.utils. ConfigType,
str], ckpt: Optional[str], device:
Optional[str] = None, extra_parameters:
Optional[ Dict] = None, seed: int = 2022,

**kwargs)
Bases: mmedit.apis.inferencers.base_mmedit_inferencer.BaseMMEditInferencer
inferencer that predicts with inpainting models.
func_kwargs

_init_pipeline (¢fg) — mmengine.dataset. Compose

Initialize the test pipeline.

preprocess (img: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType, mask:

mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) — Dict

Process the inputs into a model-feedable format.
2
e img (InputsType) -Image to be inpainted by models.
* mask (InputsType) -Image mask for inpainting models.
iR [A] Results of preprocess.
BRI results(Dict)

forward (inputs: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) —

mmedit.apis.inferencers.base_mmedit_inferencer.PredType

Forward the inputs to the model.

visualize (preds: mmedit.apis.inferencers.base_mmedit_inferencer.PredType, result_out_dir: str = None) —

List[numpy.ndarray]

Visualize predictions.
S8
* preds (List [Union[str, np.ndarray]])-Forward results by the inferencer.
* data (List [Dict])-Mask of input image.
e result_out_dir (str) -Output directory of image. Defaultsto “ .
& [A] Result of visualize
RMIRHA List[np.ndarray]

class mmedit.apis.inferencers.MattingInferencer (config: Union[mmedit.utils. ConfigType, str],
ckpt: Optional[str], device: Optional[str] =
None, extra_parameters: Optional[ Dict] =
None, seed: int = 2022, **kwargs)
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Bases: mmedit.apis.inferencers.base_mmedit_inferencer.BaseMMEditInferencer
inferencer that predicts with matting models.

func_kwargs

preprocess (img: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType, trimap:

mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) — Dict

Process the inputs into a model-feedable format.
S8
* img (InputsType)—Image to be processed by models.
* mask (InputsType) -Mask corresponding to the input image.
J&[A] Results of preprocess.
R results(Dict)

forward (inputs: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) —

mmedit.apis.inferencers.base_mmedit_inferencer.PredType

Forward the inputs to the model.

visualize (preds: mmedit.apis.inferencers.base_mmedit_inferencer.PredType, result_out_dir: str = None) —
List[numpy.ndarray]

Visualize predictions.

S8
e preds (List [Union[str, np.ndarray]])-Forward results by the inferencer.
e data (List [Dict])—Not needed by this kind of inferencer.
e result_out_dir (str)-Output directory of image. Defaultsto ? .

jJ&[H] Result of visualize

B AZA List[np.ndarray]

_pred2dict (data_sample: mmedit.structures.EditDataSample) — Dict

Extract elements necessary to represent a prediction into a dictionary. It’ s better to contain only basic data

elements such as strings and numbers in order to guarantee it” s json-serializable.

¥ data_sample (EditDataSample) —The data sample to be converted.

&Ml The output dictionary.

RMIRA dict
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class mmedit.apis.inferencers.Text2ImageInferencer (config: Union[mmedit.utils. ConfigType,
str], ckpt: Optional[str], device:
Optional[str] = None, extra_parameters:
Optional[ Dict] = None, seed: int = 2022,

**kwargs)
Bases: mmedit.apis.inferencers.base_mmedit_inferencer.BaseMMEditInferencer
inferencer that predicts with text2image models.
func_kwargs
extra_parameters
preprocess (text: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) — Dict
Process the inputs into a model-feedable format.

%8 text (InputsType)—text input for text-to-image model.

iR Al Results of preprocess.

BRI result(Dict)

forward (inputs: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) —

mmedit.apis.inferencers.base_mmedit_inferencer.PredType

Forward the inputs to the model.

visualize (preds: mmedit.apis.inferencers.base_mmedit_inferencer.PredType, result_out_dir: str = None) —

List[numpy.ndarray]

Visualize predictions.
S8
* preds (List [Union[str, np.ndarray]])-Forward results by the inferencer.
e result_out_dir (str) -Output directory of image. Defaultsto “ .
& [Al Result of visualize
RE2RAEY List[np.ndarray]

class mmedit.apis.inferencers.TranslationInferencer (config: Union[mmedit.utils.ConfigType,
str], ckpt: Optional[str], device:
Optional[str] = None, extra_parameters:
Optional[ Dict] = None, seed: int =
2022, **kwargs)

Bases: mmedit.apis.inferencers.base_mmedit_inferencer.BaseMMEditInferencer
inferencer that predicts with translation models.

func_kwargs
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preprocess (img: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) — Dict
Process the inputs into a model-feedable format.
¥ img (InputsType)—Image to be translated by models.
R [A] Results of preprocess.
BRI results(Dict)

forward (inputs: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) —

mmedit.apis.inferencers.base_mmedit_inferencer.PredType

Forward the inputs to the model.

visualize (preds: mmedit.apis.inferencers.base_mmedit_inferencer.PredType, result_out_dir: str = None) —

List[numpy.ndarray]
Visualize predictions.
S8
* preds (List [Union[str, np.ndarray]])-Forward results by the inferencer.
e data (List [Dict]) -Not needed by this kind of inferencer.

15

e result_out_dir (str) -Output directory of image. Defaults to
& [A] Result of visualize
WRMEIRH List[np.ndarray]

class mmedit.apis.inferencers.UnconditionalInferencer (config:
Union[mmedit.utils. ConfigType, str],
ckpt: Optional[str], device:
Optional[str] = None,
extra_parameters: Optional[ Dict] =
None, seed: int = 2022, **kwargs)

Bases: mmedit.apis.inferencers.base_mmedit_inferencer.BaseMMEditInferencer
inferencer that predicts with unconditional models.

func_kwargs
extra_parameters

preprocess () — Dict
Process the inputs into a model-feedable format.

J&[A] Results of preprocess.

RAIZEH results(Dict)
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forward (inputs: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) —

mmedit.apis.inferencers.base_mmedit_inferencer.PredType

Forward the inputs to the model.

visualize (preds: mmedit.apis.inferencers.base_mmedit_inferencer.PredType, result_out_dir: str =”) —

List[numpy.ndarray]
Visualize predictions.
e preds (List [Union[str, np.ndarray]])-Forward results by the inferencer.
e data (List [Dict])—Not needed by this kind of inferencer.
* result_out_dir (str)-Output directory of image. Defaults to °
& [Al Result of visualize
RE2RAEY List[np.ndarray]
_pred2dict (data_sample: mmedit.structures.EditDataSample) — Dict

Extract elements necessary to represent a prediction into a dictionary. It’ s better to contain only basic data

elements such as strings and numbers in order to guarantee it” s json-serializable.
%% data_sample (EditDataSample) —The data sample to be converted.
izA|l The output dictionary.
RMEAY dict

class mmedit.apis.inferencers.VideoInterpolationInferencer (config:
Union[mmedit.utils.ConfigType,
str], ckpt: Optionallstr],
device: Optional[str] = None,
extra_parameters:
Optional[ Dict] = None, seed:
int = 2022, **kwargs)

Bases: mmedit.apis.inferencers.base_mmedit_inferencer.BaseMMEditInferencer
inferencer that predicts with video interpolation models.

func_kwargs
extra_parameters

preprocess (video: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) — Dict
Process the inputs into a model-feedable format.
¥ video (InputsType) —Video to be interpolated by models.

&M Video to be interpolated by models.
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BFFE video(InputsType)

forward (inputs: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType, result_out_dir:
mmedit.apis.inferencers.base_mmedit_inferencer.InputsType = 7) —

mmedit.apis.inferencers.base_mmedit_inferencer.PredType

Forward the inputs to the model.
S8
e inputs (InputsType)—Input video directory.
e result_out_dir (str)-Output directory of video. Defaults to ¢ .
R Result of forwarding
REIZREY PredType

visualize (preds: mmedit.apis.inferencers.base_mmedit_inferencer.PredType, result_out_dir: str =7) —
List[numpy.ndarray]
Visualize is not needed in this inferencer.
postprocess (preds: mmedit.apis.inferencers.base_mmedit_inferencer.PredType, imgs:
Optional[ List{numpy.ndarray]] = None) —

Union[mmedit.apis.inferencers.base_mmedit_inferencer.ResType,

Tuple[mmedit.apis.inferencers.base_mmedit_inferencer.ResType, numpy.ndarray]]

Postprocess is not needed in this inferencer.

class mmedit.apis.inferencers.VideoRestorationInferencer (config:
Union[mmedit.utils.Config Type,
str], ckpt: Optional[str], device:
Optional[str] = None,
extra_parameters:
Optional[ Dict] = None, seed: int
= 2022, **kwargs)

Bases: mmedit.apis.inferencers.base_mmedit_inferencer.BaseMMEditInferencer
inferencer that predicts with video restoration models.

func_kwargs
extra_parameters

preprocess (video: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) — Dict
Process the inputs into a model-feedable format.
%% video (InputsType)—Video to be restored by models.

& A] Results of preprocess.

BRI results(InputsType)

334 Chapter 67. mmedit.apis.inferencers



MMEditing

forward (inputs: mmedit.apis.inferencers.base_mmedit_inferencer.InputsType) —

mmedit.apis.inferencers.base_mmedit_inferencer.PredType

Forward the inputs to the model.
¥ inputs (InputsType) -Images array of input video.
&[] Results of forwarding
R AZRAE PredType

visualize (preds: mmedit.apis.inferencers.base_mmedit_inferencer.PredType, result_out_dir: str =”) —

List[numpy.ndarray]

Visualize predictions.

e preds (List [Union[str, np.ndarray]])-Forward results by the inferencer.

e data (List [Dict])-Not needed by this kind of inferencer.

o

e result_out_dir (str)-Output directory of image. Defaults to
R\l Result of visualize
RE2RAEY List[np.ndarray]

postprocess (preds: mmedit.apis.inferencers.base_mmedit_inferencer.PredType, imgs:
Optional[ Listfnumpy.ndarray]] = None) —
Union[mmedit.apis.inferencers.base_mmedit_inferencer.ResType,

Tuple[mmedit.apis.inferencers.base_mmedit_inferencer.ResType, numpy.ndarray]]

Postprocess is not needed in this inferencer.
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CHAPTER 08

mmedit.structures

68.1 Package Contents

68.1.1 Classes

EditDataSample A data structure interface of MMEditing. They are used

as interfaces

class mmedit.structures.EditDataSample (*, metainfo: Optional[dict] = None, **kwargs)

Bases: mmengine.structures.BaseDataElement

A data structure interface of MMEditing. They are used as interfaces between different components, e.g., model,
visualizer, evaluator, etc. Typically, EditDataSample contains all the information and data from ground-truth and

predictions.

EditDataSample inherits from BaseDataElement. See more details in: https://mmengine.readthedocs.io/en/
latest/advanced_tutorials/data_element.html Specifically, an instance of BaseDataElement consists of two

components, - metainfo, which contains some meta information,

e.g., img_shape, img_id, etc.
e data, which contains the data used in the loop.

The attributes in EditDataSample are divided into several parts:
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e gt_img: Ground truth image(s).

* pred_img: Image(s) of model predictions.

e ref_img: Reference image(s).

* mask: Mask in Inpainting.

e trimap: Trimap in Matting.

e gt_alpha: Ground truth alpha image in Matting.

* pred_alpha: Predicted alpha image in Matting.

e gt_fg: Ground truth foreground image in Matting.
e pred_fg: Predicted foreground image in Matting.
* gt_bg: Ground truth background image in Matting.
* pred_bg: Predicted background image in Matting.
e gt_merged: Ground truth merged image in Matting.

Examples:

>>> import torch

>>> import numpy as np

>>> from mmedit.structures import EditDataSample

>>> img_meta = dict (img_shape=(800, 1196, 3))

>>> img = torch.rand((3, 800, 1196))

>>> data_sample = EditDataSample (gt_img=img, metainfo=img_meta)
>>> assert 'img shape' in data_sample.metainfo_keys ()

<EditDataSample (

META INFORMATION
img_shape: (800, 1196, 3)

DATA FIELDS
gt_img: tensor(...)

) at 0x1£f6a5a99%9a00>

property gt_label

This the function to fetch gt label.

Rl gt label.
B [EZRHT LabelData

META_KEYS

DATA_KEYS
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set_predefined_data (data: dict) — None

set or change pre-defined key-value pairs in data_field by parameter data.
¥ data (dict)—A dict contains annotations of image or model predictions.

set_tensor_data (data: dict) — None
convert input data to tensor, and then set or change key-value pairs in data_field by parameter data.

%% data (dict)—A dict contains annotations of image or model predictions.

set_gt_label (value: Union[numpy.ndarray, torch. Tensor, Sequence[numbers. Number |, numbers. Number|)

— EditDataSample
Set label of gt_label.
gt_label ()
Delete gt label.

classmethod stack (data_samples: Sequence[EditDataSample]) — EditDataSample

Stack a list of data samples to one. All tensor fields will be stacked at first dimension. Otherwise the values

will be saved in a list.

%% data_samples (Sequence [ 'EditDataSample']) —A sequence of EditDataSam-
ple to stack.

& [a] The stacked data sample.

BREIRI EditDataSample

split (allow_nonseq_value: bool = False) — Sequence[EditDataSample]

Split a sequence of data sample in the first dimension.

%¥ allow_nonseq_value (bool) ~Whether allow non-sequential data in split operation.
If True, non-sequential data will be copied for all split data samples. Otherwise, an error will

be raised. Defaults to False.
R The list of data samples after splitting.

BRI Sequence[ EditDataSample]

Get the length of the data sample.
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CHAPTER 69

mmedit.datasets

69.1 Package Contents

69.1.1 Classes

BasicConditionalDataset

Custom dataset for conditional GAN. This class is based

on the

BasicFramesDataset

BasicFramesDataset for open source projects in Open-
MMLab/MMEditing.

BasicImageDataset

BasicImageDataset for open source projects in OpenMM-
Lab/MMEditing.

CIFARI1O CIFAR10 Dataset.
AdobeComplkDataset Adobe composition-1k dataset.
ControlNetDataset Demo dataset to test ControlNet. Modified from https:

//github.com/lllyas

DreamBoothDataset

Dataset for DreamBooth.

GrowScaleImgDataset

Grow Scale Unconditional Image Dataset.

ImageNet

ImageNet Dataset.

MSCoCoDataset

MSCoCo 2014 dataset.

PairedImageDataset

General paired image folder dataset for image generation.

SinGANDataset

SinGAN Dataset.

UnpairedImageDataset

General unpaired image folder dataset for image genera-

tion.
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class mmedit.datasets.BasicConditionalDataset (ann_file: str = 7, metainfo: Optional[dict] =

None, data_root: str = 7, data_prefix: Union/str,
dict] =7, extensions: Sequence[str] = (’.jpg’,
\jpeg’, “png’, “ppm’, bmp’, "pgm’, “tif’),
lazy_init: bool = False, classes: Union[str,
Sequence[str], None] = None, **kwargs)

Bases: mmengine.dataset .BaseDataset

Custom dataset for conditional GAN. This class is based on the combination of BaseDataset (https://github.
com/open- mmlab/mmclassification/blob/main/mmcls/datasets/base_dataset.py) # noga and CustomDataset (https:

//github.com/open- mmlab/mmclassification/blob/main/mmcls/datasets/custom.py). # noqa.
The dataset supports two kinds of annotation format.
1. A annotation file read by line (e.g., txt) is provided, and each line indicates a sample:

The sample files:

data_prefix/

F— folder_1

| — xxx.png

| b— xxy.png

| — ...

L— folder_2
F— 123.png

I— nsdf3.png
l— .« e .

The annotation file (the first column is the image path and the second column is the index of category):

folder_1/xxx.png 0
folder_1/xxy.png 1
folder_2/123.png 5
folder_2/nsdf3.png 3

Please specify the name of categories by the argument classes ormetainfo.

2. A dict-based annotation file (e.g., json) is provided, key and value indicate the path and label of the sample:

The sample files:

data_prefix/
F— folder_1
\ I— XXX .png

| F— xxy.png
| — ...

(R Tgksn)
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(8 L)
L— folder_2
— 123.png
F— nsdf3.png
L .« ..

The annotation file (the key is the image path and the value column is the label):

"folder_1/xxx.png": [1, 2, 3, 41,
"folder_1/xxy.png": [2, 4, 1, 0],
"folder_2/123.png": [0, 9, 8, 1],
"folder_2/nsdf3.png", [1, 0, 0, 27,

In this kind of annotation, labels can be any type and not restricted to an index.

3. The samples are arranged in the specific way:

data_prefix/
}— class_x

| — xxx.png
| =xxy.png
| — ...

| L— xxz.png

L class_y

F— 123.png
F— nsdf3.png

L— asd932_.png

If the ann_ file is specified, the dataset will be generated by the first two ways, otherwise, try the third way.
S
* ann_file (str)—-Annotation file path. Defaults to ° .

* metainfo (dict, optional)—Metainformation for dataset, such as class information.
Defaults to None.

* data_root (str) -The root directory for data_prefixand ann_file. Defaultsto °

e data_prefix (str | dict)—Prefix for the data. Defaults to *

* extensions (Sequence [str])—A sequence of allowed extensions. Defaults to ( ‘.jpg’

, ‘.Jpeg’ , ‘.png’ ,

‘ppm’ , ‘.bmp’ ,

3

pgm’ , “tif’ ).

344

Chapter 69. mmedit .datasets




MMEditing

* lazy_init (bool) ~Whether to load annotation during instantiation. In some cases, such
as visualization, only the meta information of the dataset is needed, which is not neces-
sary to load annotation file. Basedataset can skip load annotations to save time by set

lazy_init=False. Defaults to False.
» **kwargs —Other keyword arguments in BaseDataset.
property img prefix
The prefix of images.
property CLASSES
Return all categories names.
property class_to_idx
Map mapping class name to class index.
iR [H] mapping from class name to class index.
BRI dict
_find_samples (file_backend)
find samples from data_prefix.
load_data_list ()
Load image paths and gt_labels.
is_valid_file (filename: str) — bool
Check if a file is a valid sample.
get_gt_labels ()
Get all ground-truth labels (categories).
R categories for all images.
R E2RAEY np.ndarray
get_cat_ids (idx: int) — List[int]
Get category id by index.
¥ idx (int) —Index of data.
RNl Image category of specified index.
RIAIRIE cat_ids (List[int])
_compat_classes (metainfo, classes)
Merge the old style classes arguments to metainfo.
full_init ()

Load annotation file and set BaseDataset._fully_initialized to True.
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__repr__ ()

Print the basic information of the dataset.

izl Formatted string.
RMIRAL str

extra_repr () — List[str]

The extra repr information of the dataset.

class mmedit.datasets.BasicFramesDataset (ann_file: str = 7, metainfo: Optional[dict] = None,

Bases: mmengine.dataset .BaseDataset

data_root: Optional[str] = None, data_prefix: dict =
dict(img="), pipeline: List[Union[dict, Callable]] =[],
test_mode: bool = False, filename_tmpl: dict = dict(),
search_key: Optional[str] = None, backend_args:
Optional[dict] = None, depth: int = 1,
num_input_frames: Optional[int] = None,
num_output_frames: Optionalfint] = None,
fixed_seq_len: Optional[int] = None, load_frames_list:
dict = dict(), **kwargs)

BasicFramesDataset for open source projects in OpenMMLab/MMEditing.

This dataset is designed for low-level vision tasks with frames, such as video super-resolution and video frame

interpolation.

The annotation file is optional.

If use annotation file, the annotation format can be shown as follows.

Case 1 (Vvid4):
calendar 41
city 34
foliage 49
walk 47

Case 2 (REDS):

000/00000000.png (720, 1280,
000/00000001.png (720, 1280,

Case 3 (Vimeo90k) :

00001/0266 (256, 448, 3)
00001/0268 (256, 448, 3)

3)
3)
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* ann_file (str)—Annotation file path. Defaults to

e metainfo (dict, optional)-Metainformation for dataset, such as class information.

Defaults to None.

* data_root (str, optional) -The root directory for data_prefix and

ann_ file. Defaults to None.

* data_prefix (dict, optional)—Prefix for training data. Defaults to dict(img="" ,
gt="").

* pipeline (1ist, optional)—-Processing pipeline. Defaults to [].

* test_mode (bool, optional)-test_mode=True means in test phase. Defaults to

False.

* filename_tmpl (str) -Template for each filename. Note that the template excludes the

file extension. Default: “{}’ .

‘

* search_key (str)-The key used for searching the folder to get data_list. Default: ‘gt’ .

* backend_args (dict, optional)—Arguments to instantiate the preifx of uri corre-

sponding backend. Defaults to None.
* depth (int) —The depth of path. Default: 1
* num_input_frames (None | int)-Number of input frames. Default: None.
* num_output_frames (None | int)-Number of output frames. Default: None.

* fixed_seq len (None | int) —The fixed sequence length. If None, BasicFrames-

Dataset will obtain the length of each sequence. Default: None.

* load_frames_list (dict) —Load frames list for each key. Default: dict().

SCRRE B

Assume the file structure as the following:

mmediting (root) F—— mmedit } tools | configs ——data | ——Vid4 | | ——BIx4 | |
| ity | | | | F——imglpng | | ——GT | | | F——city | | | | F——imgl.png |
| ——— meta_info_Vid4_GT.txt | ——places | | ——sequences||| ——00001 | | | | ——
0389 | [ [ | | F—imglpng | | | [ [ F——img2png [ | | | | F——img3.png | | }—

tri_trainlist.txt

Case 1: Loading Vid4 dataset for training a VSR model.

dataset = BasicFramesDataset (

ann_file="meta_info_Vid4_GT.txt',

(FTgksh)
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metainfo=dict (dataset_type='vid4', task_name='vsr'),
data_root='data/vid4"',

data_prefix=dict (img='BIx4', gt='GT"),

pipeline=|[],

depth=2,

num_input_frames=5)

Case 2: Loading Vimeo90k dataset for training a VFI model.

dataset = BasicFramesDataset (
ann_file="tri_trainlist.txt',
metainfo=dict (dataset_type='vimeo90k', task_name='vfi'),
data_root='data/vimeo-triplet',
data_prefix=dict (img='sequences', gt='sequences'),
pipeline=|[],
depth=2,
load_frames_list=dict (

img=['imgl.png', 'img3.png'], gt=['imgZ.png']))

See more details in unittest

tests/test_datasets/test_base_frames_dataset.py TestFramesDatasets().test_version_1_method()

METAINFO
load_data_list () — List[dict]
Load data list from folder or annotation file.
&[] A list of annotation.
WREIZRAT Qist[dict]
_get_path_list ()
Get list of paths from annotation file or folder of dataset.
R[] A list of paths.
IREIRE Tist[str]
_get_path_list_from_ann/()

Get list of paths from annotation file.
]\ A list of paths.
RAIRI list[str]
_get_path_list_from_folder (sub_folder=None, need_ext=True, depth=1)

Get list of paths from folder.
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S8

* sub_folder (None | str)-The path of sub_folder. Default: None.

* need_ext (bool) —Whether need ext. Default: True.

* depth (int) —Residual depth of path, recursively called to depth == 1. Default: 1
iR [H] A list of paths.
BRI Tist[str]

_set_seq_lens ()

Get sequence lengths.
_get_frames_1list (key, folder)
Obtain list of frames.
S8
* key (str)—The key of frames list, e.g. img, gt.
e folder (str)—Folder of frames.
&[] The paths list of frames.
BRI Tist[str]

class mmedit.datasets.BasicImageDataset (ann_file: str = ”, metainfo: Optional[dict] = None,
data_root: Optional[str] = None, data_prefix: dict =
dict(img="), pipeline: List[Union[dict, Callable]] =[],
test_mode: bool = False, filename_tmpl: dict = dict(),
search_key: Optional[str] = None, backend_args:
Optional[dict] = None, img_suffix: Optional[ Union[str,
Tuple[str]]] = IMG_EXTENSIONS, recursive: bool =

False, **kwards)
Bases: mmengine.dataset .BaseDataset
BasicImageDataset for open source projects in OpenMMLab/MMEditing.
This dataset is designed for low-level vision tasks with image, such as super-resolution and inpainting.
The annotation file is optional.

If use annotation file, the annotation format can be shown as follows.

Case 1 (CelebA-HQ):

000001 .png
000002.png

(R Itakss)
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Case 2 (DIV2K):

0001_s001.png (480,480, 3)
0001_s002.png (480,480, 3)
0001_s003.png (480,480, 3)
0002_s001.png (480,480, 3)
0002_s002.png (480,480, 3)

Case 3 (Vimeo90k) :

00001/0266 (256, 448, 3)
00001/0268 (256, 448, 3)

S

4]

* ann_file (str)—Annotation file path. Defaults to

e metainfo (dict, optional)-Metainformation for dataset, such as class information.

Defaults to None.

* data_root (str, optional) -The root directory for data_prefix and

ann_ file. Defaults to None.

* data_prefix(dict, optional)-Prefixfor training data. Defaults to dict(img=None,

ann=None).
* pipeline (1ist, optional)—-Processing pipeline. Defaults to [].

* test_mode (bool, optional)-test_mode=True means in test phase. Defaults to

False.
* filename_tmpl (dict) -Template for each filename. Note that the template excludes the

file extension. Default: dict().

‘

* search_key (str)-The key used for searching the folder to get data_list. Default: ‘gt’ .

* backend_args (dict, optional)—Arguments to instantiate the preifx of uri corre-

sponding backend. Defaults to None.

e suffix (str or tuple[str], optional) —File suffix that we are interested in.

Default: None.

* recursive (bool) —If set to True, recursively scan the directory. Default: False.

1. Assume the file structure as the following:
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mmediting (root)
F— mmedit
F— tools
— configs
— data
F— pIv2k
| F— DIV2K_train_HR
| — image.png
— DIV2K_train_LR_bicubic

F— x2

|

|

| xa

| | — image_x4.png
— DIV2K_valid_HR
|_

|

|

|

DIV2K_valid_LR_bicubic

— train_set

F47 meta

| | | F—— Places365_train.txt
| \ | — Places365_val.txt

|
|
\
\
|
|
|
|
|
|
|
F47 places
|
\
\

SCRRE B

Case 1: Loading DIV2K dataset for training a SISR model.

dataset = BasicImageDataset (
ann_file="",
metainfo=dict (
dataset_type='div2k',
task_name='sisr'),
data_root="'data/DIV2K',
data_prefix=dict (
gt='DIV2K_train_HR', img='DIV2K_train_LR_bicubic/X4'),
filename_tmpl=dict (img='{/}_x4', gt=' "),
pipeline=[])

Case 2: Loading places dataset for training an inpainting model.
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dataset = BasicImageDataset (
ann_file="meta/Places365_train.txt',
metainfo=dict (
dataset_type='places365"',
task_name='inpainting'),
data_root='data/places’,

data_prefix=dict (gt="train_set'),

pipeline=[])

METAINFO
load_data_list () — List[dict]
Load data list from folder or annotation file.
#’&[A] A list of annotation.
RERA list[dict]
_get_path_1list ()
Get list of paths from annotation file or folder of dataset.
Rl A list of paths.
IRAIRA list[dict]
_get_path_1list_from_ann ()
Get list of paths from annotation file.
R[] List of paths.
IBMIEEY List
_get_path_1list_from_folder ()
Get list of paths from folder.
R[] List of paths.
BRIEH List

class mmedit.datasets.CIFAR1O (data_prefix: str, test_mode: bool, metainfo: Optional[dict] = None,

data_root: str = 7, download: bool = True, **kwargs)

Bases: mmedit.datasets.basic_conditional_dataset.BasicConditionalDataset
CIFAR10 Dataset.

This implementation is modified from https://github.com/pytorch/vision/blob/master/torchvision/datasets/cifar.

py
B8

e data_prefix (str) —Prefix for data.
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* test_mode (bool) ~test_mode=True means in test phase. It determines to use the

training set or test set.

* metainfo (dict, optional)-Meta information for dataset, such as categories infor-

mation. Defaults to None.
* data_root (str)—The root directory for data_prefix. Defaultsto ° .
* download (bool) -Whether to download the dataset if not exists. Defaults to True.
» **kwargs —Other keyword arguments in BaseDataset.

base_folder = 'cifar-10-batches-py'

url = 'https://www.cs.toronto.edu/~kriz/cifar-10-python.tar.gz'
filename = 'cifar-10-python.tar.gz'

tgz_md5 = 'c58£30108£718£92721af3b95e74349a’'

train_list = [['data_batch_1', 'c99cafcl152244af753£f735de768cd75f'],
['data_batch_2', ...

test_list = [['test_batch', '40351d587109b95175f43aff81al287e']]
meta
METAINFO

load_data_list ()

Load images and ground truth labels.

_load_meta()

Load categories information from metafile.

_check_integrity ()
Check the integrity of data files.

extra_repr () — List[str]

The extra repr information of the dataset.

class mmedit.datasets.AdobeComplkDataset (ann_file: Optional[str] = ”, metainfo: Optional[dict] =
None, data_root: Optional[str] = ", data_prefix: dict =
dict(img_path="), filter_cfg: Optional[dict] = None,
indices: Optional[ Union[int, Sequence[int]]] = None,
serialize_data: bool = True, pipeline: List[ Union[dict,
Callable]] = [], test_mode: bool = False, lazy_init: bool
= False, max_refetch: int = 1000)

Bases: mmengine.dataset .BaseDataset
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Adobe composition-1k dataset.

The dataset loads (alpha, fg, bg) data and apply specified transforms to the data. You could specify whether com-

posite merged image online or load composited merged image in pipeline.

Example for online comp-1k dataset:

"alpha": 'alpha/000.png',
"fg": 'fg/000.png’',
"bg": 'bg/000.png'

"alpha": 'alpha/001.png',
"fg": 'fg/001.png',
"bg": 'bg/001.png'

}’

Example for offline comp-1k dataset:

"alpha": 'alpha/000.png’,
"merged": 'merged/000.png',
"fg": 'fg/000.png"',

"bg": 'bg/000.png'

"alpha": 'alpha/001.png',
"merged": 'merged/001.png’',
"fg": 'fg/001.png',
"bg": 'bg/001.png'

by

4

* ann_file (str)—Annotation file path. Defaults to

* data_root (str, optional) -The root directory for data_prefix and

ann_file. Defaults to None.

* pipeline (1ist, optional)—Processing pipeline. Defaults to [].

* test_mode (bool, optional)-test_mode=True means in test phase. Defaults to

False.

354

Chapter 69. mmedit .datasets




MMEditing

» **kwargs —Other arguments passed to mmengine.dataset .BaseDataset.

SRR B

See unit-tests TODO: Move some codes in unittest here
METAINFO
load_data_list () — List[dict]
Load annotations from an annotation file named as self.ann_file

In order to be compoatible to both new and old annotation format, we copy implementations from mmengine

and do some modificatoins.
&\l A list of annotation.
BRI list[dict]
parse_data_info (raw_data_info: dict) — Union[dict, List[dict]]
Join data_root to each path in data_info.

class mmedit.datasets.ControlNetDataset (ann_file: str = prompt.json’, data_root: str =
" /data/fill50k’, control_key="source’, image_key=target’,
pipeline: List[ Union[dict, Callable]] = [])

Bases: mmengine.dataset .BaseDataset

Demo dataset to test ControlNet. Modified from https://github.com/lIllyas
viel/ControlNet/blob/16ea3b5379c1e78a4bc8e3fc9cae8d65c4251 1bl/tutorial_data set.py # noqa.

You can download the demo data from https://huggingface.co/lllyasviel/ControlNet/blob/main/training/fill50k.zip
# noqa and then unzip the file to the data folder.

BH
* ann_file (str)—Path to the annotation file. Defaults to ‘prompt.json’ as ControlNet’ s

default.
* data_root (str) —Path to the data root. Defaults to *./data/fill5S0k’ .
* pipeline (list[dict | callable])—A sequence of data transforms.
load_data_list () — List[dict]
Load annotations from an annotation file named as self.ann_file
J&[Al A list of annotation.
R EPRH list[dict]

class mmedit.datasets.DreamBoothDataset (data_root: str, concept_dir: str, prompt: str, pipeline:
List[ Union/[dict, Callable]] = [])
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Bases: mmengine.dataset.BaseDataset
Dataset for DreamBooth.
S8
* data_root (str) —Path to the data root.
* concept_dir (str)—Path to the concept images.
» prompt (str)-Prompt of the concept.
* pipeline (list[dict | callable])—A sequence of data transforms.

load_data_list () — list

Load data list from concept_dir and class_dir.

class mmedit.datasets.GrowScaleImgDataset (data_roots: dict, pipeline,
len_per_stage=int(1000000.0),
gpu_samples_per_scale=None, gpu_samples_base=32,
io_backend: Optional[str] = None, file_lists:
Optional{ Union/[str, dict]] = None, test_mode=False)

Bases: mmengine.dataset .BaseDataset

Grow Scale Unconditional Image Dataset.

This dataset is similar with Unconditional ImageDataset, but offer more dynamic functionalities for the

supporting complex algorithms, like PGGAN.
Highlight functionalities:

1. Support growing scale dataset. The motivation is to decrease data pre-processing load in CPU. In this dataset,

you can provide imgs_roots like:

{'64': 'path_to_64x64_imgs',
'512': 'path_to_512x512_imgs'}

Then, in training scales lower than 64x64, this dataset will set se1f . imgs_root as ‘path_to_64x64_imgs’

)

2. Offer samples_per_gpu according to different scales. In this dataset, se1f.samples_per_gpu will

help runner to know the updated batch size.

Basically, This dataset contains raw images for training unconditional GANs. Given a root dir, we will recursively

find all images in this root. The transformation on data is defined by the pipeline.
BH
* imgs_root (str)-Root path for unconditional images.

* pipeline (1ist[dict | callable])—A sequence of data transforms.
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* len_per_stage (int, optional) —The length of dataset for each scale. This args
change the length dataset by concatenating or extracting subset. If given a value less than 0.,

the original length will be kept. Defaults to 1e6.

* gpu_samples_per_scale (dict | None, optional) —Dict  contains
samples_per_gpu for each scale. For example, {'32': 4} will set the scale of
32 with samples_per_gpu=4, despite other scale with samples_per_gpu=self.

gpu_samples_base.

* gpu_samples_base (int, optional) —Set default samples_per_gpu for each
scale. Defaults to 32.

* io_backend(str, optional)-Thestorage backend type. Optionsare “disk”, “ceph”
, “memcached” , “lmdb” , “http” and “petrel” . Default: None.

* test_mode (bool, optional)-If True, the dataset will work in test mode. Otherwise,

in train mode. Default to False.
_VALID_IMG_SUFFIX = ('.jpg', '.png', '.jpeg', '.JPEG')
load_data_1list ()
Load annotations.

update_annotations (curr_scale)

Update annotations.
2% curr_scale (int) —Current image scale.
& a] Whether to update.
R MM bool
concat_imgs_list_to (num)

Concat image list to specified length.
%% num (int) —The length of the concatenated image list.

prepare_train_data (idx)

Prepare training data.
%% idx (int) —Index of current batch.
iR [A] Prepared training data batch.
BRI dict
prepare_test_data (idx)

Prepare testing data.
¥ idx (int) —Index of current batch.

Rl Prepared training data batch.
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BRI dict
__getitem__ (idx)

Get the idx-th image and data information of dataset after self.pipeline, and full_init will be

called if the dataset has not been fully initialized.

During training phase, if self.pipeline get None, self._rand_another will be called until a

valid image is fetched or

the maximum limit of refetech is reached.

¥ idx (int)—The index of self.data_list.
RNl The idx-th image and data information of dataset after self.pipeline.
R dict
__repr__ ()
Print self.transforms in sequence.

RNl Formatted string.

RAIEHY str

class mmedit.datasets.ImageNet (ann_file: str = ”, metainfo: Optional[dict] = None, data_root: str =,
data_prefix: Union[str, dict] = ", **kwargs)
Bases: mmedit .datasets.basic_conditional_dataset.BasicConditionalDataset
ImageNet Dataset.
The dataset supports two kinds of annotation format. More details can be found in CustomDataset.
S8
0

* ann_file (str)—Annotation file path. Defaults to

e metainfo (dict, optional)—Metainformation for dataset, such as class information.

Defaults to None.

5

* data_root (str) -The root directory for data_prefix and ann_file. Defaults to

4]

* data_prefix (str | dict)—Prefix for training data. Defaults to
» **kwargs —Other keyword arguments in CustomDataset and BaseDataset.
IMG_EXTENSIONS = ('.jpg', '.jpeg', '.png', '.ppm', '.bmp', '.pgm',6 '.tif')

METAINFO
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class mmedit.datasets.MSCoCoDataset (ann_file: str = 7, metainfo: Optional[dict] = None, data_root: str
= 7, drop_caption_rate=0.0, phase=train’, year=2014,
data_prefix: Union[str, dict] = ”, extensions: Sequence[str] =
(.jpg’ jpeg’, 'png’, ‘ppm’, bmp’, pgm’, tif’), lazy_init: bool =
False, classes: Union[str, Sequence[str], None] = None,

**kwargs)

Bases: mmedit .datasets.basic_conditional_dataset.BasicConditionalDataset

MSCoCo 2014 dataset.

¥

15

* ann_file (str)—-Annotation file path. Defaults to
e metainfo (dict, optional)—Metainformation for dataset, such as class information.
Defaults to None.

5

* data_root (str) -The root directory for data_prefix and ann_file. Defaults to

* drop_caption_rate (float, optional)-Rate of dropping caption, used for train-
ing. Defaults to 0.0.

* phase (str, optional)-Subdataset used for certain phase, can be set to frain, fest and

val. Defaults to  ‘train’ .
* year (int, optional)—Versionof CoCo dataset, can be set to 2014 and 2017. Defaults

to 2014.

o

* data_prefix (str | dict)—Prefix for the data. Defaults to

b

* extensions (Sequence [str])—A sequence of allowed extensions. Defaults to ( ‘.jpg

¢ 9

, ‘.Jpeg’ , ‘.png’ , ‘.ppm’ , ‘bmp’ , ‘.pgm’ , ‘.tif’ ).
* lazy_init (bool) —Whether to load annotation during instantiation. In some cases, such
as visualization, only the meta information of the dataset is needed, which is not neces-

sary to load annotation file. Basedataset can skip load annotations to save time by set

lazy_init=False. Defaults to False.
» **kwargs —Other keyword arguments in BaseDataset.
METAINFO
load_data_list ()
Load image paths and gt_labels.

class mmedit.datasets.PairedImageDataset (data_root, pipeline, io_backend: Optional[str] = None,

test_mode=Fualse, test_dir=test’)

Bases: mmengine.dataset .BaseDataset

General paired image folder dataset for image generation.
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It assumes that the training directory is ‘/path/to/data/train’ . During test time, the directory is ‘/path/to/data/test’
‘/path/to/data’ can be initialized by args ‘dataroot’ . Each sample contains a pair of images concatenated in

the w dimension (AIB).
S
* dataroot (str | Path) —Path to the folder root of paired images.
* pipeline (List[dict | callable])—A sequence of data transformations.
* test_mode (bool) —Store True when building test dataset. Default: False.
* test_dir (str)—Subfolder of dataroot which contain test images. Default: ‘test’ .

load_data_1list ()

Load paired image paths.
R[] List that contains paired image paths.
WBREIZRAT Qist[dict]
scan_folder (path)

Obtain image path list (including sub-folders) from a given folder.
¥ path (str | Path) —Folder path.
&1 Tmage list obtained from the given folder.
WBREIRAY list[str]

class mmedit.datasets.SinGANDataset (data_root, min_size, max_size, scale_factor_init, pipeline,

num_samples=- 1)
Bases: mmengine.dataset .BaseDataset
SinGAN Dataset.
In this dataset, we create an image pyramid and save it in the cache.
BH
* img_path (str) —Path to the single image file.

* min_size (int) —Min size of the image pyramid. Here, the number will be set to the
min (H, W).

* max_size (int) Max size of the image pyramid. Here, the number will be set to the
max (H, W).

* scale_factor_init (float) —Rescale factor. Note that the actual factor we use may

be a little bit different from this value.

* num_samples (int, optional)-The number of samples (length) in this dataset. De-

faults to -1.
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full_init ()

Skip the full init process for SinGANDataset.

load_data_1list (min_size, max_size, scale_factor_init)

Load annatations for SinGAN Dataset.
S8
* min_size (int)—-The minimum size for the image pyramid.
* max_size (int) -The maximum size for the image pyramid.
¢ scale_factor_init (float)—The initial scale factor.

__getitem__ (index)

Get :attr:self.data_dict. For SinGAN, we use single image with different resolution to train the model.
Z¥ idx (int) —This will be ignored in SinGANDataset.
RN Dict contains input image in different resolution. self.pipeline.

BRI dict

Get the length of filtered dataset and automatically call full_init if the dataset has not been fully init.
R The length of filtered dataset.
BRMPRAY int

class mmedit.datasets.UnpairedImageDataset (data_root, pipeline, io_backend: Optional[str] = None,

test_mode=False, domain_a="A’, domain_b="B’)

Bases: mmengine.dataset .BaseDataset
General unpaired image folder dataset for image generation.

It assumes that the training directory of images from domain A is ‘/path/to/data/trainA’ , and that from domain
Bis ‘/path/to/data/trainB’ , respectively. ‘/path/to/data’ can be initialized by args ‘dataroot’ . During test
time, the directory is ‘/path/to/data/testA’ and ‘/path/to/data/testB’ , respectively.

S8
* dataroot (str | Path) —Path to the folder root of unpaired images.
* pipeline (List[dict | callable])—A sequence of data transformations.

* io_backend(str, optional)-The storage backend type. Options are “disk”, “ceph”
, “memcached” , “lmdb” , “http” and “petrel” . Default: None.

* test_mode (bool) —Store True when building test dataset. Default: False.
* domain_a (str, optional)-Domain of images in trainA / testA. Defaultsto ‘A’ .

* domain_b (str, optional)-Domain of images in trainB / testB. Defaults to ‘B’ .
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load_data_list ()

Load the data list.
&[] The data info list of source and target domain.
RIEH st
_load_domain_data_list (dataroot)

Load unpaired image paths of one domain.

%% dataroot (str)—Path to the folder root for unpaired images of one domain.

iR A] List that contains unpaired image paths of one domain.
IR Tist[dict]

get_data_info (idx) — dict

Get annotation by index and automatically call full_init if the dataset has not been fully initialized.

%% idx (int) —The index of data.
j&[a] The idx-th annotation of the dataset.

RMIRAY dict

The length of the dataset.

scan_folder (path)

Obtain image path list (including sub-folders) from a given folder.
¥ path (str | Path) —Folder path.
RNl Image list obtained from the given folder.
BRI list[str]
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mmedit.datasets.transforms

70.1 Package Contents

70.1.1 Classes

GenerateSeg Generate segmentation mask from alpha matte.

GenerateSoftSeg Generate soft segmentation mask from input segmenta-
tion mask.

MirrorSequence Extend short sequences (e.g. Vimeo-90K) by mirroring
the sequences.

TemporalReverse Reverse frame lists for temporal augmentation.

BinarizeImage Binarize image.

Clip Clip the pixels.

ColorJditter An interface for torch color jitter so that it can be invoked
in

RandomAffine Apply random affine to input images.

RandomMaskDilation

Randomly dilate binary masks.

UnsharpMasking Apply unsharp masking to an image or a sequence of im-
ages.

Flip Flip the input data with a probability.

NumpyPad Numpy Padding.
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R1-ZIn

RandomRotation

Rotate the image by a randomly-chosen angle, measured

in degree.

RandomTransposeHW

Randomly transpose images in H and W dimensions with

a probability.

Resize Resize data to a specific size for training or resize the im-
ages to fit

CenterCropLongEdge Center crop the given image by the long edge.

Crop Crop data to specific size for training.

CropAroundCenter Randomly crop the images around unknown area in the
center 1/4 images.

CropAroundFg Crop around the whole foreground in the segmentation

mask.

CropAroundUnknown

Crop around unknown area with a randomly selected

scale.

CropLike Crop/pad the image in the target_key according to the size
of image in

FixedCrop Crop paired data (at a specific position) to specific size for
training.

InstanceCrop Use maskrenn to detect instances on image.

ModCrop Mod crop images, used during testing.

PairedRandomCrop

Paried random crop.

RandomCropLongEdge

Random crop the given image by the long edge.

RandomResizedCrop

Crop data to random size and aspect ratio.

CompositeFg Composite foreground with a random foreground.

MergeFgAndBg Composite foreground image and background image with
alpha.

PerturbBg Randomly add gaussian noise or gamma change to back-
ground image.

RandomJitter Randomly jitter the foreground in hsv space.

RandomLoadResizeBg

Randomly load a background image and resize it.

PackEditInputs

Pack data into EditDataSample for training, evaluation

and testing.

GenerateCoordinateAndCell

Generate coordinate and cell. Generate coordinate from

the desired size

GenerateFacialHeatmap

Generate heatmap from keypoint.

GenerateFrameIndices

Generate frame index for REDS datasets. It also performs

temporal

GenerateFrameIndiceswithPadding

Generate frame index with padding for REDS dataset and
Vid4 dataset

T o4ksE
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R1-ZIn

GenerateSegmentIndices

Generate frame indices for a segment. It also performs

temporal

GetMaskedImage

Get masked image.

GetSpatialDiscountMask

Get spatial discounting mask constant.

LoadImageFromFile Load a single image or image frames from corresponding
paths. Required
LoadMask Load Mask for multiple types.

LoadPairedImageFromFile

Load a pair of images from file.

MATLABLikeResize Resize the input image using MATLAB-like downsam-
pling.
Normalize Normalize images with the given mean and std value.

RescaleToZeroOne

Transform the images into a range between 0 and 1.

DegradationsWithShuffle

Apply random degradations to input, with degradations
being shuffied.

RandomBlur

Apply random blur to the input.

RandomJPEGCompression

Apply random JPEG compression to the input.

RandomNoise

Apply random noise to the input.

RandomResize

Randomly resize the input.

RandomVideoCompression

Apply random video compression to the input.

RandomDownSampling

Generate LQ image from GT (and crop), which will ran-

domly pick a scale.

FormatTrimap

Convert trimap (tensor) to one-hot representation.

GenerateTrimap

Using random erode/dilate to generate trimap from alpha

matte.

GenerateTrimapWithDistTransform

Generate trimap with distance transform function.

TransformTrimap Transform trimap into two-channel and six-channel.
CopyValues Copy the value of source keys to destination keys.
SetValues Set value to destination keys.

class mmedit.datasets.transforms.GenerateSeq (kernel_size=5, erode_iter_range=(10, 20),

Bases: mmcv.transforms.BaseTransform

Generate segmentation mask from alpha matte.

S

dilate_iter_range=(15, 30), num_holes_range=(0,
3), hole_sizes=[(15, 15), (25, 25), (35, 35), (45,
45)], blur_ksizes=[(21, 21), (31, 31), (41, 41)])

* kernel_size (int, optional)—Kernel size for both erosion and dilation. The kernel

will have the same height and width. Defaults to 5.
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* erode_iter_range (tuple, optional)-lteration of erosion. Defaults to (10, 20).
* dilate_iter_range(tuple, optional)-lteration of dilation. Defaults to (15, 30).

* num_holes_range (tuple, optional)-Range of number of holes to randomly se-

lect from. Defaults to (0, 3).

* hole_sizes(list, optional)-Listof (h,w)tobe selected as the size of the rectangle
hole. Defaults to [(15, 15), (25, 25), (35, 35), (45, 45)].

* blur_ksizes (1ist, optional)—Listof (h, w) to be selected as the kernel_size of
the gaussian blur. Defaults to [(21, 21), (31, 31), (41, 41)].

static _crop_hole (img, start_point, hole_size)

Create a all-zero rectangle hole in the image.
e
e img (np.ndarray) —-Source image.
e start_point (tuple [int ])—The top-left point of the rectangle.
* hole_size (tuple[int])—The height and width of the rectangle hole.
&M The cropped image.
JRAIZRI np.ndarray

transform (results: dict) — dict

Transform function.
2% results (dict)—A dict containing the necessary information and data for augmentation.
R A dict containing the processed data and information.
RAIRA dict
__repr__ ()
Return repr(self).

class mmedit.datasets.transforms.GenerateSoftSeq (fg thr=0.2, border_width=25,
erode_ksize=3, dilate_ksize=5,
erode_iter_range=(10, 20),
dilate_iter_range=(3, 7), blur_ksizes=[(21,
21), (31, 31), (41, 41)])

Bases: mmcv.transforms.BaseTransform
Generate soft segmentation mask from input segmentation mask.
Required key is “seg” , added key is “soft_seg” .

ZH
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* fg_thr (float, optional)-Threshold of the foreground in the normalized input seg-

mentation mask. Defaults to 0.2.

* border_width (int, optional)-Width of border to be padded to the bottom of the

mask. Defaults to 25.

* erode_ksize (int, optional)-Fixed kernel size of the erosion. Defaults to 5.

* dilate_ksize (int, optional)—Fixed kernel size of the dilation. Defaults to 5.

* erode_iter_range (tuple, optional)-lteration of erosion. Defaults to (10, 20).

* dilate_iter_range (tuple, optional)lIteration of dilation. Defaults to (3, 7).

e blur_ksizes (list, optional) —Listof (h, w) to be selected as the kernel_size of

the gaussian blur. Defaults to [(21, 21), (31, 31), (41, 41)].

transform (results: dict) — dict

Transform function.

¥ results (dict)—A dict containing the necessary information and data for augmentation.

R&[A] A dict containing the processed data and information.
BRI dict
__repr__ ()
Return repr(self).

class mmedit.datasets.transforms.MirrorSequence (keys)

Bases: mmcv.transforms.BaseTransform

Extend short sequences (e.g. Vimeo-90K) by mirroring the sequences.

Given a sequence with N frames (x1, -+, xN), extend the sequence to (x1, -+, XN, XN, -

Required Keys:
¢ [KEYS]
Modified Keys:

. [KEYS]
¥ keys (1ist [str])-The frame lists to be extended.

transform (results)

transform function.

, x1).

%% results (dict)—A dict containing the necessary information and data for augmentation.

iR\l A dict containing the processed data and information.

BRI dict
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__repr__ ()

Return repr(self).

class mmedit.datasets.transforms.TemporalReverse (keys, reverse_ratio=0.5)

Bases: mmcv.transforms.BaseTransform
Reverse frame lists for temporal augmentation.
Required keys are the keys in attributes “lq” and “gt” , added or modified keys are “lq” , “gt” and “reverse” .
BH
* keys (1ist [str])—The frame lists to be reversed.
* reverse_ratio (float) -The probability to reverse the frame lists. Default: 0.5.

transform (results)

transform function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
& [Al A dict containing the processed data and information.
RMPEHY dict
__repr__ ()

Return repr(self).

class mmedit.datasets.transforms.BinarizeImage (keys, binary_thr, a_min=0, a_max=1,

dtype=np.uint8)
Bases: mmcv.transforms.BaseTransform
Binarize image.
S8
* keys (Sequence [str])—-The images to be binarized.
* binary_thr (float) -Threshold for binarization.
* a_min (int) —Lower limits of pixel value.
* a_max (int) —Upper limits of pixel value.
* dtype (np.dtype) —Set the data type of the output. Default: np.uint8

_binarize (img)

Binarize image.
%% img (np.ndarray) —Input image.
& [H] Output image.

BRMRA img (np.ndarray)
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transform (results)

The transform function of BinarizeImage.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
R A dict containing the processed data and information.
BRI dict

__repr_ ()

Return repr(self).

class mmedit.datasets.transforms.Clip (keys, a_min=0, a_max=255)

Bases: mmcv.transforms.BaseTransform

Clip the pixels.

Modified keys are the attributes specified in “keys” .
* keys (1ist [str]) -The keys whose values are clipped.
* a_min (int) —Lower limits of pixel value.
* a_max (int) —Upper limits of pixel value.

_clip (input_)
Clip the pixels.

%% input (Union[List, np.ndarray])-Pixels to clip.
&l Clipped pixels.
MR AR Union[List, np.ndarray]

transform (results)

transform function.
%% results (dict)—A dict containing the necessary information and data for augmentation.
&
A dict with the values of the specified keys are rounded and clipped.
RMIRAY dict
__repr__ ()
Return repr(self).

class mmedit.datasets.transforms.ColorJitter (keys, channel_order="rgh’, **kwargs)

Bases: mmcv.transforms.BaseTransform

An interface for torch color jitter so that it can be invoked in mmediting pipeline.
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Randomly change the brightness, contrast and saturation of an image. Modified keys are the attributes specified in

“keys” .

Required Keys:
* [KEYS]

Modified Keys:

* [KEYS]

BH
* keys (1ist [str])-The images to be resized.

* channel_order (str) —Order of channel, candidates are ‘bgr’ and ‘rgb’ . Default:

‘rgb’ .

**kwards follows the args list of torchvision.transforms.ColorJitter.

brightness (float or tuple of float (min, max)): How much to jitter brightness. brightness_factor is chosen
uniformly from [max(0, 1 - brightness), 1 + brightness] or the given [min, max]. Should be non negative

numbers.

contrast (float or tuple of float (min, max)): How much to jitter contrast. contrast_factor is chosen uniformly

from [max(0, 1 - contrast), 1 + contrast] or the given [min, max]. Should be non negative numbers.

saturation (float or tuple of float (min, max)): How much to jitter saturation. saturation_factor is chosen
uniformly from [max(0, 1 - saturation), 1 + saturation] or the given [min, max]. Should be non negative

numbers.

hue (float or tuple of float (min, max)): How much to jitter hue. hue_factor is chosen uniformly from [-hue,

hue] or the given [min, max]. Should have O<= hue <= 0.5 or -0.5 <= min <= max <= 0.5.

_color_jitter (image, this_seed)

Color Jitter Function.
S8
* image (np.ndarray) -Image.
e this_seed (int) —Seed of torch.
&\ The output image.
B MEH image (np.ndarray)
transform (results: Dict) — Dict

The transform function of ColorJitter.
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¥ results (dict) —The result dict.

jJ&[a] The result dict.

RMIZRA dict

__repr_ ()

Return repr(self).

class mmedit.datasets.transforms.RandomAffine (keys, degrees, translate=None, scale=None,

shear=None, flip_ratio=None)

Bases: mmcv.transforms.BaseTransform

Apply random affine to input images.

This class

is

adopted from https://github.com/pytorch/vision/blob/v0.5.0/torchvision/transforms/  trans-

forms.py#L 1015 It should be noted that in https://github.com/Yaoyi-Li/GCA-Matting/blob/master/dataloader/

data_generator.py#L70 random flip is added. See explanation of flip_ratio below. Required keys are the keys in

attribute “keys” , modified keys are keys in attribute “keys” .

B

keys (Sequence [str])-The images to be affined.

degrees (float | tuple[float])-Range of degrees to select from. If it is a float
instead of a tuple like (min, max), the range of degrees will be (-degrees, +degrees). Set to 0

to deactivate rotations.

translate (tuple, optional)—Tuple of maximum absolute fraction for horizontal
and vertical translations. For example translate=(a, b), then horizontal shift is randomly sam-
pled in the range -img_width * a < dx < img_width * a and vertical shift is randomly sampled

in the range -img_height * b < dy < img_height * b. Default: None.

scale (tuple, optional) —Scaling factor interval, e.g (a, b), then scale is randomly

sampled from the range a <= scale <=b. Default: None.

shear (float | tuple[float], optional) —Range of shear degrees to select
from. If shear is a float, a shear parallel to the x axis and a shear parallel to the y axis in
the range (-shear, +shear) will be applied. Else if shear is a tuple of 2 values, a x-axis shear

and a y-axis shear in (shear[0], shear[1]) will be applied. Default: None.

flip_ratio(float, optional)-Probability of the image being flipped. The flips in
horizontal direction and vertical direction are independent. The image may be flipped in both

directions. Default: None.

static _get_params (degrees, translate, scale_ranges, shears, flip_ratio, img_size)

Get parameters for affine transformation.

R M| Params to be passed to the affine transformation.

JRIAIRAY paras (tuple)
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static _get_inverse_affine_matrix (center, angle, translate, scale, shear, flip)

Helper method to compute inverse matrix for affine transformation.

As it is explained in PIL.Image.rotate, we need compute INVERSE of affine transformation matrix: M =T

* C * RSS * CA-1 where T is translation matrix:

[1,0,tx10,1,ty 10,0, 1];
C is translation matrix to keep center: [1,0,cx10, 1,cyl0,0, 1];

RSS is rotation with scale and shear matrix.

It is different from the original function in torchvision. 1. The order are changed to flip -> scale -> rotation

-> shear. 2. x and y have different scale factors. RSS(shear, a, scale, f) =
[ cos(a + shear)*scale_x*f -sin(a + shear)*scale_y 0] [ sin(a)*scale_x*f cos(a)*scale_y 0] [ 0 0 1]
Thus, the inverse is MA-1 = C * RSSA-1 * CA-1 * TA-1.

transform (results)

transform function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
Bl A dict containing the processed data and information.
BT dict

__repr__ ()

Return repr(self).

class mmedit.datasets.transforms.RandomMaskDilation (keys, binary_thr=0.0, kernel_min=9,

kernel_max=49)

Bases: mmcv.transforms.BaseTransform
Randomly dilate binary masks.
S8
* keys (Sequence [str])—-The images to be resized.
* binary_thr (float) -Threshold for obtaining binary mask. Default: O.
* kernel_min (int)—Min size of dilation kernel. Default: 9.
* kernel_max (int)—-Max size of dilation kernel. Default: 49.
_random_dilate (img)
transform (results)
transform function.

%% results (dict)—A dict containing the necessary information and data for augmentation.
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&M A dict containing the processed data and information.
BRI dict

__repr__ ()

Return repr(self).

class mmedit.datasets.transforms.UnsharpMasking (kernel_size, sigma, weight, threshold, keys)

Bases: mmcv.transforms.BaseTransform
Apply unsharp masking to an image or a sequence of images.
S8

* kernel_size (int)—The kernel_size of the Gaussian kernel.
e sigma (float)—The standard deviation of the Gaussian.
* weight (float)-The weight of the “details” in the final output.
* threshold (float) —Pixel differences larger than this value are regarded as “details” .
* keys (1ist [str])-The keys whose values are processed.

Added keys are  “xxx_unsharp” , where “xxx” are the attributes specified in “keys” .

_unsharp_masking (imgs)

Unsharp masking function.

transform (results)

transform function.
%% results (dict)—A dict containing the necessary information and data for augmentation.
J&[A] A dict containing the processed data and information.
BRI dict

__repr__ ()

Return repr(self).

class mmedit.datasets.transforms.F1lip (keys, flip_ratio=0.5, direction="horizontal’)

Bases: mmcv.transforms.BaseTransform
Flip the input data with a probability.

Reverse the order of elements in the given data with a specific direction. The shape of the data is preserved, but
the elements are reordered. Required keys are the keys in attributes “keys” , added or modified keys are “flip”

, “flip_direction” and the keys in attributes “keys” . It also supports flipping a list of images with the same flip.
Required Keys:
¢ [KEYS]

Modified Keys:
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* [KEYS]

B8
* keys (Union[str, List[str]])-The images to be flipped.
e flip_ ratio (float)—The probability to flip the images. Default: 0.5.
* direction (str) —Flip images horizontally or vertically. Options are ‘“horizontal” |

“vertical” . Default: “horizontal” .

_directions = ['horizontal', 'vertical']
transform (results)
transform function.
%3 results (dict)—A dict containing the necessary information and data for augmentation.
iR\l A dict containing the processed data and information.
BRI dict
__repr__ ()
Return repr(self).

class mmedit.datasets.transforms.NumpyPad (keys, padding, **kwargs)

Bases: mmcv.transforms.BaseTransform
Numpy Padding.

In this augmentation, numpy padding is adopted to customize padding augmentation. Please carefully read the

numpy manual in: https://numpy.org/doc/stable/reference/generated/numpy.pad.html

If you just hope a single dimension to be padded, you must set padding like this:

padding = ((2, 2), (0, 0), (0, 0))

In this case, if you adopt an input with three dimension, only the first dimension will be padded.
BH
* keys (Union[str, List[str]])-The images to be padded.
* padding (int | tuple (int))-Please refer to the args pad_width in numpy . pad.

transform (results)

Call function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
R&[A] A dict containing the processed data and information.

BRI dict
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__repr__ () —»str

Return repr(self).

class mmedit.datasets.transforms.RandomRotation (keys, degrees)

Bases: mmcv.transforms.BaseTransform
Rotate the image by a randomly-chosen angle, measured in degree.
S8
* keys (1ist [str])—The images to be rotated.

* degrees (tuple[float] | tuplel[int] | float | int) -If itis a tuple, it
represents a range (min, max). If it is a float or int, the range is constructed as (-degrees,

degrees).

transform (results)

transform function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
&[] A dict containing the processed data and information.
BIRRY dict
__repr__ ()
Return repr(self).

class mmedit.datasets.transforms.RandomTransposeHW (keys, transpose_ratio=0.5)

Bases: mmcv.transforms.BaseTransform
Randomly transpose images in H and W dimensions with a probability.

(TransposeHW = horizontal flip + anti-clockwise rotation by 90 degrees) When used with horizontal/vertical flips,

it serves as a way of rotation augmentation. It also supports randomly transposing a list of images.

Required keys are the keys in attributes “keys” , added or modified keys are “transpose” and the keys in attributes

“keys” .
S8
* keys (1ist [str])-The images to be transposed.
* transpose_ratio (f1loat) -The probability to transpose the images. Default: 0.5.

transform (results)

transform function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.

R[] A dict containing the processed data and information.

RMIRAY dict
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__repr__ ()

Return repr(self).

class mmedit.datasets.transforms.Resize (keys: Union[str, List[str]] = img’, scale=None,
keep_ratio=False, size_factor=None, max_size=None,
interpolation=bilinear’, backend=None,

output_keys=None)
Bases: mmcv.transforms.BaseTransform
Resize data to a specific size for training or resize the images to fit the network input regulation for testing.

When used for resizing images to fit network input regulation, the case is that a network may have several downsam-
ple and then upsample operation, then the input height and width should be divisible by the downsample factor of
the network. For example, the network would downsample the input for 5 times with stride 2, then the downsample
factor is 25 = 32 and the height and width should be divisible by 32.

Required keys are the keys in attribute “keys” , added or modified keys are “keep_ratio” , “scale_factor” ,

“interpolation” and the keys in attribute “keys” .
Required Keys:
* Required keys are the keys in attribute “keys”
Modified Keys:
* Modified the keys in attribute “keys” or save as new key ((OUT_KEY])

Added Keys:

[OUT_KEY]_shape
 keep_ratio

* scale_factor

* interpolation

All keys in  “keys” should have the same shape. “test_trans” is used to record the test transformation to align

the input’ s shape.

S8
* keys (str | list[str])-The image(s) to be resized.

* scale (float | tuple[int]) —If scale is tuple[int], target spatial size (h, w). Oth-
erwise, target spatial size is scaled by input size. Note that when it is used, size_factor and

max_size are useless. Default: None

* keep_ratio (bool) —If set to True, images will be resized without changing the aspect
ratio. Otherwise, it will resize images to a given size. Default: False. Note that it is used

together with scale.
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* size_factor (int) —Let the output shape be a multiple of size_factor. Default:None.

Note that when it is used, scale should be set to None and keep_ratio should be set to False.

* max_size (int)-The maximum size of the longest side of the output. Default:None. Note

that it is used together with size_ factor.

* interpolation (str)-Algorithm used for interpolation: “nearest”| “bilinear”| “bicubic”

| “area” | “lanczos” . Default: “bilinear” .

* backend (str | None)-The image resize backend type. Options are cv2, pillow, None.
If backend is None, the global imread_backend specified by mmcv.use_backend () will
be used. Default: None.

* output_keys (1ist[str] | None)-The resized images. Default: None Note that if
it is not None, its length should be equal to keys.

_resize (img)

Resize function.
¥ img (np.ndarray)-Image.
R [A] Resized image.
B ERHE img (np.ndarray)
transform (results: Dict) — Dict

Transform function to resize images.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
R A dict containing the processed data and information.
BMIRR dict

__repr__ ()

Return repr(self).

class mmedit.datasets.transforms.CenterCropLongEdge (keys='limg’)

Bases: mmcv.transforms.BaseTransform
Center crop the given image by the long edge.
%% keys (1ist [str])-The images to be cropped.

transform (results)

Call function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
Rl A dict containing the processed data and information.

BRI dict
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__repr__ ()

Return repr(self).

class mmedit.datasets.transforms.Crop (keys, crop_size, random_crop=True, is_pad_zeros=False)

Bases: mmcv.transforms.BaseTransform
Crop data to specific size for training.
S8
* keys (Sequence [str]) —The images to be cropped.
* crop_size (Tuple[int]) -Target spatial size (h, w).

* random_crop (bool) —If set to True, it will random crop image. Otherwise, it will work

as center crop. Default: True.

* is_pad_zeros (bool, optional)—-Whether to pad the image with O if crop_size is

greater than image size. Default: False.

_crop (data)

Crop the data.
%% data (Union[List, np.ndarray])-Inputdata to crop.
&[] cropped data and corresponding crop box.
RIEPRIY tuple
transform (results)

Transform function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
R&[A] A dict containing the processed data and information.
BRI dict
__repr__ ()

Return repr(self).

class mmedit.datasets.transforms.CropAroundCenter (crop_size)

Bases: mmcv.transforms.BaseTransform
Randomly crop the images around unknown area in the center 1/4 images.

This cropping strategy is adopted in GCA matting. The unknown area is the same as semi-transparent area. https:
/larxiv.org/pdf/2001.04069.pdf

It retains the center 1/4 images and resizes the images to ‘crop_size’ . Required keys are “fg”, “bg” , “trimap”

and “alpha” , added or modified keys are “crop_bbox” , “fg” , “bg” , “trimap” and “alpha” .

%% crop_size (int | tuple)-Desired output size. If int, square crop is applied.
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transform (results)

Transform function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
R A dict containing the processed data and information.
BRI dict
__repr_ ()
Return repr(self).

class mmedit.datasets.transforms.CropAroundFg (keys, bd_ratio_range=(0.1, 0.4),

test_mode=False)
Bases: mmcv.transforms.BaseTransform
Crop around the whole foreground in the segmentation mask.

Required keys are  “seg” and the keys in argument keys. Meanwhile, ‘“seg” must be in argument keys. Added

)

or modified keys are “crop_bbox’

ZH

* keys (Sequence [str]) -The images to be cropped. It must contain

and the keys in argument keys.

4 )

seg

* bd_ratio_range (tuple, optional)—Therange of the boundary (bd) ratio to select
from. The boundary ratio is the ratio of the boundary to the minimal bbox that contains the

whole foreground given by segmentation. Default to (0.1, 0.4).

* test_mode (bool)-Whether use test mode. In test mode, the tight crop area of foreground

will be extended to the a square. Default to False.

transform (results)

Transform function.
%% results (dict)—A dict containing the necessary information and data for augmentation.
&\ A dict containing the processed data and information.
BRI dict

class mmedit.datasets.transforms.CropAroundUnknown (keys, crop_sizes,
unknown_source=alpha’,

interpolations=bilinear’)
Bases: mmcv.transforms.BaseTransform
Crop around unknown area with a randomly selected scale.

Randomly select the w and h from a list of (w, h). Required keys are the keys in argument keys, added or modified

keys are “crop_bbox” and the keys in argument keys. This class assumes value of “alpha” ranges from O to 255.

S
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* keys (Sequence [str]) -The images to be cropped. It must contain ‘alpha’ . If un-

known_source is set to  ‘trimap’ , then it must also contain ‘trimap’ .
e crop_sizes (list[int | tuple[int]])-Listof (w,h) to be selected.

* unknown_source (str, optional)-Unknown area to selectfrom. It mustbe ‘alpha’

or ‘trimap’ . Defaultto ‘alpha’ .

* interpolations (str | list[str], optional) -Interpolation method of
mmcv.imresize. The interpolation operation will be applied when image size is smaller than
the crop_size. If given as a list of str, it should have the same length as keys. Or if given as a

str all the keys will be resized with the same method. Default to ‘bilinear’ .

transform (results)

Transform function.
2% results (dict)—A dict containing the necessary information and data for augmentation.
R A dict containing the processed data and information.
RMIRA dict
__repr__ ()
Return repr(self).

class mmedit.datasets.transforms.CropLike (farget_key, reference_key=None)

Bases: mmcv.transforms.BaseTransform
Crop/pad the image in the target_key according to the size of image in the reference_key .
S8
* target_key (str)-The key needs to be cropped.
* reference_key (str | None)-The reference key, need its size. Default: None.

transform (results)

Transform function.

¥ results (dict)—A dict containing the necessary information and data for augmentation.

Require self.target_key and self .reference_key.
&l

A dict containing the processed data and information. Modify self.target_key.
RMIZRA dict

_repr_ ()

Return repr(self).
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class mmedit.datasets.transforms.FixedCrop (keys, crop_size, crop_pos=None)

Bases: mmcv.transforms.BaseTransform
Crop paired data (at a specific position) to specific size for training.
S8
* keys (Sequence [str]) —The images to be cropped.
* crop_size (Tuple[int]) —Target spatial size (h, w).

* crop_pos (Tuple[int]) —Specific position (X, y). If set to None, random initialize the

position to crop paired data batch. Default: None.

_crop (data, x_offset, y_offset, crop_w, crop_h)

Crop the data.

B8
* data (Union[List, np.ndarray])-Inputdata to crop.
e x_offset (int)—The offset of x axis.
* y_offset (int) -The offset of y axis.
e crop_w (int) —The width of crop bbox.
e crop_h (int) —The height of crop bbox.

&[] cropped data and corresponding crop box.

BRFIKA tuple

transform (results)

Transform function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
& [A] A dict containing the processed data and information.
BRI dict
__repr__ ()
Return repr(self).

class mmedit.datasets.transforms.InstanceCrop (config_file, key="img’, box_num_upbound=- I,
finesize=256)

Bases: mmcv.transforms.BaseTransform
Use maskrenn to detect instances on image.

Mask R-CNN is used to detect the instance on the image pred_bbox is used to segment the instance on the image

S
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* config_file (str)—config file name relative to detectron2’ s “configs/”
* key (str)-Unused
* box_num_upbound (int) —The upper limit on the number of instances in the figure

transform (results: dict) — dict

The transform function of InstanceCrop.
%3 results (dict)—A dict containing the necessary information and data for Conversion
A ]
A dict containing the processed data and information.
BRI results (dict)
predict_bbox (image)
class mmedit.datasets.transforms.ModCrop (key=gt’)
Bases: mmcv.transforms.BaseTransform
Mod crop images, used during testing.
Required keys are “scale” and “KEY” , added or modified keys are “KEY” .
%4 key (str)—The key of image. Default: *“gt’
transform (results)
Transform function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
&l A dict containing the processed data and information.
BRI dict
__repr_ ()
Return repr(self).
class mmedit.datasets.transforms.PairedRandomCrop (gt patch_size, lg_key='img’, gt _key='gt’)
Bases: mmcv.transforms.BaseTransform
Paried random crop.

It crops a pair of img and gt images with corresponding locations. It also supports accepting img list and gt list.

Required keys are “scale” , “Iq_key” ,and “gt key” , added or modified keys are “lq_key” and “gt_key” .
SH

* gt_patch_size (int)—cropped gt patch size.

[ b

* 1q_key (str) Key of LQ img. Default: ‘img

* gt_key (str) Key of GT img. Default: ‘gt’ .
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transform (results)

Transform function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
R A dict containing the processed data and information.
BRI dict
__repr_ ()
Return repr(self).

class mmedit.datasets.transforms.RandomCropLongEdge (keys='img’)

Bases: mmcv.transforms.BaseTransform
Random crop the given image by the long edge.
%% keys (1ist [str])-The images to be cropped.

transform (results)

Call function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
&[] A dict containing the processed data and information.
BRI dict
__repr__ ()
Return repr(self).

class mmedit.datasets.transforms.RandomResizedCrop (keys, crop_size, scale=(0.08, 1.0),
ratio=(3.0 /4.0, 4.0 / 3.0),

interpolation= bilinear’)
Bases: mmcv.transforms.BaseTransform

Crop data to random size and aspect ratio.

A crop of a random proportion of the original image and a random aspect ratio of the original aspect ratio is made.
The cropped image is finally resized to a given size specified by ‘crop_size’ . Modified keys are the attributes

specified in  “keys” .

This code is partially adopted from torchvision.transforms.RandomResizedCrop: [https://pytorch.org/vision/

stable/_modules/torchvision/transforms/ transforms.html#RandomResizedCrop].
S
* keys (1ist [str])-The images to be resized and random-cropped.
* crop_size (int | tuple[int])-Target spatial size (h, w).

* scale(tuple[float], optional)-Range of the proportion of the original image to
be cropped. Default: (0.08, 1.0).
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* ratio (tuple[float], optional)-Range of aspect ratio of the crop. Default: (3. /
4.,4./73)).

* interpolation (str, optional) —Algorithm used for interpolation. It can be only

7’| 77|

either one of the following: “nearest “bilinear” | “bicubic “area” | “lanczos” .
Default: “bilinear” .

get_params (data)

Get parameters for a random sized crop.
%% data (np.ndarray)-Image of type numpy array to be cropped.
Bl A tuple containing the coordinates of the top left corner and the chosen crop size.

transform (results)

Transform function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
R&[A] A dict containing the processed data and information.
BRI dict
__repr__ ()
Return repr(self).
class mmedit.datasets.transforms.CompositeFgq (fg_dirs, alpha_dirs, interpolation="nearest’)
Bases: mmcv.transforms.BaseTransform
Composite foreground with a random foreground.

This class composites the current training sample with additional data randomly (could be from the same dataset).
With probability 0.5, the sample will be composited with a random sample from the specified directory. The

composition is performed as:
fOnew = a1 * fg1 + (1 —051) * fg2
Opew =1 — (1 —aq) x (1 — )

where (fg1, ) is from the current sample and ( f g2, c2) is the randomly loaded sample. With the above compo-

Sition, Qvy,eq, 18 still in [0, 1].
Required keys are “alpha” and “fg” . Modified keys are ‘“alpha” and “fg” .
SH
» fg_dirs(str | list[str])-Path of directories to load foreground images from.
* alpha_dirs (str | 1list[str])—Path of directories to load alpha mattes from.

* interpolation (str) —Interpolation method of mmcv.imresize to resize the randomly

loaded images. Default: ‘nearest’ .
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transform (results: dict) — dict

Transform function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
R A dict containing the processed data and information.
BRI dict
_get_file_list (fg_dirs, alpha_dirs)
__repr__ ()
Return repr(self).

class mmedit.datasets.transforms.MergeFgAndBg

Bases: mmcv.transforms.BaseTransform
Composite foreground image and background image with alpha.
Required keys are “alpha” , “fg” and “bg” ,added keyis “merged” .
transform (results: dict) — dict
Transform function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
iR&[A] A dict containing the processed data and information.
BEIRR dict
__repr__ () —»str
Return repr(self).

class mmedit.datasets.transforms.PerturbBg (gamma_ratio=0.6)

Bases: mmcv.transforms.BaseTransform
Randomly add gaussian noise or gamma change to background image.
Required key is “bg” , added key is “noisy_bg” .

%4 gamma_ratio (float, optional)—The probability to use gamma correction instead of

gaussian noise. Defaults to 0.6.

transform (results: dict) — dict

Transform function.
%% results (dict)—A dict containing the necessary information and data for augmentation.

J&[A] A dict containing the processed data and information.

BRI dict
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__repr__ ()

Return repr(self).

class mmedit.datasets.transforms.RandomJitter (hue_range=40)

Bases: mmcv.transforms.BaseTransform

Randomly jitter the foreground in hsv space.

The jitter range of hue is adjustable while the jitter ranges of saturation and value are adaptive to the images. Side

effect: the “fg” image will be converted to np.float32. Required keys are “fg” and “alpha” , modified key is

Hfg” .

2% hue_range (float | tuple[float])-Range of hue jittering. If it is a float instead of

a tuple like (min, max), the range of hue jittering will be (-hue_range, +hue_range). Default: 40.

transform (results)

transform function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.
R[] A dict containing the processed data and information.
R dict

__repr_ ()

Return repr(self).

class mmedit.datasets.transforms.RandomLoadResizeBg (bg_dir, flag='color’

channel_order="bgr’)

Bases: mmcv.transforms.BaseTransform
Randomly load a background image and resize it.
Required key is “fg” , added key is “bg” .
BH
* bg_dir (str)—Path of directory to load background images from.
» flag (str) -Loading flag for images. Default: ‘color’ .

* channel_order (str)—Order of channel, candidates are ‘bgr’ and ‘rgb’ . Default:

‘bgr’ .
* kwargs (dict) —Args for file client.

transform (results: dict) — dict

Transform function.
¥ results (dict)—A dict containing the necessary information and data for augmentation.

&[] A dict containing the processed data and information.
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BRI dict
__repr__ ()
Return repr(self).

class mmedit.datasets.transforms.PackEditInputs (keys: Tuple[List[str], str] = [‘merged’, img’],
meta_keys: Tuple[List[str], str] = [],
data_keys: Tuple[List[str], str] = [])

Bases: mmcv.transforms.base.BaseTransform
Pack data into EditDataSample for training, evaluation and testing.

MMediting follows the design of data structure from MMEngine. Data from the loader will be packed into
data field of EditDataSample. More details of DataSample refer to the documentation of MMEngine: https:

//mmengine.readthedocs.io/en/latest/advanced_tutorials/data_element.html

S

* Tuple[List [str] (meta_keys)-The keys to saved in returned inputs, which are used

as the input of models, default to[ ‘img’ , ‘noise’ , ‘merged’ ].

» str —The keys to saved in returned inputs, which are used as the input of models, default to [

‘img’ , ‘noise’ , ‘merged’ ].

* None] —The keys to saved in returned inputs, which are used as the input of models, default

to[ ‘img’ , ‘noise’ , ‘merged’ ].
* Tuple[List [str] —The keys to saved in data_field of the data_samples.
* str —The keys to saved in data_field of the data_samples.
* None] —The keys to saved in data_field of the data_samples.

* Tuple[List [str] —The metakeys to saved in metainfo of the data_samples. All the other
data will be packed into the data of the data_samples

* str —The meta keys to saved in metainfo of the data_samples. All the other data will be

packed into the data of the data_samples
* None] —The meta keys to saved in metainfo of the data_samples. All the other data will be

packed into the data of the data_samples

transform (results: dict) — dict

Method to pack the input data.
¥ results (dict) —Result dict from the data pipeline.
Bl

A dict contains
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e 7 inputs’ (obj:dict): The forward data of models. According to different tasks, the inputs

may contain images, videos, labels, text, etc.
e 7 data_samples’ (obj:EditDataSample): The annotation info of the sample.
RMIRAY dict
__repr__ () —»str
Return repr(self).

class mmedit.datasets.transforms.GenerateCoordinateAndCell (sample_quantity=None,
scale=None,
target_size=None,

reshape_gt=True)
Bases: mmcv.transforms.base.BaseTransform
Generate coordinate and cell. Generate coordinate from the desired size of SR image.
Train or val:
1. Generate coordinate from GT.

#. Reshape GT im